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Next-Gen Intelligence: Media, Digital Marketing and AI 

PREFACE 

     Artificial Intelligence is no longer a distant technological possibility; it has become an integral 

part of the contemporary digital ecosystem. Its influence is increasingly visible across journalism, 

media production, photography, education, scholarly communication, digital marketing, consumer 

behaviour, governance, business management, and everyday social interaction. Against this rapidly 

evolving backdrop, Next-Gen Intelligence: Media, Digital Marketing and AI brings together diverse 

scholarly perspectives to examine how artificial intelligence is transforming communication, 

organisations, markets, institutions, and society. 

     As editors of this volume, we have sought to bring together contributions that reflect the 

multidisciplinary nature of artificial intelligence and its expanding relationship with contemporary 

media and digital practices. This volume moves beyond a purely technological discussion by 

examining AI as a social, organisational, communicative, educational, and ethical force, while also 

considering the opportunities, limitations, and challenges associated with its adoption. 

     The opening chapters explore the governance and policy dimensions of artificial intelligence, 

including ethical AI governance, digital governance in India, algorithmic accountability, 

transparency, privacy, human oversight, and the need to balance technological innovation with 

constitutional and democratic values. The discussion subsequently extends to journalism and 

communication, examining AI-assisted news production, audience engagement, citizen journalism, 

agentic AI in newsrooms, digital news credibility, and the evolving relationship between journalists, 

algorithms, and audiences.The volume also examines the transformation of visual communication. 

Discussions on AI and photography explore the transition from conventional camera-based 

practices to computational and generative imaging, raising important questions about authenticity, 

authorship, verification, and public trust. Similarly, the examination of deepfakes and 

misinformation highlights the growing challenges of distinguishing credible digital content from 

manipulated or synthetically generated media. 

    Education and scholarly communication constitute another significant dimension of this volume. 

Contributions addressing digital literacy, AI readiness among teachers, generative AI in journalism 

education, educational technology, and AI-assisted research and writing examine how educational 

institutions and researchers are responding to emerging technological realities. These discussions 



emphasise the importance of critical thinking, academic integrity, human judgement, transparency, 

and the responsible use of artificial intelligence. 

     Furthermore, the volume explores the relationship between AI, society, consumers, and business. 

Discussions on digital culture, Generation Z and sustainable fashion, AI-driven consumer 

behaviour, personalisation, human oversight in AI-enabled targeting, managerial decision-making, 

strategic innovation, digital transformation, sustainability, branding, and competitive advantage 

demonstrate that AI adoption involves much more than the introduction of new technologies. Its 

effectiveness depends on human capabilities, organisational culture, leadership, data practices, 

ethical considerations, and responsible governance. 

     A defining strength of this volume is its interdisciplinary approach. The contributors include 

academics, researchers, professionals, and students who examine the changing digital environment 

from diverse disciplinary and practical perspectives. Their contributions collectively demonstrate 

that the future of artificial intelligence cannot be understood through technological developments 

alone. It must also be examined through the perspectives of communication, media ethics, 

education, management, public policy, consumer behaviour, digital culture, and human values. 

This volume is intended for researchers, academicians, media professionals, students, educators, 

managers, policymakers, and readers interested in understanding the evolving relationship between 

artificial intelligence and the contemporary digital ecosystem. We hope it will serve as a useful 

reference for academic discussions and further research on responsible innovation, AI literacy, 

digital transformation, and the future of communication and business. 

     We express our sincere appreciation to all the contributors for sharing their research, insights, 

and perspectives. We are equally grateful to everyone who supported the editorial process and 

contributed to the development of this volume. Bringing together diverse perspectives on such a 

rapidly evolving subject has been both a significant responsibility and a valuable intellectual 

experience. 

     We hope that Next-Gen Intelligence: Media, Digital Marketing and AI encourages informed, 

critical, and constructive discussion rather than technological enthusiasm alone. Artificial 

intelligence will continue to evolve, but its impact on society will depend on the choices made by 

individuals, institutions, industries, educators, communicators, and policymakers. The central 



challenge is therefore not merely to understand what AI can do, but also to consider how it can be 

developed and used with accuracy, accountability, creativity, inclusion, and human responsibility at 

its core. 

The Editors 

Ms. Richa Mahajan 

Mr. Nitesh Kumar Khandelwal 

Dr. Urvashi Sharma 

Dr. Shipra Dua Piplani 

Dr. Rajshree Chatterjee 
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Chapter 1 

AI Governance Beyond Compliance: Ethical Challenges and Adaptive Governance 

of AI-Powered Digital Platforms 

Varundeep Kaur, CIO, AIPPL 

varundeepkaur@gmail.com 

Abstract 

Artificial intelligence is no longer limited to discrete applications such as prediction, automation, or 

decision support. It is increasingly embedded in digital platforms that determine what users see, what 

content receives attention, which products are recommended, how advertisements are targeted, and 

how online interactions are moderated. This expansion creates a governance problem that is broader 

than model accuracy or regulatory compliance. The ethical consequences of an AI-enabled platform 

can emerge from the interaction of models, data, business objectives, human decisions, platform 

design, and user behaviour, making accountability difficult to locate within any single system or 

function. 

The chapter examines these challenges by bringing together scholarship on AI ethics, responsible AI, 

algorithmic accountability, platform governance, recommender systems, content moderation, and 

generative AI with international and Indian policy frameworks. The analysis identifies three related 

gaps in existing approaches. The first is vertical: how ethical principles are translated into 

organisational decisions and controls. The second is horizontal: how responsibility is managed when 

several AI systems, functions, vendors, and stakeholders interact. The third is temporal: how 

governance adapts when data, users, objectives, technologies, or consequences change after 

deployment. 

To address these gaps, the chapter proposes the Ethical AI Governance Continuum (EAGC), 

comprising five dimensions, Purpose, Foundation, Decision, Consequence, and Adaptation. The 

framework extends existing risk and compliance approaches by connecting purpose, organisational 

decisions, post-deployment consequences, and adaptation within one governance cycle, while also 

making interaction across systems explicit.  

Keywords: Artificial Intelligence, AI Governance, Responsible AI, Digital Platforms, Platform 

mailto:varundeepkaur@gmail.com
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Governance, Algorithmic Accountability 

1. Introduction 

Artificial intelligence has become an integral part of the digital platform infrastructure and in many 

cases users are unaware of the same. 

Search engines rank information algorithmically and social-media platforms decide which posts 

appear in a user's feed. Recommendation systems shape which videos, products, or news stories get 

attention. Advertising systems select which messages are shown to particular audiences. Content 

moderation increasingly mixes human judgement with automated classification and ranking. 

Generative AI is everywhere, be it search, customer interaction, advertising, content creation, or any 

other platform functions. 

These concerns are not entirely new. Algorithmic decision-making has long raised questions about 

bias, transparency, privacy, autonomy, and responsibility (Mittelstadt et al., 2016). The more recent 

development is the scale and interconnectedness of AI-enabled systems. Platform governance 

research has shown that algorithmic moderation and recommendation are not simply technical 

decisions; they can alter the broader rules, visibility structures, and participation conditions through 

which platforms govern users (Gorwa et al., 2020; Gillespie, 2022; Wright, 2022). 

This can lead to problems for conventional governance approaches. Assessment of an individual 

model can be on its own terms however it can‘t be understood in isolation. In order to understand it 

fully, it is important and required to know how and with what systems and in which manner it 

interacts with. When multiple systems operate together, it becomes really hard to govern. 

Commercial objectives often influence technical choices however the consequences of the 

deployment become visible only later. 

The chapter considers the problem without assuming that existing governance frameworks have 

failed. The NIST AI Risk Management Framework, OECD AI Principles, UNESCO 

Recommendation on the Ethics of Artificial Intelligence, European Union AI Act, and India's 

Responsible AI initiatives each address important aspects of the problem. Rather, they serve 

different purposes. The question is whether there remains a conceptual space for a framework that 

connects purpose, organisational decision-making, system interaction, consequences, and adaptation. 

The argument here is more modest. There still seems to be room for a framework that connects 

these pieces. The Ethical AI Governance Continuum (EAGC) is developed as a conceptual 
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framework for this purpose. It is not presented as a replacement for regulatory or risk-management 

frameworks. Instead, it is intended to connect areas that are often treated separately and to provide 

a basis for empirical research into adaptive AI governance. 

2. From AI Ethics to AI Governance 

Despite the fact that AI ethics and AI governance are concerned with different questions, they have 

an overlap. Ethics deals with what ought to be acceptable; governance with how an organisation 

turns that judgement into decisions, controls, responsibilities, and action. The distinction becomes 

clearer when considering common principles such as fairness, transparency, privacy, accountability, 

and meaningful human review. 

There is now considerable international agreement that these principles matter. Jobin et al. (2019), 

for example, identified substantial convergence across global AI ethics guidelines around 

transparency, justice and fairness, non-maleficence, responsibility, and privacy, while also finding 

significant variation in how these principles are interpreted. Floridi and Cowls (2019) similarly 

developed a framework centred on beneficence, non-maleficence, autonomy, justice, and 

explicability. 

The difficulty is not a shortage of ethical principles. The harder part begins when one of those 

principles has to guide a real organisational choice. Consider transparency. A governance team may 

require an AI system to be explainable, but that requirement still leaves several practical questions 

unresolved. What must be explained? To whom? At what stage? In what language? What happens if 

the explanation reveals a limitation that changes the decision to deploy the system? 

3. What Existing Governance Frameworks Already Do 

A useful starting point for developing another conceptual framework is to acknowledge what existing 

frameworks already accomplish. The NIST AI Risk Management Framework (AI RMF 1.0) provides 

a structured approach to managing AI risks across the lifecycle and organises activities around the 

functions Govern, Map, Measure, and Manage (Tabassi, 2023). It is deliberately designed as 

voluntary, rights-preserving, non-sector-specific guidance rather than as a regulatory instrument 

The European Union AI Act adds a binding regulatory layer through a risk-based classification of AI 

systems and corresponding obligations (European Parliament & Council of the European Union, 

2024). 
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India's policy direction has similarly moved beyond broad statements of principle. NITI Aayog's 

Responsible AI work identifies principles including safety and reliability, equality and inclusivity, 

privacy and security, transparency, accountability, and reinforcement of positive human values (NITI 

Aayog, 2021a, 2021b). More recent IndiaAI material also places emphasis on documentation, 

explainability, accountability, human supervisory control, and lifecycle responsibilities. 

4. The Digital Platform Changes the Governance Problem 

Digital platforms complicate AI governance because their outcomes are rarely produced by a single 

algorithm. A social-media environment, for example, may include systems for content 

recommendation, advertising, fraud detection, account security, content moderation, ranking, 

search, and generative assistance. These systems may be managed by different teams and may use 

different data, objectives, vendors, and monitoring processes. 

Platform-governance research helps explain the practical significance of this problem. Gorwa et al. 

(2020) show that automated content moderation introduces challenges that cannot be reduced to 

classification accuracy. Their analysis highlights opacity, fairness, and the risk that automation may 

obscure the political and normative choices embedded in moderation. Gillespie (2022) extends this 

discussion by showing that reducing the visibility of content can itself function as a form of 

moderation. Recommendation and moderation, therefore, cannot always be treated as separate 

governance areas simply because different product teams manage them. Gillespie (2022) extends this 

discussion by showing that reducing the visibility of content can itself function as a form of 

moderation. 

Recommendation and moderation, therefore, cannot always be treated as separate governance areas 

simply because different product teams manage them. 

Wright (2022) makes a related argument in his study of automated moderation, showing that 

automation can alter the broader governance regime of a platform by changing visibility and scale.  

Model risk 

The possibility that an individual AI system produces an incorrect, biased, unsafe, or otherwise 

problematic result. 

System risk 

The possibility that interactions among AI-enabled components create consequences that are not visible 
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when each component is assessed separately. 

Platform Environment risk 

The possibility that the wider network of platforms, vendors, users, regulators, and institutions 

produces outcomes that cannot be attributed to one organisation or model. The distinction does not 

mean that model-level controls are unimportant. They remain necessary. The concern is that they 

may not be sufficient. 

5. The Research Gap 

The literature points to three gaps. They overlap, but they are not quite the same problem. 

5.1 The Vertical Gap: Principles to Decisions 

Existing ethics frameworks establish principles, while risk-management frameworks provide 

processes for identifying and managing risks. What remains less clear is how organisations translate 

ethical principles into everyday decisions about whether, where, and how AI should be used. The 

resulting gap sits between principle and organisational choice. 

For example, an organisation may endorse fairness but still have to decide which fairness criterion 

should influence a recommendation system. It may endorse transparency but have to determine how 

much information a user needs before the explanation becomes meaningful. It may support 

meaningful human review while allowing the AI system to shape the decision so strongly that the 

human reviewer effectively becomes an approver. 

What matters for governance is whether those principles actually influence decisions. 

5.2 The Horizontal Gap: Responsibility Across Systems 

Governance of AI systems is typically organized around specific systems, owners and phases of a 

lifecycle. Digital platforms however do not easily fit into these structures. Responsibility for a 

platform may be distributed across product, data scientists, infrastructure providers, marketing, 

content moderation, vendors, legal and senior management. Thus the interaction between these 

individuals and departments may be as important as the performance of individual models. Research 

on platform governance reaches similar conclusions. 

5.3 The Temporal Gap: Governance After Deployment 

Most governance frameworks recognise the importance of lifecycle management. Yet the practical 
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challenge of post-deployment adaptation deserves greater conceptual attention. Data, users, business 

objectives, models, connected systems, and regulation can all change. Behavioural responses may 

also differ from what designers expected. A governance decision made at deployment may therefore 

become inappropriate later without the system itself having technically failed. 

This is the temporal gap: how governance changes when the context around an AI system changes. 

These three gaps provide the conceptual basis for the EAGC: translation from principles to decisions, 

coordination across interacting systems, and adaptation after deployment. 

6. Where EAGC Fits 

Ethical AI Governance Continuum (EAGC) is not meant to compete with existing standards, 

regulations, or lifecycle frameworks. Its contribution is narrower: it provides an integrated 

conceptual lens for examining three questions that tend to become separated in practice: 

1. How are ethical principles translated into organisational decisions? 

2. How does responsibility operate when AI systems and organisational functions interact? 

3. How does governance change after deployment? 

The distinction can be stated more precisely through the following comparison. 

7. Ethical Challenges in AI-Powered Digital Platforms 

7.1 Bias Is Not Only a Data Problem 

Bias is often considered to be a training-data problem, however that is only a part of the story. Bias 

can arise from definition of the problem, which outcomes are selected, how labels are generated, 

how errors are distributed, and how a model is used after deployment. A historically accurate model 

can reproduce patterns that an organization may consider unacceptable. 

This matters significantly when it comes to scale of the digital platforms, a small performance 

difference can result into a massive ripple effect. The right governance question is therefore not 

simply whether a model is statistically fair however it is whether the chosen definition of fairness is 

appropriate for the decision and context. For India, this question has an additional dimension. 

Language, geography, digital literacy, and social context can affect how people interact with AI 

systems and how accurately those systems interpret them. 

7.2 Transparency Has to Be Meaningful 
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Transparency is sometimes reduced to documentation. Documentation matters, but it is only one part 

of meaningful transparency. A model card may be useful to a technical team but meaningless to a 

consumer. A technical explanation may satisfy an audit requirement without helping an affected 

person understand why a decision was made. The relevant issue is therefore who needs to understand 

what, and for what purpose. 

This becomes especially important when AI is used in ranking, recommendation, advertising, 

moderation, or other platform functions where the user may not even know that an algorithm has 

influenced what they see. Gorwa et al. (2020) demonstrate why this matters in content moderation: 

automation can make already complex platform decisions more difficult to understand and audit. 

 

7.3 Privacy Is Increasingly About Inference 

AI changes the privacy problem because organisations can infer things from data that users never 

explicitly provided. The governance question extends beyond: 

What data was collected? It also includes: 

What was inferred, how was it used, and could the individual reasonably have anticipated that use? 

This is especially relevant to digital marketing, where behavioural data can be used to construct 

increasingly detailed profiles. India's Digital Personal Data Protection Act, 2023 establishes a legal 

framework for processing digital personal data and recognises both individual data-protection 

interests and the need to process data for lawful purposes (Government of India, 2023). 

(meity.gov.in) Statutory compliance does not settle the wider governance question. Organisations 

still need to consider whether an inference is proportionate to the stated purpose and whether its 

downstream consequences are understood. 

7.4 Recommendation Can Become Governance 

Recommendation is often treated as a commercial optimisation problem: a platform seeks to predict 

what a user will click, watch, purchase, or read. However, recommendation also controls visibility. 

Gillespie (2022) argues that reducing the visibility of content should itself be understood as a form of 

content moderation. This questions the fundamental distinction between recommendation and 

governance.  

Generative AI can make content creation, personalisation, translation, and interaction much faster, 

which means that it can also make influential or misleading content easier to produce and that too at 

scale. Klenk (2024) highlights manipulation as a significant ethical concern associated with 
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generative AI and calls for design-oriented research into the conditions under which such systems can 

influence people. For digital marketing, the distinction between personalisation and manipulation 

becomes increasingly difficult. 

Personalization can improve relevance, however manipulation begins to become a concern when 

systems exploit vulnerabilities, hides the true intent, or optimize behavior beyond reasonable user 

understanding and comprehension. This does not mean that AI-driven influence is inherently 

unethical however it does suggest that the degree and nature of influence should form part of 

governance assessment. 

7.5 Content Moderation and Human Agency 

Automated moderation is a good example of why a purely technical view of AI governance can be 

limiting. Gorwa et al. (2020) found that algorithmic moderation can introduce new problems of 

opacity and fairness. More recent research has also emphasised the role of human agency in platform 

moderation, particularly where moderators exercise contextual judgement within complex 

governance networks (Zhao & Zhang, 2025). 

That is why the phrase human-in-the-loop needs more scrutiny than it usually receives. A 

person who simply reviews an AI-generated recommendation without sufficient context or 

authority may not provide meaningful oversight. The quality of oversight depends on whether 

the human reviewer has: 

• relevant competence; 

• sufficient information; 

• time to exercise judgement; 

• authority to override the system; 

• and clear accountability for the decision. 

The issue is consequently not the presence of a human but the quality of human agency within the 

decision process. 

8. India: Why Context Matters to AI Governance 

India offers an especially useful setting for examining adaptive AI governance. Its digital 

environment combines rapid adoption with substantial linguistic, social, geographic, and economic 

diversity. The issue is not simply market size. A governance framework developed in a relatively 
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homogeneous environment may assume that users interact with technology in similar ways, have 

comparable levels of digital literacy, and are represented adequately in the underlying data. Those 

assumptions become more difficult to sustain in India's context. 

The country's work on multilingual AI makes the point quite clearly. Project BHASHINI, for 

example, explicitly seeks to strengthen language technologies across Indian languages and includes 

community participation in the development and validation of language data. Its programmes also 

identify under-resourced Indian languages as an area requiring focused research and collaboration. 

(bhashini.gov.in; bhashini.gov.in) Language is a governance issue because it affects more than 

accessibility. 

Hence, linguistic inclusion becomes part of responsible AI rather than simply a user-experience 

concern. India's digital public infrastructure (DPI) also changes the scale at which AI-enabled 

systems can operate. The IndiaAI Mission is developing national infrastructure around compute, 

datasets, foundation models, future skills, applications, startups, and safe and trusted AI. The scale 

creates both opportunity and governance responsibility. 

As AI gets integrated into both public and private digital infrastructure, the errors and exclusions get 

amplified to a greater extent that they would have in a insolated environment or application. A well-

governed system may improve access and inclusion at considerable scale. 

The Indian case hence supports context-sensitive governance. Universal principles remain useful, 

but their implementation needs to consider he social and technological environment in which AI 

operates. Within EAGC, that context affects the Foundation, Decision, Consequence, and 

Adaptation stages rather than simply remaining outside of the governance cycle. 

9. The Ethical AI Governance Continuum 

EAGC is organised around five connected dimensions: 

Purpose → Foundation → Decision → Consequence → Adaptation 

The sequence begins before model development, moves through the point at which AI influences 

organisational decisions, examines what happens after deployment, and then feeds those 

observations back into governance. 

9.1 Purpose: Why Is AI Being Used? 

Governance often starts after the organisation has already decided to use AI. EAGC begins one step 
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earlier. The purpose stage asks: 

 What problem is AI intended to solve? 

 Why is AI appropriate? 

 What alternatives were considered? 

 Who benefits? 

 Who might bear the risks? 

 What would happen if AI were not deployed? 

This matters because technological capability can create pressure to automate simply because 

automation is possible. Purpose clarity provides a basis for determining whether the proposed use is 

legitimate, proportionate, and aligned with organisational objectives. 

9.2 Foundation: What Supports the System? 

Once the purpose is clear, attention turns to the foundation: 

 data provenance; 

 data quality; 

 representativeness; 

 privacy; 

 model choice; 

 assumptions; 

 validation; 

 security; 

 documentation; 

 and known limitations. 

The purpose stage therefore asks whether the organisation should use AI; the foundation stage 

asks whether the proposed system is capable of supporting that purpose responsibly. A mismatch 

between the two can create risk even when the model performs well technically. 

9.3 Decision: How Does AI Influence Judgement? 

AI does not always make the final decision. It may recommend, rank, classify, generate, prioritise, 

filter, or flag information for human consideration, and these different forms of influence create 

different governance requirements. An AI system that recommends ten options to a human is different 
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from one that automatically selects one option. The degree of human discretion changes the 

governance requirement. 

The Decision dimension examines: 

 where AI has authority; 

 where humans retain authority; 

 what information the human receives; 

 whether overrides are possible; 

 and whether the organisation has defined escalation mechanisms. 

9.4 Consequence: What Happens in Practice? 

The consequence stage asks what actually happened after the system entered use. The organisation 

should examine: 

 intended outcomes; 

 unintended effects; 

 user complaints; 

 differential impacts; 

 changes in behaviour; 

 misinformation; 

 privacy incidents; 

 trust; 

 and effects on groups not directly represented in the original design process. 

This dimension is particularly important for platforms because the consequences of ranking, 

recommendation, and moderation can emerge from user interaction with the wider system rather than 

from an isolated model output. 

Wright's (2022) analysis of automated moderation illustrates why this broader perspective matters: 

automation can change what becomes visible within a platform's governance system even when the 

underlying algorithm is accurate. 

9.5 Adaptation: When Should Governance Change? 

The final dimension accepts a fairly obvious point that governance discussions sometimes overlook: 

conditions change. Reassessment may be required when: 
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 its data changes; 

 its user population changes; 

 its business objective changes; 

 a new model is introduced; 

 another AI system is connected; 

 a material incident occurs; 

 regulation changes; 

 or evidence of unintended consequences emerges. 

Adaptation therefore includes monitoring, reassessment, incident response, policy revision, model 

modification, restriction, suspension, replacement, and retirement. Deployment is therefore a point in 

the cycle, not its end. 

10. What EAGC Adds to Existing Governance Approaches 

EAGC is not another five-principle ethics model. Its contribution lies in the connections between 

stages and in the feedback between deployment experience and the assumptions that preceded 

deployment. Existing frameworks already provide mechanisms for risk identification, 

documentation, monitoring, meaningful human review, transparency, and accountability. EAGC 

brings those mechanisms into a sequence that begins with purpose and ends with organisational 

learning. 

Three features deserve particular attention. 

First, purpose precedes controls. 

A governance process should not assume that every technically feasible use of AI is justified. The 

purpose stage creates a point at which the organisation can question the use case itself. 

Second, consequences are treated as governance evidence. 

A system should not be regarded as adequately governed merely because it passed pre-deployment 

controls. Evidence from actual use can change the assessment. 

Third, adaptation closes the loop. 

The organisation is expected to learn from deployment and reconsider earlier assumptions where 

necessary. This makes EAGC complementary to rather than competitive with frameworks such as 

NIST AI RMF. 
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11. From Individual Model Risk to Platform Environment Governance 

EAGC also extends the earlier distinction between model risk, system risk, and wider platform risk. 

Suppose a platform uses: 

 one model to identify user interests; 

 another to rank content; 

 another to generate advertising copy; 

 another to detect policy violations; 

 and a fifth system to measure engagement. 

Each system may have its own governance process, yet the combined platform may create a feedback 

loop. User behaviour generates data. The data influences recommendations. Recommendations 

influence behaviour. Behaviour generates new data. Advertising responds to the new profile. 

Engagement metrics then become evidence for further optimisation. No single model necessarily 

creates the entire outcome. Part of the governance problem therefore exists between systems. 

12. Theoretical Logic of the Research Propositions 

The six propositions follow from the relationships proposed by the framework. They are intended to 

make the argument testable; they are not presented as validated causal claims. The logic is: 

Governance condition → organisational mechanism → expected 

outcome The propositions put those relationships into a form that 

can be tested later. 

Proposition 1: Purpose Clarity 

Mechanism: A clearly defined purpose establishes boundaries around what the AI system is 

expected to achieve and what uses fall outside its legitimate scope. This reduces ambiguity during 

design and deployment and creates a reference point against which later changes can be assessed. 

Proposition 1: Greater clarity of AI purpose is associated with lower likelihood of technology-driven 

deployment in which the availability of AI becomes the primary justification for its use. 

The proposition can be examined through organisational case studies comparing AI initiatives with 

different levels of purpose definition. 

Proposition 2: Governance Integration 
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Mechanism: When ethical considerations are embedded within product, risk, technology, and 

business decisions, they are more likely to influence actual behaviour than when they remain 

separate compliance requirements. 

Proposition 2: The integration of responsible-AI considerations into core organisational decision 

processes is positively associated with governance effectiveness, particularly where those 

considerations influence deployment, escalation, and resource decisions. 

This proposition follows from the gap between stating a principle and making it part of an operating 

decision. 

Proposition 3: Meaningful Meaningful Human Review 

Mechanism: Human involvement can only affect outcomes when reviewers possess the competence, 

information, and authority necessary to challenge AI-generated recommendations. 

Proposition 3: The effectiveness of meaningful human review is positively associated with the 

competence, information access, and decision authority available to human reviewers. This proposition 

could be tested through studies of moderation, recruitment, financial decision-making, or customer-

service applications. 

Proposition 4: System Interaction 

Mechanism: When AI systems interact, risks can move across system boundaries. A control applied 

to one model may therefore fail to address a consequence created by the interaction between multiple 

models. 

Proposition 4: Greater interaction among independently governed AI systems is associated with a 

greater need for governance mechanisms that examine dependencies, risk transfer, and emergent 

effects across system boundaries. 

The proposition is especially relevant to digital platforms, where several forms of AI-mediated 

influence may coexist. 

Proposition 5: Post-Deployment Adaptation 

Mechanism: AI systems operate within changing environments. Monitoring provides information 

about actual outcomes, allowing organisations to revise assumptions and controls. 

  Proposition 5: The quality and continuity of post-deployment monitoring are positively associated    
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  with an organisation's ability to detect governance drift and revise AI controls under changing  

 operational conditions. Longitudinal studies of deployed AI systems could examine this relationship. 

Proposition 6: Trust and Accountability 

Mechanism: Technical performance does not fully determine how stakeholders perceive an AI-

enabled decision. Perceptions of accountability, transparency, and organisational responsibility 

may influence whether stakeholders regard the use of AI as legitimate. 

Proposition 6: Perceived organisational accountability and meaningful transparency are positively 

associated with stakeholder trust in AI-enabled digital services, controlling for perceived system 

performance. This proposition opens a connection between AI governance and research in digital 

trust, consumer behaviour, and platform legitimacy. 

13. Implications for Digital Marketing 

AI now sits in many parts of marketing, including segmentation, recommendation, targeting, content 

generation, campaign optimisation, customer service, and behavioural prediction. The governance 

issue is not whether these applications should exist. Many provide clear value. A more difficult 

question concerns the boundary between relevance and influence. A recommendation can help a 

consumer find something useful. The same capability can be used to identify when a consumer is 

particularly susceptible to a message. Generative AI can make campaign content more relevant, but it 

can also make highly personalised persuasion inexpensive and scalable. 

At the Consequence stage, it should monitor not only conversion but also complaints, exclusion, 

unintended targeting, and other effects. At the Adaptation stage, the organisation should be willing to 

change or stop practices when evidence suggests that the original assumptions no longer hold. This 

approach does not require marketing to become less data-driven. It requires marketing to recognise 

that optimisation itself can have governance consequences. 

14. Implications for Media and Journalism 

Media organisations face a related problem, although the stakes are somewhat different. AI can affect 

commercial outcomes, but it can also shape the information people encounter. AI is increasingly 

relevant to transcription, translation, search, recommendation, content production, fact-checking, and 

audience analysis. Recommendation makes this governance issue especially visible. When platforms 

prioritize certain stories, they shape what people see without actually deleting any content. Gillespie's 
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(2022) analysis of reduction as a form of content moderation is relevant here because it demonstrates 

that controlling how visible something is can be used to govern it. 

15. Implications for Boards and Senior Management 

AI governance is increasingly an organisational governance issue. Boards do not need to understand 

the mathematics of every model. They do need to understand how AI affects organisational risk, 

reputation, customers, employees, and strategic decisions. A board-level discussion can begin with 

seven questions: 

16. A Governance Maturity Heuristic Through the EAGC Lens 

EAGC can also be used as a simple maturity guide, provided the levels are treated as a heuristic rather 

than a mandatory sequence. 

17. Practical Governance Questions by EAGC Dimension 

The framework can be translated into practical questions without turning it into another compliance 

checklist. The table is deliberately framed around questions rather than controls. Its purpose is to 

support judgement without turning EAGC into another tick-box exercise. 

18. Future Research Agenda 

The framework also leaves several questions open for empirical research. 

18.1 Testing EAGC as a Governance Maturity Framework 

Future studies could develop measurement scales for the five dimensions and examine whether 

organisations with stronger EAGC characteristics experience fewer AI-related incidents or greater 

stakeholder trust. 

18.2 Cross-Platform Research 

Comparative studies could examine how social-media, e-commerce, financial, educational, and media 

platforms govern AI differently. 

18.3 AI-to-AI Governance 

Research should examine what happens when independently governed AI systems exchange data, 

recommendations, classifications, or decisions. This may become increasingly important as agentic 
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systems and AI-enabled workflows become more interconnected. 

19. Conclusion 

AI governance is becoming more difficult as AI gets deeper into products, platforms, workflows, and 

routine decisions. Earlier the governance questions were largely if the organizations had identified 

major AI related ethical risks however now the additional question is more operational one – if 

governance is effective once AI gets embedded or integrated into products, platforms, workflows, 

and decisions that interact with one another. 

Existing frameworks provide important pieces of this architecture. NIST offers risk-management 

guidance; OECD and UNESCO provide normative foundations; regulation such as the EU AI Act 

establishes binding requirements; and India's Responsible AI initiatives are developing principles 

and operational guidance appropriate to the country's context. None of these approaches needs to be 

displaced by the argument advanced here. 
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Abstract 

Artificial Intelligence is reforming governance by enhancing administrative efficiency, refining 

public service delivery, and aiding evidence-based policymaking. In India, AI has become a 

significant constituent of the digital governance ecosystem, accompanying initiatives such as Digital 

India, Aadhaar, DigiLocker, CoWIN, and other digital public substructures. While AI offers 

transformative opportunities in areas including healthcare, education, agriculture, law enforcement, 

and public administration, its rapid incorporation into governance also raises intricate ethical, legal, 

and political concerns. Problems relating to algorithmic bias, data privacy, scrutiny, transparency, 

accountability, digital segregation, and cybersecurity challenge the values of democratic governance 

and citizens' rights. This chapter critically inspects the evolving role of AI in India's governance 

agenda by analysing both its developing potential and the ethical dilemmas connected with its 

distribution. Drawing upon present-day policy initiatives, nationwide AI strategies, and worldwide 

governance frameworks, the study evaluates India's preparedness to normalize AI while promoting 

innovation and comprehensive development. It contends that effective AI governance needs a 

balanced policy approach that fit in technological development with constitutional values, ethical 

precautions, institutional responsibility, and citizen involvement.  

Keywords: Artificial Intelligence, Digital Governance, AI Ethics, Public Policy, Ethics 
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1. Introduction 

1.1 Background 

Artificial Intelligence (AI) has become a transformative technology in public governance, enabling 

governments to analyse large datasets, automate processes, support evidence-based policymaking, 

and improve service delivery. Unlike earlier e-governance approaches focused primarily on 

digitisation, digital governance integrates AI, big data, cloud computing, and other technologies to 

facilitate proactive and adaptive administration (Margetts & Dorobantu, 2019; Russell & Norvig, 

2021). 

1.2 Context of Digital Governance in India 

India's digital governance ecosystem, supported by initiatives such as Digital India, Aadhaar, 

DigiLocker, UPI, and CoWIN, has significantly reshaped citizen state interactions. AI increasingly 

complements this infrastructure through applications in healthcare, education, agriculture, law 

enforcement, and public administration. NITI Aayog's National Strategy for Artificial Intelligence 

promotes an ―AI for All‖ approach, while the IndiaAI Mission further supports responsible AI 

development and public-sector adoption (NITI Aayog, 2018; MeitY, 2023). 

1.3 Problem Statement 

Despite these opportunities, AI-enabled governance raises concerns relating to algorithmic bias, 

privacy, transparency, accountability, cybersecurity, and digital exclusion. These challenges are 

particularly significant in India, where technological innovation must remain consistent with 

constitutional rights, equality, social justice, and democratic accountability (Floridi & Cowls, 2019; 

UNESCO, 2021). 

1.4 Research Gap 

Existing scholarship often examines AI, digital governance, and public administration separately. 

Limited interdisciplinary analysis addresses their intersection within India's constitutional and 

democratic framework. 
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1.5 Purpose and Objectives of the Chapter 

This chapter critically examines AI's opportunities and challenges within India's digital governance 

ecosystem and evaluates policy directions for transparent, accountable, ethical, and citizen-centric 

AI governance. 

1.6 Scope 

The chapter focuses on AI-enabled governance in India's public sector, particularly healthcare, 

education, agriculture, law enforcement, and public administration, with selective international 

comparisons. 

1.7 Organization of the Chapter 

The chapter examines conceptual foundations, contemporary literature, India's AI governance 

ecosystem, ethical and legal challenges, policy frameworks, international approaches, and 

recommendations before concluding with key pathways for responsible AI governance in India. 

2. Conceptual and theoretical foundations. 

2.1 Understanding Artificial Intelligence 

Artificial Intelligence (AI) is a field of computer science that involves the simulation of human 

intelligence and abilities in computer systems, such as learning, reasoning, problem-solving, and 

decision-making (Russell & Norvig, 2021). In the governance sector, AI can be used for data 

analysis, service delivery, and evidence-based policymaking, yet it is essential to have good data 

quality, institutional capacity, human oversight, and accountability. 

2.2 Digital Governance 

Digital governance goes beyond e-governance and combines AI, big data, cloud computing, and 

digital infrastructure with citizen-centric administration (Margetts & Dorobantu, 2019). This shift is 

exemplified by initiatives such as India's Digital India, Aadhaar, DigiLocker, and CoWIN, where AI 

is playing a more significant role in enhancing administrative effectiveness and data-driven decision-

making. 
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2.3 AI Governance 

AI governance refers to legal, ethical, institutional and regulatory frameworks that shape AI design, 

deployment, monitoring and oversight (OEC, 2019). It covers issues of reliability, explainability, 

privacy, fairness, human rights, and institutional accountability. 

2.4 Ethical AI 

The principles of ethical AI are designed to ensure that AI systems are consistent with human 

dignity, democratic principles, and human rights (Floridi & Cowls, 2019; UNESCO, 2021). To avoid 

automated decisions that are discriminatory or opaque, it is important to have fairness, transparency, 

explainability, accountability, and human oversight. 

2.5 Democratic Governance and Constitutional Values 

Governance through AI should be accountable, transparent, participatory, responsive and governed 

by the rule of law (United Nations, 2015). In India, constitutional equality, fundamental rights, 

procedural fairness and privacy are important parameters, bolstered by the recognition of privacy as 

a fundamental right in Justice K. S. Puttaswamy (Retd.) v. Union of India (2017). 

2.6 Theoretical Frameworks 

2.6.1 Good Governance Theory 

AI must help enhance democratic legitimacy, as Good Governance is built on the principles of 

accountability, transparency, participation, effectiveness, equity, and responsiveness (World Bank, 

2017). 

2.6.2 New Public Governance 

The emphasis of New Public Governance is on the collaborative nature of public governance, 

involving government, private organisations, civil society and citizens (Osborne, 2010), which is 

relevant to multi-stakeholder AI governance. 

2.6.3 Algorithmic Governance 
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Algorithmic governance is a field that investigates the impact of algorithms on policy and 

administrative decisions, and raises issues related to opacity, bias, accountability, and democratic 

oversight (Danaher et al., 2017). 

2.6.4 Responsible AI Framework 

Responsible AI is integrated throughout the AI lifecycle, covering all stages from design and 

development to deployment and use, with a focus on fairness, transparency, accountability, privacy, 

robustness, and human-centred design (OECD, 2019; UNESCO, 2021). 

2.6.5 Digital Era Governance 

The concept of Digital Era Governance offers insights into how digital technologies are transforming 

governance, encompassing integrated services, citizen engagement, and data-driven governance 

(Dunleavy et al., 2006).Digital Era Governance provides a framework for understanding how digital 

technologies are transforming governance, including the use of integrated services, citizen 

engagement, and data-driven governance (Dunleavy et al., 2006). 

2.7 Proposed Analytical Framework 

This chapter brings these discussions together and explores the intersection of technological 

innovation, ethical governance, institutional accountability and democratic values in the context of 

AI. It assesses governance in terms of efficiency and service delivery, constitutional protection, 

ethical safeguards, regulatory oversight, transparency, and citizen participation. 

3. Literature Review 

3.1 Evolution of AI Governance Scholarship 

The scholarship of the AI governance movement is evolving and changing. While early AI 

governance scholarship focused on technical issues of algorithmic performance, it has now turned to 

multi-disciplinary questions of ethics, law, public policy, institutional accountability, and democratic 

legitimacy. AI governance is now increasingly being understood in the literature as a framework for 

responsible use, based on public value and constitutional values (OECD, 2019; UNESCO, 2021). 

Smoothing the path for the future of public administration. 

3.2 AI and Public Administration. 
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AI's potential to enhance administrative efficiency, predictive policymaking, resource allocation, and 

evidence-based governance has been highlighted by research (Margetts & Dorobantu, 2019; Wirtz et 

al., 2019). But experts warn that efficiency is not enough for transparency and accountability. AI 

should therefore complement, not supplant, administrative judgment, and build institutional capacity 

and digital literacy (Sun & Medaglia, 2019). 

3.3 AI in Public Service Delivery 

There are important areas of AI application identified in literature: healthcare, education, agriculture, 

welfare, and urban governance. AI has the potential to increase access and increase resource 

efficiency, but access to AI, literacy and institutional capacity may be unequal, which could lead to 

an unequal distribution of benefits. Therefore, inclusive digital governance is still a vital need 

(World Bank, 2021). 

3.4 Ethical Debates 

The key ethical issues include algorithmic bias, privacy, transparency, explainability, accountability, 

and human oversight (Floridi & Cowls, 2019; UNESCO, 2021). Bias is now understood as a 

symptom of larger institutional inequities not just a technical flaw, and opaque automated decisions 

are problematic for their lack of fairness and democratic legitimacy. 

AI is being explored in the context of Digital India, Digital Public Infrastructure, IndiaAI Mission, 

and changing data protection laws in the Indian scholarship landscape. Issues of particular concern 

are digital exclusion, algorithmic discrimination, privacy, cybersecurity, institutional capacity and 

regulatory fragmentation. This literature provides support for the approach to the evaluation of AI 

governance through the democratic and constitutional framework of India. 

The researcher has synthesized the literature in the following manner: 

Overall, there is a recognition that AI can help to enhance governance, but that technological 

capability is not enough to guarantee legitimate outcomes. The world of literature is becoming more 

unified, with Responsible AI combining innovation with ethical protections, institutional 

responsibility, and multi-stakeholder governance. 

Research Gaps 
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There are significant gaps in the integration of AI, digital governance, public administration, ethics, 

and constitutional values into a unified framework in India. There is still little empirical evidence on 

the long-term cross-sectoral outcomes, and less research on institutional preparedness, regulatory 

capacity, citizen trust, digital inclusion, and participatory governance. 

4. Artificial Intelligence in India's Digital Governance Ecosystem 

4.1 Evolution of India's Digital State 

India's digital governance ecosystem has evolved from the digitisation of administrative processes 

towards an integrated Digital Public Infrastructure (DPI) supporting large-scale public service 

delivery. While early e-governance initiatives primarily sought administrative efficiency and 

electronic service delivery, contemporary digital governance increasingly relies on interoperable 

platforms, data-driven decision-making, and AI-enabled systems. This represents a transition from 

technology-assisted administration towards intelligent governance, in which AI functions as a 

strategic enabler of proactive and evidence-based governance. 

The Digital India Programme, launched in 2015, established digital infrastructure, electronic service 

delivery, and citizen empowerment as important governance priorities (Ministry of Electronics and 

Information Technology [MeitY], 2023). Initiatives such as Aadhaar, DigiLocker, Unified Payments 

Interface (UPI), Government e-Marketplace (GeM), and CoWIN have further strengthened India's 

digital governance architecture. These platforms provide infrastructure and data capabilities that can 

support predictive analytics, policy evaluation, and evidence-based governance. 

However, India's digital transformation involves more than technological modernisation. Digital 

systems increasingly influence policy formulation, implementation, monitoring, and citizen–state 

interaction. Within this environment, AI has become an important component of India's governance 

ecosystem, complementing digital initiatives while creating new opportunities and governance 

challenges. 
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4.2 AI Across Government Sectors 

AI's value in governance lies primarily in strengthening, rather than replacing, institutional and 

administrative capacities across policy sectors. 

Healthcare. AI can support disease surveillance, medical imaging, clinical decision support, 

resource planning, and predictive public health interventions. During the COVID-19 pandemic, 

CoWIN demonstrated the capacity of digital infrastructure to support nationwide vaccination 

management and large-scale coordination. Although CoWIN was not itself an AI system, its data 

infrastructure illustrates the foundations upon which AI-enabled public health analytics can be 

developed (World Bank, 2021). However, AI-based recommendations should complement 

professional and clinical judgement, particularly in ethically sensitive or uncertain situations. 

Education. AI-enabled educational technologies can support personalised learning, adaptive 

instruction, automated assessment, and early identification of students requiring additional 

assistance. However, unequal digital access, infrastructure, and digital literacy may limit these 

benefits, particularly among rural and disadvantaged populations. AI should therefore complement 

rather than replace the pedagogical and social functions of teachers. 

Agriculture. AI applications in agriculture include crop monitoring, pest detection, weather 

forecasting, precision irrigation, yield prediction, and geospatial analysis. These tools can support 

timely agricultural advice, resource management, and disaster preparedness. Their effectiveness, 

however, depends on reliable connectivity, accurate local data, institutional coordination, and 

farmers' awareness and capacity to use digital services. 

Public Administration. AI can strengthen public administration through decision-support systems, 

document processing, grievance management, workflow automation, and analysis of administrative 

data. Such applications can help governments identify policy trends, monitor programmes, and 

improve resource allocation (Wirtz et al., 2019). Nevertheless, AI should augment administrative 

capacity rather than replace public officials, since contextual judgement, ethical reasoning, and 

discretion remain essential where decisions affect citizens' rights and interests. 

Law Enforcement. AI is increasingly used in predictive analytics, crime mapping, facial 

recognition, and digital forensics. These applications may improve investigative efficiency and 
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resource allocation but also create significant risks. Predictive systems can reproduce historical 

biases embedded in policing data, potentially undermining fairness and public trust. Law-

enforcement applications therefore require particularly strong safeguards, transparency, 

accountability, and appropriate oversight (UNESCO, 2021). 

4.3 Benefits of AI Integration 

AI can generate significant benefits for India's digital governance when supported by appropriate 

institutional and ethical safeguards. First, automation can improve administrative efficiency by 

reducing routine workloads and procedural delays, allowing public officials to focus on complex 

decisions requiring human judgement. Second, predictive analytics can strengthen evidence-based 

policymaking by identifying trends, anticipating service requirements, and evaluating programme 

outcomes. 

Third, AI can improve public service delivery through more accurate targeting of welfare 

programmes, responsive citizen services, and continuous monitoring. Fourth, data-driven systems 

can support transparency through performance monitoring and digital record management. However, 

transparency depends on explainability and effective accountability mechanisms. 

AI can also strengthen governmental capacity to address complex policy challenges by integrating 

diverse datasets into analytical frameworks. These benefits should not be understood as 

technologically automatic. Their effectiveness depends upon institutional competence, regulatory 

oversight, data quality, ethical safeguards, and citizen trust. Thus, efficiency must remain balanced 

with constitutional protections, democratic accountability, and inclusive governance. 

4.4 Contribution to Sustainable Development Goals 

AI-driven digital governance can help achieve the Sustainable Development Goals (SDGs) through 

the implementation of inclusive public policy. AI can contribute to SDG 3 (Good Health and Well-

being) by better healthcare planning, to SDG 4 (Quality Education) by personalised learning and to 

SDG 2 (Zero Hunger) by precision agriculture and better food-security planning. AI-enabled public 

administration can also help achieve SDG 16 (Peace, Justice and Strong Institutions), through 

enhanced institutional effectiveness, public service delivery and evidence-informed policy-making 

(United Nations, 2015). 
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But, technology adoption is not enough for sustainable development. Digital exclusion, respect for 

fundamental rights and equitable access to public services are all issues that need to be tackled by 

AI-governance. While India's DPI offers a valuable framework for harnessing the power of AI in 

governance, the sustainability and democratic nature of its impact in the future will hinge on the 

delicate equilibrium between technological advancement, ethical considerations, institutional 

accountability, and citizen-centric governance. 

5. Ethical, Legal and Democratic Challenges 

The integration of Artificial Intelligence (AI) in the digital governance ecosystem in India offers 

great potential but also poses ethical, legal and democratic issues with regards to the legitimacy of 

governance, accountability of institutions and citizens' rights. Issues such as algorithmic bias, data 

privacy, transparency, accountability, cybersecurity, digital exclusion, and the compatibility of AI-

facilitated governance with constitutional values are key concerns. 

5.1 Algorithmic Bias 

Bias can be propagated or exacerbated by AI systems, as they are based on historical data. Data that 

is unrepresentative, poor design, or institutional inequalities can create bias (Barocas & Selbst, 

2016). These risks can impact access to welfare benefits, health care, recruitment, policing, and 

resource distribution in India, including disparities by socioeconomic, geographic, linguistic, gender, 

caste, and disability status. 

Algorithmic bias is thus not only a technical issue. It can be a symptom of wider social and 

institutional environments, necessitating representative datasets, human oversight, ongoing auditing 

and processes for citizens to challenge automated decisions (Floridi & Cowls, 2019). 

5.2 Data Privacy 

With a lot of data, there are privacy, consent, security, surveillance and function creep concerns with 

AI-enabled governance. The digital platforms in India handle substantial personal data on identity, 

healthcare, education, welfare, and financial services. In the case of Justice K. S. Puttaswamy (Retd.) 

v. Union of India, 2017, privacy was recognized as a fundamental right, and coupled with the Digital 

Personal Data Protection Act, 2023, it offers a valuable legal framework. But the protection also 
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needs to be privacy by design, data minimisation, purpose limitation, secure storage, and transparent 

data sharing. 

5.3 Transparency and Explainability 

AI systems are ―black boxes‖ that are hard to understand, as automated recommendations and 

decisions are made. There is, therefore, a need for explainability in the context of procedural 

fairness, judicial review, accountability and public trust (OECD, 2019). Transparency should not be 

limited to technical documentation, but should also include the disclosure of AI's goals, constraints, 

data sources, and governance mechanisms, allowing for proper democratic oversight. 

5.4 Institutional Accountability 

The use of AI introduces complexities into traditional administrative duties, as decisions can affect 

government bodies, technology companies, developers, data sources, and automated systems. The 

use of AI should therefore complement, and not supplant, administrative accountability (Wirtz et al., 

2019). The human officials should continue to be responsible for decisions that impact citizens' 

rights and access to services. The responsibilities of institutions must be clearly defined, independent 

oversight must be in place, algorithmic impact assessments must be accessible, and grievance 

procedures must be available. 

5.5 Cybersecurity Risks 

Relying on the interconnected digital infrastructure makes one more vulnerable to cyberattacks, 

ransomware, data breaches, and manipulation of AI systems. While AI can bolster fraud prevention 

and network security, it can also be used to create more advanced fraud schemes and misinformation 

campaigns. Cyber infrastructure security, regular audits, incident response plans, and institutional 

cyber resilience are thus part of responsible AI governance. 

5.6 Digital Divide and Inclusion 

Vulnerable groups may not reap the benefits of AI-driven governance due to unequal access to the 

internet, digital literacy, infrastructure, language accessibility, and socioeconomic factors. These 

differences can be mitigated through inclusive algorithms, multilingual interfaces, accessible 
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platforms, and capacity building initiatives that are targeted. Digital inclusion is thus not just a 

technical goal, but a democratic and social-justice goal. 

5.7 Constitutional and Democratic Concerns. 

The governance system under AI should be transparent, accountable, participatory, respect 

fundamental rights, and adhere to the rule of law. In India, these requirements are linked with 

constitutional obligations to equality, liberty, dignity and social justice. The question now isn't so 

much whether AI should be part of governance, but how to govern it so it doesn't take away 

democratic accountability and still allow for innovation. This needs to be supported by legal 

protection, ethical guidelines, institutional control, and active citizen involvement. 

6. Policy Analysis and Global Comparisons 

6.1 India's AI Policy Landscape 

India has adopted an incremental, policy-driven approach to AI governance, combining innovation 

initiatives with emerging ethical and legal safeguards. NITI Aayog's National Strategy for Artificial 

Intelligence (2018) introduced the vision of ―AI for All,‖ identifying sectors such as healthcare, 

agriculture, and education as priorities (NITI Aayog, 2018). The IndiaAI Mission further supports AI 

infrastructure, research, datasets, and public-sector adoption.  

The Digital Personal Data Protection Act, 2023 provides an important legal foundation for 

addressing privacy concerns associated with AI-enabled governance. However, the absence of a 

dedicated risk-based AI law and fragmented institutional responsibilities highlight the need for 

stronger regulatory coordination and accountability. 

6.2 Comparative International Experience 

International frameworks demonstrate varied approaches to responsible AI governance. The OECD 

principles emphasise human-centred values, transparency, robustness, and accountability, while 

UNESCO's framework adopts a broader human-rights and social-inclusion approach (OECD, 2019; 

UNESCO, 2021). The European Union's risk-based AI Act provides stronger regulatory obligations 

for high-risk systems, whereas Singapore and the United Kingdom illustrate more flexible, sector-
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oriented approaches. These models demonstrate that effective AI governance can take different 

institutional forms while maintaining common commitments to accountability, transparency, and 

public trust. 

6.3 Lessons for India 

For India, international experience suggests three evidence-based priorities: operationalising ethical 

principles through mechanisms such as algorithmic impact assessments and independent audits; 

strengthening coordination among government, regulators, academia, industry, and civil society; and 

ensuring that AI governance protects equality, privacy, democratic participation, and social justice. 

India's framework should therefore balance technological innovation with constitutional safeguards, 

institutional accountability, and inclusive development. 

7. Policy Recommendations and Future Directions 

7.1 Building Responsible AI Governance 

How can we create responsible AI governance? How to establish responsible AI governance? 

The Responsible AI approach should be adopted in India, which involves integrating fairness, 

transparency, explainability, accountability, privacy and human oversight into the AI lifecycle 

(OECD, 2019; UNESCO, 2021). Algorithmic impact assessment should be conducted prior to high-

impact deployments in the public sector, and independent audits and regular evaluation for risks of 

discrimination, privacy, cybersecurity and human rights. 

7.2 Institutional Reforms 

There is a need for better coordination between government departments, regulators, academia, 

industry and civil society in order to ensure effective governance of AI. Capacity building should 

thus provide civil servants, policymakers and regulators with the knowledge of AI, data governance, 

digital ethics and algorithmic accountability. This institutional capacity is essential for both 

successful implementation of AI and for the necessary monitoring. 
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7.3 Legal and Regulatory Strengthening 

The legal and regulatory framework is strengthened. India needs to create a principles-based and 

adaptive regulatory structure with enforceable protections. The requirements for transparency, 

documented decision making, human review and grievance redress should apply to public sector AI 

systems that have a substantial impact on citizens' rights and access to services. These protections 

can enhance equality and fairness in procedures, and accountability of administration. 

7.4 Citizen-Centric Governance 

AI governance should not just be about citizens as users of AI-enabled services, but also as 

stakeholders. Public consultation, digital literacy, data rights awareness, and easy access to 

information about algorithmic decision-making can enhance public trust. In India's diverse social 

and linguistic landscape, addressing digital disparities by enhancing connectivity and ensuring the 

adoption of user-centred, inclusive AI systems is especially crucial. 

7.5 Future Research Directions 

Further studies are needed to empirically evaluate the impact of AI in the fields of healthcare, 

education, agriculture, law enforcement, and public administration in the long term. There is also a 

need for a greater focus on the constitutional and public-policy aspects of generative AI, explainable 

AI and automated decision-support systems. Research should explore the impacts of AI on 

institutional trust, democratic accountability, citizen engagement and social inclusion, to help 

develop governance models that are technologically innovative while also providing democratic and 

ethical protections. 

8. Conclusion 

The integration of Artificial Intelligence (AI) into India's digital governance ecosystem represents a 

significant transformation in public administration and democratic governance. As demonstrated in 

this chapter, AI can enhance administrative efficiency, evidence-based policymaking, public service 

delivery, and responsiveness across sectors including healthcare, education, agriculture, law 

enforcement, and public administration. However, its effectiveness cannot be assessed solely 

through technological or operational outcomes. AI-enabled governance requires robust legal, 

institutional, and ethical safeguards that protect citizens' rights and democratic values. 
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The chapter demonstrates that algorithmic bias, privacy, transparency, explainability, accountability, 

cybersecurity, and digital inclusion are fundamental governance concerns affecting institutional 

legitimacy and public trust. By integrating perspectives from political science, public administration, 

digital governance, AI ethics, and public policy, the chapter contributes an interdisciplinary 

understanding of AI governance in India. 

The chapter concludes that India's future AI governance should emphasise Responsible AI, ethical 

design, transparent decision-making, human oversight, institutional accountability, and citizen 

participation. Such an approach can help India harness AI's transformative potential while 

strengthening constitutional values, democratic governance, and inclusive digital development. 
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Abstract 

Artificial Intelligence (AI) is transforming the field of journalism by reshaping news production, 

distribution, and audience engagement. AI-powered technologies such as machine learning, natural 

language processing, automated content generation, predictive analytics, and recommendation 

algorithms are enabling media organizations to produce news more efficiently while delivering 

personalised content to diverse audiences. Newsrooms increasingly rely on AI for tasks including 

news gathering, fact-checking, data analysis, transcription, content moderation, and audience 

analytics, allowing journalists to focus on investigative reporting and  storytelling. 

Despite these advancements, the integration of AI raises significant ethical and professional 

concerns. Issues such as algorithmic bias, misinformation, deepfakes, transparency, accountability, 

data privacy, and the potential displacement of media professionals challenge the credibility and 

integrity of journalism. This chapter examines the transformative role of AI in modern journalism by 

analysing its impact on editorial practices, newsroom workflows, audience behaviour, and public 

trust. It further explores how media organisations can balance technological innovation with ethical 

responsibility through human oversight, media literacy, and responsible AI governance. By 

presenting contemporary examples and emerging trends, the chapter highlights both the 

opportunities and challenges of AI-driven journalism. It concludes by proposing strategies for 

integrating AI responsibly to strengthen journalistic values, enhance audience engagement, and 

ensure the sustainability of credible journalism in the rapidly evolving digital media landscape. 

Keywords: Artificial Intelligence, Journalism, Digital Media, News Production, Audience 

Engagement 

1. Introduction 

Journalism has always been closely connected with technological change. From the printing press 
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and telegraph to radio, television, satellite communication, the internet, smartphones, and social 

media, every major technological development has influenced how news is gathered, produced, 

distributed, and consumed. Artificial Intelligence represents another significant stage in this 

continuing transformation. Unlike earlier technologies that primarily improved the speed or reach of 

communication, AI is increasingly participating in activities that were traditionally associated with 

human cognitive work, including language processing, information analysis, content generation, 

recommendation, and pattern recognition. 

The use of Artificial Intelligence in journalism is not entirely new. News organisations have used 

automated systems and algorithms for years to process large datasets and generate routine reports. 

The Associated Press, for example, began using automation for corporate earnings reports in 2014. 

By 2015, it reported that automated systems were producing more than 3,000 earnings stories each 

quarter, substantially increasing the volume of coverage while freeing journalists from repetitive 

data-processing tasks (Associated Press, 2015).  

What has changed significantly in recent years is the emergence of generative AI. Generative AI 

systems can produce text, images, audio, video, summaries, translations, headlines, and other forms 

of content. This has expanded the role of AI from automated data processing to more sophisticated 

forms of editorial assistance. Journalists can now use AI tools to transcribe interviews, summarise 

documents, analyse large datasets, translate material, generate preliminary headlines, identify 

patterns, and assist with research. 

The development presents an important opportunity for news organisations. Journalism operates 

under constant pressure to produce accurate information quickly while managing limited financial 

and human resources. AI can help reduce routine workloads and allow journalists to spend more 

time on activities that require human judgment, such as source development, field reporting, 

investigative journalism, interpretation, and storytelling. 

At the same time, AI introduces serious challenges. Journalism is fundamentally based on 

credibility, verification, independence, accountability, and public trust. If AI-generated material 

contains factual errors, fabricated sources, biased interpretations, or misleading information, the 

consequences can be significant. Generative AI systems may produce convincing but incorrect 

information, commonly referred to as hallucinations. Algorithms can reproduce biases contained 



37 
 

within their training data. Personalisation systems can influence which stories audiences see, while 

automated recommendation systems may prioritise engagement over public interest. The 

transformation is therefore not simply about replacing human journalists with machines. It is more 

accurately understood as a transformation of the relationship between journalists, technology, news 

organisations, and audiences. The central question is not whether journalism will use AI, because AI 

adoption is already occurring. The more important question is how journalism can use AI without 

compromising its professional and democratic responsibilities. 

2. Understanding Artificial Intelligence in Journalism 

Artificial Intelligence refers broadly to computational systems capable of performing tasks that 

normally require aspects of human intelligence. These tasks may include learning from data, 

recognising patterns, understanding language, making predictions, and generating content. 

Several branches of AI are particularly relevant to journalism are as follows: 

2.1 Machine Learning 

Machine learning allows systems to identify patterns within large datasets and make predictions or 

classifications. In journalism, machine learning can assist with analysing audience behaviour, 

detecting unusual patterns in data, identifying potential news events, and organising large collections 

of documents. 

2.2 Natural Language Processing 

Natural Language Processing, or NLP, enables computers to process human language. News 

organisations can use NLP for transcription, translation, sentiment analysis, document classification, 

keyword extraction, summarisation, and automated text generation. 

2.3 Generative AI 

Generative AI refers to systems capable of producing new content based on patterns learned from 

existing data. In journalism, these systems can help generate drafts, summaries, headlines, captions, 

scripts, and other forms of editorial material. 
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2.4 Computer Vision 

Computer vision enables machines to analyse images and videos. News organisations can use 

computer vision for image classification, object identification, video indexing, archive management, 

verification, and automated tagging. 

2.5 Recommendation Algorithms 

Recommendation systems analyse user behaviour and preferences to determine which stories or 

content should be displayed. They play an increasingly important role in digital journalism because 

audiences often encounter news through platforms, search engines, social networks, and personalised 

feeds rather than directly visiting a newspaper homepage. 

These technologies are interconnected. A modern digital newsroom may use several AI systems 

simultaneously, with one tool processing transcripts, another analysing data, another generating a 

summary, and another recommending the finished story to audiences. 

This development has led to what Diakopoulos (2019) describes as the increasing importance of 

computational systems in journalistic decision-making. Algorithms are no longer simply technical 

tools operating behind the newsroom. They increasingly influence what information is identified as 

news, how it is presented, and which audiences receive it. 

3. AI and the Transformation of News Production 

One of the most visible effects of AI has been the transformation of the newsroom workflow. 

Traditional news production generally involves several stages: identifying a story, gathering 

information, interviewing sources, verifying facts, writing the report, editing the material, producing 

multimedia elements, publishing, and distributing the story.  

AI can now assist at almost every stage. 

During news gathering, AI systems can scan large volumes of information, including government 
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documents, press releases, social media posts, financial reports, and public records. This can help 

journalists identify potential stories that might otherwise remain hidden within large datasets. 

During research, AI can summarise lengthy reports and organise information. However, summaries 

must be treated as preliminary research rather than authoritative representations of the original 

documents. Journalists remain responsible for reading important primary sources and checking the 

accuracy of AI-generated summaries. 

During transcription, speech recognition tools can convert interviews, press conferences, and 

meetings into text within minutes. This can save considerable time, particularly for television, radio, 

and digital journalists working under tight deadlines. 

During translation, AI can help newsrooms produce content in multiple languages. This can be 

particularly useful in multilingual societies such as India. 

During writing, AI can assist with headlines, summaries, basic structured reports, and alternative 

versions of stories. However, the journalistic value of a story still depends on reporting, context, 

evidence, and editorial judgment. 

The Associated Press has demonstrated how automation can be used to increase the volume of 

routine journalism. Its automated earnings project showed that technology could handle repetitive 

data-based reports while allowing journalists to focus more on enterprise reporting and stories 

requiring interpretation (Associated Press, 2015).This model illustrates an important principle: AI 

can be most useful when it handles repetitive tasks rather than replacing the core responsibilities of 

journalism. 

4. AI-Assisted News Gathering and Research 

Journalists increasingly work with enormous quantities of information. Government reports, court 

documents, corporate filings, academic papers, social media posts, datasets, video recordings, and 

public databases can contain valuable information, but manually examining all of these sources is 

time-consuming. 

AI can help journalists process this information more efficiently. 
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For example, a journalist investigating government expenditure could use AI-assisted systems to 

identify unusual changes in spending patterns. A business journalist could analyse thousands of 

financial documents. A sports journalist could use structured data to generate basic match statistics. 

An environmental journalist could examine large datasets relating to temperature, rainfall, pollution, 

or land use. AI can also help identify connections across documents. This is particularly relevant for 

investigative journalism, where important information may be distributed across thousands of pages. 

However, AI-assisted research creates a new responsibility. Journalists must distinguish between 

information discovery and information verification.AI can identify a potentially relevant document, 

but the journalist must still examine the original document. AI can suggest that two events are 

connected, but the journalist must independently establish the relationship. AI can identify a possible 

source, but the journalist must assess that source's credibility. This distinction is crucial because 

generative AI systems are designed to produce plausible outputs, not necessarily verified facts. A 

response can sound confident and professional while still being incorrect.Therefore, AI should be 

considered a research assistant rather than an autonomous research authority. 

5. Automated Journalism and the Changing Newsroom 

Automated journalism refers to the use of computer systems to produce news content with limited 

direct human writing. It is particularly effective when information is available in a structured 

format.Examples include sports scores, weather updates, financial results, election statistics, and 

routine business reports. Carlson (2015) argues that automated journalism raises questions about the 

changing boundaries between human and machine labour in news production. When a computer 

transforms structured data into a readable news report, the traditional assumption that journalism 

requires a human writer becomes more complicated. 

However, automated journalism works best in specific circumstances. Structured information can be 

converted into predictable narratives relatively easily. Complex political developments, investigative 

stories, human-interest reporting, and sensitive social issues require much greater contextual 

understanding. This is why the future newsroom is unlikely to consist entirely of automated systems. 

Instead, it is more likely to involve a combination of journalists and AI tools. The Associated Press's 

experience provides an example. Its automation projects have focused on repetitive tasks, allowing 

journalists to spend more time on reporting and higher-value journalism (Associated Press, 
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2022).This suggests that AI may not necessarily eliminate journalism jobs in the short term. Instead, 

it may change the nature of journalistic work. The journalist of the future may spend less time typing 

routine reports and more time verifying information, interpreting data, developing sources, 

producing multimedia stories, investigating complex issues, and supervising automated systems. 

6. AI and Personalised News Distribution 

The digital environment has changed how audiences receive news. In the traditional newspaper 

model, editors decided the order and prominence of stories. In digital environments, algorithms 

increasingly determine which stories appear on an individual's screen. Personalization can improve 

audience experience. A reader interested in sports can receive more sports coverage. Another reader 

interested in international affairs can receive more international stories. AI can analyse reading 

patterns and recommend content based on previous behaviour. Reuters Institute research shows that 

publishers increasingly view AI-powered personalisation and recommendation as important areas of 

newsroom development. Its 2025 industry survey found that 80% of surveyed publishers considered 

personalisation and recommendation important for the year ahead, while 96% identified back-end 

efficiency as important (Newman, 2025).  

Personalisation can therefore help news organisations connect audiences with relevant 

content.However, it also creates concerns.If algorithms continually recommend stories similar to 

what a person has already consumed, audiences may receive a narrow range of perspectives. This 

can contribute to filter bubbles and ideological fragmentation.There is also the question of whether 

public-interest journalism should be governed by audience preferences alone. Important stories are 

not always the stories that audiences actively choose. Investigative reports, public health 

information, environmental issues, elections, and policy developments may be socially important 

even if they do not generate the highest engagement. 

7. AI and Audience Engagement 

Audience engagement has become a central concern for digital journalism. News organisations 

compete not only with other news organisations but also with entertainment platforms, influencers, 

creators, podcasts, social networks, and messaging applications. 
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News organisations can use AI-powered chatbots to allow users to ask questions about a news topic. 

AI can summarise long articles, translate stories, generate audio versions, create personalised 

newsletters, and help users navigate large archives. The Reuters Institute's 2025 Digital News Report 

found that audiences showed interest in several AI-supported news features, including summaries, 

translations, recommendations, and chatbots. However, audiences remained more comfortable when 

humans remained involved in the production process (Newman, 2025).  The 2025 Generative AI and 

News report further found that 19% of respondents had seen AI-generated bullet-point summaries 

and 16% had encountered AI chatbots while using news websites or apps.  

These features can improve accessibility 

A reader with limited time may prefer a short summary. A person with a visual impairment may 

prefer an audio version. A student may want a simplified explanation of a complex policy story. A 

multilingual audience may benefit from translation. However, audience engagement should not be 

reduced to clicks, likes, or time spent on a page. Journalism has a social responsibility that extends 

beyond engagement metrics.An AI system designed only to maximise engagement could favour 

sensationalism, outrage, or emotionally provocative content. Such a system might increase traffic 

while weakening the quality of public discourse.Therefore, responsible AI-driven audience 

engagement must balance user convenience with journalistic values. 

8. AI, News Trust, and Credibility 

Trust is one of the most important issues in contemporary journalism. Audiences expect journalists 

to provide accurate, verified, and independent information. AI creates both opportunities and risks 

for this relationship. 

On one hand, AI can support accuracy by identifying inconsistencies, checking large datasets, 

detecting duplicated content, and helping journalists locate relevant sources. On the other hand, AI 

can generate false information, reproduce bias, and create convincing fabricated content.  Recent 

audience research shows that people remain cautious about AI-generated news. The Reuters 

Institute's 2025 report found that only 12% of respondents were comfortable with news produced 

entirely by AI, compared with 62% for news produced entirely by human journalists. Comfort 

increased when humans remained involved in the process (Simon et al., 2025). This finding has 
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important implications. It suggests that audiences do not necessarily reject AI. Rather, they are 

uncomfortable with removing humans from editorial responsibility.The same report found that 

people generally viewed AI as capable of making news cheaper and more up-to-date, but they also 

expected it to make news less transparent and less trustworthy.  

This indicates that news organisations need to communicate clearly about how they use 

AI.Transparency can help establish a social contract between news organisations and audiences. 

9. Human Oversight and Editorial Judgment 

One of the strongest arguments for responsible AI journalism is the principle of human oversight. A 

journalist must decide whether a source is credible, whether an allegation deserves publication, 

whether information is in the public interest, whether a photograph is ethically appropriate, and 

whether a particular detail could unnecessarily harm an individual. 

These are not simply computational questions. A machine can identify that a story is receiving high 

engagement, but it cannot independently determine whether that story serves the public interest. An 

algorithm can identify a pattern in data, but a journalist must determine whether the pattern is 

meaningful. 

The Associated Press's current newsroom standards illustrate this approach. AP states that AI can 

assist with specific activities such as research, summarization, transcription, translation, headlines, 

and grammar, but editorial judgment, verification, and accountability remain the responsibility of 

journalists (Associated Press, 2026). Reuters has similarly stated that its journalists use generative 

AI in reporting, writing, editing, production, and publishing, while disclosing cases where AI plays a 

primary or substantial role in creating content (Reuters, 2024). These approaches suggest a model in 

which AI assists journalism but does not become the final editorial authority. 

10. Algorithmic Bias and Journalism 

Bias is one of the most complex challenges associated with AI. AI systems learn from data. If the 

training data contains social, cultural, political, gender, racial, linguistic, or economic biases, 

algorithms can reproduce or amplify those patterns.In journalism, algorithmic bias can influence 

which stories are recommended, which topics are classified as important, which sources are 
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prioritised, and how audiences are segmented. 

For example, a recommendation system might learn that sensational political content receives high 

engagement. If the algorithm optimises primarily for engagement, it may continue recommending 

similar material. Bias can also appear in automated language systems. Some languages and dialects 

may receive less accurate transcription or translation than widely represented languages. This issue 

is particularly relevant in India because of its linguistic diversity. AI systems designed primarily 

around English or other globally dominant languages may perform differently when handling Indian 

languages, regional dialects, or mixed-language communication. Journalists and news organisations 

should therefore test AI systems across different demographic and linguistic groups. They should 

also maintain mechanisms through which users and journalists can report algorithmic errors. Bias 

cannot always be completely eliminated, but it can be identified, monitored, disclosed, and reduced. 

11. Misinformation, Deepfakes, and Synthetic Media 

Generative AI has made it easier to create synthetic content. Images, audio, and videos can now be 

generated or manipulated at increasingly realistic levels. For journalism, this creates two major 

problems. First, AI can be used to produce misinformation and disinformation. Second, genuine 

journalistic material can be falsely labelled as AI-generated. The second problem is sometimes 

described as the "liar's dividend." As audiences become aware that synthetic media exists, 

individuals accused of wrongdoing may claim that authentic evidence is fake. Journalists therefore 

need new verification skills. AI-assisted verification tools can examine images, videos, audio files, 

metadata, visual inconsistencies, and other indicators. However, detection systems are not perfect. 

Journalists should combine technological tools with traditional verification techniques such as 

source confirmation, reverse image searching, location verification, comparison with original 

footage, and contacting people directly involved in an event. The development of AI therefore 

increases rather than reduces the importance of journalism's traditional verification function. 

12. Privacy and Data Protection 

AI journalism also raises questions about privacy. News organisations collect large amounts of 

audience data. This can include reading history, search behaviour, location information, device 

information, subscription data, and interaction patterns. AI systems can analyse this data to 
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personalise content. However, excessive data collection can create privacy risks. There is a 

fundamental ethical question here: how much should a news organisation know about its audience? 

Personalisation can be useful, but users should understand what information is collected and how it 

is being used. Data should not be collected simply because technology makes it possible. 

Privacy concerns also arise when journalists use AI tools to process confidential documents or 

interview transcripts. Uploading sensitive information to an external AI system could create risks if 

appropriate safeguards are not in place. News organisations therefore need clear internal policies 

covering confidential sources, unpublished material, personal data, and sensitive journalistic 

documents. 

13. Impact of AI on Journalistic Employment 

The possibility of job displacement is one of the most discussed concerns surrounding AI. Some 

routine journalistic tasks can already be automated. This naturally creates anxiety among journalists 

whose work involves repetitive reporting, transcription, translation, data processing, or basic content 

production. However, technological change does not necessarily mean that journalism itself will 

disappear. 

Historically, journalism has adapted to technological developments. Desktop publishing changed 

newspaper production. Digital cameras changed photojournalism. Content management systems 

changed newsroom workflows. Social media changed distribution. AI is likely to create a similar 

transformation. 

Some roles may decline, while new roles emerge. These may include AI editors, data journalists, 

verification specialists, audience analysts, prompt specialists, computational reporters, AI policy 

managers, and digital forensic journalists. The journalist's professional identity may therefore shift 

from being primarily a content producer to being a content producer, investigator, verifier, editor, 

and technology supervisor. 

This makes reskilling essential. Journalism education should introduce students to AI tools while 

continuing to teach traditional reporting. Technical knowledge without journalistic ethics is 

insufficient. Similarly, traditional journalism skills without digital literacy may leave graduates 

unprepared for modern newsrooms. 
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14. AI and Journalism Education 

Journalism schools and universities have a major role in preparing future professionals. Students 

should understand how AI systems work at a basic conceptual level. They do not necessarily need to 

become programmers, but they should understand concepts such as machine learning, generative AI, 

algorithmic bias, hallucination, data privacy, synthetic media, and content provenance. 

Practical training should include: 

1. AI-assisted research 

2. AI-supported transcription 

3. Data analysis 

4. Fact-checking 

5. Synthetic media verification 

6. AI-assisted translation 

7. Automated content generation 

8. Prompt design 

9. Algorithmic accountability 

10. AI ethics 

At the same time, students must continue developing traditional skills such as interviewing, source 

verification, news writing, editing, photography, video production, investigative journalism, media 

law, and communication ethics. 

15. The Future Relationship Between Journalists and AI 

The future of journalism is unlikely to be completely human or completely automated. It is more 

likely to be collaborative. AI is particularly strong at speed, scale, pattern recognition, repetitive 

processing, and information organisation. Human journalists remain stronger in areas requiring 

empathy, contextual understanding, ethical reasoning, source relationships, creativity, skepticism, 

and public accountability. 

A journalist could use AI to transcribe a two-hour interview, identify key themes, compare 

statements with previous public records, translate selected sections, and suggest possible follow-up 
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questions. The journalist would then verify the information, conduct additional interviews, decide 

what is newsworthy, and produce the final story. Such a workflow can make journalism more 

efficient without removing the human element. The future journalist may therefore be less concerned 

with competing against AI and more concerned with learning how to work effectively with it. 

16. Conclusion 

Artificial Intelligence is changing journalism at a speed that few previous technologies have 

matched. It is influencing how journalists gather information, analyse data, write stories, edit 

content, distribute news, and interact with audiences. From automated earnings reports and 

transcription to personalised recommendations and conversational news interfaces, AI has moved 

from being an experimental technology to becoming an increasingly important part of the modern 

newsroom. 

The benefits are significant. AI can reduce repetitive work, improve efficiency, support multilingual 

communication, process large datasets, increase accessibility, and help journalists produce more 

content for increasingly diverse audiences. It can allow journalists to spend more time on 

investigative reporting, original storytelling, and complex public-interest issues. However, 

technological efficiency cannot be treated as a substitute for journalistic responsibility. 

The major challenges include misinformation, algorithmic bias, hallucinations, privacy concerns, 

deepfakes, lack of transparency, audience manipulation, and possible employment disruption. These 

challenges become particularly serious because journalism is not simply a commercial activity. It 

performs an important democratic function by providing citizens with information required to 

understand society and participate in public life. Current audience research reinforces the importance 

of human involvement. People are generally more comfortable when AI supports journalists than 

when AI replaces them. The Reuters Institute's findings show a clear preference for human-led 

journalism and continued concerns about transparency and trust when AI is used extensively (Simon 

et al., 2025). The appropriate response is therefore neither complete rejection of AI nor 

unquestioning technological enthusiasm. Journalism needs a balanced approach based on human 

oversight, transparency, verification, ethical governance, and continuous professional education. AI 

should handle what machines are good at: processing large amounts of information, identifying 

patterns, automating repetitive tasks, assisting with transcription, translation, and personalisation, 
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and supporting newsroom efficiency. Journalists should continue doing what humans are uniquely 

positioned to do: asking difficult questions, building relationships with sources, understanding social 

context, exercising ethical judgment, investigating wrongdoing, interpreting complex events, and 

holding powerful institutions accountable. 
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Abstract 

 

The fashion industry has grown rapidly over the last few decades, but this growth has also created 

serious environmental and social concerns, including textile waste, excessive resource consumption, 

carbon emissions and concerns related to labour practices. Sustainable fashion has therefore emerged 

as an important approach to reducing the negative effects associated with conventional fashion 

consumption. Generation Z is particularly relevant to this discussion because of its strong digital 

presence, growing purchasing influence and exposure to environmental and social issues. However, 

being aware of sustainability does not necessarily mean that consumers consistently purchase 

sustainable products. 

This study examines the consumer behaviour of Generation Z towards sustainable fashion products 

in the Indian context. The research focuses on awareness, environmental concern, attitudes, purchase 

behaviour, product quality, price, social media influence and perceived barriers. A quantitative and 

descriptive research design was adopted. Primary data were collected through a structured online 

questionnaire from 25 Generation Z respondents aged between 18 and 27 years using convenience 

sampling. The responses were analysed using Microsoft Excel through frequency and percentage 

analysis. The findings indicate that respondents demonstrate a generally positive attitude towards 

sustainable fashion and possess considerable awareness of its environmental and ethical dimensions. 

Most respondents had purchased sustainable fashion products at least once, but regular purchasing 

was comparatively lower. Product quality and durability emerged as important considerations, while 

social media played a noticeable role in awareness and purchase decisions. Although many 

respondents were willing to pay somewhat more for sustainable products, price and availability 

continued to act as barriers. The study highlights the continuing gap between positive attitudes and 

actual purchasing behaviour and suggests that affordability, accessibility, product quality and 
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transparent communication are important for encouraging more consistent sustainable fashion 

consumption among Generation Z in India. 

Keywords: Generation Z, sustainable fashion, consumer behaviour, purchase intention, 

environmental awareness, social media, Indian fashion market 

1. Introduction 

Fashion is closely connected with everyday life, identity, culture and self-expression. At the same 

time, the rapid expansion of fashion production and consumption has created environmental and 

social challenges. The growth of fast fashion has encouraged consumers to purchase garments more 

frequently and to replace them quickly. This pattern contributes to increasing textile waste and 

places pressure on natural resources and production systems. Sustainable fashion has developed in 

response to these concerns and promotes more responsible approaches to the design, production, 

distribution and consumption of fashion products. 

Sustainable fashion can be understood not simply as the use of environmentally friendly materials, 

but as a broader approach that considers environmental protection, ethical labour, responsible 

sourcing, durability and responsible consumption. Niinimäki (2010) notes that clothing has a strong 

relationship with consumer identity and values, making sustainable fashion more complex than a 

purely environmental choice. Consumers may use clothing to communicate who they are and what 

they value, including their ethical and environmental beliefs. 

Consumer behaviour is therefore central to the transition towards sustainable fashion. Even when 

consumers understand the environmental consequences of fashion, their final purchasing decisions 

can be shaped by practical considerations such as price, quality, style, convenience and availability. 

Joergens (2006) identified this tension in ethical fashion consumption, showing that consumers may 

express concern about ethical issues while still prioritising personal needs when making actual 

purchases. Similarly, McNeill and Moore (2015) found that consumers may experience a conflict 

between their sustainability values and their desire for fashionable, convenient and affordable 

clothing. 

Generation Z has become an important consumer group in this context. Generally associated with 

individuals born from the late 1990s to the early 2010s, this generation has grown up with digital 
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technologies and social media. They are regularly exposed to information about climate change, 

ethical consumption, environmental responsibility and social issues. Their digital behaviour also 

makes them an important audience for fashion brands and influencers. 

However, awareness alone may not be sufficient to create sustained purchasing behaviour. This 

study therefore examines how Generation Z consumers in India perceive sustainable fashion and 

how awareness, environmental concern, product attributes, price and social media influence their 

purchasing behaviour. The study also considers the barriers that prevent consumers from purchasing 

sustainable fashion products more frequently. 

2. Review of Literature 

2.1 Sustainable Fashion and Consumer Behaviour 

Sustainable fashion consumption involves more than choosing an environmentally friendly garment. 

It includes the way consumers select, purchase, use, maintain and eventually dispose of clothing. 

Niinimäki (2010) explains that eco-fashion is connected with consumer identity, personal values and 

ethical commitment. This suggests that sustainable fashion choices can be influenced by both 

environmental beliefs and the symbolic meaning of clothing. 

Joergens (2006) found that consumers often support ethical fashion in principle but may hesitate 

when ethical products require them to compromise on price, style or convenience. This observation 

remains important because fashion is a highly personal category in which consumers frequently 

balance ethical values against aesthetic and functional expectations. 

McNeill and Moore (2015) similarly found that consumers may have different motivations for 

engaging with sustainable fashion. Some may be primarily concerned with personal benefits, while 

others may be influenced by social or environmental considerations. Sustainable fashion 

consumption is therefore not driven by a single motivation. 

2.2 Environmental Awareness 

Environmental awareness is frequently identified as an important factor in sustainable consumption. 

Consumers who understand the environmental consequences of fashion production may be more 
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inclined to consider sustainable alternatives. Han, Seo, and Ko (2017) examined sustainable fashion 

product consumption and highlighted the continuing gap between consumers' sustainability concerns 

and actual purchasing behaviour. 

Environmental awareness is particularly relevant to Generation Z because digital media has made 

environmental information widely accessible. Young consumers can easily encounter content 

relating to textile waste, pollution, ethical production and climate change. However, knowledge must 

be accompanied by accessible and attractive products if it is to influence purchasing behaviour 

consistently. 

2.3 Generation Z and Sustainable Consumption 

Generation Z represents a significant consumer segment because of its digital connectivity and 

increasing market influence. The generation is frequently associated with authenticity, social 

responsibility and greater awareness of social issues. At the same time, Generation Z is highly 

exposed to fashion trends through social media. 

This creates an interesting contradiction. Social media can educate young consumers about 

sustainability while simultaneously encouraging rapid consumption through influencer culture, trend 

cycles and digital advertising. Consequently, social media can both support and challenge 

sustainable fashion consumption. 

2.4 Product Quality, Price and Style 

Sustainability is unlikely to become a strong purchasing factor if the product does not satisfy basic 

consumer expectations. Quality, durability, comfort and style remain important considerations. 

McNeill and Moore (2015) demonstrate that consumers may support sustainable fashion but 

continue to be influenced by fashionability and personal preferences. 

Price is another major consideration. Sustainable products may be perceived as expensive because of 

the cost of responsible materials, ethical production and smaller production volumes. Joergens 

(2006) observed that consumers may hesitate to purchase ethical clothing when it requires a 

significant financial sacrifice. 
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This suggests that sustainable fashion brands need to move beyond simply communicating 

environmental benefits. Consumers must also perceive the product as offering good value, attractive 

design and durability. 

2.5 Social Media and Influencer Influence 

Social media has become an important part of the fashion decision-making process. Platforms such 

as Instagram, YouTube and other digital channels provide consumers with product information, 

reviews, styling ideas and recommendations. Influencers can also shape perceptions of fashion 

brands and products. 

Vrontis et al. (2021) describe social media influencer marketing as an increasingly important part of 

the consumer decision journey. For sustainable fashion, influencers can potentially make 

environmental concepts easier to understand by connecting sustainability with everyday fashion 

choices. However, the influence of social media is not always positive. Rapidly changing trends can 

encourage frequent purchases and short product life cycles. Sustainable fashion communication must 

therefore compete with the culture of constant novelty promoted by digital platforms. 

2.6 Theoretical Perspective 

The Theory of Planned Behaviour provides a useful framework for understanding sustainable 

purchasing decisions. Ajzen (1991) explains that behavioural intentions are influenced by attitudes, 

subjective norms and perceived behavioural control. In the context of sustainable fashion, a 

consumer may have a positive attitude towards environmentally responsible clothing, may feel that 

friends and social groups support sustainable consumption, and may intend to purchase sustainable 

products. However, the actual purchase can still be prevented if the product is too expensive, 

unavailable or difficult to access. This theoretical perspective helps explain why a positive attitude 

does not automatically result in regular purchasing behaviour. The consumer may support 

sustainability but lack the practical ability or opportunity to act on that belief. 

3. Research Gap 

Existing literature indicates that environmental awareness, ethical values, product quality, social 

influence and sustainability perceptions influence consumer attitudes towards sustainable fashion. 
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However, an attitude-behaviour gap remains evident. Consumers may express strong support for 

sustainability while continuing to purchase conventional fashion because of price, availability, style, 

convenience or established shopping habits. A further gap exists in understanding this issue within 

the Indian Generation Z market. Much of the established literature has examined sustainable 

consumption in international contexts, while consumer behaviour in India is shaped by its own 

economic, cultural and digital environment. The present study therefore focuses specifically on 

Generation Z consumers in India and examines how awareness and positive attitudes relate to actual 

sustainable fashion purchasing behaviour. 

4. Research Objectives 

The study aims to examine the consumer behaviour of Generation Z towards sustainable fashion 

products. 

The specific objectives are: 

1. To assess the awareness of Generation Z consumers regarding sustainable fashion. 

2. To examine their attitudes towards sustainable fashion products. 

3. To identify factors influencing sustainable fashion purchase decisions. 

4. To understand the influence of environmental concern on purchasing behaviour. 

5. To examine the influence of price, quality, style and availability. 

6. To assess the role of social media in sustainable fashion decisions. 

7. To examine the relationship between sustainability awareness and actual purchasing 

behaviour. 

8. To identify barriers to regular sustainable fashion consumption. 

9. To provide recommendations for fashion brands and marketers. 

5. Research Methodology 

The study adopted a quantitative, descriptive and cross-sectional research design. The research was 

designed to understand the existing perceptions and purchasing behaviour of Generation Z rather 

than manipulate any variables. A quantitative approach was considered appropriate because the 

study required measurable responses that could be presented through frequencies and percentages. 

The target population consisted of Generation Z consumers in India. For the purpose of the study, 
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respondents between 18 and 27 years of age were considered. A convenience sampling technique 

was used because respondents were selected based on accessibility and willingness to participate. 

Primary data were collected from 25 respondents using a structured questionnaire. The questionnaire 

included questions related to demographic characteristics, awareness of sustainable fashion, 

environmental concern, attitudes, purchasing behaviour, product quality, price, social media and 

willingness to pay more for sustainable products. 

The questionnaire was distributed online through Google Forms. The survey link was shared through 

platforms including WhatsApp, Instagram, Facebook, LinkedIn, email and student networks. 

Participation was voluntary, and respondents were informed about the academic purpose of the 

study. 

The collected responses were analysed using Microsoft Excel. Frequency and percentage analysis 

were used to identify general patterns in the responses. Since the sample consisted of only 25 

respondents and was selected through convenience sampling, the findings should be viewed as 

exploratory rather than representative of the entire Indian Generation Z population. 

6. Findings and Discussion 

6.1 Awareness of Sustainable Fashion 

The findings show that most respondents were familiar with the concept of sustainable fashion. Only 

a small number reported limited awareness. This suggests that sustainability has become a relatively 

familiar concept among the young consumers represented in the sample. 

The finding is consistent with the broader literature, which identifies younger consumers as 

increasingly exposed to environmental information and sustainability-related communication. 

However, awareness should not be interpreted as proof of regular sustainable purchasing. 

6.2 Actual Purchasing Behaviour 

Most respondents reported purchasing sustainable fashion products at least once. However, regular 

purchasing was considerably lower. This is one of the most important findings of the study because 

it clearly demonstrates the difference between awareness and behaviour. 
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The finding supports the attitude-behaviour gap discussed by Joergens (2006), Niinimäki (2010) and 

McNeill and Moore (2015). Consumers may genuinely care about sustainability but still make 

conventional purchases when faced with practical considerations. In everyday shopping, consumers 

are not necessarily choosing between sustainability and non-sustainability in isolation. They are also 

considering whether a product looks good, fits their budget, is easily available and offers sufficient 

quality. Sustainable consumption therefore requires products that fit naturally into consumers' 

everyday lives. 

6.3 Environmental Concern 

Respondents generally demonstrated a high level of awareness regarding the environmental impact 

of the fashion industry. Most respondents selected positive responses when asked whether they were 

aware of fashion's environmental effects. 

This indicates that environmental concern is present among the respondents and may contribute to 

positive attitudes towards sustainable fashion. The finding is consistent with the Theory of Planned 

Behaviour, where positive attitudes can contribute to purchase intention (Ajzen, 1991). However, 

environmental concern alone does not guarantee behaviour. The lower frequency of regular 

sustainable purchases suggests that other factors continue to intervene between concern and action. 

6.4 Importance of Sustainable Fashion 

A majority of respondents considered sustainable fashion important. They also expressed positive 

attitudes towards brands that adopt ethical and environmentally responsible practices. This finding 

suggests that sustainability has moved beyond being a niche concern. For young consumers, the 

values associated with a fashion brand can contribute to its attractiveness. This supports the 

argument that sustainable fashion can become part of a consumer's identity and value system 

(Niinimäki, 2010). 

6.5 Product Quality and Durability 

Quality and durability received consistently positive responses. Respondents appeared to value 

products that last longer and provide good value for money. This finding is particularly significant 

because it provides a practical direction for fashion brands. Sustainable fashion should not be 
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promoted only as an environmental choice. Durability can be communicated as a direct consumer 

benefit. A garment that lasts longer can be presented as both economically sensible and 

environmentally responsible. Lundblad and Davies (2016) similarly emphasised the importance of 

purchasing criteria and personal values in sustainable fashion consumption. Consumers are more 

likely to engage with sustainable fashion when the product provides meaningful value in addition to 

its ethical characteristics. 

6.6 Social Media Influence 

The findings indicate that social media has a moderate to strong influence on sustainable fashion 

awareness and purchasing decisions. Respondents reported using digital platforms as sources of 

information about fashion and sustainability. 

This is important because Generation Z interacts with fashion through a highly visual digital 

environment. Influencers, brand campaigns, styling content and consumer reviews can affect how 

sustainable products are perceived. 

At the same time, social media creates a challenge. The same platforms that promote sustainable 

fashion can also encourage frequent consumption. Sustainable fashion communication should 

therefore focus on quality, long-term use, styling versatility, repair, reuse and responsible 

consumption rather than simply encouraging another purchase. 

6.7 Willingness to Pay More 

Most respondents indicated some willingness to pay a slightly higher price for sustainable fashion. 

However, price remained a barrier for some participants. 

This finding demonstrates that consumers may accept a moderate price premium when they 

understand the value of the product, but affordability remains important. Joergens (2006) and 

McNeill and Moore (2015) similarly demonstrate that ethical preferences can be weakened when 

consumers perceive sustainable products as financially demanding. 

Brands therefore need to make sustainability economically accessible rather than treating it only as a 

premium market proposition. 
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7. Implications for the Fashion Industry 

The findings provide several practical implications for fashion brands targeting Generation Z in 

India.First, brands should focus on value rather than sustainability claims alone. Quality, 

durability, comfort and design should be integrated into sustainability communication. 

Second, brands should work towards greater affordability and accessibility. Sustainable fashion 

will have greater potential for wider adoption when products are available at price points that young 

consumers can realistically afford. 

Third, brands should use social media for education as well as promotion. Content can explain 

materials, production processes, garment care, repair, recycling and responsible consumption in a 

simple and engaging way. 

Fourth, brands should maintain transparency in sustainability communication. Consumers are 

increasingly exposed to sustainability claims, and unclear or exaggerated claims can weaken trust. 

Transparent information about materials, production and sourcing can strengthen credibility. 

Finally, fashion businesses should explore circular consumption models, including repair, resale, 

recycling, upcycling and clothing take-back programmes. Such approaches can provide consumers 

with practical ways to participate in sustainability beyond purchasing new products. 

8. Limitations of the Study 

The study has several limitations. The most important limitation is the small sample size of 25 

respondents. Since convenience sampling was used, the respondents cannot be considered 

statistically representative of the entire Generation Z population in India. 

The research also relies on self-reported responses. Respondents may express stronger 

environmental concern than they demonstrate through actual purchasing behaviour. This possibility 

is particularly relevant to sustainability research because social expectations can influence responses. 

The study is also limited to Generation Z and does not compare their behaviour with Millennials or 

other age groups. In addition, the research provides a snapshot of consumer behaviour at one point in 
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time. Consumer attitudes may change as sustainable products, technologies, social media trends and 

economic conditions develop. 

Future research could use a larger and more diverse sample and compare respondents across 

different Indian cities, income groups and educational backgrounds. Qualitative interviews could 

also provide deeper insight into why consumers who support sustainable fashion do not always 

purchase it regularly. 

9. Conclusion 

The study demonstrates that Generation Z consumers represented in the sample have a generally 

positive attitude towards sustainable fashion and considerable awareness of environmental and 

ethical issues associated with the fashion industry. Many respondents had purchased sustainable 

fashion products at least once and expressed a preference for brands that demonstrate responsible 

practices. 

However, awareness has not yet translated into consistent purchasing behaviour. The lower level of 

regular purchasing indicates the continued presence of an attitude-behaviour gap. Price, accessibility 

and availability remain important barriers, while product quality and durability strongly influence 

consumer decisions.Social media has emerged as an important source of awareness and influence. 

This creates an opportunity for fashion brands to engage Generation Z through credible, transparent 

and educational digital communication. However, digital marketing should avoid promoting 

sustainability while simultaneously encouraging excessive consumption. 

The findings suggest that the future of sustainable fashion among Generation Z will depend on 

making responsible choices practical and desirable. Consumers need products that are sustainable, 

but they also expect quality, attractive design, affordability and convenience. For this reason, the 

transition towards sustainable fashion should not be presented as a choice between fashion and 

environmental responsibility. Instead, sustainability should become part of the overall value offered 

by a fashion product.Generation Z has the potential to become an important driver of sustainable 

fashion consumption in India. Realising this potential will require cooperation among brands, 

consumers, educators and policymakers. If sustainable products become more accessible, affordable, 

durable and trustworthy, positive consumer attitudes may increasingly translate into regular 
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purchasing behaviour. 
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Abstract 

The rapid advancement of artificial intelligence (AI) has transformed digital communication by 

enabling the creation of highly realistic synthetic media, commonly known as deepfakes. While this 

technology offers innovative applications in entertainment, education, and content creation, it also 

presents significant challenges by facilitating the spread of misinformation, fake news, and 

manipulated digital content. This chapter examines the growing impact of deepfake technology on 

digital communication, with a particular focus on its role in the dissemination of misinformation 

across social media platforms and online news environments. It explores the technological 

foundations of deepfakes, their implications for journalism, public opinion, and democratic 

processes, and the challenges faced by governments, media organizations, and technology 

companies in detecting and mitigating AI-generated deceptive content. The chapter also discusses 

existing regulatory frameworks, AI-based detection techniques, media literacy initiatives, and ethical 

considerations necessary to combat the misuse of deepfake technology. 

By reviewing recent literature and real-world examples, this chapter aims to provide a 

comprehensive understanding of the risks associated with deepfakes while highlighting strategies for 

promoting responsible AI use, digital literacy, and trustworthy communication in the evolving digital 

landscape. 

Keywords: Deepfakes, Artificial Intelligence, Misinformation, Digital Communication, Fake News, 

Social Media 

1. Introduction 

Digital communication has changed considerably over the past two decades. The movement from 

traditional mass media toward social media, video-sharing platforms, messaging applications, and 

algorithmically driven news environments has made communication faster, more participatory, and 

more accessible. Individuals are no longer only consumers of information. They can record, edit, 
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publish, distribute, and comment on content within seconds. This transformation has created new 

opportunities for public participation and creative expression, but it has also made the information 

environment increasingly vulnerable to manipulation. 

Among the most significant developments in this changing environment is the emergence of 

deepfake technology. Deepfakes are synthetic or manipulated forms of audio, video, and imagery 

generated or modified through artificial intelligence. They can make an individual appear to say 

something they never said, perform an action they never performed, or appear in a situation in which 

they were never present. Advances in generative artificial intelligence have made the production of 

realistic synthetic media increasingly accessible to ordinary users rather than limiting it to highly 

specialized technical communities (Mirsky & Lee, 2021). 

The concern surrounding deepfakes is not simply that false content can be produced. Manipulated 

media existed long before artificial intelligence. Photographs could be edited, videos could be 

selectively cut, and audio recordings could be taken out of context. Paris and Donovan (2019) 

therefore distinguish between technologically sophisticated deepfakes and what they describe as 

"cheap fakes," where simple editing, cropping, selective sequencing, or misleading contextualization 

can create deceptive impressions. The larger problem is the changing relationship between audiences 

and evidence. When people can no longer confidently determine whether an apparently authentic 

video is genuine, the credibility of visual communication itself becomes uncertain. 

The challenge is particularly serious because contemporary communication is strongly visual. 

Videos and images often create an immediate impression of authenticity. Audiences may assume 

that seeing is equivalent to knowing. A realistic video of a public figure therefore has persuasive 

power even when the content is completely fabricated. Research by Vaccari and Chadwick (2020) 

suggests that political deepfakes can increase uncertainty and influence perceptions of political 

communication, particularly when audiences are already uncertain about the reliability of 

information. 

Deepfakes also operate within an information ecosystem characterized by rapid sharing, 

personalization, political polarization, and declining attention spans. A fabricated video can move 

from one platform to another before journalists, fact-checkers, or authorities have an opportunity to 

verify it. In such circumstances, the speed of communication becomes an advantage for 
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misinformation. As Wardle and Derakhshan (2017) explain through the broader concept of 

information disorder, contemporary misinformation problems involve not only false information but 

also deliberately created disinformation and harmful information designed to manipulate audiences. 

The deepfake problem, therefore, cannot be understood only as a technological problem. It is 

simultaneously a communication, journalistic, social, political, ethical, legal, and educational 

problem. Addressing it requires cooperation between technology developers, journalists, 

policymakers, educators, researchers, civil society organizations, and ordinary users. 

2. Understanding Deepfake Technology 

The term "deepfake" is associated with deep learning, a branch of artificial intelligence that uses 

neural networks to learn patterns from large amounts of data. Early deepfake systems relied heavily 

on generative adversarial networks, commonly known as GANs. GANs involve two competing 

neural networks. One generates synthetic content while another attempts to distinguish generated 

content from authentic material. Through repeated training, the generator becomes increasingly 

capable of producing realistic outputs. 

More recent developments have expanded beyond traditional GAN-based systems. Diffusion models 

and other generative architectures can now create highly detailed images, modify existing 

photographs, synthesize voices, and produce increasingly sophisticated video content. Contemporary 

research identifies image, video, audio, and multimodal deepfakes as important categories of 

synthetic media (Croitoru et al., 2024). The increasing quality of these systems has created a moving 

target for researchers working on detection. 

Deepfakes can generally be divided into several forms. Face-swapping involves replacing one 

person's face with another. Facial reenactment attempts to reproduce facial expressions or 

movements. Lip-syncing changes mouth movements to match new speech. Voice cloning can 

reproduce the characteristics of an individual's voice. Fully synthetic media can create people or 

scenes that never existed. These techniques can also be combined, allowing creators to produce 

highly convincing audio-visual fabrications. 

There are legitimate uses for these technologies. Film production can use synthetic media to recreate 

historical environments or support visual effects. Education can employ synthetic characters for 
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simulations and interactive learning. Artists and content creators can experiment with new forms of 

storytelling. Accessibility applications can use synthetic voices to assist people who have lost their 

ability to speak. Therefore, deepfake technology should not automatically be treated as harmful. 

The problem arises when the technology is used deceptively, without appropriate disclosure or 

consent. The same tools that can support creative communication can also be used to impersonate 

public figures, fabricate statements, manipulate political messages, conduct fraud, or damage 

reputations. Chesney and Citron (2019) argue that deepfakes create distinctive challenges because 

they can affect privacy, personal reputation, democratic processes, and national security 

simultaneously. 

This dual nature makes policy difficult. A blanket prohibition on synthetic media could restrict 

legitimate creative and artistic applications. At the same time, a completely unrestricted environment 

could allow malicious actors to exploit the technology. The central challenge is therefore to 

distinguish responsible synthetic media from deceptive manipulation. 

3. Deepfakes and the Spread of Misinformation 

Misinformation refers broadly to false or inaccurate information that is shared without necessarily 

having the intention to cause harm. Disinformation, in contrast, involves deliberately creating or 

distributing false information to deceive or manipulate audiences. Deepfakes can contribute to both 

forms of information disorder. 

An individual may unknowingly share an AI-generated video because they believe it is authentic. In 

this situation, the person becomes a distributor of misinformation without intending to deceive 

anyone. In another situation, a political organization or coordinated influence campaign may 

deliberately create a fabricated video to damage an opponent. Here, the same technology becomes an 

instrument of disinformation. 

The distinction matters because solutions must address both the content and the communication 

environment. Removing a fake video may be necessary, but it does not address the audience's 

reasons for believing it. Similarly, educating users about deepfakes will not be sufficient if organized 

networks deliberately create and distribute thousands of misleading materials. 
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Deepfakes can be particularly effective when they confirm an existing belief. A person who already 

dislikes a political leader may be more willing to believe a fabricated video showing that leader 

behaving irresponsibly. This reflects the wider influence of confirmation bias and motivated 

reasoning in digital communication. Deepfakes therefore do not necessarily create beliefs from 

nothing. In many cases, they strengthen existing assumptions. 

The emotional nature of social media further increases this risk. Content involving anger, fear, 

outrage, humiliation, or surprise tends to attract attention and engagement. A fabricated video 

designed around an emotionally powerful event may therefore travel more quickly than a carefully 

researched correction. The result is an imbalance between the speed of false information and the 

slower process of verification. 

This problem existed before generative AI. However, deepfakes add a new layer because they can 

create apparently direct evidence. A false written statement can be questioned as a claim. A realistic 

video appears to provide visual proof. This can make audiences more vulnerable to manipulation. 

Paris and Donovan (2019) emphasize that the danger does not come exclusively from sophisticated 

artificial intelligence. A misleading caption attached to a genuine photograph, an old video presented 

as a recent event, or a genuine speech edited to remove important context may be equally influential. 

Consequently, the fight against deepfakes must be part of a broader effort to improve information 

quality. 

4. Deepfakes, Social Media, and Digital Communication 

Social media platforms have fundamentally changed the way information is distributed. Traditional 

news organizations operated through editorial systems in which professional journalists, editors, and 

gatekeepers determined which information reached the public. Social media has introduced a more 

decentralized system where individuals, influencers, organizations, automated accounts, and 

anonymous users can all participate in information distribution. 

This environment creates both opportunities and risks. On the positive side, social media can 

democratize communication and allow citizens to document events that might otherwise receive 

limited media attention. On the negative side, the absence of consistent editorial gatekeeping makes 

it easier for fabricated content to circulate. 
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The architecture of social platforms can amplify this problem. Content is often recommended on the 

basis of engagement, relevance, previous user behavior, and other algorithmic signals. A 

controversial deepfake may therefore receive greater visibility because users react strongly to it. 

Once the content becomes popular, its popularity itself can be interpreted as evidence of importance 

or credibility. 

Another difficulty is cross-platform circulation. A fabricated video may initially appear on a small 

account, then be copied to messaging applications, reposted on short-video platforms, embedded in 

blogs, and eventually discussed by mainstream media. At each stage, the original source can become 

less visible. Audiences may encounter the content without knowing where it originated. 

India provides an important example of this challenge because of its enormous and linguistically 

diverse digital population. During the 2024 Indian general election, AI-generated videos involving 

Bollywood actors were circulated as if the actors had expressed political opinions. The fabricated 

videos involving Aamir Khan and Ranveer Singh demonstrated how synthetic media could be used 

within a highly active political information environment (Associated Press, 2024).  

The Indian context also demonstrates why deepfake detection cannot depend only on technological 

tools. Content may circulate across multiple languages, regional networks, political communities, 

and messaging applications. A detection system developed primarily for one linguistic or cultural 

environment may not perform equally well in another. 

5. Impact on Journalism and News Credibility 

Journalism has a particularly complicated relationship with deepfakes. On one hand, journalists are 

expected to investigate and expose manipulated media. On the other hand, journalists themselves 

may become victims of synthetic content or may unintentionally amplify a false claim by reporting 

on it before verification. 

The traditional journalistic principle of verification becomes even more important in an environment 

of synthetic media. A journalist cannot assume that a video is authentic simply because it appears to 

come from a recognizable account. The source, metadata, context, date, location, original upload, 

and other available evidence need to be examined. 
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Deepfakes can also create what may be called a "verification burden." Journalists may have to spend 

substantial time authenticating material before publishing it. This is especially difficult in breaking 

news situations, where audiences expect immediate updates. 

At the same time, journalists face another danger: the "liar's dividend." When society becomes aware 

that realistic synthetic media can be created, genuine evidence can also be dismissed as fake. 

Chesney and Citron (2019) highlight this broader concern. A public figure accused of wrongdoing 

may simply claim that an authentic recording is an AI-generated fake. Consequently, deepfakes do 

not only create false evidence. They can weaken confidence in genuine evidence. 

This creates a difficult environment for investigative journalism. Journalists need increasingly 

sophisticated digital forensic skills, but they must also retain traditional reporting practices such as 

source verification, corroboration, interviews, documentation, and contextual analysis. 

News organizations should therefore develop internal protocols for synthetic media verification. 

These protocols may include reverse image searches, frame-by-frame analysis, source tracing, 

metadata examination, audio analysis, geolocation, comparison with independent recordings, and 

consultation with forensic experts. 

6. Deepfakes and Public Opinion 

Public opinion is shaped not only by the information people receive but also by how credible they 

believe that information to be. Deepfakes threaten this process by creating uncertainty about the 

authenticity of media. 

Vaccari and Chadwick (2020) found that exposure to synthetic political videos can affect 

perceptions of political communication and increase uncertainty. The significance of this finding 

goes beyond individual deception. Democracy depends on citizens having access to reasonably 

reliable information when forming political judgments. 

A fabricated video of a political candidate making an offensive statement, announcing a policy, or 

appearing to support an extremist position could influence voter perceptions. Even if the video is 

later disproved, some viewers may remember the original claim. Corrections do not always reach the 

same audience as the original content. 
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The impact can also be psychological. When audiences repeatedly encounter claims that videos may 

be fake, they may become increasingly skeptical of all political media. Excessive skepticism can be 

as problematic as excessive trust. A healthy information environment requires critical evaluation 

rather than complete distrust. 

The problem becomes particularly serious during elections. Political campaigns operate under tight 

deadlines, and false information can influence voters before corrective information becomes 

available. During the 2024 United States election, fabricated videos and other misleading materials 

were used to create false narratives about candidates and election processes. U.S. authorities also 

investigated fabricated election-related videos attributed to Russian influence actors (Associated 

Press, 2024).  

These cases demonstrate that deepfakes can become tools of political influence. Their purpose may 

not always be to persuade audiences to support one particular candidate. Sometimes the objective 

may simply be to create confusion, reduce confidence in institutions, or increase political 

polarization. 

7. Threats to Democratic Processes 

Democratic communication depends on informed citizens, credible institutions, free expression, and 

access to reliable information. Deepfakes can affect all four. 

First, they can manipulate political discourse. Second, they can impersonate candidates or public 

officials. Third, they can create false evidence of political misconduct. Fourth, they can increase 

distrust in election institutions. Finally, they can contribute to political polarization by creating 

emotionally charged narratives. 

However, it is important not to exaggerate the threat. Deepfakes are not automatically successful. 

Their influence depends on context, distribution, audience characteristics, political circumstances, 

and the credibility of the source. Paris and Donovan (2019) remind us that relatively simple forms of 

manipulation can sometimes be more effective than technically sophisticated deepfakes. 

The most important democratic risk may therefore be the cumulative effect of information 

uncertainty. If citizens begin to believe that any inconvenient evidence could be artificially 
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generated, public debate becomes more difficult. This creates an environment in which facts become 

increasingly contested. The solution cannot be to create an authority that simply declares which 

information is true. Such a system could itself become a tool for censorship or political control. 

Instead, democratic societies need transparent verification mechanisms, independent journalism, 

digital literacy, platform accountability, and clear legal safeguards. 

8. Deepfake Detection: Opportunities and Limitations 

Technological detection is one of the major responses to deepfakes. Researchers have developed 

systems that examine visual artifacts, facial movements, eye patterns, lighting inconsistencies, 

compression characteristics, audio irregularities, and other signals. Machine learning models can be 

trained on known authentic and synthetic examples to identify patterns associated with manipulation. 

However, detection is an ongoing technological race. As generative systems improve, the artifacts 

that once made deepfakes relatively easy to identify may disappear. A detector trained on one 

generation of synthetic media may perform poorly against content created using a newer model. 

Recent research has highlighted the generalization problem. State-of-the-art detectors can perform 

well on known datasets but may fail when presented with deepfakes produced by previously unseen 

generators (Croitoru et al., 2024). This is a major concern because real-world content is rarely 

identical to controlled laboratory datasets. Human detection is also imperfect. Research involving 

thousands of participants found that ordinary viewers and machine-based detectors can make 

different types of errors, while combining human and machine judgments can sometimes improve 

performance (Groh et al., 2021). This suggests that the most effective approach may involve human-

machine collaboration rather than complete dependence on automated detection. NIST's work on 

synthetic content similarly emphasizes that no single technical solution is sufficient. Content 

provenance, watermarking, labeling, detection, testing, and auditing are all parts of a broader 

synthetic media transparency ecosystem (Chandra et al., 2024).  

Therefore, detection should be viewed as one layer of defense rather than a complete solution. 

9. Content Provenance and Authentication 

One promising approach is content provenance. Instead of asking only whether a piece of content 
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looks fake, provenance systems attempt to record information about how the content was created, 

edited, and distributed. The Coalition for Content Provenance and Authenticity has developed the 

C2PA standard and Content Credentials framework to establish information about the origin and 

history of digital media. Such systems can provide users with information about whether content was 

created or modified by particular tools or organizations.  

The strength of provenance is that it shifts part of the problem from detection to authentication. 

Rather than waiting for a detector to identify suspicious pixels, a platform can potentially provide 

information about the content's history. However, provenance is not a perfect answer. C2PA itself 

notes that valid provenance information does not automatically mean that the content is truthful. A 

person can create authentic provenance for deliberately misleading content. Similarly, content 

without Content Credentials should not automatically be assumed to be fake or untrustworthy 

(C2PA, 2026).  This distinction is essential. Authenticity of origin and truthfulness of meaning are 

different concepts. A genuine person may intentionally create misleading content. Provenance can 

tell us who created or modified something, but journalists and audiences still need to evaluate its 

context and claims. 

10. Regulatory and Legal Responses 

Governments around the world are increasingly developing rules related to synthetic media. 

Regulatory approaches differ according to national legal traditions, free speech protections, election 

systems, and technological capabilities. 

The European Union has adopted one of the most significant regulatory approaches through the AI 

Act. Article 50 establishes transparency requirements concerning certain AI-generated and 

manipulated content. As of August 2, 2026, relevant transparency obligations require providers to 

enable machine-readable marking of synthetic content and require certain deployers to clearly 

disclose deepfakes and specific AI-generated content concerning matters of public interest 

(European Commission, 2026).  

The regulatory principle is important because it does not necessarily prohibit synthetic media. 

Instead, it seeks to make the use of AI more transparent. Such transparency can help users 

distinguish between authentic recordings and synthetic creations. Legal regulation, however, must 
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balance competing interests. Excessively broad laws may restrict satire, artistic expression, political 

criticism, parody, or legitimate experimentation. At the same time, weak regulation may leave 

victims without effective remedies. 

Legal frameworks also need to address consent and identity misuse. If a person's face or voice is 

used without permission, particularly in defamatory, fraudulent, or sexually exploitative material, 

existing legal protections may need to be supplemented by technology-specific provisions. 

International cooperation is also important because digital content does not respect national borders. 

A deepfake created in one country can be distributed globally within minutes. Fragmented regulation 

can therefore create enforcement gaps. 

11. Ethical Challenges 

The ethical questions surrounding deepfakes extend beyond whether content is technically legal. 

Consent is one of the central concerns. Individuals should have meaningful control over the use of 

their face, voice, identity, and personal characteristics. 

The issue is especially serious when deepfakes are used to humiliate or sexually exploit individuals. 

Women and public figures have been disproportionately targeted by certain forms of non-consensual 

synthetic media. Such practices can cause serious reputational and psychological harm and raise 

questions about privacy, dignity, and digital rights. 

Another ethical concern is transparency. Audiences deserve to know when they are viewing 

synthetic content, especially when the material could influence important decisions. Disclosure 

should be clear rather than hidden in technical terms that ordinary users cannot understand. 

There is also an ethical responsibility on journalists and media organizations. A newsroom may 

publish a deepfake while attempting to expose it, but repeatedly displaying manipulated material can 

unintentionally increase its visibility. Journalists therefore need to consider whether showing the 

fake is necessary for public understanding and how it should be presented. 

Technology companies also carry responsibility. Platform policies need to address the creation and 

distribution of deceptive synthetic media while avoiding arbitrary censorship. Companies should 

provide clear rules, accessible reporting mechanisms, timely responses, and transparency about 
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enforcement. 

12. Media Literacy as a Long-Term Solution 

Technology alone cannot solve the deepfake problem. Even the most sophisticated detection system 

cannot protect users who automatically share emotionally appealing content without checking its 

source. 

Media literacy should therefore become an essential component of digital citizenship. Users need to 

understand how digital content is produced, edited, distributed, and monetized. They should be 

encouraged to pause before sharing suspicious material and ask basic questions: Who created this 

content? Where did it first appear? Is there an original source? Has a reliable news organization 

independently verified it? Does the date and context match the claim? Media literacy should also 

teach audiences that "looking real" is not sufficient evidence of authenticity. Educational institutions 

have an important role in this process. Schools, colleges, and universities can integrate AI literacy 

and digital verification into communication, journalism, computer science, and social science 

curricula. Journalism education should include practical exercises involving manipulated 

photographs, synthetic audio, AI-generated video, reverse searches, source verification, and fact-

checking. 

Media literacy should not become a lesson in simply distrusting social media. The goal should be 

informed skepticism. Students and citizens should learn how to evaluate evidence rather than reject 

everything that appears online. 

13. Role of Media Organizations and Technology Companies 

Media organizations need to develop institutional strategies rather than treating deepfakes as 

occasional anomalies. Every newsroom should have a basic synthetic media verification protocol. 

First, suspicious material should be traced to its earliest available source. Second, journalists should 

seek independent confirmation. Third, technical verification should be used when necessary. Fourth, 

the content should be compared with authentic recordings or statements. Finally, journalists should 

clearly communicate uncertainty when verification is incomplete. Technology companies can 

complement these efforts through labeling, provenance tools, detection systems, user reporting, and 
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rapid-response mechanisms. Platforms should also invest in multilingual detection because 

misinformation frequently crosses linguistic boundaries. Another important issue is transparency. 

Platforms should publish regular reports explaining how much synthetic content they detect, how 

much they remove or label, how quickly they respond, and what limitations their systems have. The 

industry should also support researchers by providing appropriate datasets and evaluation 

frameworks while protecting privacy. Research into deepfake detection requires diverse examples 

representing different languages, cultures, devices, compression levels, and generation techniques. 

14. Future Directions 

The future of deepfake communication will likely involve increasingly sophisticated multimodal 

systems. Instead of producing only a manipulated face, future systems may simultaneously generate 

voice, facial expressions, body movement, background environments, and contextual details. This 

may make traditional visual inspection increasingly unreliable. 

Research will therefore need to move toward multimodal and context-aware verification. Detection 

systems should examine not only individual frames but also relationships between speech, facial 

movement, background sound, lighting, geography, timestamps, and external evidence.Another 

important direction is real-time verification. As live synthetic video becomes more realistic, 

communication platforms may require systems capable of identifying manipulation while content is 

being streamed. There is also a need for stronger international research collaboration. Deepfake 

technologies evolve quickly, and isolated research efforts can become outdated. Shared benchmarks, 

diverse datasets, common standards, and transparent testing can help improve detection systems.At 

the same time, researchers should continue studying the human side of the problem. Understanding 

why people believe particular deepfakes may be just as important as improving algorithms. Factors 

such as political identity, emotional response, trust in institutions, social networks, and digital 

literacy all influence how people respond to synthetic media. 

15. Conclusion 

Deepfakes represent one of the most complex challenges facing contemporary digital 

communication. They demonstrate both the creative potential and the destructive possibilities of 

artificial intelligence. The technology itself is neither inherently good nor inherently harmful. Its 
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social consequences depend largely on how it is designed, used, distributed, regulated, and 

understood.The central challenge is not simply that people can create fake videos. Manipulated 

media has existed for generations. What makes the current moment different is the combination of 

realism, accessibility, speed, scale, and platform-driven distribution. A fabricated video can now be 

created with relatively limited technical expertise and distributed to a global audience almost 

instantly.For journalism, deepfakes reinforce the importance of verification and professional 

responsibility. For social media platforms, they create pressure to improve detection, labeling, 

provenance, and accountability. For governments, they raise difficult questions about regulation, 

privacy, political communication, and free expression. For educational institutions, they create an 

urgent need for AI and media literacy. For ordinary users, they make critical thinking an essential 

part of digital citizenship. Ultimately, the goal should not be to create a digital world in which every 

image, video, or audio recording is treated with suspicion. Such an environment would undermine 

the value of communication itself. The goal should be to create an information ecosystem in which 

people have better tools, stronger skills, clearer evidence, and greater institutional support for 

determining what they can reasonably trust. In an age where seeing is no longer sufficient to 

establish truth, responsible verification, transparency, and digital literacy will become central 

foundations of trustworthy communication. 
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Chapter 6  

Digital Literacy and AI Readiness among School Teachers 

Mr. Abhishek Kumar 

 

Abstract 

Digital literacy and artificial intelligence readiness have become vital skills for school teachers in the 

rapidly developing educational landscape. As AI-powered tools increasingly impact teaching, 

learning, assessment, and classroom management, teachers are expected to hold not only basic 

digital skills but also the self-assurance and understanding required to integrate these technologies 

efficiently and sensibly. This study explores the implication of digital literacy and AI readiness 

among school teachers and highlights their role in refining the worth of education. The paper debates 

how digital literacy empowers teachers to access, evaluate, produce, and share educational resources 

while nurturing meaningful learning skills. It also observes AI readiness as a blend of technological 

knowledge, positive attitude, principled awareness, and willingness to implement innovative 

teaching practices. Despite the growing availability of digital tools, many educationalists continue to 

face problems such as inadequate professional training, limited technological infrastructure, lack of 

formal support, and concerns about data confidentiality and ethical use of AI. The study highlights 

the importance of constant professional development, policy support, and school-level initiatives to 

support teachers' digital proficiencies and prepare them for AI-assisted education. Additionally, the 

paper advocates for the accountable and comprehensive use of AI to guarantee that technological 

progression complements human teaching rather than substituting it. The findings emphasise that 

developing digital literacy and AI readiness among school teachers is fundamental to building 

future-ready classrooms. Authorizing teachers with the required knowledge, skills, and ethical 

understanding will allow them to create appealing, inclusive, and technology-enhanced learning 

surroundings that encounter the evolving requirements of twenty-first-century education. 

Keywords: Digital Literacy, AI Readiness, School Teachers, Technology Integration, Digital 

Competence 
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1. Introduction and Context 

1.1 Changing Landscape of School Education  

School education has undergone a significant transformation due to the rapid development and 

integration of digital technologies. The incorporation of information and communication technology, 

online learning resources, digital materials, and interactive applications has changed the pedagogical 

processes and organizational structure of teaching and learning. Classrooms are gradually shifting 

from the traditional teacher-centred paradigm towards a more technologically integrated, interactive, 

collaborative, communicative, creative, and innovative model of instruction and learning. 

Consequently, teachers must not only be well-versed in their subjects but also proficient in utilizing 

digital technologies and resources (UNESCO, 2023). 

The COVID-19 pandemic led to a faster worldwide acceptance of digital education and showed that 

technology is not merely a supplementary resource any more but an essential part of modern 

schooling. It became necessary for teachers to give their lessons online, produce digital learning 

materials, communicate with both students and parents via virtual platforms, and carry out remote 

assessments of the learners. While a number of teachers managed to make the transition 

successfully, the experience also highlighted big differences in the digital skills of teachers, the 

infrastructure available to them, and the support provided by their institutions (OECD, 2023). 

Because of this, there is now an even greater demand for teachers who are able to use technology 

confidently, critically, and responsibly. 

In this situation, digital literacy has become a basic professional skill. It goes beyond simply being 

able to use devices or software since it also involves accessing, assessing, producing, communicating 

and managing information via digital technologies, as well as incorporating critical thinking, 

responsible digital citizenship, collaboration and the ethical use of online resources (Redecker, 

2017). Teachers who have a high level of digital literacy are in a better position to design interesting 

learning experiences, to support a wide range of learners and to take an active part in professional 

learning communities. 

1.2 Emergence of AI in Teaching and Learning 
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As part of the wider digital transformation, Artificial Intelligence (AI) has become one of the most 

influential technologies in the field of education. Tools powered by AI are becoming more and more 

common for providing personalised learning, offering adaptive teaching, carrying out automated 

assessments, generating feedback, using learning analytics, employing educational chatbots, and 

managing classrooms. There is the potential for these technologies to enhance teaching efficiency 

and to support students in accordance with their individual learning needs (Holmes et al., 2022). 

The development of generative AI has now broadened the range of educational opportunities even 

more. With the help of AI programmes, teachers are able to prepare lesson plans, produce 

instructional materials, design differentiated activities, and give out feedback in a timely manner. AI 

can likewise promote accessibility by means of translation, text-to-speech, and other features that 

support inclusive learning. Yet the educational value of AI is mostly determined by teachers‘ 

capacity to assess and properly incorporate these tools. Since AI-generated content might include 

inaccuracies, bias, or information that is out of context, it has to be subject to professional judgement 

and critical examination before being used in the classroom. 

AI should therefore be seen as a tool which assists teachers rather than one that replaces them; since 

effective teaching requires empathy, an understanding of context, ethical judgement, and 

pedagogical decision-making—qualities which are essentially human—the increasing role of AI in 

education underscores the need to prepare teachers to use such technologies responsibly and in a 

meaningful way (UNESCO, 2021). 

 

1.3 Need for Teacher Digital Literacy and AI Readiness 

 

Because of the growing use of AI in schools, the range of skills expected of teachers has gone 

beyond the usual digital skills. Although digital literacy forms the basis for incorporating 

technology, being ready for AI calls for extra knowledge, confidence, an awareness of ethical issues, 

and a readiness to embrace innovative approaches. Teachers need to know the capabilities and 

limitations of AI, assess the reliability of the outputs produced by AI, guard student data, and make 

sure that activities supported by AI are in line with educational objectives. 

AI readiness may be regarded as a multi-dimensional ability which involves technological 

knowledge, a positive attitude towards innovation, confidence in the use of AI tools, an 

understanding of teaching methods, a sense of ethical responsibility, and a commitment to ongoing 

professional development. A teacher might have sufficient digital skills but could still be unprepared 
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to use AI effectively since the integration of AI requires critical evaluation, reflective practice, and 

making informed decisions. Research shows that a great many teachers still encounter difficulties 

including poor professional training, a lack of technological facilities, inadequate institutional 

support, and worries concerning the privacy, security, and ethical use of AI (OECD, 2023; 

UNESCO, 2023). The fact that such problems exist means that simply giving teachers access to 

technology is not enough. Educational systems should therefore make ongoing professional 

development and provide schools with supportive environments that enhance both their digital skills 

and their readiness for AI. Even though digital literacy and educational technology have been widely 

studied, a relatively smaller number of studies look at digital literacy and AI readiness as linked 

abilities that affect teachers‘ professional practice. Most of the existing research concentrates on 

digital competence or AI adoption on their own, which results in only a limited understanding of 

how these competencies together support the responsible integration of AI into school education. 

The present chapter removes this gap by offering an integrated view that ties together technological 

competence, pedagogical preparedness, ethical awareness, and institutional support. 

 

1.4 Purpose, Scope, and Significance of the Chapter 

 

The chapter explores the relationship between digital literacy and AI-readiness among school 

teachers in the context of the need to adapt to the rapid development of educational technologies. It 

examines how the level of teachers‘ digital competencies, confidence in using technology tools, 

awareness of ethical aspects, and readiness for innovation affects their ability to adopt AI in 

teaching, learning, assessment, and classroom management. 

Particular attention is given to both the opportunities offered by AI-supported education and the 

challenges  related to professional preparation, infrastructure, organizational readiness, and ethical 

concerns. Drawing on  existing research and conceptual frameworks the discussion adopts a human-

centred perspective, recognising that meaningful AI integration depends on strengthening teachers‘ 

professional capabilities rather than replacing human teaching.  By analysing the current state-of-

the-art and identifying implications for practice, the author supports the need to empower teachers to 

create inclusive and technology-driven learning environments in order to meet the demands of 

modern education and prepare students for the requirements of the 21
st
 century. 

The article offers an in-depth perspective on the concepts of digital literacy and AI readiness, 

providing insight into how these competencies prepare teachers to engage in AI-driven pedagogical 
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practices. It employs a human-centred approach, arguing that responsible integration of AI in 

education is possible only through developing not only technical competencies but also ethical 

awareness and organizational readiness. By combining different theoretical frameworks, empirical 

research, practical implications, and policy considerations, the article contributes valuable 

knowledge to the educational literature. The resulting perspective offers numerous implications for 

teachers, school leaders, teacher educators, policymakers, and researchers seeking to develop 

responsible, inclusive, and future-ready educational systems.  

 

2. Conceptual and Theoretical Foundations 

2.1 Digital Literacy and Digital Competence 

 

Digital literacy is a concept that makes it possible for school teachers to interact with digital 

resources, access and evaluate information, create and share content, and communicate successfully 

using digital technologies. This concept includes such components as media literacy, information 

literacy, digital communication literacy, and content creation (Redecker, 2017). Digital competence, 

in its turn, is the ability to use digital technologies confidently and critically to support teaching and 

learning processes (European Commission, 2022). To be competent in digital technologies, school 

teachers need to acquire digital literacy skills which enable them to engage effectively in classroom 

activities and address learners‘ needs. 

 

2.2 Concept of AI Readiness among Teachers 

 

AI readiness refers to ―teachers‘ competence, skills, attitudes, and confidence to understand, 

critically assess, and use Artificial Intelligence (AI) in an educational setting‖ and it ―encompasses 

technological proficiency and competence, confidence and attitudes towards innovation, pedagogical 

competence, ethics, and continuous learning‖ (UNESCO, 2024). Teachers that are AI ready are able 

to critically apply and assess AI outputs while understanding their limitations and ensuring privacy 

and protection of their students. Therefore, the concept of AI readiness goes beyond digital literacy 

to include more diverse aspects of learning about artificial intelligence. 

2.3 Relationship Between Digital Literacy and AI Readiness  
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Both digital literacy and AI readiness are related but different concepts where the second one is more 

than simply the use of technology and includes ethical concerns as well. The term digital literacy is 

associated with the ability to use digital technologies and resources appropriately while AI readiness 

entails being able to operate and interpret various AI tools critically and ethically to improve 

learning outcomes while understanding their pedagogical and ethical implications. Therefore, even 

though being digitally literate could be sufficient for some educational settings, it may not be enough 

to effectively utilise AI because it involves additional components beyond simply knowing how to 

use technology. Consequently, it can be argued that AI readiness builds upon digital competence 

while adding more layers of complexity because of the need to critically utilise and assess new AI 

solutions (Holmes et al., 2022).  

 

2.4 Relevant Theories and Models of Technology Adoption 

 

  Several theoretical frameworks have been developed to understand teacher readiness to adopt 

technology and artificial intelligence in their practice. For instance, the Technology Acceptance 

Model (TAM) explains how teachers accept new technologies based on how useful and easy they 

find them to use (Davis, 1989). While this is a popular model that has been widely used to predict 

technology adoption, it does not consider additional pedagogical and ethical factors. Another 

framework is the Technological Pedagogical Content Knowledge (TPACK) which focuses on 

how teachers can combine their knowledge of pedagogy, technology, and content to effectively 

utilise technology in teaching and learning (Mishra & Koehler, 2006). However, it does not 

explicitly address some of the ethical issues involved in using AI in the classroom. Finally, another 

conceptual framework is the European Framework for the Digital Competence of Educators 

(DigCompEdu), which is a generic competence framework for developing educators‘ digital 

literacy (Redecker, 2017). It offers a comprehensive guide on how to become digitally competent but 

says little about AI-specific competencies. Hence, these frameworks indicate that preparing teachers 

to utilise artificial intelligence requires combining several different components beyond simply 

enhancing their digital literacy. 

3. Digital Literacy and AI Readiness in Teaching Practice 

3.1 Digital Literacy as a Foundation for Technology Integration 
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Digital literacy is the foundation upon which technology-informed school education rests. It 

empowers teachers to locate, assess, produce, and share digital educational resources while also 

assisting them in choosing the most appropriate technologies for accomplishing their pedagogical 

goals (European Commission, 2022). It is noteworthy that digital literacy goes beyond mere 

technical proficiency to encompass knowledge of how to use technology in ways that complement 

instruction and foster deeper learning. As an extension, digital literacy creates the groundwork for 

teachers to embrace even more sophisticated tools, including artificial intelligence (AI). 

3.2 AI Applications in Teaching and Learning 

AI presents tremendous potential to be leveraged by teachers in various ways. First, it can be used to 

plan, design, execute, differentiate, and assess lessons and classes. For instance, an adaptive learning 

system can determine the best resources to recommend to individual learners based on their learning 

progress. On the same note, AI-driven tools can translate and make learning contents accessible to 

all learners (Holmes et al., 2022). Nevertheless, teachers should always cross-check information 

retrieved from AI tools since it can sometimes be erroneous or inclined to biases. Therefore, teachers 

should always ensure that they utilise resources produced by AI tools appropriately in accordance 

with the intended pedagogical goals (UNESCO, 2023). 

3.3 AI-Assisted Assessment and Classroom Management 

AI can also be used to evaluate tests and assignments automatically, especially if they contain 

objective response elements that can be scored with ease. In the same way, automatic attendance 

systems can be used to track learners‘ attendance records while also managing documentation and 

administrative duties. This would free teachers from some of their mundane but time-consuming 

duties while enabling them to focus on more crucial areas, such as teaching and learning (OECD, 

2023). Similarly, teachers should always consider such soft skills as learners‘ creativity and socio-

emotional behaviours when assessing their classes. 

4. Opportunities and Educational Benefits 

4.1 Personalised and Inclusive Learning 

Digital literacy and AI-readiness enable teachers to create inclusive and learner-centred learning 
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environments that are sensitive to the needs of individual learners and respond to their diverse needs. 

Adaptive learning systems rely on AI algorithms to recommend the best resources to individual 

learners based on their unique characteristics and learning needs. For example, an AI-driven 

adaptive learning system can recommend resources to individual learners based on their learning 

styles, pace, and proficiencies. Ideally, such systems should be informative but not dictate the 

instructor‘s or learner‘s behavior, especially if the information is unreliable or lacks empirical 

backing. As an integral part of the educational process, teachers need to ensure that they always 

scrutinise information generated by AI tools and apply their professional skills and knowledge to 

utilise it appropriately. Specifically, teachers need to ensure that they utilise such data in a manner 

that is conducive to achieving the intended learning objectives. Likewise, educational materials 

generated by AI tools should be used to supplement classroom instruction while also considering 

individual learners‘ educational needs. 

It is worth noting that AI-driven technologies, including translation tools, speech-to-text 

programmes, and accessibility features, can also be used to cater to the needs of language diverse 

and special needs learners, thus fostering inclusive education (Holmes et al., 2022). Nevertheless, 

teachers need to utilise their analytical skills to critically evaluate the usefulness of recommended 

resources in individual learners‘ contexts before using them as a basis for instruction. 

4.2 Educational Resource Development and Teacher Efficiency 

AI-assisted technologies can be leveraged by teachers to design study plans, prepare worksheets, and 

plan lessons. Generative AI-powered tools can be used in learning environments to produce various 

educational resources, including lesson plans and differentiated worksheets, which can save 

teachers‘ time and effort while also enhancing their productivity (UNESCO, 2023). However, 

teachers need to ensure that they do not utilise such tools indiscriminately but instead evaluate the 

veracity and appropriateness of the generated resources in accordance with the intended instructional 

objectives. 

4.3 Assessment, Feedback, and Learning Support 

Digital literacy and AI-readiness can be used by teachers to perform assessments and offer feedback 

to their learners. For instance, teachers can utilise intelligent marking systems to score objective 
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response questions automatically. In addition, they can use learning analytics tools to determine 

learners‘ progress and offer the feedback needed to promote their learning. In a similar vein, such 

tools can be used to identify individual learners‘ needs and recommend the interventions to address 

them (OECD, 2023). Ideally, such information should be used to supplement the teacher‘s 

professional skills in ascertaining the best way of promoting the learners‘ academic growth and 

addressing the gaps revealed by the analytics. It is paramount that educators remember that AI tools 

are not equipped to score higher-order cognitive skills or provide useful insights regarding learners‘ 

socio-emotional behaviours. Therefore, such tools should only be used to support the teachers‘ 

professional skills in teaching and learning. 

5. Challenges, Ethical Issues, and Barriers 

5.1 Inadequate Professional Training and Digital Competence 

Despite a growing number of teachers embracing digital technologies, teachers are not well prepared 

in classroom AI. Teacher professional development programs are inadequate and emphasize more on 

foundational digital skills than the pedagogical implications of classroom AI. Additionally, teachers 

may not be motivated to learn about technology and are faced with a range of challenges such as 

technophobia (OECD, 2023). Therefore, professional development for teachers must include 

practice-centric experiences to improve digital proficiency and AI literacy. 

5.2 Infrastructure and Digital Inequality 

A lack of digital infrastructure and unequal access to educational technology constrains teachers‘ 

capacity to participate fully in an AI-powered education system. The availability of educational 

technology, internet connectivity, and electricity is often limited in remote and disadvantaged 

communities thus limiting opportunities for teachers to acquire digital skills and apply AI in 

classrooms (UNESCO, 2023). Lack of access to digital infrastructure and educational technology 

limits digital fluency, which undermines educational equity and hinders efforts to embrace new 

technologies in teaching and learning. 

5.3 Data Privacy, Confidentiality, and Security 

Teachers are concerned about the ethical implications of using AI in education such as 
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confidentiality, data security, and cyber safety. AI-powered education systems involve collecting and 

sharing students‘ and teachers‘ data. Therefore, teachers should ensure that they collect and store 

data securely and ethically to avoid risks such as data breaches, cybercrimes, and loss of privacy. 

Additionally, the use of cloud-based technologies raises questions about data ownership and privacy 

thus raising concerns regarding informed consent (UNESCO, 2021). Therefore, education 

professionals need to have a solid understanding of how to safeguard data against cyber threats and 

use digital technologies ethically and safely. 

5.4 Ethical Issues and Responsible Use of AI 

Most AI algorithms are susceptible to built-in biases that can generate prejudiced results against 

marginalized groups of society. Such biases often stem from the training data used to develop AI 

systems and can have negative implications such as limiting learning opportunities for some students 

based on gender, language, disability, and socioeconomic status among other factors. Therefore, the 

ethical use of AI in education requires auditing educational AI systems to identify and eliminate 

biases while ensuring inclusive and equitable education for all students. 

AIs in education can create challenges concerning intellectual property, including copyrights, 

trademarks, and plagiarism among students. For instance, generative AI systems can encourage 

students to submit plagiarized content as their original work by providing answers to assignments, 

essays, and research papers thus promoting academic dishonesty and undermining integrity in 

education. Therefore, teachers should advise students on how to avoid academic misconduct when 

using generative AI in their studies while ensuring originality and authenticity of students‘ work. 

Thus, ethical considerations should guide the use of AI in education to promote academic integrity 

while avoiding intellectual property infringements (UNESCO, 2024; International Centre for 

Academic Integrity, 2021). 

Teachers must critically evaluate information generated by AI systems before using it for 

instructional purposes. Generative algorithms can often generate information that is incorrect, 

misleading, and contains biased data. Additionally, generative AI systems can encourage 

inappropriate and unprofessional classroom behavior such as cheating and dishonesty among 

students by providing answers to assignments and examinations. Therefore, teachers must critically 

examine information generated by AI to avoid such unethical practices in classrooms. Furthermore, 



87 
 

issues surrounding academic integrity, copyright, intellectual property, responsibility, and 

accountability have become more complex with the increased use of generative AI in education 

(UNESCO, 2024). Therefore, ethical issues such as plagiarism, and inappropriate use of AI-

generated content should be considered in developing policy and practices for using AI in education. 

Professional skepticism is critical in ensuring that AI-generated information is not used in education 

without being authenticated, verified, and evaluated for its accuracy, reliability, and validity. Finally, 

teachers should avoid relying on AI technology to replace critical thinking and decision-making in 

learning settings. 

These challenges cannot be ignored if one wants to ensure that teachers can fully benefit from the 

opportunities presented by artificial intelligence. The issues range from the necessity for appropriate 

institutional policies and ethical frameworks to proper training, professional development, and 

governance. After all, educators need to know how they can integrate AI into their practices in a 

manner that promotes quality education while also being beneficial to their professional skills and 

competencies (Holmes et al., 2022). 

6. Professional Development, School Support, and Policy 

6.1 Continuous Professional Development for AI Readiness 

Both continuous professional development to strengthen teachers‘ digital literacy and readiness to 

adopt AI, and the design of professional learning communities centred on classroom experimentation 

are critical areas for further research. Since AI is set to develop rapidly, it is critical for teachers to 

gain the knowledge and confidence to use such technology in classes. Ongoing professional 

development, including practice-focused training sessions, classroom experiments, reflections, peer-

to-peer collaboration, and mentoring, should be prioritized in order to strengthen teachers‘ 

proficiency in using AI (OECD, 2023). 

In addition, professional learning communities can support educators in sharing their practices and 

struggles with colleagues and developing effective approaches to teaching with AI (OECD, 2023). 

6.2 Role of School Leadership and Institutional Support 

Schools require competent leadership and administration to foster favourable conditions, structures, 
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and procedures to promote innovation through the adoption of AI technology. Leaders play the role 

of promoting the necessary digital infrastructure, internet access, technical support structures, free 

time for professional development, and ethical norms and organizational policies to assure data 

confidentiality and student privacy. Additionally, organizational cultures that encourage 

professionalism, collaboration, and mutual learning raise the likelihood of teachers experimenting 

with novel approaches and effectively incorporating AI into pedagogical practices (UNESCO, 

2023). Such support from leadership is vital in motivating teachers to acquire further competencies 

and skills in the application of the technology in education. 

6.3 Policy Support and Teacher-Education Programmes 

National education policy and teacher-education programs play a critical role in empowering 

teachers with digital and AI capabilities. As per the National Education Policy (NEP) 2020, 

technology-enabled pedagogy promotes teacher professional learning, digital infrastructure, and new 

technologies to enhance learning outcomes (Ministry of Education, 2020). In addition, National 

Digital Education Architecture (NDEAR) focuses on strengthening digital education ecosystems 

and building interoperable digital platforms and ecosystems to enable accessible and reliable digital 

resources (Ministry of Education, 2021). Various teacher-education institutions must include 

technological pedagogy, AI, literacy, and data privacy policies in their agenda to empower teachers 

to adopt technologies in classrooms. 

Other national initiatives such as the DIKSHA platform, PM eVIDYA, and National Curriculum 

Framework focus on providing digital resources and professional skills while promoting digital 

education through multiple modalities and encouraging the need for digital literacy, critical thinking, 

and related competencies in school education (Government of India, 2020; NCERT, 2023). 

7. Future Prospects and Recommendations 

7.1 Emerging Trends in Teacher AI Readiness 

The future of school education will be increasingly shaped by such trends as the development of 

generative AI, intelligent tutoring systems, learning analytics, and personalized learning. These 

technologies can be used to plan and create lessons, teach, train, and evaluate students, and make 

professional decisions. The teacher‘s professional learning through such training can offer them 
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individualization and continuously update their knowledge and skills (UNESCO, 2024). 

Nevertheless, for the proper use of these technologies, it is necessary to develop teachers‘ critical 

thinking about the use of such innovations. 

7.2 Future Competencies for School Teachers 

As educational technologies evolve, teachers need to acquire more than just digital skills. Future 

teachers should be AI literate, digitally competent, critically minded, data-aware, ethically aware, 

and able to engage with AI to maximize learning potential. Educators should also be able to 

critically assess information generated by AI, protect data privacy, recognize bias in algorithms, and 

teach students how to use AI responsibly. Moreover, professional development and reflective 

practices will be critical in preparing educators to embrace emerging technologies and address their 

challenges (European Commission, 2022). 

The future directions of the study should include the impact of AI on teachers‘ practices and 

students‘ learning in different contexts and settings. Moreover, more research should be done on 

how AI can be applied in different disciplines since educational settings and assessment practices 

may vary. Also, of great interest are the validity and reliability of assessments produced with the 

help of AI and their ethical implications (Holmes et al., 2022; UNESCO, 2024). 

7.3 Recommendations for Teachers, Schools, and Policymakers 

Strengthening AI readiness requires that teachers take part in professional development programmes, 

collaborate with peers, and critically assess technologies before adopting them in teaching practice. 

Schools need to put in place reliable digital infrastructure, provide appropriate training and support, 

and formulate ethical guidelines when adopting AI technologies. Teacher-education institutions need 

to incorporate AI literacy, digital pedagogy, ethics, and related issues in initial teacher education and 

professional development programmes for teachers. Additionally, policymakers need to develop 

strategies to promote access to digital technologies, professional development, and ethical and 

responsible AI while ensuring privacy and transparency in operations (Ministry of Education, 2020; 

UNESCO, 2021). 

Moreover, the successful implementation of AI requires that governments, schools, teachers, 

technology developers, and researchers work together to create policies, strengthen digital 
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infrastructure, design professional development programmes, and ensure that the technology meets 

educational and ethical standards. In addition, partnerships will promote research, co-creation of 

knowledge, and continuous improvement of professional practices in AI-driven pedagogy 

(UNESCO, 2024; Holmes et al., 2022). 

7.4 Human–AI Collaboration in Future Education 

The future of education should be based on cooperation between teachers and artificial intelligence 

instead of replacing them. AI can perform many monotonous tasks, create teaching materials, and 

analyse data, but it cannot take over such skills as teaching experience, empathy, social intelligence, 

and ethics. The future of education cannot be effective without professional educators. A human-

centred idea about the future of education implies the use of AI for better teaching. This concept is 

aimed at improving professional capabilities, providing quality education, and developing inclusive 

knowledge environments through continuous teacher training and education (Holmes et al., 2022; 

UNESCO, 2024).  

8. Conclusion 

8.1 Synthesis of Major Arguments 

Digital literacy and AI readiness have become essential skills for school teachers in the age of 

information technology. The chapter discussed how digital literacy enables individuals to access, 

assess, create, and share information using digital tools. At the same time, the concept of AI 

readiness emphasizes additional components of technology knowledge, pedagogical competence, 

ethical understanding, confidence, and willingness to learn continuously. Thus, it allows teachers to 

shape teaching, learning, and evaluation processes and adequately address classroom challenges 

using artificial intelligence (AI) technologies while remaining committed to professional obligations 

and responsibilities (Holmes et al., 2022; UNESCO, 2024). According to the chapter, the capacity of 

AI to offer personalization, support planning, facilitate assessment, promote inclusion, and reduce 

teachers‘ administrative tasks will be possible through critical evaluation and selection of 

information and careful consideration of ethical aspects. Nevertheless, the chapter also outlined the 

key obstacles to implementing these opportunities, including the lack of teachers‘ preparation, 

technology, and resources, digital divide, ethical issues, data privacy and security, algorithmic 
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biases, and the absence of adequate institutional support (OECD, 2023; UNESCO, 2021). 

8.2 Implications for Future-Ready School Education 

In order to create schools fit for the future, it is essential to invest in continuous professional 

development and support teachers in acquiring confidence in the use of technologies, including AI, 

through leadership, infrastructure, and policy. Education faculties and policymakers should 

cooperate to promote the development of AI literacy, raise awareness, and ensure access to digital 

tools both inside and outside the classroom. Such measures might support teachers in addressing 

new developments in education and better responding to the needs of their students (Ministry of 

Education, 2020; European Commission, 2022). 
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Chapter 7 
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Abstract 

Photography has traditionally been understood as a way of recording reality through the camera. 

From the earliest film cameras to today's smartphone cameras, photography has continuously 

evolved alongside technological developments. The emergence of artificial intelligence, however, 

represents a more significant transformation because AI is no longer limited to helping 

photographers edit or organize photographs. It can now enhance images, reconstruct visual elements, 

generate entirely new images, and influence how photographs are produced, distributed, and 

interpreted. This development has created new possibilities for creativity and visual communication 

while simultaneously raising important questions about authenticity, ethics, authorship, and public 

trust. 

This chapter examines the transformation of photography in the age of artificial intelligence from the 

perspective of mass communication and visual storytelling. It explores the transition from traditional 

photography to digital photography, computational photography, AI-assisted editing, and generative 

image creation. Particular attention is given to the changing role of the photographer, the impact of 

AI-generated visuals on photojournalism, and the increasing difficulty of distinguishing between 

photographs documenting real events and synthetic images that only appear photographic. 

The chapter argues that artificial intelligence should not be understood simply as a replacement for 

the camera or the photographer. Instead, it represents a new stage in the development of visual 

communication. AI can assist photographers with technical and creative processes, but its use 

becomes particularly sensitive when photographs are expected to function as evidence of real events. 

Professional journalism organizations continue to emphasize accuracy, verification, transparency, 

and human editorial responsibility in the use of AI. The Associated Press, for example, updated its 
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newsroom standards in July 2026 and continues to prohibit generative AI from creating, altering, or 

enhancing news photography. It also requires AI-generated or manipulated material used in 

journalism to be clearly identified and presented in context (Associated Press, 2026).  

Keywords: Artificial Intelligence, Photography, Photojournalism, Visual Communication, 

Generative AI, Digital Photography 

1. Introduction 

Photography has occupied a distinctive position within human communication because it combines 

technology, observation, aesthetics, memory, and evidence. Unlike purely verbal forms of 

communication, photographs appear to offer a direct relationship with the visible world. A 

photograph is generally understood as the result of a moment in which light from a scene reaches a 

recording medium through an optical system. This relationship between the physical world and the 

photographic image has historically contributed to photography's authority as a form of 

documentation. 

The development of photography changed journalism, advertising, politics, science, art, and 

everyday communication. Photographs enabled distant audiences to witness wars, political events, 

disasters, social movements, cultural practices, and personal experiences. With the emergence of 

illustrated newspapers and magazines, photography became an important component of mass 

communication. Later, television, websites, smartphones, and social media transformed the speed 

and scale at which photographs could circulate. 

However, the relationship between photography and reality has never been completely 

straightforward. Photographers select subjects, angles, moments, lenses, lighting conditions, and 

compositions. Editors crop and sequence images. Publishers select captions and headlines. 

Audiences interpret images through cultural and political contexts. Consequently, photographs have 

never been completely neutral representations of reality (Sontag, 1977). 

The transition from analogue photography to digital photography intensified debates about 

photographic truth. Digital files could be copied, altered, compressed, transmitted, and manipulated 

without the physical limitations associated with film. William J. Mitchell (1992) described this 

transformation as a challenge to traditional assumptions about photographic truth. The digital image 
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made manipulation easier and weakened the assumption that every visible element in a photograph 

necessarily originated from the photographed scene.  

Artificial intelligence introduces another major transformation. Contemporary AI systems can 

perform functions that were previously associated with skilled human photographers, retouchers, 

designers, and image editors. AI can identify subjects, remove unwanted objects, improve resolution, 

reconstruct missing areas, generate backgrounds, simulate lighting, create portraits of nonexistent 

people, and generate complete scenes from textual instructions. In this environment, the camera is no 

longer the only or even necessarily the primary source of the final visual image. 

The transformation can therefore be understood as a movement from camera-based photography 

toward algorithmically mediated image production. The photograph is increasingly becoming the 

product of a technological ecosystem consisting of lenses, sensors, computational photography 

systems, machine learning models, editing applications, cloud platforms, recommendation 

algorithms, and social media interfaces. 

2. From Chemical Photography to Digital Photography 

The history of photography is a history of technological transformation. Early photographic 

processes required considerable technical knowledge and physical preparation. The photographer 

worked with chemical processes, glass plates, film, controlled exposure, and mechanical cameras. 

The limitations of film meant that photography involved significant decisions before and during 

exposure. 

The development of smaller cameras, faster film, automatic exposure, autofocus, and digital sensors 

gradually simplified photographic production. Digital photography represented a major turning point 

because the photograph became a collection of numerical values rather than a chemical image fixed 

on film. The digital camera separated image capture from physical film processing. Photographers 

could immediately review photographs, store thousands of images, transmit them electronically, and 

manipulate them using software. This transformed professional photography and made photography 

accessible to a much wider population. The smartphone produced an even more significant 

transformation. Photography became embedded within a multifunctional communication device. The 

smartphone camera is not simply a miniature conventional camera. It is part of a computational 
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imaging system in which software contributes substantially to the final image. 

Delbracio et al. (2021) explain that modern mobile photography has been transformed by 

computational methods including burst photography, noise reduction, super-resolution, and other 

forms of algorithmic processing. The resulting photograph is therefore increasingly constructed 

through a combination of optical capture and computational interpretation. This development 

changes the traditional understanding of the photographic moment. In conventional photography, the 

shutter captured a particular exposure. In computational photography, several frames may be 

captured and combined. Software can analyse those frames and determine which pixels should 

contribute to the final image. The smartphone therefore demonstrates that photography had already 

become computational before the arrival of generative AI. AI is not the beginning of algorithmic 

photography. Rather, generative AI extends an existing transformation. 

3. The Emergence of Computational Photography 

Computational photography represents a conceptual shift from photography as optical recording to 

photography as computational image formation. Traditional photography depends heavily on the 

physical characteristics of the camera, lens, sensor, exposure, and lighting. Computational 

photography supplements these characteristics with software algorithms. 

High Dynamic Range photography is an important example. Instead of relying on a single exposure, 

a camera may capture multiple images at different exposure levels and combine them to create a 

photograph containing details across a wider range of light and shadow. Similarly, portrait mode on 

smartphones uses computational techniques to estimate depth and separate foreground subjects from 

backgrounds. Night photography can combine multiple frames to produce brighter and cleaner 

images in low-light environments. Super-resolution algorithms can reconstruct image details from 

multiple frames or computational models. These technologies have changed the meaning of 

photographic skill. The photographer still needs to understand composition, lighting, perspective, 

subject positioning, and timing. However, some technical limitations that previously required 

specialised equipment can now be addressed computationally. 

The significance of this change is substantial for visual communication. If software determines 

exposure, colour, sharpness, depth, noise reduction, facial appearance, and other characteristics, then 
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the final image is already partly algorithmic before the photographer opens an editing application. 

4. AI-Assisted Photography 

AI-assisted photography refers to the use of artificial intelligence to improve, modify, organize, or 

interpret photographs. It exists on a spectrum ranging from relatively minor enhancement to 

substantial reconstruction.At the simplest level, AI can automate technical corrections. It can reduce 

noise, improve sharpness, correct exposure, recognize faces, optimise colour, and enhance low-

resolution photographs. Such applications are often understood as extensions of traditional editing. 

More advanced systems can remove unwanted objects, replace backgrounds, reconstruct damaged 

areas, enlarge photographs, modify facial expressions, or change aspects of lighting. These functions 

complicate the distinction between editing and creation.For photographers, AI can reduce repetitive 

work and allow more time for creative decision-making. A professional photographer dealing with 

hundreds or thousands of photographs can use AI-based systems to classify, sort, select, and 

organise images. AI can identify technically stronger photographs, detect faces, and assist with 

keywording. 

AI can also support accessibility. Automated captioning and image description can help visually 

impaired audiences engage with photographic content. Image recognition can make large 

photographic archives easier to search.The positive potential of AI should therefore not be ignored. 

The technology can increase efficiency, democratise sophisticated editing techniques, and enable 

new forms of artistic experimentation. 

Nevertheless, the ethical implications depend on the purpose of the photograph. In advertising or 

conceptual art, substantial AI modification may be acceptable when the audience understands the 

nature of the image. In documentary photography, news photography, scientific documentation, and 

evidence-based communication, the same modification may be unacceptable because it can change 

what the image claims to represent. 

5. Generative AI and the Creation of Synthetic Photographs 

Generative AI introduces a fundamentally different capability. Earlier digital editing systems 

generally started with an existing image. Generative AI can create visual content without requiring a 
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conventional photographic source.Text-to-image systems can generate scenes from natural language 

prompts. A user can describe a person, location, historical event, fashion concept, architectural 

environment, or imaginary situation, and the system can produce an image resembling a 

photograph.This changes the ontology of the photographic image. A conventional photograph 

normally begins with a physical scene. A generative image may begin with language, statistical 

patterns, or a latent representation learned from large datasets.The resulting image can possess many 

visual characteristics traditionally associated with photography. It may contain realistic lighting, 

depth of field, shadows, skin texture, lens effects, and photographic composition. Yet no camera 

may have captured the depicted event. 

This distinction is critical for journalism. A synthetic image may look like a photograph while 

making a false claim about reality.Recent research demonstrates the growing sophistication of AI-

generated images. Papa and Theodosiou (2026), for example, examined real and AI-generated 

images associated with news coverage and found that generative systems can reproduce visual 

characteristics associated with established news values. Their findings highlight how AI can imitate 

the visual language of photojournalism even when no corresponding event was photographed. 

The problem is therefore not simply that AI images are becoming more realistic. The deeper issue is 

that the visual conventions through which audiences recognise "news photographs" can themselves 

be simulated. 

6. Photography and the Crisis of Visual Truth 

Photography has historically possessed a special evidentiary status. A photograph is often treated as 

proof that something existed, happened, or was present before a camera.This assumption has always 

required qualification. Photographs are selective. A photographer can choose one angle rather than 

another, capture one moment rather than another, and frame a scene in a way that affects 

interpretation. Captions can also change the meaning of photographs. 

Sontag (1977) argued that photography shapes how people encounter and understand reality. 

Photographs do not simply record the world; they influence how the world is seen, remembered, and 

interpreted.Digital manipulation challenged the assumption that photographs were inherently 

trustworthy. AI-generated imagery takes the problem further because the image may contain no 
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photographic capture at all. 

The consequence can be described as a crisis of visual verification. Audiences can no longer 

depend exclusively on visual appearance to determine whether an image represents an actual 

event.This has consequences beyond journalism. AI-generated photographs can affect political 

communication, advertising, historical memory, celebrity culture, education, social media, and 

interpersonal relationships. 

For example, a synthetic photograph showing a political leader at an imaginary event may be 

circulated as evidence of political behaviour. A fabricated historical photograph may be presented as 

an archival document. An AI-generated portrait may be used to create a fictional identity. In each 

case, the image's persuasive power comes partly from its photographic appearance.Research on 

social media also indicates that AI-generated images can contribute to distorted perceptions of 

reality. A large-scale study by Ibrahim et al. (2025) examined AI-generated imagery and user 

reactions on Facebook and identified mechanisms through which fabricated visual content can 

encourage trust in false material.  

7. The Changing Role of the Photographer 

The rise of AI does not necessarily eliminate the photographer. Instead, it changes the 

photographer's responsibilities.Traditionally, the photographer's primary tasks included observing, 

composing, capturing, selecting, and editing. In AI-assisted photography, the photographer may 

increasingly become a curator, director, editor, prompt designer, verifier, and ethical decision-

maker.The photographer's creative role may move further away from manually controlling every 

technical parameter and toward defining the desired visual outcome. 

For example, an advertising photographer may photograph a product and use AI to create different 

environments around it. A portrait photographer may use AI to make controlled changes to lighting 

or background. A documentary photographer may use AI for cataloguing while maintaining strict 

limits on image alteration.This suggests that the future photographer may require a combination of 

traditional photographic literacy and AI literacy.Traditional photographic knowledge remains 

essential because AI cannot replace understanding of composition, visual storytelling, light, 

perspective, timing, culture, and human behaviour. At the same time, photographers need to 
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understand what AI tools are doing to their images. 

The photographer must therefore be able to ask: 

1. What was captured by the camera? 

2. What was generated computationally? 

3. What was changed after capture? 

4. What information might have been lost? 

5. Does the modification change the meaning of the photograph? 

6. Does the audience need to be informed? 

8. AI and Photojournalism 

Photojournalism represents one of the most sensitive areas of AI-based image transformation 

because photographs often function as evidence.A news photograph does more than illustrate an 

article. It can establish presence, document events, provide emotional context, and influence public 

understanding. The credibility of the photograph is therefore connected to the credibility of 

journalism itself.The Associated Press has adopted a particularly cautious approach. Its updated July 

2026 standards allow AI to assist with certain newsroom functions, including research, 

summarisation, transcription, translation, headlines, and other limited tasks, but AP continues to 

prohibit generative AI from creating, altering, or enhancing news photography. The standards also 

emphasise human verification and accountability (Associated Press, 2026). AI may help a journalist 

search an archive or organise photographs. However, generating a photograph of an event that did 

not occur would undermine the evidentiary function of photojournalism. 

AP's earlier guidance similarly stated that generative AI should not be used to add or subtract 

elements from news photographs and advised journalists to verify suspicious material through source 

checking, reverse image searches, and comparison with trusted reporting (Associated Press, 2023). 

World Press Photo also emphasises accurate representation and prohibits intentional misleading 

through recreated or staged events within its ethical framework. These approaches suggest that the 

central principle of photojournalistic ethics remains representation rather than technological purity. 

The objective is not to prevent all technological assistance. The objective is to prevent technology 

from creating a false representation of reality. 
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9. Authenticity, Provenance, and Content Credentials 

As AI-generated imagery becomes increasingly difficult to identify through visual inspection, 

provenance becomes more important. Provenance refers to information about where a piece of media 

came from and what happened to it during its lifecycle. In photography, provenance can include 

information about the camera, creator, editing process, software, and subsequent transformations. 

The Coalition for Content Provenance and Authenticity has developed Content Credentials as a 

technical approach to recording the origin and history of digital content. The C2PA framework uses 

cryptographically verifiable information to help establish the provenance of digital assets and 

document changes made during their lifecycle.  

This approach does not simply ask audiences to identify whether an image "looks real." Instead, it 

attempts to provide information about how the image was created and modified. Such systems can 

be particularly valuable for journalism. A photograph captured by a professional camera could 

potentially carry information indicating its origin. Subsequent editing could be recorded as part of 

the asset's provenance. However, provenance systems should not be treated as a perfect solution. 

Metadata can be removed or lost during distribution. Not every platform necessarily preserves 

provenance information. Users may also misunderstand what a credential proves.Therefore, 

technological verification must be combined with journalistic verification and media literacy. 

10. AI, Visual Storytelling, and Creativity 

The discussion of AI photography should not be limited to risk. Generative AI also offers substantial 

creative possibilities. 

Visual storytellers can use AI to develop concepts that would otherwise require expensive sets, 

locations, actors, or production equipment. Photographers and designers can experiment with surreal 

environments, speculative futures, historical reconstructions, conceptual narratives, and visual 

metaphors. For education, AI can provide students with opportunities to explore composition, visual 

narrative, storytelling, and design. Students can compare conventional photographs with synthetic 

images and discuss differences in realism, authorship, and meaning. For advertising, AI can enable 

rapid experimentation with different visual concepts. A brand may generate multiple visual 

possibilities before producing a final campaign. For artists, AI can become a medium rather than 
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simply a tool. The creative process may involve photography, prompting, selection, generation, 

compositing, and post-processing. 

This development requires a broader understanding of photographic authorship. If a person 

photographs an image, edits it using AI, and then combines it with generated elements, authorship 

becomes distributed across human intention and machine processes.The important issue is 

transparency. An AI-generated artwork does not necessarily need to imitate documentary 

photography. If audiences understand that the image is synthetic or artistically constructed, the 

technology can support creativity without necessarily creating deception. 

11. The Ethics of AI-Generated Human Images 

Human portraits present particularly sensitive ethical questions. Generative AI can create realistic 

people who never existed. It can also modify real people's faces, bodies, clothing, expressions, or 

environments. These capabilities have implications for privacy, consent, dignity, reputation, and 

identity. The ability to generate realistic images of individuals creates risks of impersonation and 

non-consensual representation. AI can also reinforce unrealistic beauty standards and stereotypes. 

Recent research has found that disclosure does not necessarily eliminate the psychological effects of 

AI-generated images. Bennett et al. (2026), for example, reported that exposure to AI-generated 

influencer images affected body satisfaction even when participants were informed about the role of 

AI. The study also found that disclosure reduced trust in technology among informed participants.  

This finding is important because it demonstrates that labeling is necessary but may not always be 

sufficient. Audiences need broader media literacy to understand how synthetic imagery influences 

perception. Photography education therefore needs to expand beyond camera operation and image 

composition. Students must also learn about algorithmic bias, synthetic media, consent, provenance, 

disclosure, and visual verification. 

12. AI, Social Media, and the Speed of Visual Misinformation 

Social media has transformed the distribution of photographs. A photograph can reach millions of 

people within minutes without passing through the editorial processes historically associated with 

newspapers or broadcasters. Generative AI increases the volume of available visual material. 
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Anyone with access to an image generation system can potentially create realistic scenes and 

distribute them through social platforms. 

Audiences should be encouraged to ask basic questions: 

Who created the image? 

Where did it first appear? 

Is there an original source? 

Does independent reporting confirm the event? 

Does the image contain unusual visual or contextual features? 

Is the image labeled as AI-generated or manipulated? 

13. The Problem of "Seeing Is Believing" 

One of the most important consequences of generative AI is the weakening of the cultural 

assumption that seeing something means that it happened. 

For centuries, photographs have contributed to a social relationship between images and evidence. A 

photograph could be used to support a claim because audiences assumed that the camera had 

physically encountered the scene. This phenomenon can be described as the liar's dividend. When 

synthetic images become common, individuals accused of wrongdoing can claim that authentic 

evidence is AI-generated. In such circumstances, the existence of deepfakes can create uncertainty 

even when genuine photographs are available. 

This makes verification more important than visual intuition. Reuters fact-checking has 

demonstrated this problem in practice. In one case, a genuine photograph from a political rally was 

falsely accused of being AI-generated, while independent visual evidence and forensic analysis 

supported its authenticity (Reuters, 2024). Therefore, the AI era produces a paradox. Society must 

become more sceptical of images, but it must not become so sceptical that all visual evidence is 

dismissed. 
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14. The Transformation of Visual Journalism 

AI is likely to transform visual journalism in several ways.First, routine production processes may 

become increasingly automated. Image classification, archiving, caption assistance, transcription, 

translation, and search can be supported by AI.Second, journalists may increasingly need to verify 

the provenance of images received through social media and unofficial sources.Third, news 

organisations may need dedicated synthetic media verification teams.Fourth, visual journalists may 

increasingly use AI for data visualisation, reconstruction, explanatory graphics, and clearly labeled 

illustrations.Fifth, editorial policies will become more important.The newsroom of the future may 

therefore contain photographers, video journalists, data journalists, AI specialists, fact-checkers, 

visual editors, and provenance specialists working together.This does not necessarily reduce the 

importance of the photographer. Instead, it increases the value of professional judgment.A camera 

can capture a moment, but a journalist determines whether that moment is relevant, ethical, 

contextualized, and accurately represented. 

15. The Future of Photography Education 

Photography education must respond to the changing technological environment.Traditional 

photography curricula generally focus on camera operation, exposure, composition, lighting, lenses, 

genres, editing, and visual storytelling. These remain important. However, students now also require 

knowledge of computational photography and generative AI. 

16. Copyright, Authorship, and Ownership 

AI-generated photography also raises difficult questions about copyright and ownership.Traditional 

photography generally has a clear human creator. The photographer operates the camera, makes 

creative decisions, and produces the image.AI complicates this model because the final visual may 

result from a combination of training data, algorithms, prompts, human selection, editing, and 

machine generation. Another major issue concerns the images used to train AI systems. 

Photographers and visual creators have questioned whether their copyrighted work should be used to 

train generative models without permission or compensation. These debates demonstrate that AI 

photography is not only a technological issue. It is also an economic and legal issue. Photographers 

depend on licensing, commissions, editorial assignments, stock photography, and creative rights. If 
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organisations can generate inexpensive synthetic images for commercial purposes, traditional 

markets may be disrupted. At the same time, new professional roles may emerge. Photographers 

may become AI visual directors, image consultants, dataset curators, authenticity specialists, or 

hybrid visual storytellers. 

17. Authenticity as a Social Value 

Authenticity has become one of the most important concepts in the AI photography debate. An 

authentic image does not necessarily mean an image that has never been edited. Professional 

photography has always involved editing, cropping, colour correction, exposure adjustment, and 

other interventions. A conceptual artwork can be authentic even when every element is digitally 

created because it openly communicates its constructed nature.A commercial advertisement can use 

synthetic imagery if it does not mislead audiences about a product or person. 

A news photograph, however, has a different expectation because it claims to document an event. 

The same technological intervention can therefore have different ethical meanings in different 

contexts. This is why universal rules such as "AI is bad" or "AI is good" are inadequate. Ethical 

evaluation requires consideration of purpose, context, audience, degree of alteration, and potential 

harm. 

18. Conclusion 

The transformation of photography from camera to algorithm represents one of the most significant 

developments in contemporary visual communication. Photography has never been technologically 

static. It has moved from chemical processes to film, from film to digital sensors, from digital 

cameras to smartphones, and from conventional image processing to computational photography. 

Artificial intelligence represents the next stage of this transformation.AI can enhance photographs, 

automate technical processes, assist with image organisation, create new visual possibilities, and 

generate images that resemble photographs with remarkable realism. These developments can 

expand creativity, improve accessibility, reduce repetitive work, and democratise sophisticated 

visual production. 

However, the same technologies can also challenge the evidentiary value of photographs. When 
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synthetic images can imitate photojournalism, audiences can no longer depend only on visual 

appearance to determine authenticity. The problem becomes particularly serious when images are 

used to document political events, conflicts, disasters, public figures, historical events, or other 

matters of public interest. 

The future of photography will therefore not simply be a competition between humans and 

machines. It will increasingly be a collaborative relationship between photographers, algorithms, 

cameras, software, platforms, editors, and audiences. 

The photographer's role may change from simply operating a camera to directing an increasingly 

complex visual system. Yet the fundamental importance of human judgment will remain. 

Photography has value because people use it to communicate experiences, document events, 

preserve memories, construct narratives, and make claims about the world. Artificial intelligence can 

transform the technical process through which images are created, but it cannot remove the ethical 

responsibility attached to those claims. 
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Abstract 

The rapid diffusion of artificial intelligence (AI) tools into academic life is reshaping how scholars 

discover literature, design studies, analyze data, draft manuscripts, and disseminate findings. This 

chapter provides a comprehensive examination of the evolving role of AI-assisted research and 

writing within the broader transformation of scholarly communication. Drawing on an 

interdisciplinary body of literature, it traces the shift from AI as a peripheral support tool to AI as an 

embedded collaborator in knowledge production, while critically engaging with concerns around 

authorship, academic integrity, factual reliability, bias, and the epistemic authority of generative 

systems. The chapter reviews institutional, publisher, and professional-body responses to AI 

adoption; considers questions of global equity in access to AI tools; and offers a structured 

framework of recommendations for responsible integration of AI across the research lifecycle. It 

concludes that the changing digital ecosystem requires scholars, publishers, and institutions to jointly 

develop new norms of transparency, accountability, and disclosure so that AI's benefits efficiency, 
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accessibility, and the democratization of research can be realized without compromising scholarly 

rigor or public trust in science. 

Keywords: artificial intelligence, scholarly communication, academic writing, generative AI, 

research ethics, digital ecosystem, authorship, academic integrity 

 

1. Introduction 
 

Scholarly communication has always evolved in tandem with the technologies available to 

researchers from the printing press, to the typewriter, to word processors, to digital repositories and 

open-access platforms. Each transition altered not merely the speed of knowledge production but 

also its social organization: who could participate, what counted as a legitimate contribution, and 

how trust was established and maintained. The emergence of generative artificial intelligence 

particularly large language models (LLMs) such as GPT-based systems represents the latest, and 

arguably most disruptive, shift in this long trajectory (Bommasani et al., 2021). 

AI tools are now used across nearly every stage of the research lifecycle: literature searching and 

synthesis, hypothesis generation, statistical analysis, manuscript drafting, language editing, 

visualization, and even peer review support (Dwivedi et al., 2023). Unlike earlier digital tools, which 

primarily automated mechanical tasks (formatting, reference management, spell-checking), 

generative AI systems can produce fluent, contextually appropriate prose, summarize complex 

arguments, and simulate expert-level reasoning across disciplines (Floridi & Chiriatti, 2020). This 

qualitative shift from tool-as-instrument to tool-as-collaborator has generated both considerable 

enthusiasm and considerable unease within the academic community. 

Proponents highlight AI's potential to reduce the burden of routine tasks, improve accessibility for 

non-native English speakers, accelerate literature reviews, and democratize participation in global 

scholarship (Lund & Wang, 2023). Critics, meanwhile, warn of risks to originality, academic 

integrity, and the reliability of AI-generated content, given the well-documented tendency of 

generative models to produce plausible-sounding but factually incorrect outputs—commonly termed 

"hallucinations" (Alkaissi & McFarlane, 2023; van Dis et al., 2023). 

This chapter situates AI-assisted research and writing within the broader theme of the changing 

digital ecosystem, asking four guiding questions: 

1. How is AI altering the practices and workflows of scholarly communication? 

2. What ethical, epistemological, and institutional questions does this raise? 

3. How have publishers, universities, and professional bodies responded so far? 
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4. What pioneering frameworks might guide responsible adoption going forward? 

The chapter proceeds as follows. Section 2 outlines the changing digital ecosystem of scholarship as 

background context. Section 3 reviews the literature on AI applications across the research lifecycle. 

Section 4 offers a conceptual framework distinguishing AI-as-collaborator from AI-as-author. 

Section 5 examines authorship, integrity, and epistemic trust in depth. Section 6 surveys institutional 

and publisher responses. Section 7 considers global equity concerns. Section 8 presents illustrative 

scenarios drawn from documented cases in the literature and press. Sections 9 and 10 discuss 

opportunities and risks, respectively. Section 11 proposes a recommendations framework, and 

Section 12 outlines directions for future research before the chapter concludes in Section 13. 

2. Background: The Changing Digital Ecosystem of Scholarship 

 

Before examining AI specifically, it is useful to situate it within the wider digital transformation of 

scholarly communication over the past two decades. This transformation includes the rise of open-

access publishing, the proliferation of preprint servers, the growth of altmetrics and alternative 

impact measures, and the increasing role of social media and digital platforms in research 

dissemination (Zawacki-Richter et al., 2019). Each of these developments has incrementally 

reshaped who can access knowledge, how quickly findings circulate, and how scholarly credibility is 

signaled and verified. 

Generative AI enters this already-shifting ecosystem rather than a static one. It intersects with open 

science movements by potentially lowering barriers to participation (e.g., through AI-assisted 

translation and writing support for non-native English speakers), while simultaneously raising new 

questions about verification and trust that echo and in some ways intensify earlier debates about 

predatory publishing, reproducibility, and peer review quality (Hosseini et al., 2023). Understanding 

AI-assisted research and writing therefore requires attention not only to the technology itself but to 

the institutional and infrastructural context into which it is being absorbed. 

3. AI Across the Research Lifecycle: A Literature Review 

3.1 Literature Discovery and Synthesis 

 

AI-powered tools now assist researchers in navigating an increasingly overwhelming volume of 

published literature. Machine learning–based systems can cluster related studies, summarize 

findings, and identify research gaps at a scale unattainable through manual review (Zawacki-Richter 
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et al., 2019). Such tools lower the barrier to conducting systematic reviews and meta-analyses, 

allowing researchers to process thousands of abstracts in a fraction of the time required by traditional 

methods. However, scholars caution that AI-generated syntheses still require human verification for 

accuracy, contextual nuance, and correct attribution, since even sophisticated summarization tools 

can misrepresent nuanced findings or omit important contextual caveats (Aydın & Karaarslan, 

2022). 

3.2 Research Design and Data Analysis 

 

Beyond literature review, AI is increasingly embedded in research design and analysis. Machine 

learning techniques support pattern detection in large datasets, assist in experimental design 

optimization, and can flag anomalies that might otherwise go unnoticed by human analysts. In fields 

such as biomedicine, AI-assisted analysis has become integral to processing high-dimensional data 

(King, 2023). This integration, however, raises questions about the interpretability of AI-derived 

findings and the risk that researchers may over-rely on "black box" outputs without fully 

understanding the underlying analytic logic. 

3.3 Writing and Language Editing 

 

Generative AI has become particularly prominent in manuscript drafting and language refinement. 

For researchers writing in a second language, AI tools can substantially improve clarity, grammar, 

and overall readability, reducing the linguistic disadvantage historically faced by non-native English 

speakers in international publishing (Kitamura, 2023). Salvagno, Taccone, and Gerli (2023) argue 

that AI writing assistance can meaningfully support scientific communication when used 

transparently and combined with expert human review. 

At the same time, this capability has intensified debate over what constitutes acceptable use versus 

academic misconduct, particularly when AI contributions are undisclosed (Cotton et al., 2023). A 

widely discussed illustration of the risks of insufficient human oversight involves published papers 

in which residual AI-generated phrases such as boilerplate disclaimers characteristic of chatbot 

outputs—were inadvertently left in the final text, prompting corrections and public scrutiny (Else, 

2023). Such incidents underscore that even when AI assistance is not inherently problematic, 

careless integration can visibly compromise a manuscript's credibility. 

3.4 Peer Review and Editorial Processes 
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AI is also entering the editorial pipeline, with journals experimenting with AI-assisted plagiarism 

detection, reviewer-manuscript matching, and preliminary manuscript screening for methodological 

red flags. While these applications promise efficiency gains for overburdened editorial systems, they 

raise questions about transparency and the potential for algorithmic bias to influence which research 

is deemed publishable or which reviewers are selected (Hosseini et al., 2023). There is also growing 

debate about whether reviewers themselves should be permitted to use AI tools to help draft review 

reports, given confidentiality concerns around uploading unpublished manuscripts to third-party AI 

systems (COPE, 2023). 

3.5 Dissemination, Metrics, and Public Engagement 

 

Finally, AI is reshaping how research is disseminated and evaluated after publication. AI-driven 

recommendation systems influence which papers gain visibility on academic search platforms and 

social media, while natural language generation tools are increasingly used to produce lay 

summaries, press releases, and multilingual translations of research findings, potentially broadening 

public engagement with science (Lund & Wang, 2023). This raises new questions about the fidelity 

of AI-generated science communication and the risk of oversimplification or distortion when 

complex findings are translated into accessible language without adequate expert oversight. 

4. Conceptual Framework: AI as Collaborator, Not Author 

 

A recurring theme across the literature is the need to distinguish between AI as a supportive 

collaborator in the research process and AI as an author in the formal scholarly sense. This chapter 

adopts a three-tier conceptual framework to organize this distinction: 

Tier 1 — Mechanical Assistance: AI is used for narrowly defined, verifiable tasks such as grammar 

correction, formatting, or translation. Risk to integrity is low, and disclosure expectations are 

correspondingly minimal in most current guidelines. 

Tier 2 — Cognitive Augmentation: AI is used to assist with literature synthesis, brainstorming, 

drafting sections of text, or generating first-pass data interpretations. Here, human verification, 

disclosure, and critical evaluation become essential, since the AI's contribution shapes substantive 

content rather than surface form (Dwivedi et al., 2023). 

Tier 3 — Autonomous Generation: AI is used to generate substantial portions of a manuscript's 
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intellectual content—such as full literature reviews, discussion sections, or even hypotheses—with 

minimal human input. Current consensus across major publishers holds that this tier raises the most 

serious integrity concerns and, in its unsupervised form, is broadly discouraged or prohibited (Thorp, 

2023; Stokel-Walker, 2023). 

This tiered framework helps clarify why blanket bans on "AI use" are both impractical and 

conceptually imprecise: the ethical and epistemic stakes differ substantially depending on where in 

this spectrum a given use falls. 

5. Authorship, Integrity, and Epistemic Trust 

5.1 The Authorship Debate 

 

A central controversy in this space concerns authorship. Major publishers and editorial bodies, 

including Nature and Science, have explicitly stated that AI tools cannot be listed as authors, since 

authorship implies accountability that a non-sentient system cannot bear (Thorp, 2023; Stokel-

Walker, 2023). This position reflects a broader consensus that while AI can assist in the mechanics 

of writing, the intellectual responsibility for a work's claims must remain with human researchers. 

Authorship, in this view, is inseparable from accountability: an author must be able to answer for the 

accuracy, originality, and ethical soundness of a work, a capacity that current AI systems do not 

possess. 

This consensus has led journals and institutions to develop disclosure requirements, mandating that 

authors explicitly state where and how AI tools were used in manuscript preparation (Dwivedi et al., 

2023). Such policies aim to preserve trust in the scholarly record while acknowledging that outright 

prohibition is neither enforceable nor necessarily desirable (Anders, 2023). 

5.2 Hallucination and Factual Reliability 

 

Because generative models predict statistically plausible text rather than verify truth, unsupervised 

use in research writing risks introducing fabricated citations, misattributed findings, or subtly 

distorted claims into the literature. Alkaissi and McFarlane (2023) document cases in which AI 

systems generated entirely fabricated but stylistically convincing references and clinical claims in 

medical writing contexts a phenomenon they term "artificial hallucination." Similarly, Gao et al. 

(2023) found that AI-generated scientific abstracts could convincingly mimic genuine research 

abstracts, sometimes evading detection even by experienced reviewers, raising concerns about the 
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potential for AI-generated pseudo-research to enter the scholarly record undetected. 

These findings underscore the continued necessity of human oversight, critical evaluation, and 

domain expertise positioning AI as an augmentation of scholarly judgment rather than a replacement 

for it. Van Dis et al. (2023) argue that addressing this challenge requires coordinated action across 

five priority areas: verifying AI outputs, developing rules for accountability, investing in genuinely 

open-source AI tools for research, embedding AI literacy in academic training, and fostering 

ongoing debate about the appropriate boundaries of AI use in science. 

5.3 Plagiarism, Originality, and Detection Tools 

 

The rise of generative AI has also complicated existing frameworks for detecting plagiarism and 

ensuring originality. Traditional plagiarism-detection software identifies textual overlap with 

existing sources, but AI-generated text is, by construction, often original at the sentence level even 

when it derives its substance from patterns learned across vast training corpora. This has spurred the 

development of AI-text detection tools, though their reliability remains contested, with reported 

concerns about both false positives (incorrectly flagging human-written text) and false negatives 

(failing to detect AI-assisted content) (Cotton et al., 2023). The unreliability of detection tools 

reinforces the argument that disclosure-based transparency, rather than detection-based policing, 

may be the more sustainable long-term approach. 

5.4 Bias and Representational Concerns 

 

A further concern involves the propagation of bias through AI-assisted research and writing. 

Because large language models are trained on existing bodies of text, they can reproduce and even 

amplify biases present in their training data including linguistic biases favoring dominant academic 

traditions, disciplinary framings, and geographic or cultural perspectives (Bommasani et al., 2021). 

This raises the risk that widespread reliance on AI tools could subtly homogenize academic writing 

styles and argumentative structures, potentially marginalizing alternative epistemic traditions and 

non-Western scholarly voices unless actively counteracted. 

6. Institutional and Publisher Responses 

6.1 Journal and Publisher Policies 
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In response to these concerns, major publishers have moved relatively quickly to establish formal 

policies. As noted, both Nature and Science have stated that AI systems cannot be credited as 

authors (Thorp, 2023; Stokel-Walker, 2023), while requiring authors to disclose AI use in the 

methods or acknowledgments sections of a manuscript. Other major publishers have adopted broadly 

similar frameworks, generally converging on a model in which AI use is permitted but must be 

transparently disclosed and remains subject to full human accountability (Dwivedi et al., 2023). 

6.2 University and Funder Guidelines 

 

Universities and research funders have likewise begun developing institutional guidance, though 

these frameworks remain considerably more fragmented than publisher policies, varying widely 

across institutions and countries. Common elements include requirements for AI-use disclosure in 

theses and grant applications, updated academic integrity policies explicitly addressing generative 

AI, and, in some cases, the introduction of AI literacy training for graduate students and early-career 

researchers (Cotton et al., 2023). 

6.3 Professional and Editorial Bodies 

 

Professional bodies overseeing research ethics and publication standards have also issued guidance. 

The Committee on Publication Ethics (COPE) has articulated a position that AI tools cannot meet 

the criteria for authorship and that their use should be transparently disclosed, with authors 

remaining fully responsible for submitted content (COPE, 2023). Similarly, editorial guidance from 

major medical journal consortia emphasizes that AI-assisted content must be verified for accuracy 

and that confidential, unpublished material such as manuscripts under peer review—should not be 

uploaded to public AI tools due to data privacy and confidentiality concerns. 

Taken together, these institutional responses reveal an emerging, if still evolving, consensus: AI is 

broadly accepted as a legitimate research and writing aid, provided its use is transparent, verified, 

and does not substitute for human accountability. 

7. Global Equity and the Digital Divide in AI-Assisted Scholarship 

 

The integration of AI into scholarly communication does not occur on a level playing field. Access 

to advanced AI tools particularly premium, more capable models is unevenly distributed across 

institutions, disciplines, and world regions, raising concerns that AI could exacerbate rather than 
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alleviate existing inequities in global scholarly participation (Zawacki-Richter et al., 2019). 

Researchers at well-funded institutions in high-income countries may have privileged access to 

cutting-edge AI tools, institutional training, and technical support, while scholars elsewhere may 

face cost barriers, infrastructural limitations, or restrictions on data transmission to AI providers 

located in other jurisdictions. 

At the same time, AI tools hold genuine potential to reduce certain longstanding inequities—

particularly the disadvantage faced by non-native English speakers in a scholarly publishing system 

still dominated by English-language journals (Kitamura, 2023). Realizing this equity-enhancing 

potential, rather than allowing AI to become a new axis of stratification, will require deliberate 

policy attention: subsidized or open-access AI tools for under-resourced institutions, capacity-

building initiatives, and publisher policies that do not inadvertently penalize legitimate, disclosed 

AI-assisted writing support. 

8. Illustrative Scenarios from the Literature and Press 

 

Several documented cases illustrate both the promise and the pitfalls of AI-assisted scholarly work. 

Reported instances in which peer-reviewed papers retained visible AI-generated boilerplate 

phrases—text characteristic of chatbot disclaimers drew widespread public and editorial attention, 

prompting corrections and renewed scrutiny of editorial safeguards (Else, 2023). Separately, 

controlled studies have shown that AI-generated research abstracts can be difficult even for trained 

scientists to distinguish from genuine human-written abstracts, raising concerns about the potential 

for AI to be used to generate convincing but unsubstantiated research summaries (Gao et al., 2023). 

These cases do not suggest that AI assistance is inherently harmful to scholarly communication; 

rather, they illustrate the consequences of insufficient human oversight and inadequate editorial 

verification processes. They reinforce the chapter's central argument that responsible integration—

not prohibition—is the more realistic and productive institutional response. 

9. Opportunities in the Changing Digital Ecosystem 

 

Despite the risks outlined above, the literature identifies substantial opportunities associated with AI-

assisted research and writing: 
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• Efficiency gains: Automating routine tasks such as reference formatting, initial drafting, and 

literature summarization frees researcher time for higher-order intellectual work (Dwivedi et 

al., 2023). 

• Accessibility and inclusion: AI-assisted language editing can reduce linguistic barriers for 

non-native English-speaking researchers, potentially broadening global participation in 

international scholarship (Kitamura, 2023). 

• Accelerated discovery: AI-assisted literature synthesis and pattern detection can accelerate the 

identification of research gaps and novel hypotheses (Zawacki-Richter et al., 2019). 

• Enhanced public engagement: AI-assisted science communication tools can help translate 

complex findings into accessible formats for broader public audiences, provided fidelity to the 

original findings is maintained (Lund & Wang, 2023). 

9. Risks and Challenges 

 

• Factual unreliability and hallucination, with the potential to introduce fabricated or distorted 

claims into the scholarly record (Alkaissi & McFarlane, 2023; van Dis et al., 2023). 

• Erosion of authorship accountability, if AI contributions are undisclosed or if human 

oversight is insufficient (Thorp, 2023). 

• Detection and enforcement limitations, given the unreliability of current AI-text detection 

tools (Cotton et al., 2023). 

• Bias propagation and epistemic homogenization, particularly affecting non-dominant 

academic traditions and languages (Bommasani et al., 2021). 

• Unequal access, risking a new digital divide in scholarly participation (Zawacki-Richter et al., 

2019). 

10. A Recommendations Framework for Responsible Integration 

 

Synthesizing the literature reviewed above, this chapter proposes the following principles for the 

responsible use of AI in research, writing, and scholarly communication, organized by stakeholder 

group: 

For individual researchers: 

5. Disclose the nature and extent of AI assistance used in any given work. 
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6. Independently verify all AI-generated content citations, summaries, data interpretations before 

inclusion in scholarly outputs. 

7. Retain full intellectual and ethical responsibility for all submitted work, regardless of AI 

involvement. 

For journals and publishers: 

8. Maintain clear, consistently enforced policies distinguishing acceptable AI assistance from 

prohibited autonomous generation. 

9. Require explicit AI-use disclosure statements as a standard manuscript submission element. 

10. Invest in editorial training to help reviewers and editors recognize signs of unsupervised or 

undisclosed AI use. 

For universities and funders: 

11. Develop clear, updated academic integrity policies that explicitly address generative AI. 

12. Provide AI literacy training for researchers at all career stages, particularly graduate students 

and early-career scholars. 

13. Ensure equitable institutional access to AI tools to prevent AI from becoming a new axis of 

academic stratification. 

For the broader scholarly ecosystem: 

14. Support the development of transparent, ideally open-source, AI tools tailored to research use 

cases, reducing dependency on opaque commercial systems (van Dis et al., 2023). 

15. Foster ongoing, cross-disciplinary dialogue on the evolving boundaries of acceptable AI use, 

recognizing that static policies will likely require regular revision as the technology continues  

to develop (Dwivedi et al., 2023; Hosseini et al., 2023). 

11. Directions for Future Research 

 

Several avenues merit further scholarly attention. First, longitudinal studies are needed to assess how 

AI-assisted writing practices affect the long-term quality, originality, and diversity of scholarly 

output across disciplines. Second, further empirical work should examine the actual (rather than 

perceived) prevalence of undisclosed AI use in published literature, and the effectiveness of various 

disclosure and detection mechanisms. Third, comparative research across world regions and 

institutional contexts could illuminate how unequal access to AI tools is shaping global patterns of 

scholarly participation. Finally, research is needed on the pedagogical dimensions of AI 
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integration—specifically, how AI-assisted writing tools affect the development of critical thinking, 

analytical writing, and research skills among early-career scholars. 

 

 

12. Conclusion 

 
AI-assisted research and writing mark a pivotal development in the ongoing transformation of 

scholarly communication. Rather than displacing human scholarship, current evidence suggests AI is 

best positioned as a collaborative tool that enhances efficiency and accessibility while demanding 

renewed attention to integrity, transparency, and equity. The tiered framework proposed in this 

chapter distinguishing mechanical assistance, cognitive augmentation, and autonomous generation 

offers one way of clarifying where the most significant ethical and epistemic risks lie, and where 

existing safeguards are most urgently needed. 

As the digital ecosystem continues to evolve, pioneering academic engagement with these tools 

critical, informed, and ethically grounded will be essential to ensuring that AI strengthens, rather 

than undermines, the credibility of the scholarly record. The task ahead is not to resist this 

transformation but to shape it deliberately: building norms, policies, and infrastructures that allow 

AI's genuine benefits to be realized without compromising the foundational values of accountability, 

originality, and trust that underpin scholarly communication 
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Abstract 

 

Technology is no longer something that exists separately from everyday life. It shapes how people 

communicate, learn, work, shop, create, entertain themselves, and understand the world around 

them. From smartphones and social media to artificial intelligence, cloud computing, digital 

payments, and immersive technologies, digital tools have gradually become part of the social fabric 

of modern life. This transformation has created new opportunities for education, economic growth, 

creativity, participation, and global communication. At the same time, it has introduced difficult 

questions about privacy, inequality, misinformation, identity, employment, mental well-being, 

cultural change, and the ethical use of technology. 

This chapter explores the relationship between technology, society, and digital culture, with 

particular attention to the ways in which technology influences human behaviour and, in turn, is 

shaped by human values and social practices. It examines the emergence of digital culture, the 

changing nature of communication and relationships, the digital divide, the role of artificial 

intelligence, transformations in education and employment, online identity, privacy, misinformation, 

and the growing need for digital responsibility. Rather than viewing technology as either entirely 

beneficial or entirely harmful, the chapter presents it as a powerful social force whose impact 

depends largely on how people, institutions, businesses, and governments choose to design and use 

it. 

Keywords 

Technology, Society, Digital Culture, Artificial Intelligence, Social Media, Digital Divide, Digital 

Literacy, Privacy, Cybersecurity, Digital Identity, Ethics 

1. Introduction 

Imagine an ordinary morning in the life of a young person today. The alarm rings on a smartphone. 

The first few minutes may involve checking messages, scrolling through social media, reading the 
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news, or watching a short video. A digital payment might be used to buy breakfast. A map 

application may guide the journey to college or work. Classes may involve online resources, and 

assignments may be completed through cloud-based platforms. In the evening, entertainment might 

come through a streaming service, while communication with friends and family continues through 

messaging applications. 

None of these activities necessarily feels extraordinary anymore. 

That is perhaps the most significant feature of modern technology: it has become ordinary. 

Technology is no longer simply a collection of machines, software, or devices. It has become 

embedded in everyday routines and social relationships. The smartphone in a person's hand can 

simultaneously function as a telephone, camera, newspaper, bank, classroom, entertainment system, 

workplace, diary, and social space. As a result, understanding technology today requires more than 

understanding how a device works. It requires understanding what technology does to people, what 

people do with technology, and how both influence society. 

The growth of digital technologies has also changed the meaning of culture. Traditionally, culture 

developed through language, traditions, family, religion, art, literature, music, institutions, and 

shared social experiences. These influences continue to matter, but digital platforms have added a 

new layer to cultural life. Memes, viral videos, hashtags, influencers, podcasts, gaming communities, 

digital art, and user-generated content have become part of how people express themselves and 

participate in culture. This new environment can be described as digital culture. 

Digital culture is not simply culture that happens on the internet. It is the broader transformation of 

human behaviour, communication, values, creativity, and social interaction brought about by digital 

technologies. The relationship between technology and society is therefore two-way. Technology 

changes society, but society also determines which technologies are created, adopted, regulated, and 

rejected. A technology reflects the priorities of the people and institutions that design it. The same 

technology can produce very different outcomes depending on the social environment in which it is 

used. The challenge of the digital age, therefore, is not to decide whether technology is ―good‖ or 

―bad.‖ The more important question is: How can technology be developed and used in ways that 

strengthen human life rather than weaken it? 

2. From Digital Revolution to Digital Culture 

The digital revolution did not happen overnight. It developed through several stages, beginning with 

the transition from analogue systems to digital forms of storing and processing information. The 
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growth of personal computers, the internet, mobile phones, and eventually smartphones transformed 

digital technology from a specialised tool into a mass phenomenon. The arrival of the internet was 

particularly significant because it changed communication from a largely one-directional process 

into an interactive one. Earlier forms of mass communication such as newspapers, radio, and 

television generally involved a relatively small number of organisations producing content for large 

audiences. The internet gradually blurred this distinction. Today, an individual with a smartphone 

can be a consumer, producer, commentator, photographer, broadcaster, entrepreneur, or journalist. 

This shift has democratised communication in important ways. People can share stories that may 

never have reached traditional media organisations. Small businesses can reach customers without 

establishing physical stores. Independent artists can find audiences across national borders. Students 

can access educational resources from institutions around the world.However, greater participation 

also creates new problems. When everyone can publish information, distinguishing reliable 

information from misleading information becomes more difficult. The ability to communicate 

widely does not automatically mean that the information being communicated is accurate. This is 

one of the central contradictions of digital culture: technology has made communication easier, but 

not necessarily communication wiser. 

3. Technology and the Transformation of Human Communication 

Communication is one of the areas most dramatically transformed by digital technology. 

A message can now travel across continents within seconds. Video calls allow families separated by 

distance to see one another. Online communities allow people with similar interests to connect even 

when they have never met physically. Social media platforms have created spaces where personal 

experiences, political opinions, entertainment, news, and advertising exist alongside one another. 

Yet faster communication does not always mean deeper communication. Digital communication 

often rewards speed. People may react to a headline before reading the article, respond to a message 

before understanding its context, or share a post before checking whether it is true. Short-form 

content can make complex issues appear simple, while algorithms may repeatedly present users with 

content similar to what they have already viewed. 

As a result, communication has become increasingly shaped by attention. In the digital economy, 

attention has value. Platforms compete for the user's time, and content creators compete for views, 

likes, comments, shares, and subscribers. This can encourage creativity, but it can also encourage 

sensationalism. Content designed to provoke an emotional reaction may perform better than content 
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that requires careful thought. At the same time, digital communication has created new forms of 

expression. Emojis, GIFs, memes, reaction videos, voice notes, and short videos have developed into 

forms of digital language. Young people in particular often move naturally between text, image, 

video, audio, and symbols while communicating. Language itself is evolving. Digital culture has 

created new slang, abbreviations, expressions, and patterns of humour. A meme can communicate an 

idea or emotion that would require several sentences in traditional writing. These changes 

demonstrate that technology does not simply provide new communication tools; it also influences 

the way people think about communication. 

4. Social Media and the Construction of Digital Identity 

One of the most personal aspects of digital culture is the creation of an online identity. 

People have always presented different versions of themselves in different social situations. 

However, social media has made this process more visible and continuous. A person's profile can 

contain photographs, opinions, achievements, friendships, interests, professional experiences, and 

personal moments. Over time, these elements form a digital representation of the individual. 

This creates both freedom and pressure. On one hand, social media allows people to express aspects 

of themselves that may not find space in their immediate surroundings. Someone living in a small 

town can find a global community interested in their art, music, language, identity, or ideas. 

On the other hand, the pressure to appear successful, attractive, happy, or interesting can become 

exhausting. Social media often shows carefully selected moments rather than ordinary reality. 

Comparing one's everyday life with another person's carefully edited online presence can create 

unrealistic expectations. Digital identity also has a lasting quality. A photograph, comment, or video 

posted casually may remain accessible long after the person has forgotten about it. This makes 

digital literacy particularly important. People need to understand that online actions can have 

consequences beyond the moment in which they occur. The question of identity has become even 

more complicated with artificial intelligence. AI-generated images, synthetic voices, virtual 

influencers, and realistic digital avatars challenge traditional ideas about authenticity. In the future, 

determining whether something is genuinely created or experienced by a human may become 

increasingly difficult. 

5. The Digital Divide: Access Is Not Equal 

The digital revolution is often described as universal, but access to technology remains unequal. 
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The International Telecommunication Union reported that 5.5 billion people were online in 2024, 

representing 68 percent of the world's population, while approximately 2.6 billion people remained 

offline. These numbers reveal an important reality: technological progress does not automatically 

create equal opportunity. The digital divide refers to differences in access to digital technologies and 

meaningful digital participation. These differences may be caused by income, geography, education, 

gender, age, disability, language, or affordability. For example, having access to a smartphone is not 

necessarily the same as having meaningful digital access. A student may own a phone but lack 

reliable high-speed internet, a suitable device for academic work, a quiet environment for online 

classes, or the digital skills required to use educational platforms effectively. 

The divide therefore has several dimensions: access, affordability, skills, quality, and meaningful 

participation. Bridging the digital divide is therefore not simply about providing internet 

connections. It is about ensuring that people have the knowledge, resources, and opportunities 

necessary to participate meaningfully in digital society. 

6. Artificial Intelligence and the Changing Relationship Between Humans and 

Technology 

Artificial intelligence has introduced a new stage in the relationship between technology and society. 

Earlier digital technologies primarily helped humans store, retrieve, process, and communicate 

information. AI systems can now perform tasks associated with activities such as language 

generation, image creation, pattern recognition, prediction, translation, recommendation, and 

decision support. This creates enormous possibilities. In education, AI can support personalised 

learning and help students explore difficult concepts. In healthcare, AI can assist with analysis and 

research. In business, it can automate repetitive tasks and support decision-making. In creative 

industries, it can become a tool for brainstorming, editing, design, and experimentation. 

However, AI also raises serious questions. What happens when an automated system makes a 

mistake? Who is responsible for an unfair decision made by an algorithm? How should personal data 

be protected? What happens to jobs when certain tasks become automated? How can society 

distinguish AI-generated content from human-created content?These are not purely technical 

questions. They are social and ethical questions. 

UNESCO's Recommendation on the Ethics of Artificial Intelligence, adopted in 2021, places human 

rights and human dignity at the centre of AI governance and emphasises principles including 

transparency, fairness, accountability, and human oversight. 
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The most important lesson is that AI should not be viewed simply as a replacement for human 

intelligence. Its most constructive role may be as a tool that expands human capabilities while 

leaving important decisions subject to appropriate human judgment. The future will therefore require 

AI literacy, not merely technical AI skills. People need to understand what AI can do, what it cannot 

do, how its outputs can be wrong, and how to use it responsibly. 

7. Technology and Education 

Education has changed significantly because of digital technology. 

A student no longer depends entirely on a physical classroom or textbook for knowledge. Online 

lectures, digital libraries, educational applications, virtual classrooms, open courses, simulations, and 

AI-based learning tools have expanded access to information. 

Technology can make learning more flexible and interactive. Students can pause a lecture, revisit 

difficult concepts, use visual explanations, collaborate with classmates online, or explore subjects 

beyond their formal curriculum.However, access to information is not the same as understanding. 

The internet contains an enormous amount of information, but information without evaluation can 

create confusion. Students therefore need critical thinking alongside digital access. They must learn 

how to identify reliable sources, compare perspectives, recognise misinformation, understand 

algorithms, protect personal data, and use AI tools ethically. The role of teachers is changing as well. 

Technology does not eliminate the need for teachers; instead, it can change what teachers focus on. 

Rather than simply delivering information, educators increasingly have an opportunity to guide 

students in interpreting, questioning, applying, and creating knowledge. The classroom of the future 

may therefore be less about memorising information and more about learning how to navigate an 

environment where information is constantly available. 

8. Technology, Work, and the Future of Employment 

The workplace has also been transformed by digital technology. Remote work, digital collaboration 

platforms, cloud computing, online recruitment, automation, data analytics, and AI-assisted tools 

have changed how organisations operate. A person can work with colleagues located in different 

cities or countries without sharing the same physical office. 

This flexibility can create opportunities, particularly for people who might otherwise face 

geographical or physical barriers to employment. At the same time, automation has created anxiety 

about job displacement. History shows that technological change does not simply eliminate work; it 
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often changes the nature of work. Certain tasks disappear, while new occupations emerge. However, 

the transition can be difficult for individuals whose existing skills no longer match labour-market 

demands. This makes lifelong learning increasingly important. A qualification obtained at the 

beginning of a career may not remain sufficient for an entire working life. Workers may need to 

continuously develop digital, analytical, creative, interpersonal, and problem-solving skills. The 

future of employment should therefore not be understood only as a competition between humans and 

machines. It is more accurately a question of how humans and machines will work together. 

Skills that involve empathy, judgement, creativity, leadership, communication, ethical reasoning, 

and complex problem-solving are likely to remain particularly valuable because they involve 

dimensions of human experience that cannot be reduced easily to automated processes. 

9. Privacy, Data, and the Invisible Digital Footprint 

Everyday digital activity generates data. Searches, purchases, locations, photographs, browsing 

behaviour, interactions, and preferences can all contribute to a person's digital footprint. Data can 

make services more convenient and personalised, but it can also create risks when collected, stored, 

shared, or used without sufficient understanding or consent. Privacy is therefore no longer simply 

about keeping secrets. It is about maintaining a degree of control over personal information. Many 

people accept digital permissions without reading them because the process is complicated or 

because refusing access may make a service difficult to use. This creates a gap between formal 

consent and meaningful understanding.n Digital privacy therefore requires responsibility from 

individuals, companies, and governments. Individuals need stronger digital awareness. Companies 

need responsible data practices. Governments need effective frameworks that protect rights without 

unnecessarily restricting innovation. Privacy should not be treated as an obstacle to technological 

progress. It should be understood as part of responsible technological progress. 

10. Misinformation, Deepfakes, and the Crisis of Trust 

One of the greatest challenges of digital culture is the speed at which false or misleading information 

can spread. A traditional rumour might once have travelled through a neighbourhood. Today, a 

misleading post can reach thousands or millions of people within hours. 

The problem has become more complex with AI-generated content. Deepfake videos, synthetic 

voices, fabricated images, and automatically generated text can create highly convincing 

representations of events or people that never actually occurred. This creates a crisis of trust. 
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If people cannot determine whether an image, video, or voice recording is authentic, they may 

become sceptical of everything. This can be damaging because a healthy society depends on a shared 

ability to establish basic facts. The solution is not to distrust every digital source. Instead, society 

needs stronger media and information literacy. Users should develop simple habits: check the 

original source; look for independent confirmation; examine the date and context; avoid sharing 

emotionally provocative content immediately; distinguish opinion from verified information; be 

cautious with images and videos that seem unusually dramatic; and use credible sources when the 

information has serious consequences. In the digital age, responsible communication is not only 

about having freedom of expression. It is also about understanding the consequences of what we 

choose to amplify. 

11. Technology and Human Well-Being 

Technology has made life more convenient, but convenience does not always equal well-being. 

Constant connectivity can make people feel that they are never completely offline. Notifications, 

messages, work emails, social media updates, and breaking news can create an environment of 

continuous stimulation. There is also a psychological dimension to digital platforms. Likes, 

comments, views, and notifications can become measures of social approval. For some users, this 

may create pressure to remain constantly visible and active. The answer, however, is not necessarily 

to reject technology. Digital tools can also support well-being. People use technology to maintain 

relationships, find communities, access educational resources, express creativity, and obtain 

important information. The key issue is the quality and purpose of use. 

A healthier digital culture requires intentional use. This may involve setting boundaries around 

screen time, turning off unnecessary notifications, taking periods away from social media, protecting 

sleep, and creating spaces where people can interact without constantly looking at screens. 

Technology should serve human life. Human life should not be organised entirely around the 

demands of technology. 

12. Digital Culture and the Changing Meaning of Community 

Digital platforms have transformed the concept of community. A community was once strongly 

associated with physical location: a neighbourhood, village, school, workplace, or religious 

institution. Today, communities can also be formed around interests and shared experiences rather 

than geography. 
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A person interested in a particular form of music, sport, literature, gaming, photography, 

filmmaking, or social cause can find people with similar interests anywhere in the world. 

This can be deeply empowering. However, digital communities can also become isolated from 

opposing viewpoints. When users repeatedly encounter people who share their beliefs, algorithmic 

recommendation systems may reinforce existing preferences. Over time, this can contribute to 

polarisation. Digital communities therefore have two possibilities: they can broaden people's worlds 

or make those worlds narrower. The outcome depends partly on how consciously people engage 

with them. A healthy digital culture should encourage curiosity rather than constant agreement. 

Exposure to different perspectives can be uncomfortable, but it is essential for developing a mature 

understanding of society. 

13. Technology and Cultural Diversity 

Digital technology has created new opportunities for cultural preservation and expression. 

Languages, folk music, traditional crafts, regional stories, historical photographs, and local traditions 

can now be documented and shared with global audiences. A young creator can introduce an 

international audience to a local tradition without waiting for traditional cultural institutions to 

provide that opportunity. At the same time, global digital platforms can create cultural pressure. 

Popular trends can spread rapidly across countries, sometimes overshadowing local languages, 

customs, or forms of expression. Digital culture is therefore both global and local. 

It creates a shared global environment while allowing people to express highly specific local 

identities. The challenge is to ensure that global connectivity does not become cultural uniformity. 

Technology should ideally make the cultural world larger, not smaller. 

14. Ethics and Responsibility in the Digital Age 

Technological development often moves faster than social institutions can respond. 

A new application can be launched in months. A new AI capability can spread globally within 

weeks. Laws, educational systems, and social norms may take much longer to adapt. This creates an 

ethical gap. Responsible technology requires asking questions before problems become widespread: 

Is the technology safe? Who benefits from it? Who might be harmed? Whose data is being 

collected? Can the system discriminate against certain groups? Can users understand how important 

decisions are made? Who is accountable when something goes wrong? Is the technology 

environmentally sustainable? 
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These questions should not be left exclusively to technology companies. Governments, educators, 

researchers, journalists, designers, civil society, and ordinary users all have roles to play. Ethics 

should not be treated as something added after a technology is developed. Ethical thinking should be 

part of the design process itself. 

15. Building a More Responsible Digital Society 

A responsible digital society requires more than advanced technology. It requires capable and 

informed citizens. Digital literacy should therefore become a fundamental life skill. 

A digitally literate person does not simply know how to operate an application. They understand 

how digital systems influence information, privacy, communication, opportunities, and decision-

making. Schools and universities can play an important role by teaching students not only how to 

use technology but also how to question it. 

Businesses can contribute by designing products that respect privacy, accessibility, safety, and 

human well-being. Governments can establish clear and balanced regulatory frameworks that protect 

citizens while allowing responsible innovation. Technology companies can adopt greater 

transparency and accountability. Individuals also have responsibilities. Every digital user contributes 

to digital culture through what they post, share, support, ignore, and create. A responsible digital 

society is therefore a shared project. 

16. Conclusion 

Technology has become one of the defining forces of contemporary society. It has changed how 

people communicate, learn, work, create, entertain themselves, participate in public life, and 

understand their identities. Digital culture has emerged from this transformation, creating new forms 

of expression and community while also producing new challenges. 

The digital age has demonstrated that technological progress is never purely technological. Every 

innovation carries social consequences. 

The internet can connect people and spread misinformation. Social media can create communities 

and intensify comparison. Artificial intelligence can expand human capabilities and introduce new 

ethical risks. Digital platforms can increase economic opportunity while also deepening existing 

inequalities. There is therefore no simple answer to whether technology is changing society for 

better or worse. 

It is doing both. What matters is what society chooses to do with the power technology provides. 
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The future of digital culture should not be built around the idea that everything that can be 

automated should be automated, or that everything that can be connected should be connected. 

Instead, technology should be evaluated through a human question: Does this make human life 

better, fairer, safer, and more meaningful? The most important technology of the future may not be a 

machine at all. It may be the ability of people to use technology with judgement, empathy, 

responsibility, and awareness. Technology will continue to evolve. Society will continue to adapt. 

Digital culture will continue to change. But the human values guiding that change must remain at the 

centre 
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Abstract 

 

Artificial intelligence is changing the way digital businesses comprehend, forecast, and influence 

consumer behaviour. With the growth of e-commerce, social media, apps, streaming, and digital 

payments, an unprecedented volume of consumer data has been generated. Artificial intelligence, 

machine learning, predictive analytics, natural language processing, and generative AI facilitate 

the ability of organisations to convert these data sources into actionable insights and increasingly 

personalised consumer experiences. Through the analysis of various data, businesses can make 

informed decisions. As a result, brands are increasingly turning away from mass marketing and 

are utilising more data-driven and personalised methods. 

The chapter explores the role of AI, data analytics, personalisation, and consumer behaviour in 

digital business. The conceptual bases of AI-enabled consumer behaviour, data analytics for 

consumer understanding, and AI-enabled personalisation across digital marketing and customer 

experience management are covered in this course. The chapter also studies how personalisation 

affects consumer awareness, evaluation, purchase decisions, satisfaction, loyalty, and trust. 

Alongside this, the growing dependence on consumer data creates challenges related to privacy, 

algorithmic bias, transparency, surveillance, exploitation, and consumer autonomy. Newer 

developments such as generative AI, hyper-personalisation, AI shopping agents, predictive 

analytics, and emotion awareness technologies are expected to further enhance digital consumer 

experiences. The chapter argues that success in AI-driven consumer engagement will not just 

depend on technology but also on how these initiatives are governed, that is, their transparency, 

fairness, privacy protection, and human-centred implementation. The chapter describes 

AI-driven consumer behaviour as a continuous feedback loop, wherein consumer data helps to 

inform prediction and personalisation, while consumer responses generate new behaviour data. 
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  1. Introduction 

 

Consumer expectations have evolved due to the digital transformation of business in the cloud 

economy. A website consumers interact with today includes mobile apps, social media, digital 

marketplaces, search engines, video streaming, online banking, and connected devices. This 

information generates a huge amount of data on their likes and dislikes, buying actions and 

behaviours. Digital businesses can observe consumers constantly and analyse them at scale. 

This is different from a typical business environment in which organisations have access to 

limited customer information collected intermittently. 

Artificial intelligence has become one of the main technologies that allow organisations to 

convert this growing amount of data into consumer intelligence. Artificial Intelligence (AI) 

refers to computer systems that mimic human intelligence to perform specific tasks. Machine 

learning involves the use of data to create a system that can learn, while natural language 

processing enables organisations to analyse and respond to human language. Generative AI has 

also automated the production of text, images, audio, video, and conversational responses. 

First and foremost, the rise of data-driven personalisation led to the growing role of AI in 

consumer markets. In traditional marketing, the company segments customers in broad 

categories based on demographic or geographic characteristics. Digital technologies allow for 

far more granular approaches. Businesses can observe searches performed, products viewed, 

time spent browsing, purchases made, and replies to marketing messages. AI can then predict 

what the consumer is likely interested in based on these signals. 

You can see this in recommendation systems. E-commerce sites suggest products you may like 

based on what you have browsed or bought. Similarly, streaming services recommend content 

that suits your viewing habits. Social media tailor the feed based on previous interactions, while 
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digital advertising tools use bulk assessment of data points to figure out what advertisement 

would lure the user (Davenport et al., 2020; Rajpoot et al., 2026). 

The rising use of personalisation presents great opportunities for businesses and consumers 

alike. Enhancing engagement, conversion, retention, and customer value for businesses. 

Consumers can receive relevant information, save search costs, get a tailored service, and gain 

convenience. 

Nonetheless, these technologies also pose significant ethical and social threats. Gathering and 

evaluating personal data may jeopardise privacy. Algorithms could replicate social biases. 

Customers may confuse why they are being shown specific recommendations or ads. 

Persuasive systems that are highly sophisticated could limit consumer freedom in various ways. 

So, the issue is not whether AI can predict consumer behaviour at all, but how it ought to be 

used. 

This chapter explores AI-driven consumer behaviour through the connected lenses of data 

analytics, personalisation, digital business strategy, consumer psychology, and AI ethics. AI is 

changing consumer behaviour from a controllable output of marketing activity into a more 

active relationship where algorithms simultaneously observe, predict, and influence consumer 

choice. 

Consequently, this chapter conceptualises AI-driven consumer behaviour not as linear but as a 

feedback relationship. The consumer interacts, data is generated, and AI drives consumer 

behaviour by predicting and personalising. As a result, consumers respond. 

 

2. Artificial Intelligence and the Transformation of Consumer Behaviour 

 

The process of consumer behaviour begins with need recognition and ends with post-purchase 

evaluation. According to classical models, consumer behaviour is influenced by psychology, 

culture, society, and economics. Digitalisation has played an important technological role in 

this. 

In the online space, consumers are participating in algorithmically induced choices. Search 

engines rank information, e-commerce sites recommend products, streaming sites highlight 
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content, and social media tailor feeds. Consequently, AI does not just analyse consumer 

behaviour after it happens; it is increasingly reshaping the environment in which it happens. 

According to Davenport et al. (2020), AI is very significant in marketing, as it improves 

customer insights, personalisation, and marketing decision-making. Huang and Rust (2021) 

likewise identify AI as a strategic technology able to modify marketing functions by connecting 

together automation, intelligence, and interaction. 

The linear sequence forms the basis of the more dynamic feedback loop presented in Figure 1. 

In the first stage, digital businesses will collect or receive the information generated by 

consumers. During the second phase, AI and analytics spot trends and forecast likely 

behaviour. In the third stage, organisations use those insights to tailor communication and 

personalisation of recommendations, offers, services and experiences. 

 

Figure 1 illustrates a continuous cycle in which consumer interactions generate data, data 

areanalysed to identify patterns, AI models generate predictions, and these predictions inform 

personalised experiences. Consumer responses subsequently generate new behavioural data, 

allowing the cycle to continue. 
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It makes personalisation gradually sharper and more effective. Because of that, the relationship 

isn‘t one-directional; it is dynamic: consumers affect algorithms by way of their behaviour, while 

algorithms affect consumers on account of their experiences.  

 

1. Data Analytics as the Foundation of AI-Driven Consumer Insights 

 

AI-driven consumer applications are very effective, depending solely on the availability of data. 

The information used by digital businesses can come from a wide variety of sources, including 

transaction systems, websites, mobile applications, loyalty programmes, social media, customer 

service, reviews and ads. 

 

1.1 Big Data and Consumer Intelligence 

 

Big data is when we have high volume, velocity, and variety. Consumer data may comprise 

structured information like the value of transactions, product categories, dates of purchase, and 

demographic characteristics. It could even consist of customer reviews, social media comments, 

photographs, voice interactions, and video. 

AI comes in handy in such settings, as traditional analytical methods may not effectively pick up 

the sign of complex relationships in large, varied datasets. To identify links and behavioural 

patterns, large datasets can be processed by machine-learning algorithms. 

The goal of digital businesses is not just data but also consumer intelligence. Consumer 

intelligence is intelligence that an informed business can apply to consumer knowledge. 

For instance, an e-retailer can examine historical purchases and browsing behaviour to identify 

which consumers are likely to purchase a new item. A streaming service can analyse how long 

users watch and what genres they‘re searching for and filling out. 

 

1.2 Descriptive, Predictive, and Prescriptive Analytics 

There are mainly three categories of data analytics: descriptive, predictive, and prescriptive. 

Descriptive analytics studies what happened in the past. A business may look at its monthly 

sales, website visits, customer complaints, etc. 
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Predictive analytics examines what may happen. AI models can help predict customer 

behaviour, such as whether a customer will purchase a product, cancel a subscription, or come to 

a promotion. 

Prescriptive analytics provides recommendations for actions that a company should take. A 

system is able to recommend which customers to target with an offer, which products to promote, 

or which channel to use. 

Businesses are now proactively transitioning from historical to predictive and prescriptive 

analytics at all levels. Organisations are increasingly able to anticipate consumer behaviour 

rather than respond to it. As such, analytics is the process of moving from knowing past 

behaviour to predicting future behaviour and suggesting the appropriate action. 

 

1.3 Customer Segmentation 

 

Traditionally, demographic characteristics have been used for segmentation. AI allows for more 

active behavioural segmentation. 

Based on various behavioural variables, consumers may be grouped in terms of their purchase 

frequency, spend, browsing activity, brand choice, engagement, discount sensitivity, etc. 

For example, an e-commerce business might identify: 

 

● high-value customers; 

● price-sensitive customers; 

● customers at risk of leaving; and 

● customers likely to adopt a new product. 

Such segmentation allows businesses to develop more relevant marketing strategies. 

Nevertheless, using sensitive characteristics can also create problems with segmentation. 

Companies should make sure that their analytical practices do not discriminate. 

 

1.4 Sentiment Analysis 

 

Companies can use natural language processing to study customer reviews, comments, survey 

results, and social media discussions. Sentiment analysis can classify opinions and recognise 
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trends. With this capability, organisations can recognise the emergence of customer concerns 

arising from new products or campaigns. 

However, emotional determination is not flawless. Misinterpretation occurs due to sarcasm, 

cultural differences, irony, multilingualism, and contextual meaning. Review by people is still 

important for impactful decisions. 

 

2. AI-Powered Personalisation in Digital Business 

 

Personalisation has emerged as one of the most prominent uses of AI. It is the modification of a 

consumer's experience as per personal preferences, behavioural traits, context, or predicted need. 

Personalisation now encompasses sophisticated systems that can adaptively change content, 

recommendations, offers, and interactions rather than relatively simple mechanisms like using 

the customer‘s name in an email. 

 

2.1 Recommendation Systems 

 

Recommendation systems are critical for many online businesses. They assist consumers in 

finding products or content that might interest them. There are many techniques for 

recommendation, which are collaborative filtering, content filtering, and hybrid filtering. 

Collaborative methods establish the relationship between user and products. A content-based 

approach uses similarities between items and consumer preferences. Part of the business value of 

recommendations is reducing information overload. In settings with millions of products or 

pieces of content, consumers cannot evaluate all alternatives. We can limit our selection through 

AI. However, recommendations can also affect consumer preferences by determining which 

alternatives are in view. This creates a form of algorithmic gatekeeping. 

 

2.2 Personalised Advertising 

 

Advertising is data-driven in today‘s world. AI technologies help in selecting adverts according 

to the predicted interests, behaviour, context and engagement possibility. The personalisation of 

advertising could make it more relevant to consumers‘ interests and past 

behaviour. But very targeted marketing can also be unsettling. Advertising may frighten 
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consumers when the ads seem to reflect information they did not provide. It is the challenge of 

businesses to achieve relevance but not become intrusive in their surveillance 

 

2.3 Personalised Offers and Dynamic Pricing 

Businesses can use AI to know which kinds of consumers respond to which offers. Companies 

can offer loyalty rewards to customers who visit often or discounts to price-sensitive customers. 

Dynamic pricing systems can shift prices based on demand, inventory, timing, and other 

variables (Priester et al., 2020). These methods could increase efficiency, yet inconsistent 

treatment brings a question of fairness. If consumers receive substantially different prices or 

other benefits, businesses may need to determine whether the system may cause discrimination 

or undermine trust (Heidary & Pluut, 2025; Duani et al., 2024). 

 

2.4 Generative AI and Personalised Content 

 

The use of generative AI has enhanced personalisation. Businesses can now leverage the power 

of AI to generate mass customised content. Marketing messages can be tailored according to 

customer interests, past interactions, preferred language, and communication channels. It is 

possible to auto-generate or modify product descriptions, emails, ads, social media posts, and 

customer-service responses (Hermann & Puntoni, 2025; Kshetri et al., 2024). The benefits here 

are enormous. Nevertheless, the risks posed by large-scale automated content production include 

factual errors, inconsistencies, and a lack of authenticity. It is necessary to have human oversight 

to ensure that the content generated is aligned with the organisational values and provides 

accurate information (Hermann & Puntoni, 2025) 

 

Figure 2. AI-Powered Personalisation in Digital Business 
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Figure 2: The figure illustrates how consumer data are transformed through AI analytics and 

behavioural prediction into personalised recommendations, content, offers, and services. 

 

3. Influence of AI on Consumer Decision-Making 

 

Section 4 looks at how AI helps with personalisation; here we examine how such personalised 

interventions may shape different stages of consumer decision-making. AI personalisation can 

impact almost every stage of the consumer decision-making process. 

 

3.1 Need Recognition 

 

AI can bring consumer needs to consciousness when products or services are presented at the 

right time. Personalised advertisements can help recognition of products you ordinarily wouldn‘t 

have considered. 

This may help if the recommendation is relevant. Nonetheless, it also shows the convincing 

power of algorithmic systems. 

 

3.2 Information Search 

 

Digital consumers can often find themselves overwhelmed with information. This complexity 

can be reduced by using recommendation systems and AI assistants. 

Instead of going through hundreds of alternatives, consumers may receive a small AI-chosen set. 

While this may enhance efficiency, consumers may become over-reliant on their choices. 
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3.3 Evaluation of Alternatives 

Three AI processes help online shoppers: comparing merchandise, summarising reviews, and 

identifying features. Also, they can recommend alternatives. Soon, generative AI assistants will 

perform these tasks conversationally. 

The consumer may thus search no longer for information but interact with the intelligent 

intermediary. 

 

  3.4 Purchase Decision 

 

Personalised recommendations and offers, reminders, and other customised promotions 

influence the final purchase decision. AI can streamline checkout, answer queries, and forecast 

preferred payment or delivery options, thereby minimising friction in the process. 

 

3.5 Post-Purchase Behaviour 

 

After purchase, AI can assist with customer service, suggest complementary products, solicit 

feedback, and provide personalised loyalty rewards. When they are useful and not excessive, 

these interactions can lead to customer satisfaction and retention. 

 

4 Consumer Engagement, Satisfaction, and Loyalty 
 

Personalisation strengthens engagement and makes digital interactions more relevant, thereby 

reducing consumer search effort. Experiencing this may create satisfaction and a stronger 

relationship with the brands. However, just because something is personal doesn‘t mean I am a 

loyal consumer; I may switch if it is a competitor who provides me with greater and better 

value, privacy protection, or experience overall. Trust is thus an essential condition for lasting 

consumer relationships. 

There should be a distinction made between value-based and surveillance-based personalisation. 

Consumers receive something useful in exchange for their data through value-based 

personalisation. Constant monitoring and expectation prediction but it does not consider 

consumers' expectations. Digital firms may need to prove that personalisation has real consumer 

benefits to stay competitive in the future. The distinction points out how personalisation‘s value 
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depends not only on predictive accuracy, but also whether consumers think the tradeoff of data 

and benefits is justified and proportional. 

 

5 Ethical, Privacy and Social Challenges 

 

The rise of consumer analytics through AI raises various ethical issues. 

 

5.1 Privacy and Data Protection 

Consumer data can reveal highly detailed information about individuals. Even apparently 

ordinary behavioural information can become sensitive when combined with other datasets. 

Organisations therefore need strong data governance, secure storage, appropriate access 

controls, clear retention policies, and responsible data-sharing practices (Cloarec, 2024; Yao et 

al., 2024). Privacy should be treated as an ongoing relationship between the organisation and 

consumer rather than simply as a checkbox during registration (Cloarec, 2024). 

 

5.2 Lack of Transparency 

 

Many consumers do not understand how recommendation and advertising systems operate. A 

consumer may see a recommendation without knowing whether it was based on previous 

purchases, browsing behaviour, demographic information, or inferred interests. 

Greater transparency can improve consumer understanding and trust. Organisations should 

explain AI use in language that ordinary consumers can understand rather than relying entirely 

on complex legal documents. 

 

5.3 Algorithmic Bias 

 

AI often reflects the biases that exist in its data. The algorithms can reproduce inequalities if the 

data are historical. When making purchase recommendations, advertising exposure, credit 

assessments, pricing, or service provision, bias may creep in. Regular assessment, audit, 

surveillance, and remedy are necessary for responsibility in AI. As AI systems train on 

behavioural data, they can also reproduce bias or incompleteness if it occurs in follow-up 
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feedback loops. 

 

5.4 Consumer Manipulation 

 

When personalisation is designed to exploit psychological vulnerabilities, it can become an 

ethical problem. An AI system may distinguish what type of message would most likely 

influence a particular consumer. When used to maximise sales regardless of consumer welfare, 

personalisation can verge on manipulation. Businesses must therefore set boundaries with 

regard to persuasive AI. (Valenzuela et al. 2024, Spais et al. 2024). 

 

5.5 Digital Inequality 

Personalisation options being offered to consumers through AI can also help create digital 

inequality. Consumers with fewer digital skills may have less understanding of how algorithms 

steer their choices. Consumers need greater AI and digital literacy to enable them to make 

informed decisions in an increasingly algorithmic marketplace. 

 

6 Responsible AI and Consumer-Centred Digital Business 
 

Responsible AI requires organisations to consider the consequences of AI systems throughout 

their lifecycle. 

Several principles are particularly important. 

 

1. Transparency: Consumers should receive understandable information about significant 

AI-driven processes. 

2. Fairness: AI systems should be tested for discriminatory outcomes. 

3. Privacy: Organisations should collect and use data proportionately and responsibly. 

4. Accountability: Businesses should identify who is responsible for AI-driven decisions. 
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5. Human oversight: High-impact decisions should not be left entirely to 

automated systems. 

6. Security: Consumer information must be protected against unauthorised access 

and misuse. 

7. Consumer control: Where possible, consumers should have meaningful 

choices regarding personalisation and data use. 

These principles align with more general international developments in responsible AI 

governance. According to the OECD AI Principles (OECD, 2019), the focus is on values 

including inclusive growth, human-centred values, transparency, robustness, security, and 

accountability. UNESCO‘s Recommendation on the Ethics of Artificial Intelligence 

stresses the importance of human rights, transparency, fairness, and accountability 

(UNESCO, 2021).The EU‘s AI Act is another important initiative in risk-based AI 

governance and is particularly important in terms of transparency as well as the regulation 

of high-risk AI (European Union, 2024). As far as businesses are concerned, responsible AI 

should be built into strategy, not just a technical or legal fix. 

 

7 Future Trends in AI-Driven Consumer Behaviour 

 

7.1 Hyper-Personalisation 

 

The upcoming phase of personalisation will probably feature experiences that are more real-

time and contextual. Instead of relying solely on historical profiles, AI systems can include 

current behaviour and context. Experiences may adapt according to context, including 

location, device, time, prior experiences, and current needs. 

 

7.2 Generative AI 

We expect generative AI to proliferate further within marketing, customer service, 

commerce, and content production. Consumers can engage with businesses using 

conversational systems instead of standard web pages. Consumers need not search the 

product categories; they just describe their need and receive personalised suggestions. 
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7.3 AI Shopping Agents 

 

AI agents may become important intermediaries between consumers and businesses. An 

agent could potentially search for products, compare prices, evaluate reviews, monitor 

availability, and assist with purchasing. This development may shift the consumer journey 

from direct platform interaction toward AI-mediated search, comparison, recommendation, 

and transaction. This could shift competitive advantage. Businesses may no longer compete 

only for consumer attention on websites and social media platforms; they may also need to 

ensure that their products are appropriately represented and discoverable by AI agents. 

 

7.4 Predictive Customer Experience 

 

Consumers will predict needs before consumers will demand them more and more from 

businesses. As an example, a digital service might identify that a customer is having 

difficulty and offer help. Systems like these can improve the quality of services but not be 

intrusive. 

 

7.5 Emotion-Aware AI 

 

Technologies that seek to determine emotions from voice and facial expressions, or text and 

behaviour, open up new avenues for customer service and marketing. Nonetheless, 

recognising emotion is a technical and ethically sensitive topic. An emotional state is 

complex and contextual, and it isn‘t always easy to infer. 

 

7.6 Human–AI Collaboration 

 

In the future, humans will likely not be replaced by technology like AI. Many digital 

business functions, instead, would be a collaboration of humans and intelligent systems. 

Through the rapid analysis and prediction of data by AI, humans can provide contextual 

judgement, empathy, creativity, and ethical reasoning. The growing role of AI assistants 

and agents indicates a possible shift from direct consumer–business interaction to multi-

service AI-mediated interaction, as illustrated in Figure 3. 
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Figure 3. Future AI-Consumer Relationship in Digital Business 

 

 

 

Figure 3: Future AI–Consumer Relationship—showing the emerging role of AI assistants/agents 

between consumers and multiple digital businesses. 

 

8 Strategic Implications for Digital Businesses 

 

First, organisations must treat data as a strategic asset while ensuring its quality and 

governance. Second, consumers should judge personalisation by value rather than 

conversion.Governing AI requires expertise from company departments like marketing, 

technology, legal, data science, and more.Investing in AI adoption means investing in 

training your employees. It refers to instilling AI literacy to understand its capabilities and 

limitations. 

It‘s important to continuously assess AI systems whenever consumer preferences and market 

conditions change. 
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9. Conclusion 

Artificial intelligence reshapes consumer behaviour and digital business by transforming the 

way organisations collect, analyse, predict and respond to consumer information. Data 

analytics allows the identification of patterns from complex behavioural datasets, while AI 

helps in transforming them into predictions and personalised experiences. 

The joint use of AI and personalisation has opened up vast opportunities. The consumer 

journey can be made more relevant and efficient while enhancing engagement and decision 

support. For businesses, these functions can help with customer engagement, marketing 

efficiency, retention and strategic decision-making. 

Nonetheless, these advantages come along with substantial issues related to privacy, fairness, 

transparency, manipulation, and consumer autonomy. Even if an AI system is technically 

successful, it can still be socially or ethically problematic if it doesn‘t respect consumer rights 

or expectations. 

The future will most probably be more personal with the help of generative AI, AI agents, 

predictive analytics, and context-aware systems. As time progresses, consumers will likely 

deal with AI instead of humans when conducting business. This transformation will generate 

new opportunities but will also require more robust governance and a more aware consumer. 

There are three key developments. First, artificial intelligence is shifting consumer 

analyticsfrom retrospective observation towards predicting behaviour & influencing it. 

Furthermore, personalisation establishes a feedback loop whereby consumer reactions yield 

data that can be used for subsequent predictions. AI assistants and agents may put AI in the 

middle of consumers and a wide range of digital services. 
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Abstract 

The convergence of AI and citizen journalism today is creating and influencing news and 

information in many different ways and on all levels. This chapter introduces readers to the field 

of AI-driven citizen journalism and explains how, by means of various digital media, i.e., 

YouTube, Facebook, Instagram, WhatsApp, X, etc., citizens and users today can create, publish, 

and distribute news of all types. This, in turn, has been made possible by AI technologies and 

tools such as Natural Language Processing (NLP), Machine Learning (ML), Computer Vision 

(CV), automated translation, and fact-checking. These technologies enhance the reach and speed 

of information flow to citizens in real-time and enable multilingual communication. 

This chapter also highlights how AI technology is enabling various forms of political 

mobilization and digital activism, thereby amplifying participatory democracy. The chapter also 

covers a host of current problems that have arisen from the increased use of AI, including the 

spread of misinformation, issues caused by disinformation and deepfakes, algorithmic bias, 

online privacy risks, and ethical concerns affecting the credibility of online information. With 

suitable governance, AI technologies can enhance democratic communication. It also highlights 

the need to build media literacy, adopt ethical journalism, and have a suitable regulatory 

framework. 

The chapter concludes by stating that the ‗Age of AI-driven citizen journalism‘ presents endless 

opportunities for increasing transparency and holding people accountable in order to boost 

citizen participation in democracy. This can, however, only be possible if we manage to strike 

the right balance between technological growth and ethics and, in the end, remain committed to 

upholding the values of a democratic society. 

Keywords:  

AI-driven Citizen Journalism, Political Mobilization, Democracy, Artificial Intelligence, India. 
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1. Introduction 

The rapid progress of artificial intelligence (AI) has dramatically changed the global media 

environment, enabling new models of production, distribution, and consumption of news. 

Especially, AI-based news applications enable citizen journalism in a completely new dimension 

by empowering every single citizen to generate, distribute, and consume news within seconds, 

anywhere in the world. As the Internet and smartphones have become the dominant medium for 

information consumption in India over the last decade, news applications powered by AI have 

started to change the paradigm of news consumption. Therefore, it is high time to study the 

impact of AI-driven news applications and their role in political mobilization and 

democratization. 

The term ‗citizen journalism‘ refers to the active participation by citizens in the gathering, 

processing, and publishing of news and information through digital media. In contrast to 

‗traditional journalism,' which is published by media organizations run by professionals, in 

‗citizen journalism,‘ non-professionals gather information and publish news and information 

through digital platforms.  The integration of AI in the process of citizen journalism has, 

therefore, the potential to increase the speed of information, its reach, and its accessibility. It 

enables citizens to produce high-quality information and also translate information published in 

one language into languages known to people located in different parts of the country.  

This chapter examines the role of AI-driven citizen journalism in transforming the ways of 

political mobilization and in the process of democratic communication in India. This chapter 

shall explore the impact of AI on news production and dissemination and how it is affecting the 

political activity of citizens and promoting civic engagement. This chapter shall further bring to 

notice the various challenges faced by AI-enabled journalism: ethical, legal, and technological. 

Challenges of misinformation, of algorithms biased towards certain viewpoints, of violation of 

the right to privacy, and of the regulatory challenges faced by media and information platforms 

in the digital era. 

 

2. Conceptual Framework 
 

2.1 Understanding AI-Driven Citizen Journalism 

 

News created by individuals rather than by established media channels is referred to as ‗citizen 

journalism.' By utilizing the low-cost Internet and smartphones, citizens are today able to report 
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the news as it happens in real time and disseminate it to a local as well as a global audience.  

This tends to give voice to the citizens and conveys alternative perspectives and local issues and 

information that get very limited attention from the mainstream media. 

The integration of AI in citizen journalism has revolutionized the medium by enabling the use of 

a wide array of technologies. AI can aid in the creation of news, editing of news, verification of 

news, translation of news, distribution of news, and even in recommending news to users. It thus 

increases the capacity of the citizen journalist to create high-quality news and to disseminate it to 

a wider audience. Many applications currently exist that utilize AI to aid in the production of 

news by automatically producing captions for videos, transcribing audio to text, enhancing 

images and videos to improve their quality, detecting whether images or videos have been 

tampered with, and even translating news into languages that the original author is not fluent in. 

These enable citizens to produce high-quality content that is produced with limited technical 

expertise. 

2.2 Evolution of Citizen Journalism in India 

Over the years, Indian citizen journalism has seen rapid digital growth. Initially, there were only 

blogs, online forums, and individual websites that served as the principal source for news and 

information. Gradually, as mobile phones became affordable and internet reach expanded, 

millions of Indians could now record, upload, share videos and images, and publish news as and 

when they happen.  

Social media platforms, with little or no editorial intervention, have greatly facilitated the news-

gathering and news-dissemination process. At times of elections, during protests, natural 

disasters, and other crises, live videos, images, and first-person accounts of events covered by 

ordinary citizens are increasingly becoming the norm. Such instances, which initially gained 

popularity through social media, later got coverage in mainstream media outlets. Therefore, 

highlighting the booming influence of citizen-generated content. 

2.3 AI Technologies Supporting Citizen Journalism 

The broad and diverse field of artificial intelligence is increasingly being harnessed for the 

purposes of enhancing communication on the internet. There are many technologies that have 

become especially relevant for citizen journalism. 
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Natural Language Processing (NLP) is the set of AI algorithms and programs that enable 

computers to understand, process, and generate human languages and human-language-like texts. 

It has features like automated transcription, language translation, text summarization, and 

chatbot-based services. Therefore, NLP can be of tremendous value to many citizen journalists. 

 

Machine learning algorithms enable systems to learn from large datasets and understand user 

behavior. Social media platforms, for instance, use machine learning algorithms to recommend 

content and to sort news in users‘ news feeds. The system also identifies trending topics on 

social media platforms, which in turn can help important stories reach a wider audience. 

However, there are also risks of user behavior being reinforced, thus creating information 

bubbles around users. 

 

Computer vision technologies are a subset of AI that is used to analyze images and videos to 

understand what they are about. This is used to recognize objects in images, identify individuals 

in photographs or videos (with their consent), enhance low-quality images, and, most 

importantly, verify whether images and videos have been tampered with or not. Computer vision 

is thus being used extensively for visual reporting as well as to identify altered content.  

 

Generative AI offers a wide array of potential applications, from assisting in creating the actual 

content of a report to completing research and analysis to generating key graphics and 

infographics. Once a tool has been selected for use in a particular news story, a journalist can 

save a considerable amount of time by using the generated material while still retaining full 

responsibility for the content of the final story in terms of accuracy, original reporting, and 

ethical reporting practices. 

2.4 AI, Social Media, and Public Communication 

The interplay between social media and AI has transformed public communication dramatically. 

Digital platforms, where users share information and opinions, are no longer passive mediums. 

They are now affected by AI-powered recommendation systems. These recommendation systems 

use various parameters, such as past behavior, interests, and location, to surface specific posts or 

information. They determine what users can see on their digital platforms. In this sense, social 
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media is no longer just about consumption of information; it affects how information is 

consumed. 

2.5 Theoretical Perspectives 

The study draws on several theories of communication to explore the interplay between 

technology, media, and democracy. 

Public Sphere Theory: Developed by Jürgen Habermas, Public Sphere Theory looks at the role 

that technology, media, and democracy play. A democratic society is based on a public sphere 

where citizens hold discussions, exchange information and views on current affairs, and thus 

influence the decisions of the government and other public authorities. The space of the public 

sphere has expanded with the advent of digital media supported by AI. Thus, the quality of the 

public sphere is determined by the quality of deliberation or discussion that takes place within it. 

In order to have a healthy public sphere, it is necessary to have credible information, equal 

opportunities, and respect for other views.  

Participatory communication theory looks at how people become active participants and 

producers of information as opposed to simple consumers of information through media. This is 

exemplified by AI-driven citizen journalism, where individuals are able to document events and 

contribute to the dissemination of information and sharing of knowledge and experiences with 

others through public discussion. The use of technology to facilitate participatory communication 

helps to reduce language, skill, and physical distance barriers. 

Network Society Theory, proposed by Manuel Castells, explains how digital networks 

restructure social, political, and economic relationships. The rapid flow of information across 

interconnected platforms allows for greater mobilization of support and an effective impact on 

political processes. Furthermore, AI boosts this network by means of information discovery, 

information customization, and communication efficacy. 

The above theories have been used to understand how AI-driven citizen journalism is changing 

political participation and the dynamics of communication in democracy. These information and 

communication technologies have brought about many opportunities as well as challenges like 

misinformation, algorithmic influence, unequal access, etc. 
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3. AI-Driven Citizen Journalism in India 
 

3.1 Growth of AI-Driven Citizen Journalism 

 

India has seen a massive digital revolution in the last decade. The proliferation of affordable 

mobiles, low-cost mobile data, and rising internet penetration has enabled the masses to access 

information in no time. This has been possible due to Digital India initiatives of the government. 

Consequently, there has been an exponential rise in the number of citizens who have donned the 

hats of citizen journalists and are producing and disseminating news and information on the 

internet. 

AI has removed the technical hurdles that had prevented so many from becoming citizen 

journalists. First was the matter of capturing images or footage at a scene, which could then be 

uploaded onto social media platforms such as Facebook or Twitter. Enhanced images and better-

quality videos, with added features such as subtitles or even translation into local languages and 

summaries of longer interviews, have all been made possible through the use of AI-powered 

tools to enhance basic reports and make them of a very high standard. 

 

3.2 Major Digital Platforms Supporting Citizen Journalism 

 

The growth of AI-driven citizen journalism in India is being greatly supported by various digital 

platforms. Social media is enabling various users to access information and to create and 

disseminate news and current affairs on their own. Hence, platforms like YouTube, Facebook, 

Instagram, WhatsApp, and X (formerly Twitter) are some of the popular digital platforms where 

AI is facilitating the growth of citizen journalism in India. 

A very large number of independent journalists in India are producing and uploading content on 

their own YouTube Channels. They create videos, such as interviews, documentaries, discussion 

panels, etc. The videos are then promoted through the AI-powered recommendation system on 

YouTube.  

Facebook also turns out to be a powerful news-sharing platform; citizens can surface local civic 

issues and organize campaigns and public discussions on various public policy issues through 

local community groups. AI algorithms further aid in personalizing users' news feeds based on 

past user interactions with similar content.  
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In India, where most citizens use WhatsApp to communicate with each other daily, whether 

living in a city or village, the messaging app is used to forward local news, share election-related 

updates, circulate public service messages, and even pass on information about emergencies. 

While it facilitates quick information dissemination, the app can also spread the worst kind of 

misinformation in no time, and hence there is an urgent need for digital literacy and fact-

checking. 

X (formerly Twitter) is a well-known platform for real-time updates across the globe. 

Politicians, media houses, government organizations, social activists, and citizens use this 

platform for day-to-day updates on current events, new policy updates, and ongoing news around 

the globe. Topics tend to trend on this platform with the help of AI-powered algorithms that 

study user behavior and increase visibility on trends that users are talking about on a real-time 

basis. 

 

3.3 Opportunities Created by AI 

 

Artificial intelligence has created numerous opportunities for citizen journalism. Firstly, AI 

increases access to information by enabling the publication of content in numerous languages, 

including Indian languages. This helps in enhancing democratic participation and in reducing 

language barriers to information. 

Second, AI also greatly increases the efficiency of making news. For example, by automatically 

transcribing audio and video files and by automatically recognizing speech and making 

summaries of content. 

The role of fact-checking technologies in stopping the spread of misinformation is playing a vital 

role in society. Nowadays, AI can compare digital content with verified databases to check if 

there are any manipulated images or inconsistencies and to detect possible misleading 

information. 

 

3.4 Challenges and Ethical Concerns 

 

However, the use of AI in citizen journalism also presents a number of challenges. The biggest 

one is the spread of misinformation or even disinformation. So, while ‗fake news‘ in the form of 

images and videos and even audio recordings is becoming more and more believable, it can 

cause irreparable harm to the media and even affect elections. So, in the end, they can erode 

people‘s faith in the democratic system and how it works. 
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Deepfake technology is another growing issue and can be used to create fake audio or video 

content of public figures and spread false information. Media houses must verify facts before 

publishing, law enforcement agencies must track the source of such information, and social 

media platforms must remove the content as soon as possible. However, this will only work if 

citizens are vigilant and report such content immediately. 

Algorithmic bias can also have a negative effect on online environments. For instance, AI 

systems are taught by large amounts of prior data, which can have social, cultural, or even 

political biases. This, in turn, can affect the way in which online content is recommended. 

Particular viewpoints could be given more prominence online than others. This in turn could 

intensify online ideologies. 

The issue of privacy and data protection, therefore, is another area of concern in the context of 

the use of AI by digital platforms to collect and process personal data of citizens and to enable 

them to engage in citizen journalism. While it is necessary to have robust legal safeguards, it is 

equally important to ensure transparency and accountability on the part of institutions and bodies 

that would govern the use of such data to ensure that information is not misused in order to carry 

out surveillance of citizens. 

The digital divide is increasingly becoming a cause of concern as the internet is spreading across 

the globe; inequalities between urban and rural residents as well as between different 

socioeconomic groups in terms of their ability to use a variety of different digital technologies 

are likely to create inequalities in participation by citizens. 

3.5 Regulatory and Institutional Responses 

India is now confronting the opportunities and risks of AI-driven digital communication. Policy 

and regulatory measures by government agencies, technology companies, media, civil society, 

and academic institutions and organizations to promote media literacy and responsible digital 

communication have been put in place. These include issues concerning digital platforms, the 

role of intermediaries, data, online safety, and the like. Independent fact-checking organizations 

have been established. 

Innovative technology and advanced AI systems are being used to combat spam, misinformation, 

manipulated media, and harmful content on the Internet. Above all, there is also a need to strike a 
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balance between curbing such content and allowing freedom of expression as well. Excessive 

regulation can restrict public discourse, while lack of oversight can result in havoc caused by the 

spread of harmful content on the Internet. Therefore, government institutions, technology 

companies, media, academia, researchers, and citizens must work together for effective 

governance. 

 

4. AI and Political Mobilization 
 

Political mobilization is about encouraging citizens to participate in political activities, like 

voting, campaigning, protest, public discussions, and policy advocacy, etc. Traditionally, 

political mobilization used to take place in the form of public meetings, rallies, newspapers, 

radio, television, etc. However, with the growing digital technologies, there has been a sea 

change in the forms of political communication. AI, social media, and citizen journalism have 

provided a new platform for citizens, political parties, civil society organizations, and 

government institutions to communicate effectively with the public. In India, where digital media 

has become a part of the daily life of citizens, AI-driven citizen journalism is playing a 

significant role in shaping political participation and democratic engagement. 

 

4.1 AI and Digital Election Campaigns 

 

Election campaigns have adopted AI technologies at a large scale. Political parties are using AI-

powered data analytics for campaign planning, as this helps in understanding voters, including 

analysis of demographics, online behavior, and public sentiments. 

Another group involved in AI-powered citizen journalism is those who report on and document 

political campaigns and local political issues. Traditional media outlets focus mostly on national 

politicians and events. In contrast, citizen journalists focus on local politicians, on issues of local 

governance, on the state of local infrastructure, education, health,  employment,  the 

environment, etc. Thus, they put pressure on politicians to respond to the needs of local 

communities and to raise awareness of issues of local governance among the public. 

Multilingual political communication also got support from AI. With hundreds of languages 

being spoken in India, political campaigns can sometimes become challenging due to language 

barriers. While AI-powered translation tools come into play by drafting speeches and campaign 

materials, they do ensure that these are translated into the relevant regional languages and can 
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reach the widest possible audience across the country. 

 

 

4.2 AI and Digital Activism 

Digital activism has become important for current political activities and movements in India. 

Online platforms are used as tools to promote social movements in order to spread awareness 

and get public support.  

Hashtag campaigns have become very important for organizing public debates on social issues. 

These campaigns are reinforced by AI algorithms that identify trends and recommend them to 

users. Such mechanisms can foster greater civic participation and collective action. However, 

this also amplifies emotionally charged or even false information, especially if it has not been 

verified adequately. 

 

4.3 AI, Public Opinion, and Political Communication 

 

Information flow and the formation of public opinion are increasingly being affected by artificial 

intelligence (AI). For example, online news, videos, and political discussions are distributed 

through algorithms that recommend them to social media users. In this way, AI not only 

distributes information, but it also influences the development of opinions and attitudes. 

Citizen journalists play a key role in the formation of public opinions by reporting on local issues 

in detail, interviewing citizens affected by current events, and more generally reporting issues. 

These reports can often be seen to complement mainstream journalism, as they offer coverage of 

diverse perspectives and draw the attention of government towards regional/local issues. 

However, the personalization of content poses challenges; AI has the ability to put people in an 

―echo chamber‖ where they only view information that supports their interests and already held 

opinions, limiting their exposure to alternative viewpoints. This contributes to political 

polarization, thereby reinforcing ideological divisions. The need of the hour is to have access to 

balanced and credible content. 

 

4.4 Challenges: Misinformation, Disinformation, and Deepfakes 
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Spread of misinformation and disinformation by AI-driven political communication. Here, 

misinformation refers to false information, which can be distributed accidentally or without the 

intention to deceive others. On the other hand, disinformation refers to the distribution of false 

information with the intention to deceive others and influence public opinion. 

 

Generative AI can create text, videos, images, and recordings in seconds. Though it gives room 

for legitimate use in industry, it can also be misused to create fabricated content. This can range 

from deepfake images, videos, and audio recordings, such as a doctored video showing a 

politician saying something that they have never actually said. In the context of an election, false 

information can spread fast through social media before being verified by authorized sources. So, 

the key responsibility falls on citizen journalists to verify information, check the sources of 

information, and report responsibly. Independent fact-checking and AI-powered verification of 

information have become important in minimizing the spread of false information, but public 

awareness and media literacy remain paramount. 

 

4.5 Strengthening Transparency and Accountability 

 

AI-driven citizen journalism significantly contributes to promoting transparency and 

accountability by enabling and supporting citizens in documenting public events, government 

projects, election campaigns, and other public activities and thus holding public authorities 

accountable for their actions. 

However, the information gathered by citizen journalists can be difficult to organize, to analyze, 

and to verify. This is where AI can play a big role. It can help identify patterns in public data and 

set up automated search systems for government information such as policy reports, official 

statements, and other documents. AI can also assist with transcription and translation, making it 

easier for citizens to access information that is published by governments in different languages. 

 Moreover, public bodies today are increasingly employing AI-powered chatbots in order to 

better communicate with the citizens and provide them with adequate information on public 

services and facilities. These systems contain information on public welfare schemes and health 

care services, and taxation, as well as on various administrative procedures. By means of these 

systems, citizens are able to obtain the required information in a faster and more efficient 
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manner. The work of the administrative staff is, in turn, greatly reduced. However, these 

technologies should not replace but rather complement the existing human services, especially in 

cases where complex public issues are involved. 

 

 

5. Ethical Considerations 

The use of AI in journalism and political communication more broadly raises a host of new 

ethical issues. Chief among these is the age-old ethical principle of accuracy. Whether a 

journalist or a citizen journalist, it is always important to verify content. Thus, AI-generated 

information must be checked before it is published, especially in the sphere of reporting sensitive 

political issues and in cases of public emergency. 

Another ethical principle of importance to journalism is transparency, which requires the citizen 

journalist to state the use of any AI tools that they have used for generating, editing, or 

enhancing their content, thereby allowing the audience to evaluate the information for its 

accuracy. This also aids in promoting responsible use of emerging technologies. 

Next comes fairness and inclusivity; they play a crucial role, as  AI must aim to reduce, not to 

create or to reinforce, existing social inequalities. In designing AI systems as well as in 

regulating the role of technology, developers, technology companies, and policymakers should 

seek to regulate algorithmic bias and should ensure equal participation and opportunities on 

digital platforms in democratic public space. 

Media literacy in the AI era is essential when consuming online information. It refers to the skills 

that people require to access, evaluate, and use information effectively in various forms of media 

and communications. Educational institutions, civil society, media, governments, and a host of 

other organizations have a collective role to play in equipping citizens with sufficient levels of 

media literacy so that they become effective users of information, whether they consume it, 

create it, or disseminate it. 

6. Conclusion 

Citizen journalism has been fundamentally transformed by the growing use of artificial 

intelligence (AI) to generate news and for verification purposes. Furthermore, with the large 

number of Indian citizens possessing Internet-enabled mobiles, the rapid use of social media has 

led to a sort of AI convergence, which has enhanced opportunities for participation and thus 
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strengthened democratic communication and facilitated access to information. This shows that 

now citizens are active participants in the news ecosystem rather than just passive consumers of 

news.  

While there are several challenges posed by the AI-driven communication of citizen journalism, 

as of now the situation appears to be grave. The spread of misinformation, which can be as 

damaging as disinformation, and sensationalism that can be inadvertently amplified by AI-

powered recommendation systems can have serious consequences for public opinion and even 

for democracy. Hence, technology alone is not enough for strengthening democracy. What is 

required is the application of ethics, accountability, and good governance, and above all, 

responsible use of technology. 

Even greater things can be expected from technology as it advances to newer levels. The array of 

AI tools and applications that can be harnessed for journalism, for political communication, and 

for citizen participation is endless. Advanced multilingual platforms, automated fact-checking, 

real-time translation, and intelligent content moderation are just a few of the many applications 

that are already available. What is needed to make these abundant resources work is a 

collaborative effort on the part of all the stakeholders: government, media, technology, academia, 

and civil society. Together with citizens of the country, they must ensure that the powerful 

technology is not misused in any way and is harnessed for the greater good of society. 

Therefore, AI-driven citizen journalism turns out to be a powerful instrument to enhance 

transparency and enable more active political participation. At the same time, it also possesses a 

responsibility, which must be exercised carefully with adequate regulation and ethical conduct in 

order to safeguard the integrity of democracy. As India is rapidly moving into an era of digital 

transformation, AI in citizen journalism must be used in a sensible manner to develop into a 

more informed, participative, and resilient democracy. 
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Abstract 

The EdTech revolution, which is closely related to the goals of the Digital India program, has 

emerged as a result of the digital technologies that have transformed India's educational system. 

This chapter examines the development, significance, and prospects of EdTech in India, 

especially with regard to realizing Viksit Bharat 2047. The study is conceptual in nature and is 

based on secondary data gathered from pertinent academic literature, government papers, and 

policy documents like the National Education Policy (NEP) 2020. 

The chapter looks at how the rapid growth of online learning platforms like BYJU'S, 

Unacademy, SWAYAM, and DIKSHA has been made possible by factors like rising internet 

penetration, reasonably priced data services, and ubiquitous smartphone usage. It also 

emphasizes how the COVID-19 epidemic has accelerated the use of digital and hybrid learning 

approaches at all educational levels. Personalized, adaptable, and interactive learning 

experiences have also been made possible by the incorporation of cutting-edge technology like 

data analytics and artificial intelligence. 

According to the report, EdTech has enormous potential to assist skill development, increase 

accessibility, and improve learning outcomes—all of which would contribute to a knowledge-

driven economy. But issues like the digital divide, low digital literacy, gaps in infrastructure, and 

worries about data security and quality continue to be major obstacles. 

The chapter concludes that although the EdTech revolution is a major force behind India's 

educational change, inclusive policies, better digital infrastructure, and cooperative efforts 

among stakeholders are necessary for its success. In order to use EdTech as a catalyst to achieve 

an egalitarian and internationally competitive education system by 2047, these elements must be 

strengthened. 
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1. Introduction 

The chapter concludes that although the EdTech revolution is a major force behind India's 

educational change, inclusive policies, better digital infrastructure, and stakeholder collaboration 

are necessary for its success. In order to use EdTech as a catalyst to create an equal and 

internationally competitive educational system by 2047, these elements must be strengthened. 

India's digital journey underwent a sea change in 2015 with the introduction of the Digital India 

program. Digital India has been instrumental in bolstering digital infrastructure, improving 

connection, and fostering digital literacy throughout the nation with its objective of building a 

knowledge economy and society empowered by technology. These advancements have created a 

solid basis for the expansion of educational technology platforms, making high-quality education 

accessible to people from all socioeconomic and geographic backgrounds. 

Education delivery and consumption have been completely transformed by the rise of EdTech 

platforms like BYJU'S, Unacademy, Vedantu, SWAYAM, and DIKSHA. These platforms 

provide individualized, adaptable, and accessible learning experiences that meet the demands of 

a wide range of learners. This change was further expedited by the COVID-19 epidemic, which 

led to the adoption of online and hybrid teaching methods by educational institutions nationwide, 

integrating digital learning into the educational system. 

The National Education Policy (NEP) 2020 places a strong emphasis on integrating technology 

into education to enhance access, equity, and quality in line with this shift. It encourages skill-

based education, virtual classrooms, and digital learning—all of which are critical for developing 

a workforce prepared for the future. 

The EdTech revolution has enormous potential to create a knowledge-driven, internationally 

competitive country in the context of Viksit Bharat 2047. EdTech may make a substantial 

contribution to India's long-term development objectives by improving educational accessibility, 

encouraging skill development, and closing learning gaps. 

Objectives of the Study 

 To assess EdTech's expansion and advancement in India 

 To evaluate how the Digital India program advances digital education 
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 to research how EdTech affects educational quality and accessibility 

 To determine the obstacles to EdTech adoption in India 

 To assess EdTech's role in realizing Viksit Bharat 2047's vision 

 

2. Literature Review 

In recent years, the quick development of educational technology in India has garnered a lot of 

interest from academics and policymakers. Numerous studies have demonstrated EdTech's 

revolutionary potential to enhance education's efficiency, quality, and accessibility. 

EdTech technologies offer flexibility and individualized learning opportunities, particularly for 

students in remote places, according to Sharma's (2022) analysis of the impact of digital 

platforms in improving learning outcomes. In a similar vein, Kumar and Singh (2021) 

highlighted how the use of technology in education has lowered regional boundaries and made 

high-quality educational resources more widely accessible. 

The availability of reasonably priced smartphones and rising internet penetration have caused the 

Indian EdTech market to grow exponentially, according to a KPMG report from 2020. The 

COVID-19 pandemic accelerated the adoption of online education at all levels, according to the 

research. 

In order to increase access, equity, and quality in education, the National Education Policy 

(NEP) 2020 firmly supports the use of technology. To promote ongoing learning, it suggests 

creating digital infrastructure, online content, and virtual learning environments. Government 

programs like DIKSHA and SWAYAM have also been acknowledged as significant 

advancements in the democratization of education (Government of India, 2020). 

Although EdTech has enormous promise, obstacles including the digital divide, a lack of digital 

literacy, and infrastructure constraints restrict its efficacy, especially in rural regions, according 

to a study by Joshi (2021). Additionally, academics like Mehta (2023) have expressed worries 

about data privacy and content quality. 

Overall, the body of research indicates that EdTech is a potent catalyst for India's educational 

revolution. However, resolving important issues and guaranteeing equitable access to digital 

resources are essential to its success. Building on these observations, this chapter examines 

EdTech's function within the framework of Digital India and how it advances the goal of Viksit 

Bharat 2047. 
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3. Research Methodology 

This study is based on secondary data and is conceptual and descriptive in nature. 

 Study Type: Conceptual/Descriptive 

 Source of Data: Secondary data 

Data Sources: 

 Government publications (Digital India, NEP 2020) 

 Journals and research papers 

 Reports from companies such as NASSCOM and KPMG 

 Online databases and websites 

In order to comprehend the development, effects, and difficulties of EdTech in India as well as 

its applicability to the country's development objectives, the study examines data and literature 

already in existence. 

Your structure is already sound; all you need to do is turn each goal into concise, understandable 

academic material. You can either use or slightly alter this well-written main body section for 

your chapter: 

4. EdTech Revolution in India 

4.1 Growth of EdTech in India 

Over the past ten years, India's EdTech industry has grown rapidly as a result of rising internet 

penetration, smartphone usage, and demand for high-quality education. Millions of students are 

switching to online learning platforms, making India one of the world's biggest EdTech markets. 

Adoption of digital learning has been further accelerated by the emergence of inexpensive data 

plans and government programs. Significant investments have also been drawn to EdTech 

businesses, making the industry extremely competitive and dynamic. 

5. Role of Digital India Initiative 

The Government of India's Digital India Initiative has been instrumental in changing the face of 

education. Its main goals are to guarantee access to online services, improve digital 
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infrastructure, and increase digital literacy. In order to give students all around the nation access 

to free education, platforms such as SWAYAM, DIKSHA, and e-Pathshala were established. 

Through the widespread availability of educational resources, this program has contributed to 

closing the gap between urban and rural education systems. 

5.1 COVID-19's effects 

The EdTech revolution in India was sparked by the COVID-19 outbreak. Online education 

became the only practical choice when schools and universities were shuttered. As a result, the 

adoption of EdTech platforms by educators, institutions, and students skyrocketed. Digital tests, 

webinars, and virtual classrooms have taken the place of traditional classrooms. The shift greatly 

increased the adoption of online education, despite obstacles like the digital gap and the absence 

of infrastructure in rural areas. 

5.2 Important EdTech Platforms (SWAYAM, BYJU'S, etc.) 

The expansion of digital education in India has been aided by a number of EdTech platforms. 

BYJU'S provides individualized learning opportunities and interactive educational materials. 

Top universities provide free online courses through SWAYAM. Vedantu provides live online 

tutoring, while Unacademy concentrates on preparing students for competitive exams. These 

platforms make learning more interesting and successful by utilizing cutting-edge teaching 

techniques like videos, tests, and real-time interaction. 

5.3 AI's and technology's roles 

By offering individualized learning experiences, artificial intelligence (AI) and cutting-edge 

technology are revolutionizing the EdTech industry. AI assists in evaluating student performance 

and suggests personalized learning strategies. Virtual reality (VR), data analytics, and machine 

learning are examples of technologies that improve learning outcomes and increase engagement. 

Additionally, chatbots and automated technologies let students find immediate answers to their 

questions, improving education 

5.4 The Next Priority for Digital Learning 

Digital technology integration in education is a key component of the National Education Policy 
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(NEP) 2020. It encourages the use of digital resources, virtual labs, and online platforms to 

improve learning results. NEP promotes the creation of multilingual e-content and digital 

infrastructure to guarantee accessibility and inclusivity for all students. This is in line with the 

expansion of EdTech in India. 

5.5 Push for Online Learning 

Online education is acknowledged by NEP 2020 as a crucial part of contemporary education. It 

encourages the growth of platforms like DIKSHA and SWAYAM to offer high-quality education 

to more people. Additionally, the strategy promotes blended learning, which combines online 

instruction with traditional classroom approaches. This method makes education more learner-

centric by giving students greater flexibility and letting them study at their own speed. 

5.6 Learning Based on Skills 

NEP 2020 places a strong emphasis on employability and skill development. Early on, the policy 

encourages digital skills, critical thinking, problem-solving, and vocational training. EdTech 

platforms are essential for providing practical knowledge, certifications, and skill-based courses. 

In addition to preparing students for real-world issues, this transition from rote learning to skill-

based education also connects education with industrial demands. 

6. Connection to NEP 2020 (Viksit Bharat 2047) 

6.1 Emphasis on Digital Learning 

NEP 2020 emphasizes the use of digital technologies as a basis for education that is prepared for 

the future. To guarantee inclusive education, it supports digital libraries, virtual labs, e-learning 

platforms, and multilingual content. The goal of Viksit Bharat 2047, which emphasizes the 

importance of a technologically literate populace for the advancement of the country, is directly 

supported by this digital drive. India can develop a knowledge-driven economy by increasing 

digital literacy and access. 

For instance, platforms such as DIKSHA offer digital information and QR-coded textbooks to 

educators and students, particularly helping those in rural areas. 
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6.2 The Push for Online Education 

Online and hybrid learning modalities are encouraged by NEP 2020. It encourages flexibility in 

education and supports Massive Open Online Courses (MOOCs) via platforms like SWAYAM. 

In order to achieve equitable growth by 2047, this democratizes access to high-quality education 

and lowers geographic barriers. 

Case Study: Universities implemented hybrid learning approaches during and after COVID-19, 

fusing online lectures with in-person instruction. This approach keeps increasing access and 

boosting learning effectiveness. 

6.3 Learning Based on Skills 

Under NEP 2020, rote learning will give way to skill-based and competency-based education. 

The policy places a strong emphasis on industry-relevant skills, coding, entrepreneurship, and 

vocational training. EdTech platforms facilitate this by providing job-oriented programs, 

practical learning modules, and certification courses. 

By producing a competent workforce that can propel innovation, entrepreneurship, and economic 

growth, this is consistent with Viksit Bharat 2047. 

For instance, platforms like Coursera, Unacademy, and Skill India Digital improve young 

people's employability by providing courses in data analytics, artificial intelligence, 

communication skills, and entrepreneurship. 

7. India's EdTech Challenges 

7.1 The Digital Divide 

The digital divide between urban and rural areas is one of the largest issues facing the EdTech 

industry. While many children in rural areas still lack smartphones and basic connectivity, urban 

kids have easy access to digital gadgets and high-speed internet. Inequality in access to online 

education results from this. 

7.2 Insufficient Infrastructure 
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In many regions of India, inadequate digital infrastructure—such as poor internet connectivity, a 

lack of electricity, and restricted device access—hinders the expansion of EdTech. Remote 

educational institutions frequently find it difficult to successfully implement digital learning. 

7.3 Digital Proficiency 

A large percentage of educators and students lack the digital skills needed to use internet 

resources efficiently. This inhibits the uptake of EdTech solutions and diminishes their efficacy, 

particularly among underrepresented communities and older educators. 

7.4 Quality Problems 

Not every EdTech platform offers consistent or high-quality content. Learning results may be 

impacted by problems like excessive commercialization, variable course quality, and a lack of 

regulation. Maintaining integrity and quality is still a top priority. Maintaining quality and 

credibility is still a top priority. 

8. Suggestions 

8.1 Boost Internet Access in Rural Areas 

The government ought to concentrate on developing broadband infrastructure in isolated and 

rural regions. To guarantee that everyone has access to dependable and reasonably priced 

internet, programs like BharatNet must be strengthened. 

8.2 Training for Teachers 

Teachers should receive adequate training in online teaching techniques and digital tools. 

Programs for ongoing professional development can assist teachers in successfully incorporating 

technology into their lessons. 

8.3 Public-Private Collaborations 

Government and private EdTech companies working together can enhance quality, accessibility, 

and innovation. Initiatives for digital education can be expanded nationwide with the aid of 

public-private partnerships. 
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8.4 Reasonably Priced EdTech Options 

To promote inclusion, EdTech platforms should concentrate on offering free or inexpensive 

educational resources. Scholarships, discounted access, and freemium models can assist in 

reaching economically disadvantaged groups. 

9. Conclusion  

In India, the EdTech revolution has become a disruptive force in the education industry, 

changing the way that knowledge is acquired and given. Education is now more accessible, 

adaptable, and inclusive because to the quick development of digital technology, rising internet 

adoption, and ubiquitous smartphone use. Particularly in underprivileged areas, government 

programs like Digital India and platforms like SWAYAM, DIKSHA, and e-Pathshala have made 

a substantial contribution to closing educational disparities. 

EdTech has become an essential component of the educational system as a result of the COVID-

19 epidemic, which further drove the adoption of online learning. Furthermore, the use of 

cutting-edge technology like artificial intelligence, data analytics, and virtual learning tools has 

boosted student engagement and individualized learning experiences. 

The emphasis on digital learning, online education, and skill-based development has been 

reinforced by EdTech's integration with the National Education Policy (NEP) 2020. This change 

is essential to building a workforce that can satisfy demands around the world in the future. To 

guarantee equal growth, however, issues like the digital gap, a lack of infrastructure, digital 

illiteracy, and quality issues must be resolved. 

EdTech in India seems to have a bright future. With ongoing funding, legislative backing, and 

technical developments, the industry is anticipated to be crucial in changing the face of 

education. India can use EdTech to build a more competent, knowledge-driven, and inclusive 

society by tackling current issues and putting good plans into place. 

In the end, the EdTech revolution is about empowering people, expanding opportunities, and 

laying a solid foundation for realizing the goal of Viksit Bharat 2047—a developed, independent, 

and internationally competitive nation—rather than just using technology in education. 
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Abstract 

Corporate sustainability has evolved from a peripheral compliance concern into a central 

strategic imperative that shapes how organizations manage people, position products, and create 

long-term value. This chapter examines the interconnections between Sustainable Human 

Resource Management (SHRM), Green Marketing (GM), and Corporate Sustainability (CS), 

arguing that these three domains function most effectively when treated as an integrated system 

rather than isolated initiatives. Drawing on the triple bottom line framework and stakeholder 

theory, the chapter traces the conceptual evolution of each construct, explores the mechanisms 

through which they reinforce one another, and proposes an integrated business model that aligns 

internal human capital practices with external market positioning in service of holistic 

sustainability outcomes. The chapter concludes with a discussion of implementation challenges, 

organizational enablers, and future research directions. 

Keywords: Sustainable HRM, Green Marketing, Corporate Sustainability, Triple Bottom Line, 

Green Human Resource Management, Stakeholder Theory 

1. Introduction 

The twenty-first century has witnessed an unprecedented convergence of environmental urgency, 

social accountability, and economic pressure on business organizations. Climate change, 

resource scarcity, regulatory tightening, and an increasingly conscious consumer base have 

collectively repositioned sustainability from a philanthropic afterthought to a core determinant of 
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competitive advantage. Within this landscape, two functional domains have emerged as 

particularly influential in operationalizing corporate sustainability commitments: Human 

Resource Management and Marketing. 

Sustainable HRM refers to the adoption of HR policies and practices—recruitment, training, 

performance management, compensation, and employee engagement—that simultaneously 

support organizational performance, employee well-being, and broader ecological and social 

goals. Green Marketing, by contrast, refers to the strategic communication, positioning, and 

delivery of products and services in ways that minimize environmental harm while appealing to 

environmentally conscious stakeholders. Although these two functions address different 

audiences—employees on one hand, customers and markets on the other—they share a common 

foundation: both are expressions of an organization's underlying commitment to corporate 

sustainability, and both derive their credibility from consistency with that commitment.This 

chapter argues that businesses which treat SHRM and GM as disconnected departmental 

functions forfeit significant value, both in terms of internal coherence and external credibility. 

When employees are recruited, trained, and rewarded in ways that are misaligned with the 

environmental claims a firm makes in the marketplace, the result is often what scholars term 

"greenwashing"—a credibility gap between stated values and lived practice that damages brand 

trust once exposed. Conversely, when SHRM and GM are integrated around a shared 

sustainability architecture, organizations achieve what this chapter calls "sustainability 

coherence": an alignment of internal culture and external positioning that strengthens both 

employer brand and consumer brand simultaneously. 

The chapter is organized as follows. Section 2 reviews the conceptual foundations of corporate 

sustainability. Section 3 examines Sustainable HRM as an internal enabler of sustainability. 

Section 4 examines Green Marketing as an external expression of sustainability. Section 5 

develops an integrated framework connecting the two. Section 6 discusses implementation 

challenges and organizational enablers. Section 7 offers practical implications for managers, and 

Section 8 concludes with directions for future inquiry. 

2. Conceptual Foundations of Corporate Sustainability 
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2.1 From Corporate Social Responsibility to Corporate Sustainability 

Corporate sustainability (CS) traces its intellectual roots to the corporate social responsibility 

(CSR) movement of the mid-twentieth century, but it has since developed into a distinct and 

more integrative construct. Where CSR often emphasized discretionary social contributions 

layered atop core business operations, corporate sustainability treats environmental, social, and 

economic considerations as embedded dimensions of the business model itself. The widely cited 

"Triple Bottom Line" framework—People, Planet, Profit—captures this shift: sustainable 

organizations are those that pursue economic viability without compromising ecological integrity 

or social equity. 

Corporate sustainability can be understood along three interdependent pillars: 

 Economic sustainability: the capacity of the firm to generate long-term financial returns 

without depleting the resource base on which future returns depend. 

 Environmental sustainability: the minimization of ecological footprint through resource 

efficiency, emissions reduction, waste minimization, and circular economy practices. 

 Social sustainability: the fair and equitable treatment of employees, communities, and 

other stakeholders, including considerations of diversity, labor rights, and community 

welfare. 

2.2 Stakeholder Theory as an Organizing Lens 

Stakeholder theory provides a useful lens for understanding why sustainability cannot be 

confined to a single department. It posits that firms are accountable not only to shareholders but 

to a broader constellation of stakeholders—employees, customers, suppliers, regulators, 

communities, and future generations. Both HRM and Marketing are, in this sense, stakeholder-

facing functions: HRM manages the employment relationship with one of the firm's most critical 

internal stakeholder groups, while Marketing manages relationships with external stakeholders, 

particularly customers. A stakeholder-theoretic view of corporate sustainability therefore 

naturally implies that internal (HR) and external (marketing) sustainability practices must be 

mutually reinforcing rather than independently designed. 
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2.3 The Legitimacy and Signaling Function of Sustainability 

A further conceptual thread relevant to this chapter is legitimacy theory, which holds that 

organizations seek to operate within the norms and expectations of the societies in which they 

are embedded. Sustainability claims—whether directed at employees through HR policy or at 

consumers through marketing communication—function as legitimacy signals. However, signals 

are only credible when they are consistent across audiences. An organization that markets itself 

as environmentally responsible while failing to embed sustainability into its internal talent 

practices risks signal inconsistency, which stakeholders increasingly detect through social media 

scrutiny, employer review platforms, and investigative journalism. 

3. Sustainable Human Resource Management: The Internal Enabler 

3.1 Defining Sustainable HRM 

Sustainable HRM (sometimes discussed under the closely related label of Green Human 

Resource Management, or GHRM) refers to the deliberate design of HR systems that generate 

positive outcomes across three simultaneous horizons: organizational performance, employee 

well-being, and environmental/social responsibility. Unlike traditional strategic HRM, which is 

primarily oriented toward maximizing organizational performance, Sustainable HRM explicitly 

incorporates ecological and ethical considerations into HR decision-making, recognizing that the 

long-term viability of the workforce is itself a sustainability concern. 

3.2 Core Practice Areas 

Several HR functional areas have been identified as key levers for embedding 

sustainability: 

3.2.1 Green Recruitment and Selection. Organizations increasingly use employer branding to 

attract candidates who hold pro-environmental values, screen for sustainability competencies 

during selection, and highlight environmental credentials in job postings. This not only improves 

person-organization fit but also enhances the firm's reputation as an employer of choice among 

environmentally conscious talent, particularly younger workforce cohorts who report valuing 

employer sustainability commitments in job choice decisions. 
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3.2.2 Green Training and Development. Training programs that build employee capability in 

resource efficiency, waste reduction, and sustainable process design translate organizational 

sustainability strategy into operational competence. Beyond technical skill-building, such 

training also serves a normative function, socializing employees into a shared sustainability 

culture. 

3.2.3 Green Performance Management and Appraisal. Incorporating environmental and 

social indicators into performance appraisal criteria signals that sustainability is not merely 

aspirational rhetoric but a measured and rewarded dimension of job performance. This might 

include targets related to energy conservation, waste reduction, or participation in sustainability 

initiatives. 

3.2.4 Green Compensation and Reward Systems. Linking incentives—bonuses, recognition 

programs, promotion criteria—to sustainability outcomes reinforces desired behaviors and 

demonstrates organizational commitment beyond symbolic gestures. 

3.2.5 Employee Involvement and Green Empowerment. Mechanisms such as green 

suggestion schemes, sustainability task forces, and employee-led environmental initiatives 

cultivate a sense of ownership and psychological engagement with organizational sustainability 

goals, converting employees from passive recipients of policy into active co-creators of 

sustainable practice. 

3.3 Outcomes of Sustainable HRM 

Empirical and conceptual literature converges on several outcome pathways. At the individual 

level, Sustainable HRM has been associated with enhanced employee engagement, 

organizational commitment, and pro-environmental behavior both inside and outside the 

workplace. At the organizational level, it contributes to reduced operational costs (through 

resource efficiency), enhanced employer brand equity, improved talent attraction and retention, 

and strengthened regulatory compliance. Importantly for this chapter, Sustainable HRM also has 

an external signaling function: employees who experience authentic sustainability practices 

become credible brand ambassadors, amplifying external sustainability messaging through word-

of-mouth and social media, thereby directly supporting the firm's Green Marketing efforts. 
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4. Green Marketing: The External Expression 

4.1 Defining Green Marketing 

Green Marketing encompasses the range of activities designed to generate and facilitate 

exchanges intended to satisfy human needs and wants while minimizing detrimental impact on 

the natural environment. It extends beyond product formulation to encompass the entire 

marketing mix: product design (eco-labels, biodegradable materials, energy efficiency), pricing 

(reflecting true environmental costs or premium positioning for sustainable attributes), 

place/distribution (reducing logistics-related emissions, sustainable packaging), and promotion 

(communicating environmental credentials honestly and persuasively). 

4.2 The Strategic Rationale for Green Marketing 

Several converging forces drive firms toward green marketing strategies. Regulatory pressures 

increasingly mandate environmental disclosure and impose constraints on packaging, emissions, 

and product composition. Competitive pressures arise as rival firms adopt sustainability 

positioning, creating a need to maintain parity or differentiation. Perhaps most significantly, 

consumer demand has shifted substantially, with a growing segment of the market—often termed 

"green consumers" or "LOHAS" (Lifestyles of Health and Sustainability) segments—willing to 

pay premium prices for products perceived as environmentally responsible, provided the claims 

are perceived as credible. 

4.3 The Greenwashing Risk 

The central strategic risk in green marketing is greenwashing: the practice of conveying a false 

or exaggerated impression of environmental responsibility. Greenwashing can occur through 

vague claims, irrelevant claims, or claims unsupported by verifiable evidence. The reputational 

cost of exposed greenwashing can be severe, including consumer backlash, regulatory penalties, 

and long-term erosion of brand trust. This risk is precisely where the link to Sustainable HRM 

becomes strategically critical: green marketing claims are far less vulnerable to greenwashing 

accusations when they are substantiated by verifiable internal practices—including how the 

organization treats its employees and embeds sustainability into daily operations. A firm that 
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markets itself as a sustainability leader while offering no evidence of internal green practice is 

exposed to scrutiny; a firm whose external claims are visibly mirrored by internal HR practice 

possesses a much stronger legitimacy defense. 

4.4 Green Marketing as Relationship Building 

Beyond transactional exchange, contemporary green marketing theory increasingly frames 

sustainability communication as a relationship-building exercise. Consumers are treated not 

merely as purchasers but as stakeholders in a shared sustainability project, invited to participate 

through take-back programs, sustainability reporting transparency, co-created product 

development, and community environmental initiatives. This relational framing mirrors the 

employee-involvement emphasis found in Sustainable HRM, further underscoring the conceptual 

symmetry between the two functions. 

5. Towards an Integrated Framework 

5.1 The Logic of Integration 

The preceding sections establish that Sustainable HRM and Green Marketing, while operating in 

different domains of stakeholder engagement, are structurally analogous and mutually 

dependent. Both are expressions of the same underlying construct—corporate sustainability—

directed at different audiences. This chapter proposes an integrated framework built on three 

connecting mechanisms: 

Mechanism 1: Internal-External Consistency (Authenticity Transfer). Sustainable HRM 

practices generate authentic internal capability and culture that substantiates external green 

marketing claims. When marketing communicates environmental commitment, internal HR 

practice provides the evidentiary basis that protects the claim from greenwashing accusations. 

This is an authenticity transfer mechanism: credibility generated internally through employee 

experience transfers outward through employee advocacy, transparent reporting, and consistent 

organizational behavior. 

Mechanism 2: Employee-as-Brand-Ambassador (Internal Marketing). Employees who are 

recruited, trained, and rewarded around sustainability values naturally become carriers of the 
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sustainability brand narrative in their interactions with customers, suppliers, and the public. This 

"internal marketing" function means that Sustainable HRM does not merely support Green 

Marketing indirectly through legitimacy but actively participates in the delivery of the marketing 

message through frontline employee behavior, particularly in service industries where employee-

customer interaction is a primary brand touchpoint. 

Mechanism 3: Feedback Loop from Market to Workforce (Reverse Signaling). Consumer 

response to green marketing initiatives—whether positive reception or backlash—provides 

feedback that shapes internal HR priorities. Strong market reception of sustainability positioning 

reinforces organizational investment in Sustainable HRM (as sustainability is validated as 

commercially significant), while market skepticism or backlash can prompt firms to strengthen 

internal practice to close credibility gaps. 

5.2 An Integrated Business Model 

Synthesizing these mechanisms, an integrated model of corporate sustainability positions 

Sustainable HRM and Green Marketing not as parallel initiatives but as two interlocking 

subsystems within a single sustainability value chain: 

1. Strategic Sustainability Vision — articulated at the top-management level, defining the 

organization's sustainability identity and commitments. 

2. Internal Translation (Sustainable HRM) — the vision is operationalized through 

recruitment, training, performance management, and reward systems that build employee 

capability and commitment to sustainability. 

3. Cultural Embedding — sustained HR practice produces a workforce culture in which 

sustainable behavior becomes normative rather than exceptional. 

4. External Translation (Green Marketing) — the same sustainability vision is 

operationalized externally through product design, pricing, distribution, and promotional 

strategy. 

5. Stakeholder Perception and Legitimacy — consistency between internal culture and 

external claims produces stakeholder trust, reducing greenwashing vulnerability and 

enhancing both employer and consumer brand equity. 
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6. Performance Outcomes — improved financial performance, reduced environmental 

footprint, enhanced social contribution, completing the triple bottom line. 

7. Feedback and Renewal — outcomes and stakeholder feedback loop back into strategic 

vision, enabling continuous refinement. 

This cyclical model emphasizes that corporate sustainability is not a static achievement but an 

ongoing organizational process requiring continuous alignment between internal and external 

practice. 

5.3 Illustrative Organizational Patterns 

While this chapter avoids attributing specific claims to named organizations, several illustrative 

patterns are commonly observed across industries pursuing integrated sustainability strategies. 

Firms in the apparel and consumer goods sectors frequently pair sustainable sourcing and 

circular-economy product lines (a green marketing initiative) with employee training programs 

on ethical sourcing and supply chain transparency (a Sustainable HRM initiative), enabling 

frontline staff to credibly answer customer questions about product provenance. Firms in the 

hospitality and food service sectors often combine sustainability-themed employee recognition 

programs with public-facing sustainability certifications, allowing customer-facing staff to serve 

as knowledgeable advocates for the brand's environmental commitments. Firms in the 

technology and manufacturing sectors frequently link internal green performance metrics for 

engineering and operations staff with public sustainability reporting, ensuring that externally 

reported environmental data is grounded in internally incentivized practice. These patterns, while 

illustrative rather than exhaustive, demonstrate the practical logic of the integrated framework 

proposed above. 

6. Implementation Challenges and Organizational Enablers 

6.1 Challenges 

Despite its conceptual appeal, integrating Sustainable HRM and Green Marketing faces several 

practical obstacles. 
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Departmental Silos. HR and Marketing typically operate as distinct functional silos with 

separate reporting lines, budgets, and performance metrics, limiting the cross-functional 

coordination necessary for integration. 

Measurement Difficulty. While marketing outcomes (sales, brand equity, market share) and HR 

outcomes (turnover, engagement scores) are separately measurable, the joint impact of integrated 

sustainability practice is harder to quantify, complicating the business case for integration to 

senior leadership. 

Short-Termism. Both HR and marketing functions can face pressure to prioritize short-term 

performance metrics, which may conflict with the longer time horizons typically required for 

sustainability investments to yield measurable returns. 

Resource Constraints. Particularly for small and medium enterprises, the financial and human 

capital investment required to build robust Sustainable HRM systems alongside sophisticated 

green marketing capability may exceed available resources. 

Greenwashing Temptation. Where genuine internal transformation is costly or slow, 

organizations may be tempted to pursue green marketing claims without corresponding internal 

investment, undermining the integration logic and exposing the firm to reputational risk. 

6.2 Organizational Enablers 

Several organizational conditions facilitate successful integration. Top management 

commitment is foundational; sustainability integration requires visible and sustained leadership 

sponsorship that transcends departmental boundaries. Cross-functional governance structures, 

such as joint sustainability steering committees involving HR, Marketing, and Operations 

leadership, provide the coordination mechanism necessary to align internal and external practice.  

Integrated sustainability metrics and reporting frameworks that track both internal 

(employee engagement with sustainability, training completion, green behavior metrics) and 

external (brand perception, green product sales, customer trust indicators) outcomes support 

evidence-based decision-making. Finally, organizational culture characterized by transparency, 
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ethical leadership, and long-term orientation provides the underlying soil in which integrated 

sustainability practice can take root and be sustained over time. 

7. Managerial Implications 

For practicing managers, this integrated perspective carries several practical implications. First, 

HR and Marketing leaders should establish regular cross-functional dialogue to ensure that 

internal talent practices and external brand claims remain mutually consistent, ideally formalized 

through joint sustainability committees or shared key performance indicators.  

Second, organizations should resist the temptation to launch green marketing campaigns that 

outpace internal capability; sequencing matters, and internal credibility should generally precede 

or accompany external claims rather than follow them. Third, firms should invest in employee 

sustainability literacy not only as an operational necessity but as a marketing asset, recognizing 

that well-informed, values-aligned employees are among the most credible communicators of 

brand sustainability commitments. Fourth, sustainability reporting should be designed to capture 

and communicate both internal and external dimensions of practice, providing stakeholders with 

a holistic view that reduces the perceived risk of selective disclosure. Finally, leadership should 

treat sustainability integration as a long-term cultural transformation rather than a series of 

discrete campaigns, recognizing that the credibility benefits of integration compound over time 

as consistency is demonstrated across multiple stakeholder touchpoints. 

8. Conclusion and Future Research Directions 

This chapter has argued that Sustainable HRM and Green Marketing, though addressing different 

stakeholder audiences, are best understood as complementary and mutually reinforcing 

expressions of a single underlying corporate sustainability strategy. Treating them as integrated 

rather than isolated functions offers substantial benefits: it reduces greenwashing vulnerability, 

strengthens both employer and consumer brand equity, and creates a self-reinforcing cycle in 

which internal culture and external positioning continuously validate one another.  

The proposed integrated framework—moving from strategic vision through internal translation, 

cultural embedding, external translation, stakeholder legitimacy, and performance outcomes—
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offers both a conceptual map for scholars and a practical roadmap for managers seeking to 

embed sustainability more deeply and credibly into organizational life. 

Future research would benefit from several avenues of inquiry. Longitudinal studies examining 

how the internal-external consistency mechanism unfolds over time, particularly in organizations 

transitioning from fragmented to integrated sustainability practice, would strengthen the 

empirical basis for the framework proposed here. Comparative research across industry sectors 

and organizational sizes could illuminate contingency factors that shape the feasibility and form 

of integration. Additionally, further work is needed on measurement instruments capable of 

capturing the joint or interactive effects of Sustainable HRM and Green Marketing on firm 

performance, moving beyond the currently siloed measurement approaches typical of each 

function. Finally, as artificial intelligence and digital platforms increasingly mediate both 

employee experience and consumer engagement, research into how digital transformation 

reshapes the mechanisms of sustainability integration represents a timely and important frontier. 

Ultimately, corporate sustainability is not achieved through the sum of isolated departmental 

initiatives but through the coherence of organizational practice across every point of stakeholder 

contact. Sustainable HRM and Green Marketing, understood together rather than separately, 

offer a powerful lens through which this coherence can be pursued. 
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Abstract 

The rapid advancement of generative artificial intelligence (AI) is reshaping journalism 

education by influencing how students learn, educators teach, and media professionals create and 

distribute content. AI-powered writing assistants, research tools, transcription software, and 

content-generation platforms are increasingly part of journalism classrooms and newsrooms. 

These technologies improve learning efficiency, enhance creativity, support multilingual 

communication, and strengthen digital storytelling, while simultaneously raising concerns about 

academic integrity, misinformation, copyright, algorithmic bias, and the erosion of critical 

thinking and originality. This chapter examines the role of generative AI in journalism education, 

arguing that it should be treated as a complementary educational resource rather than a substitute 

for journalistic inquiry, creativity, and editorial responsibility. It proposes a balanced 

framework—RESPOND—for integrating generative AI into journalism curricula, faculty 

development, and institutional policy, so that graduates can navigate AI-enabled newsrooms 

while preserving accuracy, transparency, accountability, and public service. 

Keywords: Generative Artificial Intelligence, Journalism Education, Media Literacy, Digital 

Journalism, AI Ethics, Newsroom Innovation, Curriculum Development 

1. Introduction 

Journalism education has long centred on developing the ability to gather information, assess 

credibility, construct meaningful narratives, and communicate them to the public. The emergence 

of generative artificial intelligence—systems capable of producing text, images, audio, and code 

in response to human instructions—represents a significant development in this trajectory, 

introducing new possibilities for journalism practice while raising questions about the 
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knowledge, skills, and ethical awareness journalism students need. 

The relevance of generative AI extends beyond adding another digital tool to the classroom. 

Reporting, writing, editing, media law, ethics, and production remain the foundations of 

journalism training, but graduates now enter newsrooms that use AI-assisted systems for 

transcription, translation, data analysis, and other routine tasks. Journalism education must 

therefore integrate technological competence with the professional judgment required to evaluate 

information and make editorial decisions. 

The educational value of generative AI is not simply speed or convenience; its potential lies in 

creating opportunities for experimentation, feedback, and alternative approaches to learning. 

Students can use AI-assisted tools to compare styles of news writing, examine report structure, 

practise editing, or develop ideas for multimedia storytelling. When guided appropriately, such 

activities encourage reflection on the choices involved in journalistic production rather than a 

narrow focus on the finished product—making the teacher's role, in connecting technology to 

learning objectives and professional standards, especially important. 

At the same time, generative AI presents substantial challenges. AI systems can produce 

inaccurate statements, fabricated references, and biased content reflecting the limitations of their 

training data. Because journalistic credibility depends on the accuracy and verifiability of 

information, these limitations demand serious attention. The use of AI also raises concerns about 

copyright, privacy, disclosure, authorship, and academic integrity; if students become dependent 

on automated outputs without developing the capacity to question and verify them, the 

educational process risks weakening the very skills that responsible journalism requires. 

The challenge, therefore, is not whether to accept or reject generative AI in education, but to 

identify the conditions under which it can be used meaningfully and responsibly. This requires a 

shift from tool-oriented learning towards critical, reflective, and professionally grounded AI 

literacy. This chapter brings together the pedagogical possibilities, professional implications, and 

ethical challenges of generative AI in journalism education, considers the competencies future 

journalists require, and proposes a balanced framework—placing human judgment, ethical 

responsibility, and practical learning at the centre of technological adoption—for integrating 

generative AI into journalism curricula. 
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2. Understanding Generative Ai in the Context of Journalism 

Generative AI refers to systems designed to produce new content—text, images, audio, video, or 

code—in response to prompts, by identifying patterns from extensive training data rather than 

following predefined commands. The quality and reliability of these outputs depend on system 

design, training data, and user instructions. Crucially, an AI system's ability to generate 

grammatically coherent or visually convincing material does not mean that material is factually 

accurate, original, or fit for publication. For journalism education, understanding generative AI 

therefore requires recognising the distinction between content generation and knowledge 

production: AI may assist in presenting information, but it does not assume the responsibilities of 

a journalist, such as establishing source credibility, understanding the public interest, or 

accepting accountability for published content. 

Journalism has long used technology—computer-assisted reporting, content-management 

systems, speech-to-text software, and algorithmic tools for defined tasks governed by fixed rules. 

Generative AI differs because it produces new language and media from learned patterns rather 

than executing predetermined instructions. This distinction matters pedagogically: automation 

and generation are related but not identical, and generative systems' capacity to produce plausible 

but incorrect information creates particular risks in a field where factual reliability and source 

accountability are fundamental. 

Generative AI applications relevant to journalism education span several stages of practice. In 

news writing, AI can produce preliminary drafts, suggest headlines, and reorganise paragraphs, 

though AI-generated drafts must be checked against verified information and should never 

replace original reporting. In transcription and interview support, AI can convert recordings into 

text, but names, quotations, and context must be checked against the original recording. In 

translation and multilingual communication, AI can adapt content for diverse audiences, though 

students must evaluate cultural meaning and idiomatic accuracy. In research and data journalism, 

AI can help brainstorm questions and organise information, but students must consult original 

datasets and credible sources rather than treat AI explanations as evidence. In multimedia and 

digital storytelling, AI can support scripting, captioning, and production planning, provided 
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visual and audio material is checked for authenticity. 

An important principle is that generative AI should be treated as an assistive system, not an 

autonomous source of journalistic authority. An AI tool may produce a well-structured report 

from a short instruction, yet that report may contain an inaccurate date, an invented quotation, or 

an unverifiable source—its fluency does not guarantee factual validity. Journalism students must 

learn to recognise that AI-generated content may be factually inaccurate, incomplete, biased, 

difficult to verify, insufficiently original, or ethically problematic if its synthetic nature is 

undisclosed. These limitations make AI literacy—the ability to understand how generative 

systems function, formulate appropriate prompts, critically assess outputs, and use the 

technology within ethical and professional boundaries—an essential component of contemporary 

journalism education. 

The introduction of generative AI into journalism classrooms also changes the nature of learning 

activities. Students may increasingly be asked not only to produce a report but to explain how 

they researched it, which tools they used, how they verified information, and why they accepted 

or rejected AI suggestions—shifting emphasis toward process rather than only the finished 

product. For educators, the task is to design activities in which AI strengthens learning rather 

than encouraging dependence: for example, asking students to analyse an AI-generated draft, 

identify its factual weaknesses, and produce a corrected version, developing writing, editing, 

fact-checking, and ethical reasoning simultaneously. 

3. The Changing Landscape of Journalism Education 

Digital technologies have continuously reshaped how journalism is taught and practised, from 

desktop publishing and online platforms to mobile journalism, social media, and data-driven 

reporting. Generative AI represents a further stage in this evolution, but its significance extends 

beyond new software: it affects the competencies students need, the methods through which they 

learn, and the responsibilities institutions must address. Journalism education can no longer focus 

solely on producing technically competent content; it must also help students understand how 

information is generated, how its credibility can be assessed, and how technological systems may 

influence narratives and editorial decisions. 

Traditional competencies—news gathering, interviewing, reporting, writing, editing, research, 
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source evaluation, media law, and ethics—remain the foundation of journalism training. 

However, contemporary media organisations increasingly expect graduates to be comfortable 

with AI-assisted transcription, translation, content organisation, and data analysis. Journalism 

programmes must therefore integrate technological fluency without diluting the core professional 

skills that give journalism its credibility. 

Generative AI is also shifting emphasis from pure content production toward verification and 

editorial judgment. If AI can generate a draft in seconds, the educational and professional value 

increasingly lies in evaluating, correcting, and contextualising that draft rather than producing it 

from scratch. This has direct implications for how journalism educators design coursework: 

assignments can be restructured so that students critique, verify, and improve AI-assisted output 

rather than simply submitting it. Journalism educators themselves must adapt, moving from 

being sole transmitters of technical skill toward guiding students in the evaluation of AI-

generated material, modelling ethical use, and connecting technological literacy to the enduring 

social purpose of journalism—accuracy, fairness, accountability, and public service. Preparing 

students for AI-assisted newsrooms means building both technical familiarity and the judgment 

to know when AI assistance is appropriate and when it is not. 

4. Generative AI Across Journalism Teaching and Practice 

Generative AI can meaningfully support several areas of journalism teaching when used with 

clear educational purpose. 

In news writing, AI can generate draft structures and headline alternatives that students evaluate 

and revise, developing critical judgment about accuracy and tone rather than passive acceptance 

of machine output. In editing and language development, AI grammar and style tools can support 

clarity and consistency, but editorial judgment—determining what a story should say and how it 

should say it—remains a human responsibility. In research and information organisation, AI can 

help students organise large volumes of material and identify preliminary lines of enquiry, while 

original sources must still be consulted directly. Fact-checking education benefits from using AI 

to flag claims requiring verification, provided students treat AI output as a starting point for 

investigation rather than a conclusion. In data journalism, AI can assist with interpreting datasets 

and suggesting coding approaches, while data literacy and independent analytical reasoning 
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remain essential. 

Generative AI also has applications in radio and audio production (script assistance and 

transcription), television and multimedia journalism (storyboarding, captioning, and production 

planning), and multilingual journalism (translation and localisation), always paired with human 

review for accuracy, tone, and cultural sensitivity. In the classroom, AI can support personalised 

learning by adapting explanations to a student's pace, and can enable new forms of classroom 

activity—such as comparing AI-generated and human-written reports—that make the distinctive 

value of human judgment visible to students. 

These applications also require rethinking assessment. If students can generate a polished report 

using AI, assessment must evaluate the underlying journalistic competencies—research, 

verification, judgment, and ethical reasoning—rather than surface polish alone. Assignments that 

require students to document their process, justify editorial choices, and demonstrate verification 

are more resistant to unreflective AI use and better aligned with professional practice. Across all 

these applications, human judgment must remain at the centre of AI-assisted learning: AI can 

support drafting, editing, translation, and research, but the decision to publish, and responsibility 

for what is published, must remain with the student or professional journalist. 

5. Curriculum Reform for an AI-Enabled Media Environment 

The presence of generative AI in professional journalism creates a clear need for curriculum 

reform. Rather than treating AI as a subject confined to a single course, journalism programmes 

should integrate AI literacy into core subjects—reporting, editing, ethics, and media law—so that 

students encounter critical engagement with AI throughout their training rather than in isolation. 

At the same time, dedicated modules on AI and journalism can provide deeper technical 

grounding: how generative systems work, their capabilities and limitations, prompt design, and 

emerging professional applications. Practical assignments should be redesigned so that AI use is 

transparent and pedagogically purposeful—for instance, requiring students to submit both an AI-

assisted draft and a verified, edited final version with a reflective account of the changes made. 

Assessment practices must be adapted accordingly, with attention to academic integrity: 

institutions need clear policies distinguishing acceptable AI assistance (such as brainstorming or 

language support) from impermissible substitution of independent work, alongside plagiarism 
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and AI-detection tools used judiciously rather than punitively. 

Curriculum reform should also target industry-relevant competencies identified by employers, 

including AI literacy, verification skills, and comfort working alongside automated systems, and 

should be paired with faculty development and institutional support so that educators themselves 

are equipped to teach and model responsible AI use. Throughout this reform process, curriculum 

innovation must preserve the human core of journalism—critical thinking, ethical reasoning, 

empathy, and public interest orientation—ensuring that efficiency gains do not come at the cost 

of the profession's foundational values. A balanced curriculum model treats generative AI as one 

competency among many, integrated with, rather than substituting for, traditional journalistic 

training. 

6. Competencies for Future Journalists 

The emergence of generative AI reshapes the competency profile expected of journalism 

graduates, though it does not replace the foundations of the discipline. Strong grounding in 

traditional journalism—reporting, interviewing, writing, and ethics—remains the base on which 

technological competence is built. To this, students must add AI literacy: a working 

understanding of what generative systems can and cannot do, and how to use them appropriately. 

Verification and fact-checking skills become more, not less, important as AI-generated content 

proliferates, since the ease of producing plausible text increases the risk of unverified claims 

entering the public record. Critical thinking and editorial judgment allow students to decide not 

just what AI can produce, but what should be published. 

New competencies specific to this environment include prompting and AI-interaction skills—the 

ability to formulate instructions that produce useful, appropriately scoped output—alongside data 

and analytical skills for working with AI-assisted data journalism, and multimedia and digital 

storytelling skills for an increasingly visual and cross-platform media environment. Synthetic 

media and visual verification skills are increasingly essential, given the growing sophistication of 

AI-generated images, audio, and video and their potential to mislead audiences. Multilingual and 

cross-cultural communication skills help students use AI translation responsibly, while ethical 

reasoning and professional responsibility remain central to every application of the technology. 

Students must also develop copyright, authorship, and intellectual-property awareness, 
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understanding how AI-generated or AI-assisted content intersects with existing legal and ethical 

norms, and adaptability and lifelong learning, since the pace of technological change means no 

single skill set will remain sufficient. Collaboration between humans and AI—knowing when to 

delegate a task and when to retain full control—becomes a professional skill in itself, as do 

communication, creativity, and originality, qualities that distinguish valuable journalism from 

generic, formulaic content. Together, these competencies describe an emerging professional 

profile: a journalist who is technologically capable but fundamentally oriented around human 

judgment, verification, and public accountability. Journalism programmes seeking to cultivate 

this profile should treat these competencies as interdependent rather than as a checklist to be 

covered in isolation. A student who can prompt an AI system effectively but cannot judge the 

reliability of its output has acquired only a partial skill; similarly, strong traditional reporting 

ability without any facility with AI-assisted tools may leave a graduate poorly prepared for 

newsroom environments that increasingly rely on such systems for routine tasks. The goal of 

competency development is therefore integration—embedding new technological fluencies 

within, rather than alongside, the profession's existing standards of accuracy, fairness, and 

accountability. 

7. Ethical Challenges and Concerns 

The integration of generative AI into journalism education raises significant ethical challenges 

that curricula must directly address. Accuracy remains the foremost concern: AI systems can 

generate plausible-sounding errors, and students must be trained to treat all AI output as 

provisional pending verification. Bias and representation are closely related concerns, since AI 

systems can reproduce or amplify stereotypes and imbalances present in their training data, with 

consequences for fairness and inclusion in news coverage. Misinformation and synthetic 

content—including AI-generated images, audio, and video capable of convincingly depicting 

events that never occurred—present a growing threat to public trust that journalism graduates 

must be equipped to identify and counter. 

Within educational settings, academic integrity requires careful attention: institutions must 

distinguish legitimate AI-assisted learning from the submission of AI-generated work as 

independent effort, and must design assessments accordingly. Related to this are questions of 

originality and authorship, and of copyright and intellectual property, both of which remain 
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unsettled in law and practice as AI training data and outputs raise new legal questions. Privacy 

and the responsible use of information are also implicated, particularly where confidential 

sources, unpublished material, or sensitive personal data might be entered into AI systems 

without adequate safeguards. 

Transparency and disclosure—informing audiences when AI has played a substantial role in 

producing content—are emerging as professional norms that journalism education should instil 

as standard practice rather than an afterthought. A further risk is the loss of human judgment 

through overdependence on automated systems, which curricula must actively guard against by 

keeping verification and editorial decision-making squarely with students and professionals. This 

connects to professional accountability: however AI is used, responsibility for published content 

cannot be delegated to a machine. Finally, educators must help students understand changing 

employment and professional roles in an AI-affected media industry, while never losing sight of 

the human dimension of journalism—empathy, contextual understanding, and public service—

that no technology can replace. These ethical concerns are not merely abstract; they surface 

concretely in classroom exercises whenever a student submits an AI-drafted assignment without 

disclosure, uses a translation tool that subtly distorts a quoted source's meaning, or relies on an 

AI summary of a dataset without checking the underlying figures. Addressing such situations as 

they arise, rather than only through abstract policy statements, helps students internalise ethical 

reasoning as a practical habit rather than a set of rules imposed from outside. 

8. The Role of Educators and Institutions 

Meaningful integration of generative AI into journalism education depends substantially on the 

role played by faculty and institutions. Educators must increasingly act as guides rather than 

gatekeepers, helping students navigate AI tools critically rather than simply restricting or 

ignoring their use. This requires developing faculty AI literacy through structured professional 

development, so that instructors understand the same capabilities and limitations they are 

expected to teach. 

Teaching methods themselves require redesign, incorporating AI-aware activities such as 

comparative analysis of AI-generated and human-written content, alongside clear classroom 

guidelines specifying acceptable and unacceptable uses of AI in coursework. Assessment must 
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be redesigned in parallel, emphasising process, verification, and reflective justification over the 

polish of a finished product alone. 

At the institutional level, clear AI policies are needed to govern classroom use, protect student 

and institutional data from inappropriate exposure to third-party AI systems, and establish a 

broader AI-aware academic culture. Strengthening industry-academia collaboration helps ensure 

that curricula remain aligned with evolving newsroom practice, while establishing AI ethics 

committees or academic working groups provides institutional mechanisms for addressing 

emerging dilemmas as they arise. Encouraging responsible experimentation—rather than blanket 

prohibition—allows students to build practical familiarity under guidance, with faculty serving 

as ethical role models in their own use of AI tools. Across all these measures, institutions must 

maintain human-centred education as the organising principle, building a sustainable institutional 

framework that can adapt as the technology, and its professional applications, continue to evolve. 

9. The Respond Framework: A Balanced Approach to AI in Journalism 

Education 

To translate these principles into practice, this chapter proposes the RESPOND Framework—an 

author-developed model built around seven interconnected principles that distinguish 

responsible, human-centred journalism education from uncritical automated content production. 

The framework should not be understood as a rigid sequence in which one stage ends before the 

next begins; in practice, students move repeatedly between its elements. 

Recognise AI capabilities and limitations. Students should become familiar with generative AI's 

applications—text generation, summarisation, transcription, translation, and data assistance—

while understanding that technological capability does not guarantee factual reliability. Before 

using an AI tool, students should ask whether a task genuinely requires AI assistance and 

whether its use suits the specific journalistic purpose. 

Evaluate information and evidence. AI-generated information should never be treated 

automatically as evidence. Students must learn to trace the origin of information, identify 

supporting sources, compare claims against primary material, and verify any statistic, quotation, 

or reference before incorporating it into journalistic work—connecting AI literacy directly to the 

traditional foundations of source evaluation and fact-checking. 
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Strengthen journalistic skills. AI integration should reinforce, not replace, fundamental abilities 

in reporting, interviewing, writing, editing, research, and multimedia production. AI may assist 

with transcription, but students should still listen to original recordings; AI may suggest a 

headline, but students must judge its accuracy. The framework places professional competence 

before technological convenience. 

Protect ethics, privacy, and academic integrity. Responsible AI use requires attention to privacy, 

copyright, authorship, misinformation, bias, disclosure, and confidentiality. Sensitive or 

confidential material should not be entered into AI systems without regard for institutional and 

ethical requirements, and clear distinctions must be maintained between permitted assistance and 

impermissible substitution of independent academic work. 

Own the editorial decision. Regardless of the extent of AI assistance, the student or journalist 

remains responsible for the final decision to publish. Students should be trained to ask not merely 

"Can AI produce this?" but "Should this be produced or published in this way?"—keeping 

editorial judgment connected to evidence, context, ethics, and the public interest. 

Navigate technology through continuous learning. Because AI technology develops faster than 

any single curriculum can track, students and educators need transferable evaluative skills rather 

than familiarity with one platform alone. This includes ongoing faculty development in AI 

ethics, pedagogy, and applications. 

Develop responsible, human-centred journalism. The framework ultimately returns to 

journalism's purpose: not to produce more content more quickly, but to provide accurate, 

contextualised, and socially responsible information, grounded in empathy, cultural 

understanding, and editorial independence. 

This progression—Recognise, Evaluate, Strengthen, Protect, Own, Navigate, Develop—can be 

applied across journalism courses rather than confined to a dedicated AI module. In a news-

writing class, students might generate alternative headlines with AI and then evaluate their 

accuracy; in radio journalism, compare an AI transcription against the original recording; in 

television and multimedia courses, investigate whether visual material is authentic or synthetic; 

in data journalism, verify AI-suggested analyses against the underlying dataset; and in media 

ethics, debate when audiences should be informed of AI's role in content production. The 
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RESPOND Framework is intended to become part of the everyday learning culture of journalism 

education, rather than an isolated technical exercise, moving students from technological 

awareness toward responsible professional practice. 

10. Discussion 

The integration of generative AI into journalism education raises questions that extend beyond 

any single tool or technique: what should journalism students learn, how should they learn it, 

how should their learning be assessed, and what does it mean to practise journalism responsibly 

in an increasingly automated information environment. The educational significance of 

generative AI lies not in its capacity to produce content, but in how it reshapes the relationship 

between information, technology, learning, and human judgment. 

As AI increasingly handles first-draft production, education must shift emphasis from producing 

content to evaluating it—a shift with implications across curriculum design, teaching methods, 

and assessment. Efficiency gains from AI use must be weighed against educational value: a 

shortcut that saves time but bypasses the development of core skills undermines the purpose of 

journalism training. Verification becomes more important, not less, as the volume of plausible 

but unverified content grows, reinforcing rather than diminishing the centrality of fact-checking 

to journalism education. 

The role of the teacher is correspondingly transformed, from primary source of technical 

instruction to guide in critical evaluation and ethical reasoning. Academic integrity requires a 

more nuanced approach than blanket prohibition, distinguishing between legitimate assistance 

and improper substitution. For professional preparation and employability, graduates who 

combine strong traditional skills with AI literacy and ethical judgement are best positioned for 

AI-affected newsrooms. In contexts such as Indian journalism education, these considerations 

intersect with rapid media growth, linguistic diversity, and expanding digital access, making 

responsible AI integration especially consequential for the profession's future development. 

Across all these considerations, one principle recurs: human agency must remain at the centre of 

AI-supported journalism education. This does not mean rejecting technology, but ensuring that 

technology remains accountable to educational and journalistic purposes—a human-centred 

approach that the RESPOND Framework operationalises by connecting AI use to verification, 
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professional skill, ethics, accountability, and continuous learning. 

11. Conclusion 

Generative artificial intelligence is becoming an important part of the changing media 

environment, and its influence on journalism education is likely to continue expanding. Its 

capacity to generate text, process information, support translation, assist transcription, and 

facilitate multimedia content development creates genuine possibilities for teaching and 

professional preparation. Yet the educational significance of generative AI should not be 

measured by the speed or volume of content it can produce. 

Journalism is ultimately a human-centred profession, requiring curiosity to ask questions, 

discipline to investigate, judgment to evaluate evidence, sensitivity to understand people, and 

responsibility to communicate accurately and fairly—qualities that cannot be reduced to the 

technical operation of an AI system. Integrating generative AI therefore demands a balanced 

approach: journalism programmes should give students opportunities to understand and 

experiment with AI while simultaneously strengthening traditional reporting, research, writing, 

editing, verification, and critical-thinking skills. 

This chapter has argued that AI should occupy three complementary positions within journalism 

education: as a professional tool, as an object of critical study, and as an ethical challenge. 

Treating it only as a productivity tool overlooks its wider implications; treating it only as a threat 

prevents students from developing relevant professional competencies. The proposed RESPOND 

Framework offers one approach to this challenge, placing human judgment at the centre of 

technological integration through Recognition, Evaluation, Strengthening of journalistic skills, 

Protection of ethical and academic values, Ownership of editorial decisions, Navigation through 

continuous learning, and Development of responsible journalism. 

The future journalist must therefore be technologically aware without becoming technologically 

dependent—knowing how to use AI, but also when to question it, verify it, reject it, or set it 

aside in favour of a human approach. Educators, correspondingly, should not attempt simply to 

prevent students from encountering AI, but should help them develop the intellectual maturity to 

use emerging technologies responsibly. The future of journalism education does not lie in 

teaching students to compete with artificial intelligence, but in preparing them to work with 
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technology while preserving the human qualities that give journalism its social value. Generative 

AI may change how journalism is produced, but the principles of accuracy, verification, 

accountability, fairness, public interest, and responsible communication must continue to guide 

why journalism is produced. 
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Chapter 15  

From Gandhian Journalism to the Contemporary Indian Digital News Feed 

Reading Gandhiji's Editorial Record Against the Evidence on Algorithmic News Curation in 

India 

Pawan Raj 

Abstract 

Gandhiji ran two newspapers, Young India and Navajivan, without carrying advertisements, 

funding them through subscriptions instead. He wrote about that choice at length, framing it as a 

way of keeping the reader, rather than the advertiser, at the centre of editorial decisions. A 

century later, most Indian readers get their news through algorithmic aggregators, where 

placement follows engagement rather than subscription. This chapter reads Gandhiji's 

documented editorial record against the growing body of published research on how 

algorithmically curated news actually behaves, using gatekeeping theory as the shared analytical 

frame. Rather than building a new dataset, the chapter draws on existing empirical work: a 

comparative audit of human-and algorithm-curated sections within a major news platform, recent 

systematic reviews of algorithmic influence on journalism, and Indian-specific research on 

algorithmic gatekeeping during the 2024 general election. These findings are read against 

Gandhiji's own writings on journalism and the documented editorial practice of Young India and 

Navajivan, to ask what changes, and what does not, when a news outlet's revenue model shifts 

from a subscriber to an advertiser to an engagement-optimizing algorithm. The aim is not to 

argue that Gandhiji anticipated the algorithm, or that a subscription-funded press is inherently 

superior to an advertising or engagement-funded one. It is to make a narrower claim: that 

revenue structure is a legible variable in gatekeeping behaviour, visible across both records, and 

that India's own press history offers a documented case for studying it that the existing literature, 

still dominated by Western and presentist accounts, has not used. The chapter closes by setting 

out a coding framework through which this comparison could be tested directly against new 

primary data in future work. 

Keywords: Gatekeeping Theory, Algorithmic Curation, Indian Digital Journalism, News 

Aggregators, Young India, Navajivan, Gandhiji, Revenue Models in Journalism 
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1. Introduction 

In April 1919, Mohandas Karamchand Gandhi took editorial charge of a struggling Bombay 

weekly called Young India. His first decision was not about content. It was about money. He 

refused to carry advertisements, arguing that a newspaper treated as a means of earning a living 

would eventually produce serious malpractices, because a paper answerable to profit stops being 

answerable to anything else (Gandhiji, as cited in Newslaundry, 2019). He ran the paper instead 

on subscriptions alone, a model he repeated a few years later at Navajivan. It was, by his own 

account, less a business decision than a discipline. The reader paid, so the reader was owed the 

truth. 

A century later, a reader in Patna opens a news app on their phone. That particular app costs 

nothing. However, what they see next, ranked by an algorithm trained feed to hold their attention 

as long as possible, is chosen by an entirely different logic. The advertiser pays for the space in 

the app, and what keeps the advertiser paying is engagement. Gandhiji's discipline and the 

aggregator's algorithm sit on opposite sides of the same question: who is the newspaper actually 

working for. 

Most writing that notices this contrast stops at the observation. This chapter tries to close that 

gap without inventing new evidence to do it. It reads Gandhiji's own documented editorial record 

against the growing body of published, peer-reviewed research on how algorithmically curated 

news actually behaves, using a shared gatekeeping framework, so the comparison rests on what 

has already been established about each system rather than on how persuasively the comparison 

can be argued. 

The chapter proceeds in five parts. The literature review traces gatekeeping theory from its 

origins in the human editor's decision-making through to its recent extension to platform 

algorithms, and situates the growing but narrowly focused literature on Indian digital 

gatekeeping within that arc. The theoretical framework sets out revenue structure, rather than 

technology, as the variable this chapter treats as decisive, and explains why that framing lets a 

1920s newspaper and a 2020s aggregator be read inside the same model. The fourth section reads 

Gandhiji's documented editorial practice against the existing empirical literature on algorithmic 
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curation. The fifth sets out a coding framework through which this comparison could be tested 

directly against new primary data in future research. 

The argument is not that Gandhiji anticipated the algorithm, or that a subscription-funded press 

is inherently superior to an advertising-funded one. Both models carry real trade-offs, a point this 

chapter returns to in its conclusion. The narrower claim is that different revenue structures 

produce different, and already documented, patterns in what gets surfaced to a reader, and that an 

Indian historical case, largely absent from a gatekeeping literature still dominated by Western, 

present-day studies, gives that claim a comparison of its own to draw on rather than one 

borrowed from elsewhere. 

 

2. Literature Review 

2.1 Gatekeeping Theory 

Gatekeeping theory begins with a single wire editor. White (1950) tracked the news selections of 

one Midwestern telegraph editor, ―Mr. Gates,‖ over a month, and found that around ninety 

percent of the wire copy that crossed his desk never made it into the paper, filtered by a mix of 

professional judgment and personal preference that White treated as broadly representative of 

how news selection worked. The study‘s method, one gatekeeper and one set of choices closely 

observed, became the template the field returned to for decades, even as later work complicated 

its individualist premise. McCombs and Shaw (1972) shifted attention from what got selected to 

what effect selection had, showing that the issues media covered most heavily became the issues 

audiences rated as most important, which reframed gatekeeping as an act with downstream 

consequences for public attention rather than a purely internal editorial process. Entman (1993) 

added that selection was never neutral to begin with: how a story is framed, what is emphasized 

and what is left out, does as much gatekeeping work as the decision to run it at all. Shoemaker 

and Vos (2009) later synthesized this lineage into a formal theory, describing gatekeeping as a 

multi-level process operating simultaneously at the level of the individual journalist, the 

newsroom routine, the organization, and the broader social system, which is the version of the 

theory most contemporary digital gatekeeping scholarship still builds from. 

Bagdikian (1983) while writing about the American press's growing corporate concentration, he 

argued that gatekeeping power is inseparable from economic power, and that whoever controls a 
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paper's revenue holds one of the most consequential levers available for shaping what a society 

sees and does not see. Bagdikian was writing about ownership concentration, not advertising 

specifically, but the underlying claim, that gatekeeping decisions answer to whoever pays the 

bills, is the hinge this chapter turns on when it reads Gandhiji's revenue model as a gatekeeping 

decision in its own right and not merely a financial one. 

The theory's most recent extension addresses the algorithm directly. Wallace (2018) proposed a 

four-archetype model of digital gatekeeping, naming platform algorithms alongside journalists, 

strategic professionals, and individual amateurs as parallel gatekeepers, each governed by 

different access rules and selection logics. Thorson and Wells (2016) offered a related but 

distinct framing, arguing that what a reader eventually sees is the product of several layers of 

curation performed by different actors, including advertisers, layered on top of one another, a 

useful reminder that no single actor, human or algorithmic, fully controls what a reader 

encounters. Van Dalen (2023) pushed the argument further, treating platform algorithms not just 

as gatekeepers alongside journalists but as a new source of institutional power and legitimacy in 

their own right, one that professional communicators increasingly have to negotiate with rather 

than simply route around. 

2.2 The Economics of Algorithmic Curation 

If gatekeeping power tracks who pays, the relevant question for an algorithmic curator is what it 

is being paid to optimize for. Bandy and Diakopoulos (2020) offer the closest empirical answer 

available. Their audit of Apple News compared the app's algorithmically curated Trending 

Stories section against its human-curated Top Stories section over an extended data collection 

period, and found the human-curated section drawing on a noticeably wider and more even 

spread of sources than the algorithmic one, a difference in source diversity, concentration, and 

evenness measured directly rather than inferred. The difference was not a matter of one system 

being sloppier than the other. It reflected two different optimization targets: human editors 

selecting for a mix of newsworthiness criteria, and an algorithm selecting, more narrowly, for 

what would hold a reader's attention. 

Cools et al. (2021) found a related pattern inside newsrooms adopting their own algorithmic 

recommendation tools, noting that these systems shift not just what gets published but who, or 
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what, is making the underlying decision, with journalists increasingly working alongside a 

system optimized for engagement metrics rather than the professional news judgment the 

gatekeeping literature originally described. Zuboff (2019) supplies the broader economic account 

of why this optimization target became dominant in the first place: platforms that monetize 

attention have a structural incentive to maximize the time a user spends engaged, regardless of 

whether that engagement serves the user's interests, a dynamic she terms surveillance capitalism. 

O'Neil (2016) makes a parallel point about the mathematical models underneath these systems, 

arguing that models built to optimize a narrow metric, engagement, ad clicks, watch time, will 

systematically favour whatever maximizes that metric over other values a more deliberative 

process might have weighed, even when no one involved intends that outcome. 

Read together, this literature describes an algorithmic curator that is not neutral by default but 

structurally oriented toward a specific outcome, attention capture, because that is what its 

revenue model rewards. This is precisely the structural claim Gandhiji made about advertising a 

century earlier, applied to a different technology. Section 4 reads the two claims directly against 

each other. 

2.3 The Indian Digital News Ecosystem 

Indian digital gatekeeping scholarship has grown quickly in the last two years, but almost 

entirely in one direction: fact-checking and misinformation response around elections. Roy et al. 

(2025) studied Indian fact-checkers during the 2024 general election and described their role as 

―retroactive gatekeeping,‖ intervening after false or misleading content had already gone viral 

across multilingual, mobile-first platforms, rather than before publication in the way a traditional 

editor would. Their interviews with fact-checkers from six organizations found professionals 

working under conditions the classical gatekeeping literature, built around a single editor with 

time to deliberate, did not anticipate: content moving faster than verification, across languages 

the fact-checking organization may not have staff to cover, on platforms whose amplification 

mechanics sit entirely outside what a fact-check can reach. 

This is genuinely important work, but it addresses a narrower question than the one this chapter 

asks. It studies what happens after an algorithm has already surfaced something, not the revenue 

logic that shaped the surfacing decision in the first place. Hastuti et al. (2025), in a systematic 
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review of 78 empirical studies on algorithmic influence in journalism, name this narrowness as a 

limitation of the wider field, not just of Indian scholarship specifically: the literature is 

dominated by Western, English-language studies, with few longitudinal designs and little 

historical grounding. 

India's own press history sits, largely untouched, on the other side of that gap. Jeffrey (2000) 

documented the enormous expansion of the Indian-language press from the late 1970s onward, 

an expansion substantially funded by advertising revenue, and noted the tension this created 

between commercial growth and the press's self-understanding as a public institution. His later 

work (Jeffrey, 2010) traces this tension back further, to the period when, as he puts it, Gandhiji 

succeeded Bal Gangadhar Tilak as India's most prominent journalist and drew a sharp distinction 

between a ―newspaper,‖ run for profit, and a ―views paper,‖ run to persuade and serve. That 

distinction, made in the 1920s, is functionally a claim about gatekeeping logic: what a 

publication selects and emphasizes depends on what its revenue model asks it to select and 

emphasize for. Section 4 tests that specific, documented distinction against the empirical 

literature on algorithmic curation reviewed above. 

3. Theoretical Framework 

This chapter treats revenue structure as the primary variable shaping gatekeeping behaviour, 

rather than treating editorial and algorithmic curation as two categorically different kinds of 

decision-making. This is a deliberate departure from how much of the digital gatekeeping 

literature frames the comparison, which tends to treat the shift from human to algorithmic 

gatekeeping as primarily a technological change, an editor replaced by codes (Wallace, 2018; 

Van Dalen, 2023). That framing is not wrong, but it brackets a prior question: technological 

change aside, what is each gatekeeper, human or algorithmic, being asked to optimize for, and by 

whom. 

Bagdikian's (1983) claim that gatekeeping power tracks economic power supplies the theoretical 

anchor. A gatekeeper answerable to a subscriber optimizes, at least in principle, for what the 

subscriber values enough to keep paying for. A gatekeeper answerable to an advertiser optimizes 

for what keeps the advertiser's audience assembled and attentive. A gatekeeper answerable to an 

engagement-driven ranking system optimizes for whatever the ranking model has been trained to 
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maximize, typically time on platform or click-through, a more extreme and more automatable 

version of the same advertiser-facing incentive (Zuboff, 2019; O'Neil, 2016). 

Gandhiji's editorial practice at Young India and Navajivan is legible inside this framework as a 

specific, documented case of the first model. Both papers ran without carrying a single 

advertisement, printed as plain, full-scape weeklies funded through subscription alone (―As 

Mahatma Gandhi Turns 150,‖ 2019). Gandhiji described this as a structural choice rather than an 

moral flourish: journalism treated as a means of earning a living would, in his words, produce 

serious malpractices, because a paper‘s obligations shift once its survival depends on profit 

rather than readership (Gandhiji, as cited in Newslaundry, 2019). He is widely quoted as holding 

that ―the sole aim of journalism should be service‖ (Gandhiji, as cited in Newslaundry, 2019), a 

line that reads, inside this chapter‘s framework, less as a slogan than as a statement about who 

the gatekeeper answers to. Jeffrey‘s (2010) account of Gandhiji‘s ―views paper‖ model, run to 

persuade rather than to turn a profit, describes the same structural choice from the historian‘s 

side of the archive. 

This chapter reads India‘s contemporary algorithmic news aggregators as occupying a third 

position in this framework, answerable to an engagement-optimizing system that is itself 

answerable, several steps removed, to advertising revenue. The comparison this chapter builds 

are therefore not ―old media versus new media‖ or ―human editor versus algorithm.‖ It is a 

comparison between two gatekeepers built on two different theories of who the gatekeeper is 

actually working for, one made explicit by its editor in the 1920s, the other made explicit, if at 

all, in a platform‘s investor filings rather than its user-facing interface.  

4. Reading the Record: Gandhiji's Editorial Practice Against the Evidence on 

Algorithmic Curation 

4.1 Gandhiji's Editorial Record 

Two features of Gandhiji's editorship are documented closely enough to work with directly, 

rather than through inference. The first is structural: Young India and Navajivan were each eight-

page, full-scape weeklies that carried no advertising at all, printed in a plain double-column 

layout, funded through subscription alone (―As Mahatma Gandhiji Turns 150,‖ 2019). Gandhiji 
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wrote explicitly that treating a newspaper as a means of earning a living would, in his words, 

produce serious malpractices, because a paper‘s obligations shift once its survival depends on 

profit rather than readership (Gandhiji, as cited in Newslaundry, 2019). He held to this position 

even when it cost him: circulation of both papers dropped sharply, to under eight thousand 

copies, after his 1922 imprisonment on sedition charges, and he did not respond by opening the 

papers to advertising to recover the lost revenue (―As Mahatma Gandhiji Turns 150,‖ 2019). The 

second documented feature is normative rather than financial. Gandhiji described the aim of 

journalism, across more than two decades of editorship spanning Indian Opinion, Young India, 

and Navajivan, as service rather than profit or persuasion for its own sake (Gandhiji, as cited in 

Newslaundry, 2019). He paired this with an explicit theory of restraint: a newspaper wielded 

power comparable to an uncontrolled river, capable of devastating whatever it touched unless the 

editor exercised control from within rather than waiting for control to be imposed from without 

(Gandhiji, as cited in Newslaundry, 2019). Jeffrey (2010) reads this combination, service as the 

stated aim and restraint as the operating discipline, as the defining feature that separated 

Gandhiji‘s ―views paper‖ from the commercially driven ―newspaper‖ model that came to 

dominate Indian-language print after his editorship ended. 

Read together, these two features describe a gatekeeper whose selection criteria were, by design, 

insulated from a specific external pressure: the need to hold an advertiser‘s audience. This is not 

a claim that Gandhiji‘s editorial choices were free of bias or agenda; his papers were openly 

partisan instruments of the independence movement, and he never pretended otherwise. It is a 

narrower, more checkable claim about the mechanism his revenue model closed off, which the 

next section finds open, and structurally load-bearing, in algorithmic news curation. 

4.2 What the Existing Evidence Shows About Algorithmic Curation 

The empirical literature on algorithmic news curation, though built almost entirely outside India, 

gives a reasonably consistent account of what that open mechanism produces in practice. Bandy 

and Diakopoulos's (2020) audit of Apple News compares an algorithmic and a human-curated 

section inside the same platform rather than comparing across different outlets with different 

resources. Over an extended data collection period, the algorithmically curated Trending Stories 

section drew on a narrower and less even spread of sources than the human-curated Top Stories 

section running alongside it. The two sections were subject to the same editorial standards, the 
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same platform, the same technical constraints; the difference tracked the selection logic itself, 

human editors weighing a mix of newsworthiness criteria against an algorithm optimizing more 

narrowly for what would hold attention.  

Hastuti et al.‘s (2025) systematic review of 78 empirical studies situates this finding as part of a 

broader, consistent pattern rather than a one-platform anomaly. Across the studies they reviewed, 

algorithmic systems reconfigure gatekeeping toward what they term ―shareworthiness,‖ and 

platform business models intensify this dependence on engagement metrics in ways that 

measurably limit investigative depth. Their review also names the field‘s own blind spot: a 

dominance of Western, English-language studies, with little historical grounding and few 

longitudinal designs, meaning that even this consistent pattern has rarely been tested against a 

case old enough, or documented enough, to isolate revenue structure as the variable doing the 

work. 

India‘s contribution to this literature so far comes from a different angle. Roy et al.‘s (2025) 

study of Indian fact-checkers during the 2024 general election found professionals operating as 

what they call ―retroactive gatekeepers,‖ intervening only after algorithmically amplified 

misinformation had already gone viral across multilingual, mobile-first platforms. Their 

interviews describe fact-checkers working after the fact, correcting individual claims once a 

platform‘s own ranking and sharing mechanics have already carried them to a wide audience, a 

position that leaves the amplification mechanism itself outside what any single fact-check can 

address. Taken together, these three bodies of evidence, a controlled within-platform audit, a 

synthesis across dozens of studies, and an India-specific account of retroactive correction in 

practice, converge on the same underlying description: engagement-optimized curation 

systematically narrows source diversity and depth relative to human curation, in ways that leave 

the professionals working around it, not just the readers inside it, working after the decision has 

already been made. 

4.3 Reading the Two Records Together 

Placed side by side, Gandhiji's editorial record and the empirical literature on algorithmic 

curation describe two gatekeepers built on opposite answers to the same design question: what 

should the selection mechanism be insulated from. Gandhiji's model closed off dependence on an 

external audience-holder, the advertiser, and replaced it with dependence on the subscriber, a 
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narrower but more directly accountable relationship. The algorithmic model documented by 

Bandy and Diakopoulos (2020) and synthesised by Hastuti et al. (2025) does the reverse: it opens 

the selection mechanism directly to an engagement signal that is, several steps removed, an 

advertiser's proxy for audience attention, and the narrowing of source diversity that follows is not 

a flaw reviewers happened to catch but the visible trace of what the mechanism was built to 

optimize. 

This reading does not require treating Gandhiji as a prophet of platform design, and the chapter 

is not making that claim. His papers operated in a media environment with no equivalent of a 

ranking algorithm, no comment sections, no share counts. What travels across the century is 

narrower: the structural insight that a gatekeeper's selection pattern is legible from its revenue 

model, and that this pattern shows up in what actually gets published or surfaced, not only in 

what an editor says about their own values. Bagdikian (1983) made a version of the same 

argument about American press ownership six decades after Gandhiji made it about advertising; 

Bandy and Diakopoulos (2020) demonstrated it empirically about a single app‘s two sections 

within the same platform. Gandhiji‘s editorship offers a documented case where the same 

underlying claim was tested, deliberately, by a working editor, a century before the literature 

reviewed in Section 2 arrived at a version of it independently. Section 5 sets out how that 

historical case and the algorithmic case could be tested against each other directly, using new 

primary data, as a next step this chapter's conceptual work makes possible rather than completes. 

5. A Proposed Method for Empirical Comparison 

The reading offered in Section 4 rests on published evidence about algorithmic curation in 

general and a documented historical record of Gandhiji‘s editorial practice. It does not yet rest on 

a direct, matched comparison between the two, coded on the same terms. That comparison is a 

natural next step, and this section sets out how it could be done. 

5.1 Archival Sample 

A matched historical sample would draw on issues of Young India and Navajivan from 

Gandhiji‘s editorship, accessible through the Gandhi Heritage Portal, coded for three variables: 

front-page topic category, the proportion of page space given to reader correspondence, and the 
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presence or absence of any content resembling sponsored placement. A sample of ten to fifteen 

issues drawn across a defined multi-year window would be sufficient to establish a baseline 

pattern without requiring exhaustive coverage of the full editorship. 

5.2 Aggregator Sample 

A matched contemporary sample would log trending and top-story placements on Indian news 

aggregator platforms such as Dailyhunt and InShorts, coded on the same three variables adapted 

to the platform context: topic category, source diversity across sampled placements, and the 

extent to which placement tracks engagement signals such as share counts or repeated 

resurfacing rather than other editorial criteria. A two-week logging window, comparable to the 

extended collection period Bandy and Diakopoulos (2020) used for their single-platform audit, 

would allow the pattern to stabilise beyond any single day's anomalies. 

5.3 Coding and Analysis 

Both samples would be coded using an identical scheme adapted to each medium's format, so the 

two datasets remain genuinely comparable rather than merely parallel, with ambiguous cases 

resolved against clear, pre-defined category boundaries and, ideally, a second coder for a 

reliability check on a subset of each sample. The analysis would be descriptive and comparative, 

appropriate to the scale of both samples, rather than a claim to statistical generalisability: the 

contribution of such a study would be the method and the historical case it makes available, not a 

definitive measurement of either system. 

Executed carefully, this design would let a future study state directly what this chapter can only 

argue from existing evidence: whether Gandhiji‘s documented, revenue-insulated gatekeeping 

pattern and today‘s engagement-optimised aggregator pattern differ in the specific, measurable 

ways the theoretical framework in Section 3 predicts, using primary data collected and coded for 

that comparison alone. 

6. Conclusion 

Gandhiji‘s decision to keep advertising out of Young India and Navajivan was not a nostalgic 

gesture available only to a moment before commercial media matured. It was an argument, made 
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in print and repeated across more than two decades of editorship, about who a newspaper is 

accountable to and how that accountability shows up in what actually gets published. This 

chapter has tried to take that argument as seriously as the parallels drawn between Gandhiji‘s 

press and today‘s algorithmic aggregators usually allow, by reading it directly against the 

empirical literature on algorithmic curation rather than treating the comparison as a rhetorical 

flourish. 

The two records, read together, converge on a structural claim rather than a nostalgic one: a 

gatekeeper‘s selection pattern tracks its revenue model, whether that gatekeeper is a person 

exercising editorial restraint by design or an algorithm optimising for engagement by design. 

Neither record proves the other. What they do is make the same underlying claim independently, 

a century apart, in two entirely different media systems, which is itself a reason to take the claim 

seriously rather than dismiss it as a coincidence of framing. None of this argues that a 

subscription-funded press is straightforwardly superior to an advertising or engagement funded 

one. Subscription models carry their own distortions, including a tendency to serve existing 

subscribers‘ preferences over a genuinely public interest, a limitation Gandhiji‘s own model did 

not escape and did not claim to. The contribution this chapter offers is narrower and, it hopes, 

more useful: a documented Indian case, currently absent from a literature still dominated by 

Western and presentist accounts, for studying revenue structure as a legible variable in 

gatekeeping behaviour, and a concrete method, set out in Section 5, for testing that case directly 

against new primary data. Where Bagdikian (1983) asked who controls the gate, and Wallace 

(2018) asked what kind of gatekeeper controls it, this chapter has tried to ask a third question: 

what is the gatekeeper being paid to do, and does the answer look any different when the 

gatekeeper is a person than when it is code. The evidence assembled here suggests, 

provisionally, that it does not look very different at all. 
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Abstract 

The rapid expansion of social media has transformed the ways in which news is produced, 

distributed, consumed, interpreted, and evaluated. Among the various social media platforms, 

Instagram has emerged as an important environment for news consumption, particularly among 

younger audiences. The introduction and growing popularity of Instagram Reels have further 

changed the nature of digital news by presenting information through short, visually engaging, 

mobile-oriented videos. For Generation Z, who have grown up in an environment characterised 

by smartphones, social networking platforms, algorithmic content recommendations, and 

continuous digital connectivity, social media increasingly functions not only as a space for social 

interaction and entertainment but also as a gateway to information and current affairs. 

This chapter examines the concept of perceived credibility of news content on Instagram Reels, 

with particular attention to Generation Z. It conceptualises credibility as a multidimensional 

perception involving accuracy, trustworthiness, believability, objectivity, completeness, source 

expertise, transparency, and authenticity. The chapter discusses the changing nature of news 

credibility in the social media environment and explores how the characteristics of Instagram 

Reels may influence users' perceptions of news. It further examines the role of content 

characteristics, source characteristics, platform characteristics, visual presentation, engagement 

indicators, personalization, algorithmic exposure, and audience characteristics in shaping 

perceived credibility. The chapter also situates the discussion within established perspectives 

such as source credibility theory, media credibility, uses and gratifications, social presence, and 

the elaboration likelihood perspective. Particular attention is given to Generation Z as a digitally 

immersed audience whose credibility judgments may differ from those of traditional news 
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consumers. The chapter concludes by proposing a conceptual framework for understanding 

perceived credibility of news content on Instagram Reels and identifying important directions for 

future empirical research. 

Keywords: News Credibility, Perceived Credibility, Instagram Reels, Generation Z, Social 

Media, Digital Journalism, News Consumption, Short-Form Video 

1. Introduction 

The digital transformation of journalism has fundamentally altered the relationship between 

news organisations, journalists, audiences, and information. Traditional news media once 

occupied a relatively dominant position in determining what information reached the public. 

Newspapers, television channels and radio stations functioned as important gatekeepers that 

selected, verified and organised information before presenting it to audiences. The growth of the 

internet disrupted this model by allowing information to circulate rapidly across decentralised 

networks. Social media subsequently accelerated this transformation by enabling ordinary users, 

journalists, influencers, media organisations, political actors and institutions to participate 

simultaneously in the creation and distribution of information. 

The contemporary news environment is therefore characterised by abundance rather than 

scarcity. Audiences are no longer dependent on a limited number of news outlets for information. 

Instead, they encounter news across search engines, social networking sites, video platforms, 

messaging applications and digital news websites. This abundance has created an important 

problem: although access to information has become easier, determining whether the information 

is reliable has become increasingly difficult. 

The question of credibility is consequently central to contemporary journalism. In traditional 

media, credibility was often associated with the reputation of a newspaper, television channel, 

journalist or broadcasting organisation. In social media environments, however, credibility may 

be attributed to a much wider range of actors. A news story may originate from a recognised 

media organisation but reach users through an individual creator. A journalist may publish a 

news update directly through a personal social media account. An influencer may interpret a 

current event for followers without formal journalistic training. A user may encounter a 
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professionally produced news video without immediately recognising who created or verified it. 

This complexity becomes particularly significant in the context of short-form video. Instagram 

Reels has become an important format for the circulation of short, visually oriented content. 

Although Instagram was initially associated primarily with photographs and lifestyle-oriented 

content, the platform has increasingly incorporated video-based communication. Reels allow 

creators and organisations to present information in a brief, engaging and highly visual format. 

News organisations have consequently adopted short-form video to reach audiences who may 

not regularly visit conventional news websites or consume traditional television news. 

The transformation raises a significant conceptual question: What makes news content credible 

when it is encountered in the form of an Instagram Reel? 

Credibility in this environment cannot necessarily be understood using only the criteria 

traditionally applied to newspapers or television news. A user watching a 30-second or 60-

second Reel may make an immediate judgment based on the appearance of the creator, 

presentation style, captions, visuals, language, source attribution, comments, likes, shares and 

perceived authenticity. The platform itself may also influence credibility perceptions because 

users encounter content through personalised feeds rather than through deliberate searches for 

particular news stories. 

This issue is especially relevant for Generation Z. Generally understood as the generation that 

has grown up with digital technologies and social media, Generation Z has experienced news 

consumption in an environment where information is increasingly mobile, visual, interactive and 

personalised. Their relationship with news may therefore differ from that of audiences whose 

primary exposure to news occurred through print newspapers, radio or scheduled television 

broadcasts. 

The study of perceived credibility among Generation Z is consequently important not only for 

understanding audience behaviour but also for understanding the future of journalism. If younger 

audiences increasingly encounter news through social media, the credibility judgments they 

make on these platforms may influence whether they accept, question, share, ignore or challenge 

information. 
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2. Understanding News Credibility 

Credibility is one of the most established concepts in communication research. At its simplest 

level, credibility refers to the extent to which a source, message or medium is perceived as 

believable and trustworthy. However, credibility is not an entirely objective property. It is 

substantially influenced by audience perception. 

A news organisation may consider a report accurate because it has followed professional 

journalistic procedures, but an audience member may nevertheless perceive the report as biased 

or incomplete. Similarly, an individual creator without formal journalistic credentials may be 

perceived as highly credible by followers because of familiarity, perceived authenticity or 

previous experience. This distinction between actual credibility and perceived credibility is 

important. 

Actual credibility may refer to the objective quality, accuracy or reliability of information, 

whereas perceived credibility refers to the audience's judgment regarding whether information 

should be trusted or believed. Since audiences generally cannot independently verify every piece 

of information they encounter, their decisions frequently depend on cues that help them evaluate 

credibility.In journalism, credibility has traditionally been associated with several characteristics, 

including accuracy, fairness, objectivity, completeness, balance, expertise and trustworthiness. 

These characteristics remain important in digital environments but are now accompanied by 

additional cues.Social media has introduced a more complex credibility environment because the 

source, message and medium are intertwined. A user does not simply evaluate "the news." 

Instead, the user may evaluate the person presenting it, the organisation behind it, the visual 

design of the post, the platform, audience reactions and the context in which the content appears. 

Credibility can therefore be conceptualised as multidimensional. 

2.1 Accuracy 

Accuracy concerns whether the information corresponds with available facts and reality. For 

news consumers, accurate reporting is one of the fundamental characteristics of credible 

journalism. 
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2.2 Trustworthiness 

Trustworthiness refers to the extent to which users believe that the source has honest intentions 

and can be relied upon. 

In social media environments, trustworthiness may be associated with the reputation of a news 

organisation, journalist or creator. Repeated exposure may also influence perceptions. A user 

who believes that a particular creator has consistently provided useful information may develop 

greater trust in subsequent content. 

2.3 Expertise 

Expertise concerns the perceived knowledge or competence of the communicator. On Instagram, 

expertise may be communicated through professional identity, qualifications, journalistic 

affiliation, references to credible sources or familiarity with the subject. However, expertise may 

also be perceived through presentation competence. A confident and articulate creator may 

appear knowledgeable even when formal credentials are not immediately visible. 

2.4 Objectivity and Fairness 

News audiences often expect credible journalism to distinguish reporting from personal opinion. 

Objectivity, neutrality and fairness therefore remain important dimensions of 

credibility.Instagram Reels may complicate this distinction because short-form video frequently 

relies on personality-driven communication. The creator may speak directly to the camera, use 

expressive language or combine news with commentary. Consequently, audiences may need to 

determine whether they are watching factual reporting, interpretation, commentary or opinion. 

2.5 Completeness 

Completeness refers to whether sufficient information is provided to understand an issue. This 

dimension is particularly significant for short-form news. A Reel may accurately communicate 

one aspect of an event while omitting relevant background or opposing perspectives. 

Consequently, perceived credibility may depend on whether users believe that the Reel provides 

enough context for them to understand the issue. 
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2.6 Authenticity 

Authenticity has become increasingly important in digital communication. Audiences often value 

content that appears genuine, transparent and less artificially constructed. 

For Generation Z, perceived authenticity may be particularly significant because social media 

communication frequently involves direct and informal interaction. A creator who appears 

relatable and transparent may be perceived as more credible than highly polished content that 

appears promotional or distant. 

3. The Transformation of News Credibility in the Social Media Environment 

The emergence of social media has transformed credibility from a relatively institutional concept 

into a networked and participatory phenomenon.In traditional journalism, credibility was closely 

associated with established institutional gatekeepers. News organisations possessed editorial 

structures, professional norms and established reputations. Social media reduces the distance 

between producers and audiences. News can now be published, commented upon, shared and 

challenged almost instantaneously.On one hand, social media enables faster access to 

information and provides audiences with multiple perspectives. Users can encounter eyewitness 

accounts, expert commentary, local information and direct communication from institutions.On 

the other hand, the same environment enables misinformation, manipulated media, misleading 

headlines, fabricated content and contextually distorted information to circulate rapidly. 

The credibility problem is therefore no longer simply about whether journalism is credible. It is 

also about how audiences identify credibility within an environment where professional and non-

professional information appear alongside each other.Social media users may employ several 

heuristics to address this problem. They may look at the source name, profile information, 

verification status, visual quality, language, supporting evidence, comments and engagement 

levels. These cues can help users make quick judgments when they do not have sufficient time or 

motivation to independently verify information. 

4. Instagram Reels as a News Environment 
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Instagram Reels represents a distinctive form of digital communication because it combines 

video, sound, text, graphics, captions, music, interaction and algorithmic distribution.Unlike a 

traditional newspaper article, a Reel does not require the audience to commit to extended 

reading. The information is delivered through a highly compressed audiovisual format. This 

makes it particularly suitable for mobile-first audiences who consume content while scrolling 

through personalised feeds.First, visual presentation can influence perceived professionalism. 

Clear graphics, readable captions, appropriate footage and coherent editing may create an 

impression of competence.Second, audio and delivery style can influence perceptions. A 

confident voice, conversational tone or professional narration may strengthen perceived 

credibility, while exaggerated delivery may reduce it.Third, brevity affects the amount of context 

that can be communicated. A short Reel may capture attention effectively but may not provide 

sufficient background for complex issues.Fourth, engagement indicators such as views, likes, 

comments and shares can act as social signals. Users may interpret high engagement as evidence 

that others consider the content valuable or credible. However, popularity and credibility are not 

necessarily equivalent.Fifth, platform algorithms influence what users see. Because users may 

encounter news content without actively searching for it, the context of exposure becomes an 

important part of credibility formation.Thus, Instagram Reels should not be understood simply as 

another channel for distributing traditional news. It represents a distinct communication 

environment in which the form of presentation, platform characteristics and social interaction 

influence how information is interpreted. 

5. Generation Z as a News Audience 

Generation Z represents an important audience for understanding contemporary digital news 

consumption. Although definitions of Generation Z vary across studies, the generation is 

generally associated with individuals who have grown up during the expansion of smartphones, 

social media and digital communication. Their media environment is characterised by continuous 

connectivity, visual communication, on-demand information and personalised digital 

experiences.For Generation Z, the boundary between entertainment, social interaction and 

information is often fluid. A user may open Instagram primarily to communicate with friends or 

view entertainment content but subsequently encounter a news Reel. News consumption can 

therefore become incidental rather than intentional.Traditional news consumption often involves 
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deliberate selection. A person may purchase a newspaper, switch on a television news channel or 

visit a news website. On Instagram, however, information may appear while the user is engaged 

in another activity. The credibility judgment may therefore occur within seconds. 

Generation Z users may assess: 

 Who posted the content? 

 Does the information appear believable? 

 Does the creator seem knowledgeable? 

 Is the information supported by evidence? 

 Does the video look professional? 

 Are credible sources mentioned? 

 What are other users saying in the comments? 

 How many people have liked or shared the Reel? 

 Does the content appear authentic? 

 Does the information agree with what they already know? 

 Is the presentation factual or opinion-based? 

These judgments may occur simultaneously and often unconsciously.The study of Generation Z 

therefore requires a broader understanding of credibility that incorporates both traditional 

journalistic standards and social media-specific cues. 

6. Theoretical Perspectives Relevant to Perceived Credibility 

6.1 Source Credibility Theory 

Source credibility theory provides one of the most important foundations for understanding 

perceived credibility. The theory traditionally emphasises characteristics such as expertise and 

trustworthiness. A communicator perceived as knowledgeable and trustworthy is more likely to 

influence audience attitudes and judgments.In the context of Instagram Reels, source credibility 

may be associated with: 

 journalist identity; 

 media organisation; 

 professional qualifications; 
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 previous reputation; 

 verification or authentication signals; 

 demonstrated knowledge; 

 transparency regarding sources; and 

 consistency of previous content. 

Source credibility is especially important when users encounter information from unfamiliar 

creators. In such situations, users may rely on visible cues to determine whether the 

communicator is worthy of trust. 

6.2 Media Credibility Perspective 

Media credibility shifts attention from individual communicators to the broader medium or 

institution. Historically, audiences have developed perceptions regarding the credibility of 

newspapers, television channels and radio stations. In the digital environment, platforms 

themselves may influence expectations. 

Instagram may be perceived primarily as a social and entertainment platform rather than a 

traditional news institution. This distinction may affect how users evaluate news encountered 

there. 

The credibility of a news Reel may therefore be shaped by an interaction between the credibility 

of the source and the credibility attributed to the platform. 

6.3 Uses and Gratifications Perspective 

Uses and gratifications theory emphasises the active role of audiences in selecting media to 

satisfy particular needs. Generation Z users may consume news Reels for information, 

entertainment, social interaction, convenience, surveillance of current events or participation in 

public conversations. 

The motivation behind consumption may influence credibility judgments. A user seeking quick 

information may prioritise brevity and convenience, whereas a user seeking detailed 

understanding may place greater importance on completeness and source verification. Thus, 
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credibility should be considered alongside the reasons users engage with news content. 

6.4 Elaboration Likelihood Perspective 

The elaboration likelihood perspective provides another useful conceptual lens. When users are 

highly motivated and capable of processing information, they may evaluate arguments, evidence 

and sources carefully. When motivation or attention is low, users may rely on peripheral 

cues.Instagram's scrolling environment may encourage rapid judgments. Visual appeal, creator 

attractiveness, popularity, engagement numbers, production quality and emotional presentation 

may therefore function as peripheral cues.However, this does not imply that Generation Z is 

incapable of critical evaluation. Rather, the level of cognitive involvement may vary according to 

the importance of the news topic, personal relevance and available time. 

7. Dimensions of Perceived Credibility of News Reels 

A conceptual understanding of Instagram news credibility can be developed through several 

interconnected dimensions. 

7.1 Source-Related Factors 

The first group involves characteristics of the communicator. These include expertise, 

trustworthiness, reputation, transparency and authenticity. A recognised journalist or established 

news organisation may possess an initial credibility advantage. However, social media creators 

can also develop credibility through consistent and transparent communication. 

7.2 Message-Related Factors 

The content itself can influence credibility. Important characteristics include factual accuracy, 

clarity, evidence, completeness, balance and logical presentation. A Reel that clearly identifies 

the event, location, date, source and relevant context may appear more credible than a Reel 

relying exclusively on dramatic statements. 

7.3 Visual and Production Factors 

Instagram is fundamentally visual. Therefore, production characteristics may influence perceived 
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credibility. 

Relevant cues include: 

 quality of visuals; 

 captions and typography; 

 editing; 

 graphics; 

 audio quality; 

 visual consistency; 

 use of supporting footage; 

 presentation style; and 

 professional appearance. 

However, production quality should not be confused with factual credibility. Highly polished 

misinformation may appear more credible than poorly produced factual information. This 

distinction is particularly important when studying audience perception. 

7.4 Platform-Related Factors 

The platform provides the environment within which the message is encountered. The credibility 

judgment may be influenced by the Instagram interface, recommendation system, profile 

information, comments, verification indicators and interaction features. 

The platform also determines visibility. Content that repeatedly appears in a user's feed may 

gradually become familiar, and familiarity can influence perceptions. 

7.5 Social Validation 

Social validation refers to the influence of other users on credibility perceptions. Likes, shares, 

comments and views can operate as social cues. A user may perceive highly engaged content as 

more important or trustworthy. Conversely, negative comments may create doubt. 

However, engagement should not automatically be interpreted as credibility. Viral content can be 
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inaccurate, sensational or misleading. Therefore, the relationship between popularity and 

credibility remains conceptually complex. 

7.6 Personal Relevance 

Personal relevance may influence how carefully users evaluate information. When a Reel 

concerns an issue directly affecting a user's life, education, community or interests, the user may 

devote greater attention to the information. Personal relevance can therefore influence both the 

motivation to verify information and the importance assigned to credibility. 

7.7 Prior Knowledge 

Existing knowledge can shape credibility judgments. Users with substantial knowledge about a 

topic may recognise inconsistencies more easily. Users with limited knowledge may depend 

more heavily on external cues such as source reputation, engagement and presentation style. 

Generation Z should therefore not be treated as a homogeneous audience. Differences in 

education, media literacy, interests, political awareness, digital skills and news habits can lead to 

different credibility judgments. 

8. The Role of Media and News Literacy 

Media literacy is increasingly important in the context of social media news consumption. Media 

literacy involves the ability to access, analyse, evaluate and create media content. For news 

consumers, this includes recognising sources, identifying potential bias, distinguishing fact from 

opinion, checking evidence and understanding how media messages are constructed. 

In the Instagram environment, media literacy may influence whether users rely on superficial 

cues or engage in deeper evaluation. 

A media-literate user may ask: 

Who created this content? 

What evidence is provided? 
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Where did the information originate? 

Is the headline consistent with the actual content? 

Is this reporting or commentary? 

What information has been omitted? 

Can the claim be verified through another credible source? 

Such questions can reduce dependence on popularity or visual presentation as indicators of 

credibility. Media literacy is therefore an important conceptual variable when examining 

Generation Z's perceptions of news credibility. 

9. Authenticity, Influencers and the Changing News Source 

One of the distinctive characteristics of social media journalism is the growing importance of 

individual creators. 

Traditional journalism relies heavily on institutional authority. Social media communication can 

rely more heavily on personal relationships.A creator may develop a loyal audience that 

perceives the creator as authentic, relatable and trustworthy. Consequently, personal familiarity 

may sometimes compete with institutional authority.A professionally produced news Reel from a 

major news organisation may be perceived as credible because of institutional reputation. At the 

same time, an informal Reel produced by an individual creator may be perceived as credible 

because the creator appears authentic and personally connected to the audience. Therefore, 

credibility on Instagram may emerge from two different pathways: institutional credibility and 

relational credibility.Institutional credibility is associated with professional reputation, 

journalistic standards and organisational authority.Relational credibility is associated with 

familiarity, authenticity, interaction and perceived closeness between creator and audience.The 

relative importance of these two forms of credibility is an important area for empirical 

investigation. 

10. Algorithmic Personalisation and Credibility 
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Algorithmic recommendation represents another important dimension. 

Social media platforms increasingly personalise users' content feeds according to their 

behaviour, interests and interactions. This means that two users may receive substantially 

different information about the same event. 

Personalisation may have both positive and negative implications.It can help users discover 

information relevant to their interests and reduce information overload. However, repeated 

exposure to similar viewpoints may also contribute to selective exposure and reinforce existing 

beliefs.From a credibility perspective, repeated exposure may create familiarity. A user may 

begin to perceive frequently encountered information as more believable simply because it is 

familiar.This creates an important distinction between being repeatedly exposed to information 

and being exposed to credible information.Consequently, algorithmic visibility should not be 

treated as evidence of credibility. Rather, it should be conceptualised as a contextual factor that 

may influence the process through which credibility perceptions develop. 

11. The Credibility Paradox of Short-Form News 

Its primary strength is its ability to communicate information quickly and attract attention. Yet 

the same brevity can limit context. A Reel may successfully communicate the central event but 

leave unanswered questions about causes, consequences, historical background or competing 

perspectives. This creates tension between accessibility and completeness.For Generation Z, 

short-form content may be particularly attractive because it fits existing patterns of mobile media 

consumption. However, attractive presentation does not guarantee comprehensive 

understanding.The credibility of short-form news should therefore not be evaluated solely in 

terms of whether a statement is technically accurate. Researchers should also consider whether 

the information provides sufficient context to prevent misleading interpretations. 

12. Conceptual Framework 

Based on the preceding discussion, perceived credibility of news content on Instagram Reels can 

be conceptualized as the outcome of multiple interacting factors. The conceptual framework may 

be represented through five broad categories: Source Factors → Message Factors → Platform 
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Factors → Audience Factors → Perceived Credibility 

Source Factors 

 Expertise 

 Trustworthiness 

 Reputation 

 Authenticity 

 Transparency 

Message Factors 

 Accuracy 

 Clarity 

 Completeness 

 Objectivity 

 Evidence 

 Balance 

Platform Factors 

 Visual presentation 

 Engagement indicators 

 Verification signals 

 Algorithmic exposure 

 Comments and social validation 

Audience Factors 

 Media literacy 

 Prior knowledge 

 Personal relevance 

 News consumption habits 

 Motivation 
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 Digital familiarity 

Outcome 

Perceived Credibility of News Content on Instagram Reels 

The framework recognises that credibility is not generated by a single characteristic. Rather, it 

develops through the interaction between the source, message, platform and audience. 

A useful conceptual representation is: 

Source Credibility + Message Credibility + Platform Cues + Audience Characteristics → 

Perceived Credibility 

This framework can subsequently be operationalised and tested empirically among Generation Z 

respondents in Delhi NCR. 

13. Delhi NCR as a Relevant Context 

Delhi NCR provides an appropriate contextual environment for examining this phenomenon 

because of its diverse and digitally connected population.The region represents a complex media 

environment in which national news, regional issues, political developments, entertainment, 

lifestyle content and hyperlocal information coexist.Generation Z users in Delhi NCR may 

encounter news from national media organisations, regional outlets, independent journalists, 

creators and individual social media users. The diversity of sources creates an environment in 

which credibility judgments may become particularly important.The region's heterogeneous 

population also provides an opportunity to examine whether demographic and media-use 

differences influence perceptions of credibility.Factors such as age, gender, educational 

background, occupation, frequency of Instagram use, frequency of news consumption and 

preferred sources may potentially contribute to differences in perceived credibility. 

14. Conceptual Propositions for Future Research 

The conceptual discussion suggests several propositions that can guide empirical investigation. 
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Proposition 1: Higher perceived expertise of the news source is likely to be associated with 

higher perceived credibility of news content on Instagram Reels. 

Proposition 2: Higher perceived trustworthiness of the source is likely to positively influence 

perceived credibility. 

Proposition 3: News Reels perceived as accurate, balanced and adequately supported by 

evidence are likely to receive higher credibility evaluations. 

Proposition 4: Perceived authenticity of the creator is likely to influence Generation Z's 

credibility judgments. 

Proposition 5: Visual and production quality may positively influence initial perceptions of 

credibility, although production quality alone may not determine actual credibility. 

Proposition 6: Social engagement indicators such as likes, comments and shares may influence 

perceived credibility through social validation. 

Proposition 7: Higher levels of media literacy may encourage users to rely more heavily on 

substantive credibility indicators and less heavily on superficial platform cues. 

Proposition 8: Personal relevance of a news topic may increase the level of cognitive evaluation 

applied to the content. 

Proposition 9: Prior familiarity with a source may influence perceived credibility. 

Proposition 10: Repeated algorithmic exposure may influence familiarity and consequently 

affect perceived credibility. 

These propositions provide a foundation for developing measurable variables and hypotheses in 

an empirical study. 

15. Implications for Journalism and News Organisations 

The conceptual discussion has important implications for contemporary journalism. News 
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organisations cannot assume that institutional reputation alone guarantees credibility among 

younger social media audiences. They must communicate credibility through the formats in 

which audiences actually consume news.This includes clearly identifying sources, providing 

context, distinguishing fact from opinion, using accurate captions and visuals, and maintaining 

transparency.News organisations should also recognise that short-form news is not merely a 

promotional tool for longer stories. It has become an important form of news communication in 

its own right. 

Journalists working with Reels therefore need to balance brevity with accuracy and engagement 

with context.The challenge is not simply to make news more attractive. It is to make credible 

journalism understandable and accessible without compromising essential information. 

16. Implications for Generation Z 

For Generation Z, the conceptual issue extends beyond individual news preferences.Young 

audiences increasingly operate within information environments where news, entertainment, 

advertising, commentary and user-generated content are mixed together.Consequently, 

credibility evaluation becomes an everyday digital skill.Generation Z audiences may benefit 

from developing habits such as checking original sources, comparing information across multiple 

outlets, examining evidence, distinguishing reporting from commentary and recognising 

emotionally manipulative content.The ability to critically evaluate short-form news is likely to 

become increasingly important as digital platforms continue to influence public knowledge and 

civic participation. 

17. Conclusion 

The emergence of Instagram Reels represents an important development in the transformation of 

digital news consumption. Short-form video has created a communication environment in which 

news is increasingly visual, brief, personalised, interactive and personality-driven. For 

Generation Z, this environment is particularly significant because social media platforms are 

integrated into everyday patterns of information seeking and communication.The concept of 

perceived credibility is therefore central to understanding how Generation Z evaluates news on 

Instagram Reels.Credibility in this environment is multidimensional. It involves traditional 
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journalistic characteristics such as accuracy, objectivity, expertise, trustworthiness and 

completeness, but it also incorporates social media-specific factors such as authenticity, visual 

presentation, engagement indicators, creator identity, platform context and algorithmic 

exposure.The central conceptual argument of this chapter is that perceived credibility is not 

located exclusively within the news message or the news organisation. It is constructed through 

the interaction of source characteristics, message characteristics, platform cues and audience 

characteristics. For Generation Z, this construction may occur rapidly and within highly 

personalised information environments. A Reel's credibility may therefore be influenced by the 

reputation of its creator, the quality of its information, the appearance of the presentation, the 

reactions of other users and the user's own knowledge and media literacy. At the same time, the 

credibility of short-form news involves an important tension between accessibility and 

completeness. The ability to communicate news quickly is valuable, but brevity can also remove 

context. Consequently, a credible news Reel should not merely attract attention or present 

technically accurate information. It should provide sufficient evidence, context and transparency 

to allow audiences to form informed judgments. The conceptual framework developed in this 

chapter provides a foundation for examining these relationships empirically. In particular, it can 

support research investigating how source credibility, message credibility, platform 

characteristics, social validation and audience characteristics influence the perceived credibility 

of news content on Instagram Reels among Generation Z in Delhi NCR.Future empirical 

research can operationalise these constructs through structured scales and examine their relative 

contribution to credibility perceptions. Such research can contribute to the broader scholarship 

on digital journalism, social media news consumption and youth media behaviour while also 

providing practical insights for journalists, news organisations, educators and policymakers. 
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Abstract 

Artificial Intelligence is a talking point in the media and communication sector, known for its 

algorithmic systems, personalized audience experience, fact-checking etc. In the realm of this 

‗agentic AI‘ emerging as a new actor capable of planning, reasoning and customized experience 

is taking the centre in the newsroom. While, the existing literatures are more focused on how 

newsrooms are employing AI for news production, meagre attention has been directed towards 

the potential of agents in news delivery in pluralistic societies. This chapter explores the role of 

agentic AI in enhancing news production and dissemination process within the context of India 

which is characterized by linguistic diversity, cultural plurality, regional identities and other 

challenges.  Further, the study tries to understand various ethical challenges involved in the use 

of agents from the lens of media and journalistic ethics. Adopting a qualitative research design, 

the chapter synthesizes multi-disciplinary literature to understand how agents can enhance the 

efficiency and productivity in the newsroom to augment the user experience thereby enabling 

more inclusive and responsive journalism. Apart from this, semi-structured interviews were 

conducted with journalists from 12 news organizations to critically examines concerns related to 

algorithmic bias, editorial accountability, transparency, over-personalization so that freedom of 

speech and journalistic autonomy can be preserved. Building upon the discussions, the chapter 

argues that agentic AI should not viewed mere as a tool for newsroom efficiency but as a 

strategic enabler for strengthening democratic communication in culturally diverse societies. 

Furthermore, it contributes towards the emerging discourse on AI-driven journalism by 

extending the discussion beyond automation towards inclusive, pluralistic and ethically 
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responsible news ecosystem capable of serving India‘s pluralist and culturally diverse audience 

in the age of intelligent media.  

Keywords: Artificial Intelligence, Agentic AI, Journalism, News, Digital Media 

1. Introduction 

Artificial intelligence has become embedded in contemporary journalism, transforming not only 

news production but also how news is distributed, personalised, and consumed. This includes 

automated writing, data analysis, fact-checking, translation, content recommendation, and 

audience analytics. AI is shaping several stages of journalists‘ work. Recent scholarship suggests 

that AI integration has moved journalism beyond simple task automation toward more complex 

human-machine relationships in which algorithms increasingly participate in editorial and 

communicative processes. Researchers have identified applications such as automated writing, 

content personalization, fact-checking and format transformation as significant areas of AI 

integration, while simultaneously highlighting concerns regarding algorithmic bias, transparency, 

privacy and accountability (Gutiérrez-Caneda et al., 2024). In recent years, the emergence of 

generative and increasingly agentic forms of AI marks another important stage in this 

transformation. Unlike conventional AI systems designed to perform pre-defined tasks, agentic 

AI is increasingly characterized by its capacity to interpret goals, reasons through problems, plan 

actions, use tools and adapt its responses with comparatively greater autonomy (Baird & 

Maruping, 2021). This development has significant implications for journalism because AI 

systems may potentially move from assisting journalists with individual tasks towards 

coordinating multiple stages of news production and distribution. Recent research on AI and 

journalism similarly points towards a transformation in professional roles and newsroom 

practices rather than merely the replacement of isolated manual tasks (Park & Akintade, 2026).  

While considerable scholarly attention has been devoted to AI-assisted news production, 

comparatively more attention is now needed for AI-mediated news delivery and audience 

experience. AI-powered personalization can analyse users interests and behavioural patterns to 

recommend and adapt news content, potentially making news consumption more relevant and 

accessible (Lim & Zhang, 2022). Research on AI-driven personalization demonstrates that such 

systems can influence user engagement and adoption by tailoring news experiences to individual 
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preferences. Recent audience research further indicates that AI can facilitate personalized 

formats, summaries, translations, recommendations and conversational access to news 

(Arguedas, 2025). However, the increasing autonomy in selecting, prioritizing and presenting 

information raises important questions about editorial accountability, transparency, algorithmic 

bias and the creation of filter bubbles due to personalized recommendation system (Garcia & 

Perry, 2026). Personalization may improve relevance while simultaneously narrowing users 

exposure to diverse viewpoints that fall outside their established preferences.  

Moreover, transparency about AI involvement is increasingly important because audience 

perceptions or credibility and trust can be influenced by how AI-generated or AI-assisted content 

is disclosed. These concerns acquire particular significance in India, where journalism operates 

within a highly pluralistic communication environment characterized by linguistic diversity, 

cultural heterogeneity, regional identities and unequal access to digital technologies.  

In such context, Agentic AI could potentially support multilingual news delivery, personalized 

information access, biased datasets, opaque recommendation systems and excessive 

personalization could reproduce existing inequalities or restrict exposure to divers perspectives. 

Thus, the question is not simply whether AI can make journalism more efficient, but how 

autonomous AI agents can be integrated without compromising the fundamental ethical and 

democratic responsibilities of journalism. Accordingly, the chapter examines the emerging role 

of agentic AI in news production and dissemination in India with particular emphasis on its 

potential to enhance efficiency, responsiveness and audience experience. It further investigates 

the ethical challenges associated with algorithmic decision-making and over-personalization. By 

extending the discussion from AI as a tool of newsroom automation to AI as an increasingly 

active participant in news delivery, the chapter seek to contribute to the emerging discourse on 

inclusive, pluralistic and ethically responsible AI driven journalism.  

 

2. Literature Review 

The evolution of Artificial Intelligence (AI) in journalism can be understood as a gradual 

movement from automated content production towards increasingly autonomous systems 

capable of participating in multiple stages of the journalistic process. In one of the empirical 

contributions by Clerwall (2014) examined the audience perceptions of software-generated news 
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in comparison with journalists-produced content, where readers struggled with identifying 

human and machine produced news, while machine generated stories were perceived as 

relatively objective, although somewhat more descriptive and less engaging. This early work 

established an important foundation for subsequent research by demonstrating that the 

implications of automated journalism extend beyond production efficiency to questions of 

credibility, authorship and audience perception. Guenat et al. (2022) defined Agentic AI to a 

category of autonomous artificial intelligence systems designed to independently accomplish 

complex, multi-step tasks over extended periods with minimal or no human supervision. Further, 

Maia et al. (2020) added that these systems can interpret and learn from contextual information, 

make decisions and adapt their actions according to changing circumstances. At its core, agentic 

AI is characterized by autonomy and adaptability, enabling it to undertake and manage goal-

oriented processes with greater independence. The emergence of agentic AI represents a further 

conceptual shift in this technological trajectory. Agbaeze et al. (2025) conceptualize AI agents 

through four dimensions – Autonomy, efficacy, goal complexity and generability. Rather than 

treating agents as binary characteristics, AI systems exist along a spectrum depending on how 

independently they can operate, how significantly they can affect environment, how complex 

their goal are and how broadly they can perform tasks. This conceptualization is particularly 

relevant to journalism because an AI system that merely generates a paragraph from journalist 

prompt as subsequently different implications from an agent capable of searching multiple 

sources, evaluating information, constructing a new narrative, monitoring development and adapt 

its output according to changing circumstances. 

The literature on AI-mediated news distribution provides another important foundation for 

understanding the potential of agentic AI. Lim and Zhang (2022) investigated the adoption of 

AI-driven personalization in digital news platforms through enhanced user engagement and 

positive attitudes towards AI-powered news. The authors further added that AI-enabled news 

delivery can move beyond simply making information available towards dynamically adapting 

news experiences to individual users. Highlighting the ethical implications of agentic AI, Lim et 

al. (2025) raise an important question about responsibility when in agent causes harm, 

particularly while independently, riving or processing data and information from third-party 

sources. Since such system poses a degree of decision-making capability in contextual autonomy 

and determining responsibility for potential harmful outcomes become increasingly complex. 
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Building on this concerns Hahn et al. Situated in within established ethical principle of AI 

governance, emphasizing the importance of transparency. Justice fairness, non-maleficence, 

responsibility and accountability along with privacy. These principles become particularly 

relevant when genetic AI operates with limited human intervention as their autonomous action 

may affect individuals organisations and why does Society evaluation of Agentic AI requires 

attention, not only to what the system can accomplish, but also how to decisions are made who is 

accountable for their consequences and how rights and social values can be protected 

3. Objective 

 To examine the potential role of Agentic AI in enhancing news production and 

dissemination. 

 To Explore how Agentic AI can improve news delivery among India‘s pluralistic audience. 

 To identify the ethical and journalistic implications associated with Agentic AI. 

4. Research Methodology 

The study of qualitative research design, combining a multidisciplinary literature review with 

semi structured interviews. Literature components and synthesises existing scholarly research on 

AI agents, AI journalism news production, algorithmic personalisation, media ethics and 

democratic communication to examine the emerging role of AI agents in newsrooms and news 

examination. In addition, semi-structured interviews were conducted with journalists from 12 

news organisations to obtain empirical insights into the adoption and potential applications of 

Agentic AI in news production and delivery. The interviews particularly examined journalists' 

perceptions and concerns regarding algorithmic bias, editorial accountability, transparency, over-

personalisation, human oversight, freedom of speech and general autonomy. The qualitative 

finding automatically analyse to identify recurring patterns and concerns and interpreted through 

the broad framework of media and general cystic ethics with particular attention to the 

implication of Agentic AI for inclusive pluralistic and democracy-responsible journalism in 

India. 

5. Discussion 
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The emergence of agentic AI represents a significant development in the relationship between 

technology and journalism. Unlike conventional AI applications that perform specific, pre-

defined functions, agentic AI has the capacity to interpret goals, plan actions, interact with 

multiple information sources, make decisions and execute complex tasks with a degree of 

autonomy. The findings of the present study indicate that this transition has implications not only 

for newsroom efficiency but also for journalistic practices, ethical accountability and delivery of 

news to linguistically and culturally diverse audiences. The discussion is therefore organized 

around three interconnected dimensions: the role of agentic AI in enhancing news production, its 

ethical implications and its potential to expand news delivery across Indian languages.  

 

6. Role of Agentic AI in Enhancing News Production 

The findings suggest that agentic AI potentially transform news production by moving beyond 

the automation of isolated journalistic tasks towards the coordination of interconnected 

newsroom activities. Traditional AI applications have largely been used for tasks such as 

transcription, translation, data processing, automated writing, headline generation and content 

recommendation. Agentic AI in contrast, has the potential to connect several of these functions 

within a single workflow. An agent could for instance, monitor multiple information sources, 

identify an emerging news event, collect relevant background information, compare sources, 

identifying an emerging news event, collect relevant background information, compare sources, 

organize the available evidence, prepare a preliminary news brief and alert a journalist for 

editorial verification. In the sense, the value of agentic AI lies not simply in generating content 

but in its ability to coordinate and execute a sequence of goal-oriented tasks.  

This possibility is particularly important in contemporary newsrooms where journalists work 

under considerable time pressure. The increasing volume of digital information requires 

journalists to monitor social media, official websites, databases, news agencies and other sources 

simultaneously. An intelligent agent could assist journalists by continuously monitoring these 

sources and identifying developments relevant to a particular beat. Such functionality could 

reduce time spent on repetitive information-gathering activities and allow journalists to devote 

more attention to investigative work, contextualization, field reporting, and editorial judgement. 

The findings also indicate that agentic AI should be understood primarily as augmented 
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intelligence rather than a substitute for journalism. Its greatest contribution may emerge when 

machine capabilities and human journalistic expertise complement one another. AI agents are 

more task specific and can process large volumes of information at a speed that is difficult for 

individual journalists to achieve, whereas journalists provide contextual understanding, ethical 

judgement, source relationships and editorial responsibility. The newsroom of the future may 

therefore become increasingly collaborative, with journalists delegating certain operational tasks 

to AI agents while retaining authority over editorial decisions. At the same time, autonomous 

systems may alter professional roles. Journalists may increasingly become supervisors, verifiers 

and editors of AI-generated outputs rather than performing every stage of information processing 

themselves. This does not necessarily diminish the importance of journalism, instead, it 

potentially shifts the locus of journalistic experts towards verification, contextual interpretation 

and accountability. However, such a transformation requires adequate literacy among journalists 

and clearly defined organizational protocols concerning which tasks can be delegated to AI and 

which requires human intervention.  

Thus agentic AI has the potential to improve newsroom productivity, accelerate information 

processing and support journalists in managing increasingly complex information environments. 

However, its effectiveness ultimately depends upon the quality of human – AI collaboration and 

the institutional structures governing its use.  

7. Ethical Implications of Agentic AI in Journalism 

While the productive potential of agentic AI is substantial, the findings demonstrate that its 

increasing autonomy introduces a corresponding set of ethical challenges. The central issue is the 

question of accountability. When an AI agent independently searches for information, select 

sources, synthesises content or makes recommendations, determining responsibility for an 

inaccurate or harmful outcome becomes more complicated. Unlike conventional software, an 

agentic system may make a sequence of decisions not explicitly specified by an individual 

journalist at the time of execution. Consequently, responsibility cannot simply be attributed to 

the machine, it must remain embedded within the newsroom‘s human and organizational 

structures. Transparency represents another major concern. Audiences should be able to 

understand when AI has played a significant role in producing or delivering a news story. Lack 
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of disclosure may undermine audience trust, particularly when AI-generated information 

contains error, fabricated information or misleading interpretations. Transparency should 

therefore extend beyond simply stating that AI was used. News organizations may need clearer 

policies on the extent of AI involvement, the sources an agent accesses and the degree of human 

verification before publication. The issue of algorithmic bias is particularly significant in the 

Indian context. AI agents learn from datasets and operates according to models, algorithms and 

instructions that may reflect existing social, cultural and linguistic biases. If an agent 

systematically prioritizes information from dominant languages, metropolitan news 

organizations or particular social groups, it may reproduce existing inequalities within the media 

system. Such bias could become more consequential when agents are responsible for selecting 

groups which information audiences encounter.  This concern is further closely connected to 

over-personalization. Agentic AI could construct highly individualized news environments 

continuously learning from users preferences and behaviour. Although this may improve 

relevance and convenience, excessive personalization could reduce exposure to diverse 

viewpoints and reinforce existing beliefs. In a democratic society, journalism performs a social 

function that extends beyond satisfying individual preferences. Citizens also requires exposure to 

information that they may not actively seek but which is socially and democratically significant. 

Consequently, agentic news delivery must balance socially and democratically significant. 

Consequently, agentic news delivery must balance personal relevance with editorial diversity and 

the public interest.  

These concerns indicate that human oversight cannot be treated as an optional safeguard. Instead, 

a human-in-the-loop mechanism should remain central to newsroom deployment. Particularly for 

sensitive stories, politically consequential information, allegations against individuals and 

breaking news, AI agents should assist rather than independently determine publication 

decisions. The ethical principle should therefore be that greater machine autonomy must be 

accompanied by greater institutional accountability and stronger mechanisms of human 

oversight.    

8. Agentic AI and News Delivery in different Indian Languages 
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One of the most significant possibilities identified in the study is the capacity of agentic AI to 

transform news delivery across India‘s extensive linguistic landscape. India is characterized by 

substantial linguistic diversity, with news audiences consuming information through multiple 

regional and vernacular languages. However, the digital news ecosystem remains uneven in 

terms the availability, quality and timeliness of content across the languages. Agentic AI could 

could potentially address some of these limitations through automated translation, 

summarization, localization and conversational news delivery. An AI agent could monitor news 

development in one language, retrieve information multiple sources, translate and contextualize 

the information into another language and generate a format appropriate for a regional audience. 

This could significantly producing separate versions manually for every language, news 

organization could employ AI agents to facilitate the rapid adaptation of stories across languages 

while journalists retain responsibility for linguistic and contextual verification.  

The potential significance of this capability extends beyond translation. Effective multi-lingual 

journalism requires localization rather than word for word conversion. Agentic systems could 

potentially incorporate regional context, terminology and audience preferences while producing 

language-specific versions of news content. This could strengthen the visibility of regional 

perspectives within the broader national information ecosystem. Agentic AI could also enhance 

accessibility through conversational interfaces. Audiences could potentially interact with an AI 

news agent in their preferred language, ask follow-up questions, request summaries or seek 

clarification about complex events. Such systems could make news more accessible to audiences 

who may face barriers to conventional text-based news consumption. However, multilingual AI 

also presents substantial risks. India‘s languages vary considerably in terms of available digital 

datasets and technological resources. High-resource languages may receive substantially better 

AI performance than low-resource and tribal languages. Poor-quality translation, culturally 

inappropriate terminology or loss of local meanings could consequently create new forms of 

linguistic exclusion. Moreover, if AI systems rely predominantly on content generated by major 

by major national or metropolitan media organization, regional narratives may continue to 

remain underrepresented despite the availability if multilingual delivery. Therefore the 

contribution of agentic AI to Indian journalism should not be measured merely by the numbers 

of languages into which news could be translated. The more important question is whether these 

technologies can facilitate equitable representation, linguistic inclusion and access to diverse 
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perspectives. This requires investment in vernacular daatsets, locally relevant AI models, 

linguistic expertise and human verification mechanism.  

Overall, the findings suggest that agentic AI could contribute to a more efficient, responsive and 

linguistically inclusive Indian news ecosystem, but only when a technological autonomy is 

balanced with journalistic judgement and ethical governance. Its democratic value will ultimately 

depend not on how independently an AI agent can operate but on whether that autonomy 

strengthens rather than weakens the core functions of journalism. In this respect, agentic AI 

should be conceptualized not merely as another newsroom technology, but as an emerging 

participant in the communication process whose deployment requires a careful balance between 

innovation, human agency, ethical responsibility reuires a careful balance between innovation, 

human agency, ethical responsibility and democratic values.  

9. Conclusion 

The study concludes that agentic AI represents an important shift in the evolving relationship 

between AI and journalism, moving beyond task-specific automation towards systems capable of 

planning, reasoning, adapting and executing interconnected journalistic tasks. The findings 

suggest that systems can enhance newsroom efficiency by supporting information gathering, 

source monitoring, content synthesis, translation, verification and audience engagement, thereby 

enabling journalists to focus more on contextualization, investigative reporting and editorial 

judgement. However, increased autonomy also introduces significant ethical concerns relating to 

algorithmic bias, accountability, privacy, over-personalization and the preservation of 

journalistic autonomy. These challenges show that human oversight must remain central to 

deploying agentic AI in newsrooms. The study further highlights the considerable potential of 

agentic AI for multi-lingual news delivery in India. By facilitating translation, localization, 

summarization and conversational access to information among linguistically disparities in 

linguistic datasets and the risk of culturally inappropriate or inaccurate translation require careful 

human supervision. Overall, agentic AI should therefore be viewed not merely as a technological 

tool for newsroom efficiency, but as a socio-technical actor whose responsible integration can 

contribute to a more inclusive, pluralistic and democratically responsive Indian news ecosystem.  

Reference 



244 
 

 Agbaeze, S. E., Okeke, V. C., Phillips, E. P., Jacobs, A. L., & Oluwakoya, S. T. (2025). 

Agentic AI in Newsrooms: Towards a multi-dimensional framework for evaluating trust, 

editorial accountability, and workflow quality. World Journal of Advanced Research and 

Reviews, 28(2), 1061–1080. https://doi.org/10.30574/wjarr.2025.28.2.3766  

 

 Arguedas, A. R. (2025, June). How audiences think about news personalisation in the AI 

era. Reuters Institute for the Study of Journalism. 

https://reutersinstitute.politics.ox.ac.uk/digital-news-report/2025/how-audiences-think-

about-news-personalisation-ai-era?utm_source=chatgpt.com  

 Baird, A., & Maruping, L. M. (2021). The Next Generation of Research on IS Use: A 

Theoretical Framework of Delegation to and from Agentic IS Artefacts. MIS Quarterly, 

45(1), 315–341. https://doi.org/10.25300/misq/2021/15882  

 Clerwall, C. (2014). Enter the robot journalist. Journalism Practice, 8(5), 519–531. 

https://doi.org/10.1080/17512786.2014.883116  

 Garcia, I. P., & Perry, S. D. (2026). BrEAKING NeWS: Examining the impact of AI on 

audience perceptions of journalism. News Research Journal, 47(2), 173–192. 

https://doi.org/10.1177/30497841261428594  

 Guenat, S., Purnell, P., Davies, Z. G., Nawrath, M., Stringer, L. C., Babu, G. R., 

Balasubramanian, M., Ballantyne, E. E. F., Bylappa, B. K., Chen, B., De Jager, P., Del 

Prete, A., Di Nuovo, A., Ehi-Eromosele, C. O., Torbaghan, M. E., Evans, K. L., 

Fraundorfer, M., Haouas, W., Izunobi, J. U., . . . Dallimer, M. (2022). Meeting 

sustainable development goals via robotics and autonomous systems. Nature 

Communications, 13(1), 3559. https://doi.org/10.1038/s41467-022-31150-5  

 Gutiérrez-Caneda, B., Lindén, C., & Vázquez-Herrero, J. (2024). Ethics and journalistic 

challenges in the age of artificial intelligence: talking with professionals and experts. 

Frontiers in Communication, 9. https://doi.org/10.3389/fcomm.2024.1465178 

 Hahn, M., Tretter, M., & Dabrock, P. (2026). Ethical perspectives on AI Agents and 

Agentic AI. AI And Ethics, 6(2). https://doi.org/10.1007/s43681-026-01027-0  

 Lim, J. S., & Zhang, J. (2022). Adoption of AI-driven personalization in digital news 

platforms: An integrative model of technology acceptance and perceived contingency. 

Technology in Society, 69, 101965. https://doi.org/10.1016/j.techsoc.2022.101965  

https://doi.org/10.30574/wjarr.2025.28.2.3766
https://reutersinstitute.politics.ox.ac.uk/digital-news-report/2025/how-audiences-think-about-news-personalisation-ai-era?utm_source=chatgpt.com
https://reutersinstitute.politics.ox.ac.uk/digital-news-report/2025/how-audiences-think-about-news-personalisation-ai-era?utm_source=chatgpt.com
https://doi.org/10.25300/misq/2021/15882
https://doi.org/10.1080/17512786.2014.883116
https://doi.org/10.1177/30497841261428594
https://doi.org/10.1038/s41467-022-31150-5
https://doi.org/10.3389/fcomm.2024.1465178
https://doi.org/10.1007/s43681-026-01027-0
https://doi.org/10.1016/j.techsoc.2022.101965


245 
 

 Maia, E. H. B., Assis, L. C., De Oliveira, T. A., Da Silva, A. M., & Taranto, A. G. 

(2020). Structure-Based virtual screening: from classical to artificial intelligence. 

Frontiers in Chemistry, 8, 343. https://doi.org/10.3389/fchem.2020.00343  

 Park, C. S., & Akintade, T. (2026). Artificial intelligence in Nigerian newsrooms: 

Navigating jurisdictional hybridization, retreat, and maintenance. New Media & Society. 

https://doi.org/10.1177/14614448261429426  

 Simon, F. M., Amy, R. A., & Eggert, L. (2025). Reckoning with AI agents. Oxford 

University Research Archive (ORA) (University of Oxford). https://doi.org/10.5287/ora-

ppgrbwpva  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

https://doi.org/10.3389/fchem.2020.00343
https://doi.org/10.1177/14614448261429426
https://doi.org/10.5287/ora-ppgrbwpva
https://doi.org/10.5287/ora-ppgrbwpva


246 
 

Chapter 18 

Human Oversight and Control in the Era of AI-enabled Targeting 

By Haseeba Sayyed 

Abstract 
 

In July 2026, an Indian court was hearing a challenge to the use of facial recognition tools 

against student protestors in Delhi. This is happening months after Indian and Pakistani forces 

claimed that they used AI-assisted precision targeting during a border conflict; this is also the 

same year when a US-Israeli campaign against Iran used generative AI for target selection. 

These are three different applications of Artificial Intelligence tools. They used algorithm-

based identification and targeting of entities, and deployed surveillance data across countries‘ 

constitutional law, international humanitarian law, and the largely voluntary norms governing 

military AI diplomacy. 

This chapter examines this using three case studies, including but not limited to India‘s Jantar 

Mantar surveillance litigation, Operation Sindoor, and the ongoing US-Israel-Iran military 

conflict. These case studies were chosen for their contemporaneity and their structural 

similarity. In each of these, a human decision-maker became a nominal figure in the loop. At 

the same time, the substantive work of identification, targeting, and (often) risk assessment is 

being delegated to a system whose error rates and internal reasoning remain undisclosed and 

within reasonable doubt. These cases expose a shared failure: neither International 

Humanitarian Law's proportionality doctrine nor domestic privacy jurisprudence is currently 

equipped to address it alone. It shows how the reduction of human oversight can become just "a 

stamp of approval." 

From this comparison, the chapter derives accountability conditions that current frameworks 

(the United Nations' Group of Governmental Experts on Lethal Autonomous Weapons Systems 

(LAWS), Responsible AI in the Military Domain (REAIM), and India's absent facial 

recognition statute do not yet jointly enforce: 
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1. Disclosed error thresholds before a system's output can justify state action, 

2. An auditable record independent of the agency deploying the system, 

3. And a single standard for "meaningful human control" applied consistently regardless of 

who (or what) the subject is. 

The chapter discusses this standard against all the aforementioned cases, including India's own 

conduct in both Sindoor and Jantar Mantar, to argue that a workable international norm cannot 

be built if it applies more to adversaries than to the state proposing and using it. 

Keywords: Artificial Intelligence, Military conflict, Facial Recognition, Algorithm, Human 

control 

1. Introduction 

In the past year, how many times have you been scared of the fact that you can be replaced by 

an AI? Too many, right? I have been too. Be it a writer, an engineer, a photographer, or even a 

researcher, all of us have been, at least once in the past couple of years, down the spiral where 

we have thought that we are replaceable by AI. But you and I are not the only ones who have 

dealt with this threat. A person who is standing in a military war room, where all the strategy is 

being made, and one of the biggest decisions about somebody's life or death is being debated, 

has also been under threat. Right now, the world is witnessing turmoil where multiple nations 

are clashing. To name only a few, and not even considering the civil wars happening within 

countries, right now, the Russia-Ukraine clash, along with the US-Israel-Iran conflict, have all 

been in the headlines of the international section of every newspaper that cares about what's 

happening in the world. While I am writing this, next to me lies an issue of Frontline magazine 

by The Hindu, and on the front page, I see the words read, ―Hormuz: No Strait Solutions,‖ 

coming back to the point, right now. Many news publications have reported on the use of AI in 

decision-making and strategy in the ongoing wars. 

A machine is not yet pulling a trigger or signing an arrest order, but the boom in Artificial 

Intelligence surely has changed the way guns are being pointed, and targets are being marked. 

The meaning of human responsibility has changed, and unfortunately it only defines the 

reduction of responsibility and the number of people and hours involved in decision-making. 

For machines, changing the human sense of accountability does not require pulling a lever or 

issuing an arrest command. Before reaching that stage, a machine can already identify what 
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face is classified as a match, what item is classified as a threat, what pattern is seen as 

suspicious, and what question is removed from the consideration. Especially, what pattern is 

removed from consideration? The moment the police or army commander is approached with a 

specific inquiry, the decision might already be narrowed down by an algorithm that is hard to 

evaluate, unquestionable and even more difficult to legally contest. 

This chapter discusses this issue. The theme of increasing use of AI has been a topic of 

discussion in the academic circles studying militarization of AI. The use of AI is not 

only restricted to imaginations and VFX in superhero movies. Its happening in real time. The 

only difference, it's not always a villain on the other side of the target. Sometimes its innocent 

civilians and citizens. 

AI has many functions. Facial recognition, data fusion, drone imagery, or generative systems 

are just a few. AI systems are being deployed to perform specific tasks in different 

environments: recognize, categorize, order, forecast, and advise. Institutions are using the 

technology and justify its use by citing the principle of the "human in the loop" to show that 

accountability is intact even though it‘s non-existent. The important question is whether the 

human considered as the element of the loop has full control over the matter or is just 

authorizing the end result without being able to comprehensively evaluate it. 

The chapter examines three instances: the 2026 Jantar Mantar surveillance; India‘s military 

action against Pakistan, Operation Sindoor; and the application of artificial intelligence in 

military operations in the USA-Iran-Israel conflict. These case studies were selected on the 

grounds of their recency; and the fact that they highlight the same issue across various forms of 

power employed by states in conducting their affairs. The problem examined in the Jantar 

Mantar is that of transformation of innocuous assembly into a database of biometric 

information and weaponisation of civilian dissent against themselves. step further.  

The argument made in this chapter is that the true ethics of AI cannot be realized by simply 

signing the paper at the end of the algorithmic process. The ethics of AI requires three 

important conditions to be fulfilled: first, independent verification of error thresholds; second, 

availability of records that can be verified by persons who are not representatives of the 

operator agency; and third, an autonomous body functioning on an international level that can 

govern this field. 
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2. In India, Protest Becomes a Database and Protestors, Target 

 

The reaction of the armed forces during the Jantar Mantar protest in July 2026 threw the issue 

into sharp focus. Reuters reported that the incident began during a protest with students. The 

protesting students showed pictures of a mobile surveillance van belonging to the police which 

was fitted with several cameras that could capture the protesters in 360 degrees (Reuters, 2026). 

Aishe Ghosh, who had served as president of the JNU Students‘ Union, sought a ruling that the 

surveillance of the protesters was unconstitutional, along with the destruction of the data 

obtained during the protest and a set of guidelines for the usage of such technology in future 

(Reuters, 2016). 

The legal dispute was not limited to the issue of a camera in a public place. In accordance with 

the reports about the petition, it affected the case of ―constant, indiscriminate and intrusive 

surveillance‖ of peaceful protesters, with the publications mentioning that monitoring, 

photography, and videos were taken from protesters without any given statutory authority and 

procedural safeguards (Indian Express, 2026). The petition also highlighted the problem of 

women being filmed during heavy rain and in vulnerable physical conditions, making it so that 

the issue was not only about privacy but also about their bodily dignity and autonomy (Indian 

Express, 2026). 

A petition from MP A. A. Rahim claimed to have identified three methods of biometric 

monitoring which involve indiscriminate photo and video recording; recognition of facial 

features in real-time through Ikshana surveillance car and AjnaLens glasses; and collection of 

fingerprints with the NCRB‘s Abhigyan app and matching them with the National Automated 

Fingerprint Identification System (LawBeat, 2026). The petition claimed that this practice 

operates in ―complete legal vacuum‖; quoting responses under RTI Act, it stated that no privacy 

impact assessment was undertaken, that 80% similarity score was taken as a match without 

public validation and that the data can be stored indefinitely or included in criminal records 

without any limitations (LawBeat, 2026). These are allegations made in an ongoing legal case. 

According to reports, the stance taken by the State is greatly different. The authorities justified 

the act of spying as legitimate and resulting in the maintenance of law and order. The 

government's attorney is believed to have made statements about the quest for privacy in 

public venues that can be called ―ironical,‖ as it was said that the acts of monitoring ―are 
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absolutely required‖ and that the right to interference in the private life of people is ―fully 

justified by the public interests‖ (Reuters, 2026). Furthermore, the authorities in Delhi Police 

noted on their Facebook profile that no limitations have been made in terms of people‘s 

freedom due to the introduction of the facial recognition system. According to one of the police 

officers, computer equipment assisted in recognizing offenders and counting demonstrators 

(Reuters, 2026). 

The argument cannot be decided simply by asking if police can document a crowd. 

Documentation and biometric identification are two different processes. A video can document 

an incident. On the other hand, a facial-recognition system generates a biometric template, 

compares it against the database, arrives at a potential match, and connects the individual to 

further evidence. 

The above means that the normal act of being in a public space turns into an official permanent 

record that can be searched. This is due to the fact that active facial recognition is 

fundamentally different from standard video recording, as mapped facial data that is provided 

with a database can suspect everyone being in sight, rather than focusing only on the person 

under investigation (India Today, 2026). 

The constitutional implications are urgent. The petitions filed invoke Articles 14, 19, and 21: 

the right to equality and protection from arbitrariness, the right to freedom of expression and 

peaceful assembly, and the right to life, liberty, privacy, and dignity (Indian Express, 2026; 

LawBeat, 2026). The judgment of the Supreme Court in Justice K.S. Puttaswamy v. Union of 

India is instrumental in determining whether surveillance can pass the tests of legality, 

legitimate aim, necessity, and proportionality (Lawful Legal, 2025). Thus, a generic statement 

of public order is insufficient to address the issues raised by the real-time one-to-many 

biometric scanning of peaceful protesters. 

The key constitutional aspect is that harm does not require any immediate detainment. A 

student may participate in an entirely legal protest, return home, and never find out if her face 

has been photographed, identified, registered, or stored. That uncertainty is capable of changing 

social behavior in itself. Those at the beginning of their careers may understandably be 

worried that their involvement in protests might be recorded and improperly used by the 

authorities. The chilling effect is not just a rhetorical statement; it is a reality caused by the 

ability to process information about people without them knowing about it. And all of this is 
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happening with the help of AI enabled technologies. AI-enabled systems were deployed 

against citizens who dared to register their dissent. 

 

The issue is aggravated by the fact that the reliability of technology is unknown. As stated in 

the research material, the police of Delhi had published very low accuracy levels in previous 

experiments: 2% in 2018 and less than 1% in 2019 (Internet Freedom Foundation). It should be 

noted that these figures may refer to particular cases of application and cannot be automatically 

extended to more recent technologies. Nevertheless, they help to visualize how similarity scores 

cannot be considered to be absolute evidence. The effectiveness of facial recognition depends 

upon many factors, including the quality of the photo, lighting, the number of people in the 

frame, the camera angle, relevant databases, and the population the technology was working 

with. Therefore, the 80 percent matching ratio (if applied) will not prove that the person is 

guilty; it is just a matter of the fact that the technology has found some similarity in accordance 

with its own built-in limitations. 

Wider research on facial recognition confirms the concerns; one study cited in the material 

states that law enforcement systems have a higher likelihood of errors with darker-skin and 

woman faces. Specifically, 0.8% of white male faces show a possibility of error while dark skin 

female faces have error rates as high as 34.7% in the data sets (Facial Recognition Technology, 

2021). The relevance for India should not be aligned with the overseas categories. In this 

research it is mentioned that the inaccuracies in facial recognition may also correlate with other 

socially represented categorizations such as caste, class, gender and many others, as the 

infrastructure and environment for development of such either does not offer equal 

opportunities or does not ensure equity (Thomas, 2020). 

There is an even more serious issue to be taken into consideration: function creep. In Sadhan 

Haldar v. State (NCT of Delhi), facial recognition technology was used to fulfill the necessary 

purpose to find missing children (Internet Freedom Foundation). However, the technology can 

also be used for different reasons such as screening marches for protests, identifying 

protesters, 
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Abstract 

The rapid spread of Artificial Intelligence (AI) is changing business and management practices. 

It is altering how organizations process information, make decisions, connect with customers, 

and use their resources. Even with the growing use of AI applications, there is still a limited 

understanding of how AI adoption leads to better decision-making and improved performance, 

especially in emerging economies like India. This chapter aims to explore the link between AI 

adoption and effective management. It will look into how AI capabilities can improve decision 

quality, operational efficiency, innovation, and overall organizational performance. Using the 

Technology-Organization-Environment (TOE) framework and the Technology Acceptance 

Model (TAM), the study will present a conceptual framework which considers AI adoption as 

the main factor, AI-driven decision-making capability as a mediating factor, and organizational 

performance as the end result. It will also take into account organizational readiness, employee 

AI skills, and perceived ethical and privacy risks as contextual factors affecting AI adoption and 

its success. The study may use a quantitative research design with structured questionnaires sent 

to managers and business professionals across various sectors. Analysts can evaluate the data 

using descriptive statistics, reliability and validity checks, correlation analysis, regression, and 

Structural Equation Modeling (SEM) to assess the proposed connections.  This chapter aims to 

add to the growing literature on AI-driven management. It will provide a picture of the 

technological, organizational, and human aspects of AI adoption. The findings should offer 

valuable insights for managers, policymakers, and organizations looking to build AI capabilities 

while ensuring responsible, transparent, and people-focused decision-making practices. 
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1. Introduction 

AI has changed from being mainly a technological idea to now being a significant part of current 

business strategy. Companies in all different sectors are using it more and more for data analysis, 

forecasting, customer relationship management, fraud detection, marketing personalisation, 

human resource management, supply chain optimisation, financial analysis, automation, and for 

providing strategic decision support. 

This change is especially clear in India. A backgrounder issued by the Indian Government in 

February 2026 noted that the country came third in Stanford University's 2025 Global AI 

Vibrancy Ranking and indicated that 87 per cent of enterprises were actively using AI solutions, 

according to the NASSCOM AI Adoption Index. At an organizational level, the shift is also 

becoming more strategic. A report by EY-CII, published in November 2025, found that 47 per 

cent of the Indian enterprises surveyed had several AI applications running in production, with 

operations, customer service and marketing being the main areas of focus.  

It does not follow that because AI becomes more widely available organisations will 

automatically perform better. 

The fundamental managerial question is therefore no longer: 

―Should organizations adopt AI?‖ 

Instead, it increasingly becomes: 

What is the way in which organizations can turn their adoption of AI into real managerial 

abilities and tangible value for the organization? 

It is important to make this distinction since the same AI technology can lead to different results 

in various organizations. For example, one organization might use AI just for automating routine 

tasks, whereas another could use it in the areas of forecasting, strategic planning, customer 

analytics, risk management, and managerial decision-making. 

AI adoption and AI value creation should not be regarded as the same thing. 
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Similar research also shows that the use of AI is linked to improvements in efficiency and 

decision-making, but that the results will vary according to the organization's readiness, the level 

of trust, strategic alignment, the skills available, and the organization's capability to integrate AI 

into its current processes.  

The chapter focuses on the pathway: 

AI Adoption → AI-Driven Decision-Making Capability → Organizational Performance 

It also states that this relationship is affected by technological, organizational, environmental, 

and human factors. 

1.1 Background of Artificial Intelligence in Business 

Artificial Intelligence (AI) has evolved from a niche area of computer science to one of the most 

important technologies impacting business and management today. Previous artificial 

intelligence systems were mainly built to perform rule-based and repetitive tasks. With the 

advancement of machine learning, deep learning, natural language processing, computer vision, 

cloud computing and big data analysis, AI has become proficient in carrying out more and more 

complex activities associated with prediction, pattern recognition, language processing and 

decision support. Therefore, organisations are gradually moving toward intelligent systems that 

learn from data and provide suggestions for managerial action as opposed to traditional 

information processing systems. So, the creation of standard AI may be considered a transition 

from automation to intelligence. 

It can be considered as the evolution of AI from automation to intelligence. The difference is that 

traditional automation works from specific instructions. Artificial intelligence systems can 

recognise patterns in large data sets and adapt their output based on experience and the data they 

have available . This distinction is especially important for modern organisations because 

business environments generate large amounts of structured and unstructured data every day. 

 

1.2 AI as a Business Strategy Technology  

 

Artificial intelligence is no longer seen as merely an IT tool. It is more and more being 

recognised as a strategic business technology that can impact organisational efficiency, 

innovation, customer relations, risk management and competitive advantage. Organisations are 

using AI to cut processing time, improve forecasting, personalise the customer experience, 

automate routine activities, and support complex managerial decisions.  

For example, an online retailer might analyse a customer‘s previous purchases, browsing habits, 

search history and reaction to promotional offers to forecast what products the customer might be 
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interested in buying. In the same way, a financial institution might analyse transaction patterns to 

identify potentially fraudulent activities. In both instances, AI turns large piles of data into 

valuable information that helps organisations to respond more quickly and accurately. 

1.3 AI and Customer Experience 

AI is shifting businesses from decision-making based on experience to decision-making based on 

data and predictions. Customer relationship management is a key example. AI can help 

companies understand customer preferences, customer segmentation, personalize 

communication, offer recommendations, and provide automated customer support. 

Recommendation systems used in e-commerce and in the video and audio streaming services are 

the same, but differ in the context of what they are used to recommend. Online stores 

recommend products based on the customer's previous searches and purchases. Streaming 

services recommend videos and audio based on a customer's previous engagements with the 

service. AI-based chatbots are also used to eliminate the wait for human assistance in responses 

to everyday customer queries on order status and product information and appointment 

scheduling. 

1.4 AI in Marketing and Sales 

AI has transformed marketing by providing organizations the ability to analyze customers at a 

crisper level. With traditional marketing, customers were analyzed along demographic lines. 

With AI, customers can be analyzed at the level of behaviors. For Example ,the launch of a new 

smartphone. AI can identify potential upgraders. The AI system may look at prior purchases, 

internet browsing, how the user interacts with ads, and their level of engagement on the internet. 

Using the information, marketing managers no longer need to blast promotions on smartphones 

to the entire customer base. 

AI has the potential to support marketing through dynamic pricing, sales forecasting, lead 

scoring, personalized advertising, sentiment analysis, and prediction of customer churn. 

Increasingly, marketing is becoming more data driven and predictive. 

1.5 AI in Finance and Banking 

AI in finance is used heavily because financial services and products are information intensive 

and time sensitive. AI has the potential to be used in fraud detection, credit analysis, risk 

management, investment analysis, customer service, and compliance. 

By using the above example of the fraud detection system. Let's assume a customer's credit card 
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or debit card has been recently used to purchase many large value transactions scattered around a 

wide geographic area. A fraud detection system based on AI may determine the transactions are 

not normal and therefore represent a potential fraud case. Again, the goal of AI is not automation 

but to help banking and finance employees prioritize. 

1.6 AI in Operations and Supply Chain Management 

AI is essential in operations and supply chain management. Many decisions related to operations, 

such as demand forecasting, planning, inventory management, and logistics require a depth and 

breadth of data and a degree of uncertainty. Therefore, these are good candidates to leverage the 

support of AI. 

A toy store may leverage AI to monitor the sales of umbrellas during rainy season and may even 

predict the sales of toys during holiday season. This would help the company avoid both over 

and under stocking scenarios. Across the logistics chain AI can analyze multiple factors 

including traffic, available vehicles, delivery schedules, and fuel efficiencies to provide an 

optimal delivery route. This would cut down costs and improve efficiencies. 

1.7 AI and Human Resource Management 

HRM is also a much-noted area of focus when discussing AI. Employee management activities 

ranging from recruitment to training and development to monitoring employee turnover are 

easily automatable. AI can assist and, in many instances, outperform the traditional methods for 

the stated employment management activities.An AI system can screen thousands of job 

applications for an HR manager and can even identify reasons for high employee turnover. 

However, AI in HR is also an example of a scenario where technology for its own sake is not 

enough and a strong framework and management style should also accompany the technology. If 

bias exists in the recruitment data that an AI system will be trained on, the system may learn to 

recruit in a bias manner. 

1.8 AI Adoption: Beyond Technology Implementation 

AI adoption should not simply be understood as purchasing or installing AI software. AI 

adoption refers to the organizational decision, implementation and continued use of AI-enabled 

technologies to support or transform organizational activities and processes. 

1.9 AI Adoption as an Organizational Capability 
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The strategic importance of AI does not come only from the technology itself. Competitors can 

often purchase similar AI tools. What is more difficult to replicate is the organization's ability to 

combine AI with high-quality data, employee knowledge, managerial expertise, organizational 

processes, and business strategy. 

For example, two banks may purchase similar AI-based fraud detection systems. One bank may 

have better-quality customer data, skilled analysts, integrated information systems, and effective 

governance mechanisms. It may therefore obtain greater value from the same technology. 

This suggests that: 

AI technology + Data + Human Skills + Processes + Managerial Capability = AI-enabled 

organizational capability 

The Resource-Based View provides a useful explanation of this relationship. From this 

perspective, AI can become valuable when it is combined with organizational resources and 

capabilities that enable the firm to use it effectively. 

2. AI-Driven Managerial Decision-Making 

2.1 Concept 

Managerial decision-making refers to the process through which managers identify problems, 

collect information, evaluate alternatives, select courses of action, implement decisions, and 

monitor results. 

AI-driven managerial decision-making occurs when managers use AI systems to support one or 

more stages of this process. 

AI can assist managers by: 

 Identifying patterns;  

 predicting future outcomes;  

 detecting anomalies;  

 generating scenarios;  

 evaluating alternatives;  

 recommending actions;  

 automating routine decisions;  

 providing real-time information; and  

 supporting strategic analysis.  
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Importantly, AI-driven decision-making does not necessarily mean that machines completely 

replace managers. 

A more realistic model is: 

AI provides analytical intelligence; managers provide contextual judgment, ethical 

reasoning, accountability, and strategic interpretation. 

 

2.2 Transformation of Managerial Decision-Making 

There are many ways Artificial Intelligence (AI) can facilitate efficient business practices, we 

have traditionally relied on experience and intuition, reports, market research, and history when 

making business decisions. Progressive organizations rely on an integration of these factors with 

added real-time data, predictive models, and recommender systems.  

For example, a traditional sales manager would analyze the previous year's performance to 

develop expectations for sales target achievement in the upcoming quarter. An AI system looks 

beyond this sales record to analyze sales history in the context of seasonality, customer 

preferences, competitor activity and price/service offerings, and other factors to develop 

predictions on target demand, and identify underlying business opportunities and potential risk 

exposures. While the responsibility of the final decision remains on the manager, the AI system 

supplements the available data for the analysis. 

2.3 Theoretical Foundations 

AI adoption is influenced by more than the availability of technology. An organization may have 

access to an advanced AI system but may still struggle to use it effectively because of limited 

resources, employee skills, management support, or regulatory concerns. To understand these 

factors, this study uses two complementary perspectives: the Technology-Organization-

Environment (TOE) Framework and the Technology Acceptance Model (TAM). 

The TOE framework explains AI adoption from an organizational perspective, while TAM 

focuses on how employees and managers perceive and accept technology. Together, they 

provide a broader explanation of why organizations adopt AI and why some employees use it 

more effectively than others. 

3. Technology-Organization-Environment (TOE) Framework 

The TOE framework explains technology adoption through three major contexts: 
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Technology + Organization + Environment → Technology Adoption 

In the context of AI, these three dimensions help explain whether an organization is prepared and 

motivated to introduce AI into its business activities. 

3.1 Technological Context 

The technological context refers to the characteristics and capabilities of the AI technology itself. 

Important factors include relative advantage, compatibility, complexity, infrastructure, data 

availability, and security. 

The most important question for managers is often: ―What advantage will AI provide over our 

existing method?‖ 

For example, a retail company using traditional spreadsheets to forecast sales may adopt AI if the 

AI system can analyse customer behaviour, seasonal trends and previous sales to predict demand 

more accurately. If this reduces excess inventory and stock-outs, the organization sees a clear 

relative advantage. 

Similarly, AI should be compatible with existing systems. A bank may find it easier to adopt an 

AI fraud-detection system if it can be integrated with its existing banking and transaction 

systems. 

Thus, the technological context essentially asks: 

Is the AI technology useful, suitable, secure and technically feasible for the organization? 

3.2 Organizational Context 

The organizational context focuses on the organization's internal ability to adopt and use AI. 

Important factors include organizational readiness, financial resources, technical expertise, 

organizational culture, top-management support, employee skills, and readiness for 

change. 

AI adoption requires much more than purchasing software. An organization needs: 

Technology + People + Data + Processes + Leadership 



262 
 

For example, a manufacturing company may install an AI-based predictive maintenance system 

to identify when machinery is likely to fail. However, the system will have limited value if 

employees do not know how to 

4. Technology Acceptance Model (TAM) 

The Technology Acceptance Model (TAM), proposed by Davis (1989), explains why 

individuals accept and use a technology. It focuses mainly on two perceptions: 

4.1 Perceived Usefulness 

It refers to the belief that using a technology will improve job performance. 

Example: 

A sales manager uses an AI forecasting tool because it helps predict customer demand more 

accurately and supports better sales decisions. 

―AI will help me perform my job better.‖ 

4.2 Perceived Ease of Use 

It refers to the belief that a technology is easy to understand and use without excessive effort. 

Example: 

If an AI dashboard provides simple graphs and clear recommendations, managers are more likely 

to use it regularly. 

―I can use AI without much difficulty.‖ 

Thus, when employees perceive AI as useful and easy to use, their willingness to accept and use 

it is likely to increase. 

5. Why Combine TOE and TAM? 

TOE and TAM explain AI adoption from two different perspectives. 

TOE explains whether an organization is ready and able to adopt AI, while TAM explains 

whether its employees and managers are willing to accept and use AI. 
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Example 

Consider a bank introducing an AI-based fraud detection system. 

 TOE: The bank needs good data, IT infrastructure, financial resources, management 

support, and regulatory compliance. 

 TAM: Employees must believe that the system is useful and easy to use. 

 Outcome: When both organizational readiness and employee acceptance are present, AI 

is more likely to be effectively adopted and used. 

Therefore, combining TOE and TAM provides a more comprehensive understanding of AI 

adoption by connecting organizational readiness with human acceptance of technology. 

6. Empirical Evidence from Recent Research 

Recent research increasingly supports the idea that AI's organizational impact occurs through 

intermediate organizational mechanisms. 

A 2024 Management Decision study involving 230 organizations found positive relationships 

between AI capability, decision-making speed, decision quality, and organizational performance. 

The research also identified partial mediation through decision-making processes.  

Another 2024 study of 346 managers in the United States reported that AI-driven decision-

making was positively related to firm performance, while big-data-powered AI positively 

influenced AI-driven decision-making.  

Research published in 2025 similarly found that AI capabilities enhance decision-making 

performance, particularly decision speed, while also emphasizing the importance of digital 

capabilities and digital business orientation.  

Further evidence suggests that AI adoption can generate business value through multiple 

complementary mechanisms. Research involving 448 European organizations found that AI 

adoption influenced organizational performance through decision-making and business-process 

performance, with process automation, organizational learning, and process innovation acting as 

additional mediating mechanisms.  

This evidence suggests that the relationship between AI and performance is better represented as 

a value-creation chain rather than a simple technology-performance relationship. 
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Below is a more concise, book-chapter-friendly version with clear headings and short 

explanatory paragraphs. 

7. Managerial Implications 

7.1 Align AI Adoption with Business Objectives 

Organizations should adopt AI with clear business objectives rather than treating it simply as a 

technological investment. Managers should identify areas where AI can improve efficiency, 

reduce costs, enhance customer experience, or support better decisions. For example, AI-based 

demand forecasting can help retailers reduce stock-outs and excess inventory. 

7.2 Strengthen AI-Driven Decision-Making 

The value of AI depends largely on how effectively its insights are incorporated into managerial 

decisions. AI can analyse large volumes of data and generate predictions or recommendations, 

while managers should interpret these outputs in the context of business conditions and strategic 

objectives. 

7.3 Promote Human–AI Collaboration 

AI should complement rather than completely replace managerial expertise. While AI provides 

analytical capabilities and predictive insights, managers contribute experience, contextual 

understanding, creativity, ethical judgment, and accountability. Effective human–AI 

collaboration can therefore improve the quality and reliability of organizational decisions. 

7.4 Develop Employee AI and Data Skills 

Successful AI adoption requires employees who can understand and effectively use AI-based 

systems. Organizations should provide training in AI literacy, data interpretation, and analytical 

skills so that employees can evaluate AI outputs and use them appropriately in their work. 

7.5 Ensure Data Quality and AI Governance 

Reliable AI-based decisions depend on accurate and relevant data. Managers should therefore 

establish effective data-management practices along with appropriate policies for privacy, 

security, transparency, and responsible AI use. Strong governance can also reduce the risks 

associated with biased or inappropriate AI-based decisions. 
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7.6 Adopt AI Through a Gradual Approach 

Organizations should consider pilot projects before implementing AI on a large scale. Testing AI 

applications in specific functions allows managers to identify challenges, evaluate outcomes, and 

refine processes before wider implementation. This approach can reduce implementation risks 

and improve organizational readiness. 

7.7 Measure Business Outcomes 

AI adoption should be evaluated through its contribution to organizational performance rather 

than simply through the number of AI tools implemented. Managers should assess outcomes 

such as decision-making speed, operational efficiency, cost reduction, customer satisfaction, 

innovation, and profitability. 

7.8 Encourage Continuous Learning and Adaptation 

AI adoption is an ongoing process because technologies, markets, and organizational 

requirements continuously change. Organizations should regularly update AI systems, train 

employees, monitor outcomes, and modify processes. Continuous learning can help 

organizations convert AI capabilities into sustained organizational value. 

8. Future Research Directions 

The relationship between AI adoption and organizational performance provides several 

opportunities for future research. 

Future studies can examine whether the impact of AI differs across industries such as banking, 

manufacturing, retail, healthcare, education, and services. 

Researchers can also compare organizations at different stages of AI maturity to determine 

whether deeper integration produces greater organizational benefits. 

Another important area is the role of AI literacy. Employees may have access to sophisticated 

AI systems, but their ability to understand and use those systems can determine whether 

organizational value is actually created. 

Longitudinal studies could also examine whether AI benefits increase over time as employees 

gain experience, processes are redesigned, and organizational capabilities develop. 
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Finally, future research should examine responsible AI, particularly privacy, algorithmic bias, 

transparency, explainability, and human accountability. 

9. Conclusion 

Artificial Intelligence is changing organizations not simply by automating tasks but by 

transforming how information is processed and how managerial decisions are made. However, 

the adoption of AI technology does not automatically guarantee improved organizational 

performance. 

The central argument of this chapter is that AI-driven managerial decision-making can serve 

as an important mechanism connecting AI adoption with organizational performance. 

AI provides organizations with greater analytical and predictive capabilities. Managers transform 

these capabilities into decisions, and those decisions influence organizational actions and 

outcomes. 

The relationship can therefore be summarized as: 

AI Adoption → AI-Driven Managerial Decision-Making → Organizational Action → 

Organizational Performance 

The future of organizational AI is consequently unlikely to depend only on how much AI a firm 

possesses. It will increasingly depend on how effectively organizations combine AI 

technologies, data, human expertise, managerial judgment, organizational processes, and 

responsible governance. 

In this sense, the real transformation is not merely from traditional management to AI-enabled 

management, but from data availability to intelligent decision-making and from intelligent 

decision-making to measurable organizational value. 
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Chapter 20 

AI-Driven Business Management: Strategic Innovation, Digital 

Transformation, and Competitive Advantage 

Simran Thakur, Research Scholar 

Abstract 

Artificial intelligence (AI) has evolved from a specialized computational technology into a 

strategic resource with the potential to reshape how organizations create, deliver, and capture 

value. The emergence of machine learning, predictive analytics, natural language processing, 

generative AI, and increasingly autonomous AI systems has expanded the role of AI beyond 

operational automation toward strategic decision-making, innovation, customer engagement, and 

organizational transformation. However, the availability of AI technologies does not 

automatically produce competitive advantage. The strategic value of AI depends on an 

organization's ability to combine technological resources with data, human expertise, 

organizational routines, leadership, innovation capabilities, and responsible governance. This 

conceptual chapter synthesizes literature on AI, strategic management, innovation, digital 

transformation, and competitive advantage to develop an integrated AI Capability–Innovation–

Digital Transformation–Competitive Advantage framework. Drawing on the resource-based 

view, dynamic capabilities theory, knowledge-based theory, the technology–organization–

environment perspective, and socio-technical systems theory, the chapter proposes that AI 

capabilities influence competitive advantage both directly and indirectly through strategic 

innovation, digital transformation, organizational agility, knowledge creation, and customer 

value creation. The framework further recognizes leadership, organizational culture, digital 

maturity, firm size, industry turbulence, and regulatory conditions as contextual factors shaping 

AI outcomes. The chapter contributes to the emerging literature by shifting attention from AI 

adoption to the organizational capabilities required to transform AI investments into sustainable 

business value. Managerial implications concerning AI strategy, human–AI collaboration, 

capability development, and responsible AI governance are also discussed. 

Keywords: Artificial intelligence; AI-driven business management; digital transformation; 

strategic innovation; competitive advantage; dynamic capabilities; business model innovation; 

responsible AI 

1. Introduction 

1.1 Background and Emergence of AI in Business 
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Artificial intelligence (AI) is now one of the most significant technological developments 

affecting modern business management. Even though AI isn't a new thing, recent progress in 

machine learning, deep learning, natural language processing, computer vision, generative AI, 

and large language models has greatly broadened the range of organizational activities that can 

be supported or transformed by intelligent technologies. It can now be used to help with 

forecasting, fraud detection, customer service, marketing personalization, supply-chain 

management, financial analysis, recruitment, product development, and strategic decision-

making. The increasing importance of AI is due to its nature as a potentially general-purpose 

technology that can be applied in different industries and organizational functions (Cockburn et 

al., 2018; Goldfarb et al., 2023). 

The strategic importance of AI therefore goes beyond that of technological automation. While 

traditional automation is mainly concerned with carrying out pre-determined tasks more 

efficiently, modern AI is able to detect patterns, make predictions, produce content, assist in 

decision-making, and interact with users. Generative AI even extends these capabilities by 

creating text, images, software code, summaries, recommendations, and other kinds of 

knowledge work. As a result, AI is increasingly being incorporated into managerial processes 

rather than staying limited to the technical departments. 

The organizational implications are significant. AI has the potential to speed up and expand the 

scale of information processing, to improve forecasting, to reduce repetitive tasks, to assist with 

employee learning, and to enable more personalized customer experiences. For instance, research 

carried out in the workplace indicates that generative AI assistance can lead to increased 

productivity, the extent of the benefit, however, differing depending on the level of employee 

experience and the nature of the task (Brynjolfsson et al., 2023). These findings support the view 

that AI should not be seen merely as an information technology but rather as an organizational 

capability whose value is determined by the way it is integrated with people and processes. 

1.2 Progressing from Digitalization to Business Management Driven by AI 

The rise of AI should be seen as part of a wider trend moving from digitization to digitalization 

and finally to digital transformation. Digitization means converting analogue information into 

digital form. Digitalization consists of using digital technologies to improve current processes. 

Digital transformation denotes a more extensive change at an organizational level during which 

digital technologies reshape processes, structures, customer experiences, capabilities, and 

business models (Verhoef et al., 2021). 

The application of AI to business management is just another stage in this process. It takes place 

when AI is systematically incorporated into strategic planning, organizational decision-making, 
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operations, innovation, and the creation of customer value. Hence, AI-driven management does 

not mean simply buying AI software; it means integrating AI into the everyday routines of an 

organization and making use of its outputs to enhance strategic and operational decisions. 

It is important to make this distinction since companies can introduce AI without bringing about 

real transformation. For example, a company might use a chatbot to handle customer service or 

generative AI to prepare documents without making any changes to its core processes. On the 

other hand, what is meant by AI-driven transformation is that organizations redesign their 

workflows, decision-making structures, employee roles, and business models in light of AI-

enabled capabilities. Research into AI implementation stresses that in order to obtain ongoing 

value from AI, organizations had better go beyond isolated experiments and move towards 

production, scaling, and integration within the organization (Haefner et al., 2024). 

1.3 Strategic Importance of AI 

AI can contribute to organizational value through several mechanisms. First, it can enhance 

operational efficiency by automating repetitive activities and optimizing resource allocation. 

Second, it can strengthen decision quality by processing large and complex datasets more rapidly 

than conventional approaches. Third, AI can facilitate customer value creation through 

personalization, recommendation systems, conversational interfaces, and predictive services. 

Fourth, AI can stimulate innovation by supporting knowledge discovery, experimentation, 

product development, and business-model redesign (Bahoo et al., 2023). 

The innovation implications are particularly important. AI can identify patterns that may not be 

readily observable to human decision-makers, generate alternative solutions, accelerate 

experimentation, and support the analysis of customer needs. Consequently, AI can influence 

both incremental and more radical forms of innovation. Bahoo et al. (2023) describe AI as 

capable of reshaping corporate innovation processes by improving the management and 

interpretation of information throughout innovation activities. 

AI can also improve organizational agility. Organizations operating in turbulent markets require 

the capacity to detect environmental changes, interpret information, and respond quickly. AI-

supported analytics can strengthen these processes by providing real-time or near-real-time 

insights. Nevertheless, technological capability alone does not guarantee agility. Organizations 

must possess appropriate decision rights, leadership, skills, and routines to act upon AI-generated 

insights. 

1.4 AI and Competitive Advantage 

Competitive advantage refers broadly to an organization's ability to create greater value than 

competitors or to perform activities in ways that competitors cannot easily replicate. From a 
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resource-based perspective, competitive advantage depends on resources and capabilities that are 

valuable and difficult to imitate or substitute (Barney, 1991). 

AI creates an interesting strategic challenge because many AI technologies are increasingly 

accessible through cloud platforms and commercial applications. If competitors can purchase the 

same technology, the technology itself may not constitute a sustainable source of advantage. 

Instead, differentiation is likely to emerge from complementary organizational resources such as 

proprietary data, specialized knowledge, employee expertise, organizational routines, customer 

relationships, and the capacity to integrate AI into distinctive business processes. 

1.5 Problem Statement and Research Gap 

Although the literature on AI is growing, it is still scattered across technology management, 

information systems, innovation, strategic management and organizational studies. Some focus 

on technological adoption, some on productivity, some on innovation, digital transformation, or 

even on the ethical implications of technology. This disaggregation makes it challenging to 

understand how AI can be a source of sustainable competitive advantage through an 

organizational pathway. 

The other restriction is the focus on implementation as a technology issue. Even if organizations 

have sophisticated algorithms, they don't create value due to data quality issues, lack of 

employee competence, lack of leadership, organizational resistance, cyber security issues, and 

inappropriate governance. It is, therefore, a technological, organisational, strategic and social 

phenomenon to implement AI (Haefner et al., 2024). 

A third gap is the connection between AI and other aspects of organizational change. AI can 

enhance specific tasks rather than revolutionizing the organization.AI can optimize specific tasks 

and not necessarily overhaul the organization itself. The pathways by which the capabilities of 

AI support strategic innovation, digital transformation, organizational agility, and potential 

competitive advantage are therefore more important to focus on. 

1.6 Purpose and Research Questions 

This chapter aims to provide an integrated conceptual framework that offers insights into the 

potential of AI business management techniques to create value for organizations through 

strategic innovation and digital transformation. 

The chapter addresses five questions: 

1. How do AI capabilities influence strategic innovation? 

2. How do AI capabilities facilitate digital transformation? 

3. Through what mechanisms does AI contribute to competitive advantage? 
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4. Which organizational and environmental conditions strengthen or weaken these 

relationships? 

5. How can organizations develop responsible and sustainable AI capabilities? 

2. Literature Review 

2.1 Evolution of Artificial Intelligence in Business 

The development of AI in business can broadly be viewed through several stages. Early expert 

systems relied on explicit rules and structured knowledge. Subsequent developments in machine 

learning enabled systems to learn patterns from data. Deep learning expanded capabilities in 

areas such as image and speech recognition, while generative AI introduced systems capable of 

producing new content and interacting through natural language. 

This technological evolution has changed the managerial role of AI. Earlier applications were 

primarily associated with structured operational problems. Contemporary systems increasingly 

support knowledge-intensive activities such as writing, coding, analysis, customer interaction, 

forecasting, and strategic research. AI is therefore moving from an automation-oriented role 

toward an augmentation and decision-support role (Raisch & Krakowski, 2021). 

This does not mean that automation has become irrelevant. Rather, automation and augmentation 

often coexist. Some activities can be fully automated, while others benefit from human–AI 

collaboration. Raisch and Krakowski (2021) argue that organizations need to manage the tension 

between automation and augmentation rather than assuming that one approach will dominate all 

organizational tasks. 

2.2 AI-Driven Business Management 

AI-powered business management can be explained as the thorough incorporation of AI 

technologies, data sources, individual skills, and business processes into management operations 

to enhance decision-making, productivity, innovation, and value generation. 

AI can be applied throughout key business operations. It's useful in marketing for 

recommendation, personalization and demand prediction, as well as segmentation. AI can 

support financial institutions in fraud detection and prevention, credit scoring, financial 

forecasting, and risk management. Intelligent automation and predictive maintenance can 

increase productivity in operations. AI can aid in talent analytics and workforce planning in 

HRM. Predictive Analytics can boost demand forecasting and inventory management in supply 

chains. Generative AI can support research and development by helping with ideas and 

knowledge acquisition. 
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The strategic value of these applications depends on integration. Isolated applications may 

produce localized efficiency gains, but organization-wide value requires interoperability, data 

governance, employee capability, and managerial coordination. AI implementation research 

emphasizes that scaling AI involves moving from proof of concept to production and 

organizational platformization (Haefner et al., 2024). 

2.3 AI and Strategic Innovation 

Strategic innovation refers to the development or implementation of new products, services, 

processes, technologies, organizational practices, or business models that create value and 

strengthen competitive positioning. AI can influence innovation by expanding the organization's 

ability to process information, identify opportunities, generate alternatives, and experiment 

rapidly. 

AI can support product innovation by identifying customer preferences and market patterns. It 

can facilitate process innovation through automation and optimization. It can enable service 

innovation through intelligent customer interfaces and personalized experiences. It can also 

support business model innovation by enabling new forms of digital service delivery, 

subscription models, predictive services, and platform-based value creation. 

The relationship between AI and innovation is not merely technological. Innovation requires 

organizational learning, experimentation, cross-functional collaboration, and willingness to 

challenge existing assumptions. Therefore, AI is better understood as an innovation-enabling 

capability than as an innovation outcome in itself (Bahoo et al., 2023). 

2.4 AI and Digital Transformation 

Digital transformation is the process of fundamental changes in organizational processes, 

structures, capacity, customer experiences and business models that are facilitated by digital 

technologies (Verhoef et al., 2021). AI can help speed up this transition since it can turn vast 

amounts of digital information into predictions, recommendations, classifications, created 

content, or automated responses. 

There are at least four ways that AI is helping drive digital transformation. First, it facilitates 

process transformation through automation or optimization of activities. Second, it enables the 

transformation of the customer with personalization and intelligent interaction. Third, it supports 

changes in organizational structures, role changes, decision-making processes, and knowledge 

flows, or organizational transformation. Fourth, it can help in the transformation of the business 

model by facilitating new products and services with digital capabilities. 
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Digital transformation isn't simply about installing digital tools. It is about an organizational 

change and strategic renewal. In the context of digital transformation, the ability to sense 

technological and market changes, seize opportunities and reconfigure organisational resources 

is vital as highlighted by Warner and Wäger (2019). 

2.5 AI and Competitive Advantage 

AI can contribute to competitive advantage through four major pathways. 

Cost advantage 

AI-supported automation can reduce processing time, minimize errors, improve resource 

allocation, and increase employee productivity. However, cost savings alone may not create 

sustainable advantage because competitors can potentially acquire similar technologies. 

Differentiation 

AI can enable personalized products and services, responsive customer support, improved 

product quality, and more sophisticated customer experiences. Differentiation is more 

sustainable when it is based on proprietary data, unique organizational knowledge, or deeply 

embedded processes. 

Agility 

AI can strengthen organizational responsiveness by improving environmental scanning, 

forecasting, and decision-making. Agility is especially important in turbulent markets where 

customer preferences, technologies, and competitive conditions change rapidly. 

Resilience 

AI can support predictive risk management, supply-chain monitoring, anomaly detection, and 

scenario analysis. These capabilities can help organizations anticipate disruptions and respond 

more rapidly 

Empirical and conceptual literature therefore suggests that AI can contribute to business 

performance, but the relationship is conditional rather than automatic. AI becomes strategically 

valuable when technological resources are combined with complementary organizational 

capabilities (Mikalef & Gupta, 2021; Åström et al., 2022). 

2.6 Theoretical Foundations 

Resource-Based View 

The resource-based view (RBV) proposes that firms achieve competitive advantage by 

controlling valuable and difficult-to-imitate resources and capabilities (Barney, 1991). Applied to 
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AI, the theory suggests that access to an algorithm is unlikely to be sufficient because algorithms 

can increasingly become standardized or commercially available. More distinctive resources may 

include proprietary datasets, specialized AI expertise, organizational routines, customer 

knowledge, and effective AI governance. 

Knowledge-Based View 

The knowledge-based view conceptualizes the firm as an institution for integrating specialized 

knowledge (Grant, 1996). AI can contribute to knowledge integration by processing large 

information sets, identifying patterns, generating summaries, and making knowledge more 

accessible across organizational boundaries. 

Generative AI may be particularly significant because it can support knowledge-intensive tasks. 

Nevertheless, AI-generated outputs require human evaluation because systems can generate 

inaccurate, biased, or contextually inappropriate information. Human expertise remains central to 

validating and applying organizational knowledge. 

Technology–Organization–Environment Perspective 

The technology–organization–environment (TOE) framework emphasizes that technology 

adoption is influenced by technological characteristics, organizational readiness, and external 

environmental conditions (Tornatzky & Fleischer, 1990). Applied to AI, technological factors 

include data availability, system compatibility, and infrastructure. Organizational factors include 

leadership, skills, financial resources, culture, and digital maturity. Environmental factors 

include competitive pressure, regulation, industry characteristics, and stakeholder expectations. 

Socio-Technical Systems Perspective 

AI implementation changes both technological and social systems. Employees may experience 

changes in responsibilities, decision authority, work processes, skills, and performance 

expectations. Therefore, effective AI implementation requires alignment among technology, 

people, tasks, processes, and organizational structures. 

This perspective is particularly important for generative AI because the greatest benefits may 

emerge through human–AI collaboration rather than complete human replacement. Recent 

reviews similarly emphasize that successful AI integration requires attention to both technical 

and social elements (Haefner et al., 2024). 

3. Conceptual Review Methodology 

This chapter adopts a conceptual integrative literature review rather than an empirical research 

design. The objective is not to estimate causal effects statistically but to synthesize established 
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theoretical perspectives and recent research in order to develop an integrated conceptual 

framework. 

The literature was identified through targeted searches of scholarly publications relating to 

artificial intelligence, AI capabilities, digital transformation, strategic innovation, competitive 

advantage, dynamic capabilities, generative AI, and responsible AI. Priority was given to peer-

reviewed journal articles, seminal theoretical publications, systematic reviews, and authoritative 

institutional frameworks. Recent literature was emphasized because of the rapid development of 

generative AI, while foundational publications were retained where they provide essential 

theoretical foundations. 

The review was organized around five concept areas: AI capability, strategic innovation, digital 

transformation, competitive advantage, and organizational context. Literature was then compared 

conceptually to identify recurring relationships, mechanisms, and boundary conditions. 

Rather than treating all AI adoption studies as equivalent, the analysis distinguishes between 

technological adoption and organizational capability. It also differentiates direct effects of AI 

from indirect effects occurring through innovation, transformation, agility, knowledge creation, 

and customer value creation. 

The conceptual synthesis produced five major relationships: 

1. AI capabilities contribute to strategic innovation. 

2. AI capabilities contribute to digital transformation. 

3. Strategic innovation contributes to competitive advantage. 

4. Digital transformation contributes to competitive advantage. 

5. AI capabilities may influence competitive advantage directly, but this relationship 

depends on complementary organizational capabilities. 

4. Conceptual Results and Framework Development 

4.1 AI Organizational Capability 

The central construct of the framework is AI organizational capability. It refers to the 

organization's ability to acquire, integrate, deploy, govern, and leverage AI-related resources to 

achieve strategic objectives. Consistent with the RBV, AI capability is broader than 

technological infrastructure because it includes complementary resources and routines (Barney, 

1991; Mikalef & Gupta, 2021). 

4.2 AI Capabilities and Strategic Innovation 
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AI can strengthen innovation by increasing access to information, accelerating experimentation, 

supporting customer insight, and reducing the time required to evaluate alternatives. AI-enabled 

innovation may occur at product, process, service, and business-model levels. 

The relationship can be explained through the organization's improved ability to identify market 

opportunities, generate alternatives, test solutions, and learn from outcomes. AI can therefore 

strengthen both exploratory and exploitative innovation. 

4.3 AI Capabilities and Digital Transformation 

AI can deepen digital transformation by moving organizations from digitally supported processes 

toward intelligent and increasingly adaptive processes. For example, conventional digital 

systems may record transactions, whereas AI systems can analyze those transactions, predict 

future conditions, and recommend actions. 

AI can consequently influence process design, customer experience, organizational decision-

making, and business models. The transformation effect becomes stronger when AI is integrated 

across functions rather than implemented as isolated applications. 

4.4 Strategic Innovation and Competitive Advantage 

Strategic innovation contributes to competitive advantage by creating new sources of customer 

value, improving products and services, reducing process costs, and enabling new revenue 

models. Innovation is particularly important when competitors can rapidly imitate technologies. 

Organizations that continuously innovate can renew their value propositions and reduce 

dependence on existing sources of advantage. 

4.5 Digital Transformation and Competitive Advantage 

Digital transformation can strengthen competitive advantage by improving operational 

efficiency, customer responsiveness, organizational agility, and market reach. However, 

transformation is not automatically beneficial. Poorly coordinated digital initiatives may increase 

complexity and costs. The strategic value of digital transformation therefore depends on 

organizational alignment, leadership, employee capabilities, and the ability to redesign processes 

around digital technologies. 

4.6 AI Capabilities and Competitive Advantage 

AI capabilities may also have a direct relationship with competitive advantage through improved 

forecasting, personalization, automation, knowledge processing, and decision support. However, 

this direct relationship is expected to be weaker when competitors have similar access to AI 

technologies. 
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5. Discussion 

5.1 Theoretical Contributions 

The proposed framework contributes to strategic management and technology research in four 

ways. 

First, it extends the resource-based view by conceptualizing AI as a bundle of technological, 

human, informational, and organizational resources. AI technologies alone may not satisfy the 

conditions necessary for sustainable competitive advantage because many technologies are 

widely available. The strategic resource lies in the organization's distinctive ability to orchestrate 

these resources. 

Second, the framework extends dynamic capabilities theory by positioning AI as an enabler of 

sensing, seizing, and reconfiguring. AI can improve sensing through predictive analytics, seizing 

through decision support, and reconfiguration through process and business-model 

transformation (Teece, 2007). 

Third, the framework integrates the  knowledge-based view  by recognizing AI as a mechanism 

for processing and distributing knowledge. However, organizational knowledge remains 

dependent on human interpretation and contextual understanding (Grant, 1996). 

Fourth, the framework adopts a socio-technical perspective by emphasizing that AI 

transformation requires simultaneous changes in technology, people, tasks, and organizational 

processes. This prevents an overly deterministic view in which technological adoption 

automatically produces performance improvements. 

5.2 Managerial Implications 

Managers should treat AI as a strategic transformation programme rather than a collection of 

disconnected technology projects. AI initiatives should begin with clearly defined organizational 

problems and strategic objectives. The central question should not be "Where can AI be used?" 

but rather "Which organizational problems can AI help us solve better?" 

Second, organizations should invest in  data capability. Poor-quality, fragmented, inaccessible, or 

biased data can undermine AI performance. Data governance should therefore be considered a 

strategic capability rather than merely an IT responsibility. 

Third, managers should develop AI literacy across the workforce. Employees do not necessarily 

need advanced programming skills, but they increasingly need to understand AI's capabilities, 

limitations, appropriate applications, and risks. Continuous upskilling and reskilling are therefore 

central to AI-driven transformation. 
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Fourth, organizations should redesign workflows rather than simply automate individual tasks. 

AI creates greater value when processes are reconsidered as integrated systems. This requires 

collaboration between technical teams, managers, and employees. 

Fifth, managers should measure AI outcomes through business-oriented indicators such as 

productivity, customer satisfaction, innovation speed, decision quality, revenue growth, risk 

reduction, and employee learning rather than focusing exclusively on the number of AI 

applications deployed. 

5.3 Human Capital and Human–AI Collaboration 

AI is changing the composition of work rather than simply eliminating work. The automation of 

routine tasks can allow employees to focus on activities requiring judgment, creativity, empathy, 

relationship management, and strategic reasoning. However, this requires deliberate job redesign 

and capability development. 

The distinction between automation and augmentation is therefore central. Organizations should 

identify which activities are suitable for automation and which require human judgment. In many 

knowledge-intensive tasks, the strongest configuration may be human–AI collaboration rather 

than full substitution (Raisch & Krakowski, 2021). 

Generative AI provides an important example. Evidence suggests that AI assistance can improve 

productivity and help less experienced employees learn from more experienced practices 

(Brynjolfsson et al., 2023). The managerial implication is that AI may function as a mechanism 

for organizational learning if employees are trained to critically evaluate and apply AI-generated 

outputs. 

6. Future Research Agenda 

The proposed framework provides several directions for future empirical research. 

First, researchers can test whether strategic innovation and digital transformation mediate the 

relationship between AI capability and competitive advantage. 

Second, longitudinal research is needed to determine whether AI-generated performance 

improvements persist over time or diminish as technologies become standardized. 

Third, future studies should examine differences between large organizations and SMEs because 

resource constraints, skills, infrastructure, and leadership structures can substantially influence 

AI adoption. 
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Fourth, emerging economies deserve greater attention. Institutional conditions, digital 

infrastructure, access to skilled labour, regulation, and financing may produce AI outcomes 

different from those observed in developed economies. 

Fifth, future research should distinguish between conventional AI, generative AI, and 

autonomous or agentic AI. These technologies may create different organizational opportunities 

and risks. 

Finally, responsible AI deserves greater integration with strategic management research. Future 

studies should examine whether trust, transparency, fairness, and governance can themselves 

become sources of organizational legitimacy and competitive differentiation. 

8. Conclusion 

Artificial intelligence should not be conceptualized merely as a technological investment or 

automation mechanism. Its strategic value emerges when organizations integrate AI with data, 

human expertise, organizational learning, innovation capabilities, and digital transformation. The 

central proposition of this chapter is therefore that AI capability creates competitive advantage 

through organizational orchestration rather than technological ownership alone. 

The proposed AI Capability–Innovation–Digital Transformation–Competitive Advantage 

framework explains this process by positioning AI organizational capability as the foundation, 

strategic innovation and digital transformation as major value-creation mechanisms, and 

organizational agility, knowledge integration, and customer value as important intermediate 

pathways. Competitive advantage is consequently understood as an outcome of the 

organization's ability to convert AI resources into distinctive capabilities and continuously renew 

those capabilities. 

The framework also highlights the importance of context. Leadership, organizational culture, 

digital maturity, firm size, industry turbulence, competitive intensity, and regulatory conditions 

influence the extent to which AI produces value. Equally, responsible governance is essential for 

ensuring that AI-driven growth does not compromise privacy, fairness, security, transparency, or 

accountability. 

Ultimately, organizations are unlikely to gain sustainable advantage simply by accessing the 

newest AI model. The more enduring source of advantage lies in developing distinctive 

combinations of  technology, data, people, knowledge, processes, innovation, and governance. 

AI-driven business management should therefore be viewed as a continuing process of strategic 

renewal through which organizations learn, innovate, transform, and create superior value in 

increasingly digital markets. 
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Abstract 

Artificial intelligence has developed into a driving force in the investigative procedure, guiding 

research design, influencing how data is handled, outcomes are circulated; though the moral 

value framework accountable for supervising this transition has fallen behind the curve through 

the learning architecture itself. This study intends to investigate algorithmic transparency 

characterised by the unveiling of how automated systems sense and respond to data, as a 

fundamental but inconsistently enforced digital research governance protocol. The study 

integrates the thematic-synthetic approach into the theoretical one, thus, covering the latest 

trends in public opinion about the AI system, international models of managing artificial 

intelligence, and related empirical data, rather than focusing on the methodological aspect. The 

analysis notes three interconnected issues affecting accountability mechanisms, as a rift within 

the current system of the reviewing panels presenting a technical incompetence, territorial 

division concerning the comprehensive regulations implying the need for adaptation in 

multinational organizations, and social governance relying on artificial intelligence. These 

problems aggravate in combination with each other and not on individual grounds, presenting a 

gap for technical solutions to be efficient. The study suggests that these issues should be 

addressed through the organized and unitary multinational framework rather than the application 

of separate measures, thus providing the researchers; ethics review panels, and legislators with 

practical directions for enhanced accountability toward emerging artificial intelligence 

technologies. 

Keywords: Artificial intelligence, accountability mechanisms, reviewing panels, technical 

incompetence, territorial division, multinational organizations, social governance. 
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1. Introduction 

Artificial intelligence has evolved into an integral part of contemporary research instead Of just a 

supplementary tool. It assists investigators to formulate research inquiry, evaluate data, survey 

literature, compose text and authoring documents (Khalifa & Albadawy, 2024). AI also sways 

how studies get distributed, sourced, and investigated. Recommender engines boost the 

permanence of some studies, while ranking signal systems influence investigation to engage 

communities (Färber et al., 2023). Nonetheless AI has progressed more swiftly than governance 

frameworks to supervise Research Institutional Review Boards (IRBs) and Research Ethics 

Communities (RECs) were primarily designed for investigation-driven research where policies 

guiding actions are clear-cut and transparent (Bouhouita-Guermech et al., 2023). 

Computational transparency has accordingly turned into a model quandary. It denotes that the 

argumentation, data providers, suppositions, and problem-solving process of an AI model should 

be comprehensible and amenable to scrutiny (Díaz-Rodríguez et al., 2023). In conventional 

research, protocols can typically originate gradually. Several AI models, meanwhile, function as 

―algorithmic opacity‖ making it complicated to formulate a sound judgement. Occasionally even 

its creators are unable to completely describe the outcomes (Gryz & Rojszczak, 2021). This 

deficit of openness sparks worry about knowledgeable consent, data protection, risk analysis, 

peer assessment, composition and answerability post- publication (Resnik & Hosseini, 2025). 

This study contains that issues stem from a web of systemic learning deficits as opposed to a 

solitary opacity (Martinho et al., 2026). These encompass the disparity between ethics panel, 

algorithmic depth, regulatory divergence and the divide between public faith and the swift uptake 

of AI (Roberts et al., 2023). Such divides impact investigators since their data may be 

transformed and computed by platforms beyond the reach of oversight. The paper undertakes a 

research study on ethical AI, responsibility, and administration, summarizing the main ideas in 

comparative tables and diagrams. The article suggests modifying the existing approaches in 

order to enhance computational interpretability in research administration. India and other 

developing countries are the priority areas in this regard, given the need to integrate AI into the 

administrative functions while ensuring the highest level of research quality. 

2. Literature Review 

Studies propose that algorithmic accountability should be exercised throughout the research 

process. This can be achieved by making sure that the use of artificial intelligence is disclosed, 

the data or database is provided or designed, consent is obtained, the process by which AI arrives 

at specific conclusions is explained, appropriate documentation is maintained, and responsibility 

is assigned in case of failures or errors (Díaz-Rodríguez et al., 2023). Findings on interpretability 
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suggest that transparency and explainability are not equivalent concepts. Disclosure of design 

principles does not guarantee that the decisions reached by an AI system will be accessible to a 

given user. Therefore, explanations need to be provided in a manner that suits the expectations 

and level of understanding of different groups of stakeholders (Laato et al., 2022). Studies on the 

ethical issues of AI reveal various factors to consider in order to establish ethical principles of 

AI. These include privacy, bias, informed consent, data makeup, data governance, and 

transparency. The reports also stress the need to document the use of automated procedures, 

disclose the use of synthetic data, and engage communities in research (Resnik & Hosseini, 

2025).The issues of AI transparency seem especially relevant to IRBs and Research Ethics 

Committees as expertise on the matter is limited in oversight bodies. At the same time, evolution 

boards do not have appropriate methodologies to challenge AI-related research (Bouhouita-

Guermech et al., 2023). The recommendations stress the importance of ensuring AI observability 

at all stages of research as well as responsibility of investigators, institutions and authorities 

(Batool et al., 2025). The findings of the 2026 study highlight the need to consider transparency 

in the context of fairness, interpretability, answerability and human surveillance at practical, 

organizational and regulatory levels; recommend auditing of AI before deployment and after 

implementation (Martinho et al., 2026). 

Transparency can be achieved through audits by enforcing answerability. Audits can be used to 

assess fairness, privacy, responsibility, clarity, reliability, human oversight, and stakeholder 

engagement (Laine et al., 2024). Indeed, a comparative legal study revealed that significantly 

different approaches are being taken in across the Atlantic to govern artificial intelligence. 

However, the mere presence of policies is not sufficient to ensure legitimacy and trust in the 

system. At the same time, reliance on AI depends on whether the public deems it objective (Laux 

et al., 2024). In general, the research under analysis suggests the importance of principles-based 

disclosure, as well as on going, multidisciplinary, and tailored stewardship, as well as the 

significance of overcoming organizational, global, and conceptual deficiencies in terms of 

understanding the interconnections between transparency, dependency, and accountability, from 

which the current investigation departed (Brey & Dainow, 2024). 

3. Objectives 

1. To recognise and thematically integrate the fundamental moral aspects of algorithmic 

transparency and use for AI-driven exploration and computing environment. 

2. To differentiate how major legal frameworks (European Union, India, United States and 

ASEAN) and ethics committees put algorithmic accountability to practice and 

supervision.  
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3. To analyse the empirical evidence between public confidence, AI implementation and the 

efficacy of current accountability frameworks. 

 

 

Table 1: Fundamental elements of algorithmic transparency in AI assisted inquiry    

Elements Illustration 

Data linkage and informed 

consent 

Transparency indicates interpreting the data used to instruct 

AI and soliciting consent from the outset.  

Computational 

interpretability 

Explicatory skill to describe AI options in lucid terms that 

impact mankind and which controllers can comprehend. 

Organizational provenance Documentation of evaluation procedures, alterations, and 

reliable groups to assure good governance.  

Oversight mechanism  Using audit records and defined roles to assure shared data 

results in answerability and effective implementation.  

 

Table 1 epitomises the core concepts of algorithmic transparency revealed in the assessed 

literature. These incorporate data feeds and authorization, algorithmic accountability, 

organisational transparency and liability. The findings suggest that transparency should 

commence prior to the design phase, pre-data collection instead of post-deployment of the AI 

model (Felzmann et al., 2020). They also illustrate that transparency signifies notifying people 

about how AI is being applied while explicability indicates lucidly describing how AI decides. In 

research, audit trails and different accountabilities are important to ensure that any form of 

mismanagement is easily identifiable and can be addressed. All these factors contribute to the 

promotion of responsible AI (Papagiannidis et al., 2025).   
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Table 2: Comparative analysis of Major AI and data management model 

Structure Dominion Governance 

strategy 

Main attributes 

EU AI Act European Union Human-centered, 

horizontal, 

retrospective 

monitoring. 

High stakes AI must 

divulge training 

sets, and 

specifications. 

Algorithmic Accountability 

Act 

United States  Spontaneous, 

forward-thinking, 

evidence-based. 

High stakes AI 

mandate impact 

evaluation prior to 

being used in 

vulnerable areas. 

Digital Personal Data 

Protection Act 2023  

India   Consent 

governance, 

surrogate AI 

regulation  

Data privacy 

mandates are in 

effect while 

research exceptions 

are still evolving. 

ASEAN framework for AI 

governance and ethics  

ASEAN region  Collaborative, 

principles-driven 

and voluntary  

Common values 

foster discretionary 

alignment through 

collaboration and 

mutual agreement.  

 

Table 2 above highlights the four significant AI operating models that make it clear that there is 

no general method of regulating artificial intelligence on a global scale. The EU pursues the 

principle of safeguarding mankind from all risks through the strict risk-differentiated 

meteorology (Lu & Tie, 2025). The US focuses on ensuring that the impact is evaluated and 

innovation is facilitated, while India does not intend to create a set of laws for regulating AI, but 

instead, use the existing laws relating to data privacy and consent for processing (Cheong, 2024). 

The ASEAN Framework lists the ethical principles; however, it is not mandatory. This 

heterogeneity impacts the research activities of multinational entities since they have to take into 

account all the possible jurisdictions that might apply different regulations to the same activity. 

At the same time, it becomes evident that all the four jurisdictions determined the priorities to 

address, as well as the conditions of governance and scale (Almada & Radu, 2024). 
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Table 3: Regulatory hurdles in AI research synthesis  

Challenge Explanation 

Technical skills gap  IRBs and RECs are frequently manned by health-related, lawful or 

social scientist as opposed to data engineers restricting their 

potential to assess AI models. 

Competing interests Independent Ethics Committee (IEC) may encounter stress to 

embrace investigation that aids their staffs, prejudiced assessment.  

Ethical offloading of AI  Leveraging AI tools to plan and inspect governance vulnerabilities 

subverting human deliberation that ethics-driven decisions need.  

Bureaucratic delay  Assessment timeframe for steady-state analyses refuse adaptive AI 

models, leaving authorizations based on bygone shots.  

 

Table 3 indicates the pivotal obstacles encountered by research centres in supervising AI. Many 

ethics panel are amateurs in AI and data engineering. IEC may navigate a clash of interests when 

validating research (Bernstein et al., 2021). Research also cautions that AI must not substitute 

human discernment in moral choices.  Another obstacle is that AI models vary rapidly while 

active review processes are modelled for conventional investigation but lag behind (Hassen, 

2025).  

 

Table 4: Stakeholders ethical misalignment in digital research governance 

Misalignment  Explanation  

Capability gap  Regulatory bodies fall short of technical proficiency to carefully gauge 

proposed AI models.   

Demarcation  EU, US, India, and ASEAN Rules vary obstructing compliance for 

international research.   

Resource 

inequality  

Well -endowed organisations have a higher limit for technical governance 

than modest organisations.  

Credibility gap  Open AI deployment is enhancing rapidly than faith in its dependability 

and oversight.  

 

Table 4 provides a list of the four major ethical cleavages uncovered among the contributors. The 

cleavages are characterized by the lack of expertise in such areas as technology, guidelines, 

assets, and public trust. It is noteworthy that the issues are interrelated and may aggravate one 

another. For instance, the organizations which lack resources and knowledge cannot meet the 

required standards and regulations (Lahusen et al., 2024). Additionally, the study confirms public 
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interest in data privacy, ownership, and surveillance. The issues are especially pertinent for those 

whose data is used for the purposes of advanced data analytics such as AI developments 

(Knowles & Richards, 2021). 

Table 5: Suggested methods for bolstering algorithmic accountability throughout the 

compliance framework  

Supervision stage Suggested methods 

Preliminary design  Prerequisite of AI effective evaluation and reporting prior to data 

acquisition.  

Organisational review On boarding technical trainers and interdisciplinary specialists to 

review panel.  

Model construction Incorporation of interpretability criteria during technical framing 

rather than supplementing them later.  

Issuing and revelation Record of reassessment, modifications, and AI-augmented research 

papers. 

Post-implementation Deployment of persistent external auditing rather than one-off 

clearance.  

 

Table 5 outlines the key strategies for enhancing interpretability in the course of the 

investigation. This incorporate impact analysis prior to data acquisition, AI ethicist, AI 

transparency and post-implementation reviews. The research indicates that openness should be 

upheld during every stage of the research, not just at the authorization phase (Madanchian & 

Taherdoost, 2025). In general, operational visibility needs foresightedness, professional training 

centres, explicit rules, stakeholder engagement, and constant surveillance. A range of actions 

must take place simultaneously as no solitary solution is sufficient to assure responsible AI 

(Rismani et al., 2025). 

4. Results and discussion  

The outcomes of the research are represented by applying four figures that synthesise the core 

themes recognised in the research synthesis. These figures illustrate that algorithmic 

transparency is unattainable via a single fix. Rather it banks on institutional strengthening, 

bolstering rules across several areas, and developing public confidence (Nieuwenhuizen et al., 

2025). 

EU strategy 

on AI in 

Europe; AI 

HLEG 

 AI HLEG 

completes 

the 

evaluation 

 India 

implements 

the DPDP 

Act 

 Complete 

rollout  of 

India's 

DPDP Act 
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assigned 

2018 

roster for 

responsible 

AI 

2020 

2023 awaited 

2027 

● ● ● ● ● ● ● 

 2019 

AI HLEG 

issues 

Ethics 

Frameworks 

for  

responsible 

AI 

 2021 

European 

Commission 

recommends 

the EU AI 

Act 

 2025 

India 

publishes 

DPDP 

Rules; 

worldwide 

AI 

perception 

survey 

carried out 

 

Figure 1: Timeline of AI milestones and data maturity levels relative to Algorithmic 

accountability (2018 – 2027). 

Figure 1 displays the timeline of the legal frameworks explained in table 2. It indicates that 

algorithmic transparency has evolved in different ways internationally instead of a unified 

approach (Pua, 2026). Europe‘s strategy for managing AI is systematic. In contrast, India‘s 

approach to data protection and personal data is gradual, even though India has taken a number 

of measures to ensure data security, for example, the Data Protection and Digital Privacy Act and 

other measures, however, there are no laws regulating artificial intelligence. Additionally, the 

graphic includes the 2025 world trust survey, which shows that trust in AI is becoming 

institutionalized and embedded in the mechanisms and frameworks that govern AI (Laux et al., 

2024). Overall, the timeline suggests that governance and trust in AI develop in tandem, 

although at different rates for different countries.  
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Figure 2: Core framework of ethical gaps in digital research governance. 

Figure 2 depicts that the expertise, territorial, asset, and credibility gaps are linked. The resource 

disparity is centrally located because it intensifies subsequent challenges more significantly. 

Organisations with technical in aptitude and assets often find it difficult to handle several needs. 

Trust deficit in public can also limit mankind‘s eagerness to contribute in responsible AI 

implementation (Robles & Mallinson, 2025). The figure indicates that fine tuning only one 

aspect is not sufficient. AI trustworthiness needs effective oversight, high administrative 

competence, technical proficiency, ample resources, and more public faith working hand-in-hand 

(Díaz-Rodríguez et al., 2023).  

 

 

Figure 3: Thematic progression of algorithmic transparency across the research data 

governance framework. 

Figure 3 presents the five phases of algorithmic transparency in online research: data processing, 

AI computing, research ethics review, revelation and public responsiveness. The feedback loop 

indicates that supervision should be maintained even after ethical clearance. Rather than being a 

one-shot procedure, ethical approval should be mandatory by constant surveillance and auditing 

(Martinho et al., 2026). The figure also indicates the major functions of ethics panel although 
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they often are devoid of ample assets (Bouhouita-Guermech et al., 2023). On the whole, it 

illustrates that responsible AI needs both scrutiny, pre-deployment and sustained follow up. 

 

Figure 4: Impression of employees and global respondents on AI usage, faith, and 

supervision. 

Figure 4 illustrates the findings from 2025 global survey conducted by the University of 

Melbourne and KPMG. The survey finds that even though several people use AI constantly and 

identifies its merits, less than 50% wholeheartedly have faith on AI models. It also discovers that 

several users depend on AI without verifying its precision and more than 50% have encountered 

professional oversights as a result of this. Majority of respondents prioritise stronger AI 

governance. These results indicate a gap between AI usage and public faith (Díaz-Rodríguez et 

al., 2023). They also point out the requirements for constant surveillance, unbiased confirmation 

and conscientious supervision to assure the ethical AI integration into research (Laine et al., 

2024).  

5. Conclusion 

The results highlight that algorithmic transparency is significant but it cannot resolve all the 

ethical hurdles of AI independently (Díaz-Rodríguez et al., 2023). Ethics panel often lack the 

know-how of technology to assess AI models (Bouhouita-Guermech et al., 2023). Several 

nations obey separate rules, and yet many individuals do not strongly believe in AI (Pua, 2026). 

To solve these issues, research centres require specialists from several fields, strong coordination 

between rules, and constant supervision rather than one-shot ethical clearance (Martinho et al., 

2026). India also needs to focus on bolstering both data security and AI oversight at the same 

time. For investigators, teachers, and lawmakers, transparency should be treated as a continuous 

moral obligation during every phase of the investigation (Batool et al., 2025). Future research 

should investigate these obstacles in education and social science where the usage of AI in 
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enhancing but oversight remains unmonitored.  

Bridging these gaps need strategic investment for prolong time instead of just formulating 

policies. Capital providers and organisations should offer allocated resources for AI model 

validation, multidisciplinary training and the sourcing of evaluators who comprehend both 

techniques and ethics. Answerability cannot rely only on mutual trust. Harmonisation among 

controllers, educational institutions, and tech firms can foster shared benchmarks and narrow the 

gap between nations such as the European Union and India (Laux et al., 2024). Developing 

public confidence is equally significant. Public should be fully apprised about how AI models 

are evaluated, supervised and rectified when issues arise. Clear communication can leverage AI 

more comprehensible and dependable (Laato et al., 2022). Prospective studies are also required 

to analyse how AI policy shifts as technology evolves. Such type of research can recognise 

which guidelines and methods can mitigate risks and safeguard mankind. On the whole, ethical 

AI is a perpetual undertaking that needs equilibrium between creation, supervision, openness and 

accountability. All concerned must sustain collaboration to assure that the usage of AI Is secured, 

impartial, and amenable in investigation (Madanchian & Taherdoost, 2025).    
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Chapter 22 

The Impact of Social Media Branding and Digital Communication in 

the AI Era 

 

Yuvika & Bhavishya 

 

Abstract 

The rapid development of social media and artificial intelligence (AI) has changed 

the way brands communicate with audiences. Branding is no longer limited to 

logos, advertisements, packaging, or traditional media campaigns. Today, a brand is 

experienced through social media posts, short-form videos, comments, influencer 

collaborations, online communities, customer reviews, personalised 

recommendations, and increasingly, AI-generated content. Social media has 

transformed communication from a largely one-way process into an interactive 

environment where consumers can respond to, reshape, and even challenge brand 

messages. At the same time, artificial intelligence is making digital communication 

faster, more personalised, data-driven, and scalable. AI can assist brands with 

content creation, audience analysis, customer service, trend identification, and 

campaign optimisation. However, its growing role also creates concerns regarding 

authenticity, misinformation, privacy, transparency, and the loss of human 

connection. 

This chapter examines the impact of social media branding and digital 

communication in the AI era. It discusses the changing nature of branding, the role 

of social media in creating brand identity, the transformation of audience engagement, 

the influence of AI on content creation and personalisation, and the importance of 

authenticity and ethical communication. The chapter also explores how brands can 

balance technological efficiency with human creativity. Existing literature suggests 

that successful digital branding depends not simply on adopting the newest 

technology, but on using technology in ways that strengthen relationships, trust, 

relevance, and meaningful communication with audiences. 

Keywords: social media, branding, digital communication, artificial intelligence, brand 

identity, consumer engagement, authenticity, generative AI  

 

1. Introduction 
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Communication has always been central to branding. A brand does not exist only 

as a name, logo, product, or service. It exists in the meanings and associations that 

people develop around it. Traditionally, companies had significant control over 

how these meanings were communicated. 

Advertisements appeared in newspapers, magazines, television, radio, and outdoor 

spaces, while audiences mainly consumed the messages created by organisations. 

The rise of the internet and social media changed this relationship fundamentally. 

Social media has made communication more immediate, participatory, and visible. 

Consumers are no longer simply receivers of brand messages. They can comment, 

share, review, recommend, criticise, remix, and create their own content around 

brands. Kaplan and Haenlein (2010) describe social media as a collection of 

internet-based applications that allow the creation and exchange of user-generated 

content. This shift has made branding a more collaborative process. A company 

may create a campaign, but the audience can influence how that campaign is 

interpreted and discussed. 

The scale of this transformation is significant. DataReportal reported that there 

were approximately 5.24 billion active social media user identities worldwide in 

early 2025, representing more than G0% of the global population (Kemp, 2025). 

Although user identities do not necessarily represent unique individuals, the figure 

illustrates the enormous communication environment in which modern brands 

operate. 

The arrival of artificial intelligence has added another major layer to this 

transformation. AI can analyse large quantities of audience data, identify patterns, 

recommend content, automate customer interactions, generate text and visuals, and 

assist with campaign planning. Dsouza et al. (2023) argue that AI is transforming 

branding by influencing consumer-brand relationships and helping brands develop 

more adaptive approaches to communication. The combination of social media and 

AI therefore creates a communication environment that is faster, more 

personalised, and more complex than traditional digital marketing. 

However, technological capability does not automatically produce successful 

branding. A brand can publish hundreds of AI-generated posts and still fail to 

create a meaningful relationship with its audience. In fact, research suggests that 

excessive dependence on generative AI can sometimes reduce perceptions of brand 

authenticity (Brüns & Meißner, 2024). The challenge for contemporary brands is 
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therefore not simply to use AI, but to understand where technology adds value and 

where human creativity, emotion, judgement, and empathy remain essential. 

2. Understanding Social Media Branding 

Social media branding refers to the strategic use of social platforms to create, 

communicate, strengthen, and maintain a brand‘s identity and relationship with its 

audience. It includes much more than posting promotional material. It involves the 

tone of communication, visual identity, storytelling, audience interaction, 

community building, influencer relationships, customer responses, and the overall 

experience people associate with a brand online. 

The difference between traditional branding and social media branding can be 

understood through the direction of communication. Traditional advertising was 

often controlled by the organisation. Social media, in contrast, is interactive. 

Kietzmann et al. (2011) identified seven functional building blocks of social media: 

identity, conversations, sharing, presence, relationships, reputation, and groups. 

These elements demonstrate why social media cannot be treated simply as another 

advertising channel. It creates an environment in which brands and audiences 

continuously interact. 

For example, when a customer comments on a brand‘s Instagram post, the 

comment becomes part of the public communication surrounding the brand. When 

another user replies to that comment, the conversation becomes even more 

important. A positive customer experience can strengthen reputation, while an 

unresolved complaint can become highly visible. In this environment, branding is 

partly shaped by what the company says and partly by what people say about the 

company. 

This has changed the meaning of brand control. Anderson (2010) explains that 

social media provides consumers with greater influence over brand identity because 

brand perceptions are formed through networked conversations and feedback. This 

means that a brand‘s identity is no longer created entirely inside the organisation. It 

develops through interactions among the company, consumers, creators, 

employees, and wider online communities. 

3. The Changing Nature of Brand Identity 

Brand identity traditionally refers to the way an organisation wants its brand to be 

understood. Aaker (1UUG) emphasised the importance of developing a strong and 
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distinctive brand identity, while Keller (1UU3) explained brand equity through the 

associations and knowledge consumers hold about a brand. 

In the social media environment, however, brand identity becomes more dynamic. 

A company may decide that it wants to appear youthful, innovative, friendly, 

premium, sustainable, or socially responsible. But the audience ultimately 

participates in determining whether those characteristics are believed. 

Kapferer‘s Brand Identity Prism provides a useful framework for understanding 

brand identity through six dimensions: physique, personality, culture, relationship, 

reflection, and self-image. These dimensions help explain that branding is not 

simply about visual appearance. It also involves how a brand behaves, 

communicates, relates to consumers, represents a particular lifestyle, and 

contributes to how consumers perceive themselves (Kapferer, 2012). 

Social media makes these dimensions visible on a daily basis. A brand‘s 

personality can be expressed through captions, humour, visual content, replies, and 

videos. Its culture can be communicated through values and organisational stories. 

Relationships can be developed through direct interaction with customers. 

Reflection and self-image can be shaped through the lifestyles and identities 

presented in social content. 

Recent research supports this changing understanding of brand identity. Hwang and 

Lee (2025) found that social media communication influences how brand identity 

is perceived across different types of content and that brands need to adapt their 

representation and storytelling strategies to changing digital environments. This is 

particularly relevant for younger audiences who often encounter brands through 

multiple forms of content rather than through a single traditional advertisement. 

The result is that consistency remains important, but consistency no longer means 

repeating exactly the same message everywhere. Instead, brands need a consistent 

personality that can adapt to different platforms, formats, cultures, and 

conversations. 

4. Social Media as a Two-Way Communication Environment 

One of the biggest impacts of social media branding is the movement from one-

way communication to two-way and many-to-many communication. 

Traditional advertising generally followed a simple structure: a company created a 

message, selected a medium, and delivered that message to an audience. Social 
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media creates a much more complicated communication process. A company 

creates a post, users respond, creators interpret it, other users share it, and 

algorithms determine which audiences are likely to see it. The original message can 

therefore develop a life of its own. 

4.1 This creates opportunities as well as risks. 

From an opportunity perspective, brands can communicate directly with customers 

without relying entirely on traditional media organisations. They can receive 

immediate feedback, answer questions, understand consumer concerns, and 

develop communities. Social media can also make brands appear more 

approachable because consumers can see people behind the organisation. 

From a risk perspective, the same openness can expose a brand to criticism. A poor 

customer experience can become publicly visible. A poorly worded post can 

receive negative reactions. A brand attempting to appear socially responsible may 

be challenged if its actions do not match its communication. 

This is why social media branding requires listening as much as speaking. 

Kietzmann et al. (2011) emphasise the importance of monitoring and responding to 

social media activities. A successful social media strategy should therefore include 

social listening, community management, feedback analysis, and crisis 

communication. 

The audience should not be treated simply as a collection of potential buyers. 

People are participants in the communication environment. They can contribute 

ideas, identify problems, create content, and influence others. Research on brand 

co-creation similarly suggests that consumers and other stakeholders actively 

participate in developing brand meanings and identities (Ind et al., 2017). 

4.2 Digital Communication and the Rise of Visual Storytelling 

Digital communication has also changed the way brands tell stories. Social media 

has increased the importance of visual communication, particularly through 

images, short videos, live streams, stories, reels, memes, and interactive formats. 

The popularity of short-form video illustrates this shift. Audiences increasingly 

encounter brands while scrolling through entertainment and information rather than 

deliberately searching for advertisements. This means that brands compete not only 

with other companies but also with creators, news, entertainment, personal posts, 

and user-generated content. 



302 
 

As a result, successful digital communication needs to provide some form of value. 

That value might be entertainment, information, inspiration, emotional connection, 

education, or practical usefulness. 

Storytelling is particularly important because consumers do not always remember 

individual product features, but they may remember a story or emotional 

experience. Digital platforms allow brands to tell stories through multiple 

connected pieces of content. A campaign might begin with a short video, continue 

through user-generated posts, and develop through comments and creator 

collaborations. 

Hwang and Lee (2025) highlight the importance of storytelling and multimodal 

communication in contemporary social media branding. The brand message is no 

longer communicated through one fixed format. Text, image, video, sound, emojis, 

comments, and audience responses can all contribute to brand meaning. 

This also means that digital communication needs cultural awareness. A joke that 

works for one audience may not work for another. A trend may be appropriate for 

one brand but damaging for another. Therefore, effective digital communication 

requires both creativity and judgement. 

4.3. Artificial Intelligence and the Transformation of Branding 

Artificial intelligence is changing branding at several levels. At the simplest level, 

AI can assist with routine tasks such as generating content ideas, summarising 

feedback, analysing trends, and organising information. At a more advanced level, 

AI can support audience segmentation, predictive analytics, personalised 

communication, automated customer service, and content optimisation. 

AI is also increasingly used in content production. Generative AI can assist in 

creating drafts, images, ideas, scripts, captions, and other forms of communication. 

This can be particularly useful for small businesses and creators who may not have 

large marketing teams. 

However, AI should be understood as a tool rather than a complete replacement for 

human communication. A generated caption may be grammatically correct but 

emotionally inappropriate. An AI-generated image may look attractive but fail to 

represent the actual product accurately. An automated response may answer a 

customer‘s question but fail to understand their frustration. 

The most effective approach is therefore likely to involve collaboration between 
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humans and AI. Human professionals can provide strategy, cultural understanding, 

creativity, ethical judgement, and emotional intelligence, while AI can provide 

speed, scale, data analysis, and assistance with repetitive tasks. 

5. Personalisation and Audience Engagement 

Personalisation is one of the most significant advantages AI brings to digital 

communication. Traditional mass communication treated large groups of people as 

relatively similar audiences. Digital platforms can now deliver highly targeted 

content based on behaviour, interests, interactions, and other signals. 

For brands, this can improve relevance. A person interested in sports may receive 

different content from someone interested in fashion. A customer who has 

previously interacted with a particular product category may receive information 

related to that category. 

Personalisation can also make communication feel moretimely. AI systems can 

help determine when and how particular audiences are likely to engage with 

content. They can support recommendations and automated responses, allowing 

organisations to communicate with large audiences at scale. 

However, personalisation also creates an important ethical question: when does 

useful personalisation become intrusive? 

Consumers may appreciate recommendations that are genuinely relevant, but they 

may become uncomfortable when they feel that a brand knows too much about 

them. Privacy, data protection, transparency, and informed consent therefore 

become important elements of digital communication. 

The convergence of AI and social media provides both business opportunities and 

risks. A large-scale review by Maldonado-Canca et al. (2024) identifies benefits 

such as improved audience analysis and content optimisation while also 

highlighting challenges related to ethics and misinformation. This demonstrates 

that AI-based communication cannot be evaluated only through efficiency or 

engagement. Its social consequences also matter. 

6. The Role of Algorithms in Brand Visibility 

Social media branding is strongly influenced by algorithms. On most major social 

platforms, users do not simply receive content in chronological order. Algorithms 

determine what content is likely to be shown based on numerous signals, including 
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engagement, relevance, previous behaviour, and other platform-specific factors. 

This creates a major challenge for brands. Having a social media account does not 

guarantee visibility. A brand may create high-quality content but receive limited 

reach if the platform does not distribute it widely. 

Consequently, digital communication has become partly data-driven. Brands 

monitor metrics such as views, watch time, shares, comments, saves, clicks, 

conversion rates, and audience retention. These measurements can help 

organisations understand how audiences respond. 

AI makes this process more sophisticated by identifying patterns within large 

datasets. Instead of looking at individual metrics manually, AI systems can help 

identify relationships and trends. 

However, metrics should not become the only measure of communication success. 

A post may receive many views without creating trust or long-term brand value. 

Similarly, content designed purely for engagement may attract attention but fail to 

communicate what the brand actually stands for. 

7. Influencers, Creators, and Humanised Branding 

The growth of creators and influencers has further changed digital communication. 

Consumers may sometimes trust individuals more than traditional advertisements 

because creators communicate through personal experiences, opinions, 

demonstrations, and storytelling. 

For brands, creator partnerships can provide access to communities that already 

have established interests and relationships. A creator can introduce a product in a 

way that feels more natural than a conventional advertisement. 

However, influencer communication also depends heavily on credibility. If an 

endorsement appears forced or purely commercial, audiences may question its 

authenticity. This is particularly important in the AI era because audiences are 

becoming increasingly aware that digital content can be generated, edited, 

manipulated, or automated. 

Human presence therefore remains important. Behind-the-scenes content, 

employee stories, customer experiences, creator collaborations, and real 

conversations can make a brand feel more relatable. 

Social media branding is ultimately about relationships. Technology can help 
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facilitate those relationships, but it cannot completely replace the emotional 

meaning created through human interaction. 

8. Authenticity in the Age of Generative AI 

Authenticity has become one of the most important challenges in AI-powered 

branding. 

Generative AI can produce polished content quickly. However, polished content is 

not necessarily authentic content. Consumers may question whether a brand‘s 

message reflects genuine human creativity or simply automated production. 

Brüns and Meißner (2024) investigated consumer responses to brands using 

generative AI for social media content. Their findings suggest that disclosure of 

generative AI use can negatively affect perceptions of authenticity in certain 

circumstances. Importantly, the negative effect was reduced when AI was used to 

assist human content creation rather than replace humans completely. 

This distinction is significant. There is a difference between using AI to brainstorm 

ideas and allowing AI to control the entire communication process. In the first 

situation, technology supports human creativity. In the second, communication may 

become less personal. 

Authenticity does not necessarily mean that every piece of content must be created 

manually. Instead, authenticity can be understood as consistency between what a 

brand communicates and what it actually does. If a brand claims to care about 

customers, its customer service should reflect that claim. If it claims to value 

sustainability, its practices should support that message. 

Therefore, AI should be integrated into branding without losing the human values 

that make the brand meaningful. 

9. Misinformation, Deepfakes, and Trust 

The ability of AI to generate realistic text, images, audio, and video creates another 

major challenge: misinformation. 

Social media already allows information to spread rapidly. AI can increase the 

speed and scale at which misleading content is produced. A fabricated image or 

video can potentially create confusion about a person, company, event, or product. 

For brands, this means that reputation management is becoming more complicated. 

Organisations may need to monitor online conversations, verify information, 
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respond quickly to false claims, and develop clear communication policies. 

The convergence of AI and social media has been associated with both significant 

commercial opportunities and risks involving misinformation (Maldonado-Canca et 

al., 2024). Therefore, digital communication strategies should include mechanisms 

for verification and responsible content management. 

Trust becomes particularly important here. Once consumers lose confidence in a 

brand‘s communication, rebuilding that trust can be difficult. Brands should 

therefore avoid misleading AI-generated representations and should be transparent 

when synthetic media could affect audience interpretation. 

10. The Importance of Human Creativity 

One of the most common discussions surrounding AI is whether it will replace 

creative professionals. In branding, the more useful question may be how AI will 

change creative work. 

AI can generate multiple ideas in seconds. It can provide alternative headlines, 

suggest content structures, analyse audience responses, and help transform one 

piece of content into different formats. These capabilities can save time. 

But creativity involves more than producing possibilities. It involves deciding 

which idea is meaningful, culturally appropriate, emotionally relevant, and 

consistent with a brand‘s identity. 

A human creative professional understands context. They can recognise when a 

trend is inappropriate. They can understand subtle humour, cultural sensitivity, 

emotion, and social meaning. AI can support this process but does not remove the 

need for human judgement. 

The future of branding is therefore unlikely to be a simple competition between 

humans and machines. It is more accurately understood as a collaboration. Brands 

that use AI as a creative assistant while maintaining strong human direction may be 

better positioned to combine efficiency with authenticity. 

11. Ethical Dimensions of AI-Based Digital Communication 

The increasing use of AI in branding raises several ethical questions. 

First is transparency. Audiences should not be deliberately misled about the nature 

of content, particularly when AI-generated material could influence important 

perceptions. 
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Second is privacy. Personalised communication often depends on data. Brands 

must use consumer information responsibly and respect applicable privacy 

requirements. 

Third is bias. AI systems learn from data, and data can contain existing social 

biases. If these biases influence targeting, recommendation, or communication, 

some audiences may be unfairly represented or excluded. 

Fourth is accountability. When an AI-generated communication causes harm or 

confusion, organisations cannot simply blame the technology. The brand remains 

responsible for the communication it publishes. 

Finally, there is the question of cultural sensitivity. AI-generated content may 

reproduce stereotypes or misunderstand local contexts. Human review is therefore 

essential, especially for communication directed at diverse audiences. 

Ethical branding should not be treated as an obstacle to innovation. In the long 

term, ethical behaviour can strengthen trust and reputation. Technology becomes 

more valuable when consumers believe that organisations use it responsibly. 

12. Social Media Branding in the Indian Context 

India presents an especially interesting environment for social media branding 

because of its large and diverse digital audience. Brands communicate across 

multiple languages, cultural contexts, regions, age groups, and social backgrounds. 

Digital communication in India is increasingly shaped by a mixture of global 

platforms and local cultural expression. Brands may use English, Hindi, Hinglish, 

regional languages, memes, festivals, local creators, and culturally familiar 

storytelling. 

This environment creates opportunities for highly relatable communication. A 

brand that understands the language and humour of its audience may build stronger 

connections than a brand that relies only on generic global messaging. 

At the same time, Indian audiences are not one homogeneous group. A 

communication strategy that works for an urban audience may not work in a 

smaller city or among audiences with different cultural backgrounds. AI can help 

identify patterns across large datasets, but human understanding remains important 

when interpreting those patterns. 

For Indian brands, the future of digital communication is therefore likely to involve 
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a combination of technology and cultural sensitivity. AI can support scale and 

personalisation, while human teams can ensure that communication remains 

relevant and respectful. 

13. Social Media Branding and Consumer Behaviour 

Social media affects not only how brands communicate but also how consumers 

make decisions. 

Consumers can discover products through recommendations, creator content, 

reviews, comments, tutorials, short videos, and community discussions. The 

customer journey has therefore become less linear. 

A consumer may first encounter a product through a short video, search for 

reviews, visit the brand‘s profile, compare alternatives, watch a creator‘s 

demonstration, read comments, and finally make a purchase. After purchasing, the 

same consumer may create content and influence other potential customers. 

This creates a continuous communication cycle. 

Brand equity becomes important in this environment because repeated exposure 

and meaningful associations can influence consumer responses. Keller (1UU3) 

argues that strong customer-based brand equity develops when consumers possess 

favourable, strong, and unique brand associations. Social media provides numerous 

opportunities to create these associations, but it also provides numerous 

opportunities to damage them. 

A brand‘s communication must therefore be consistent across the customer 

journey. If advertising promises one experience while the actual product or 

customer service provides another, social media can quickly expose the gap. 

14. Measuring the Impact of Digital Branding 

The impact of social media branding should be measured through both quantitative 

and qualitative indicators. 

Quantitative measures include: 

 Reach and impressions 

 Engagement rate 

 Video views and watch time 

 Click-through rates 

 Website traffic 
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 Leads and conversions 

 Follower growth 

 Customer retention 

 Sentiment indicators 

These measures can help brands understand immediate performance. 

However, long-term branding requires broader measures such as awareness, trust, 

reputation, perceived quality, loyalty, and brand associations. A campaign that 

generates fewer clicks may still strengthen brand identity and create long-term 

value. 

AI can support measurement by processing large amounts of information and 

identifying patterns. It can analyse comments, categorise customer feedback, 

identify recurring complaints, and monitor changes in sentiment. 

The important point is that measurement should serve strategy. Brands should not 

create content simply because a particular metric is easy to measure. The purpose of 

measurement is to understand whether communication is helping the brand achieve 

meaningful objectives. 

15. Challenges for Brands in the AI Era 

Despite its opportunities, the AI era creates several challenges for social media 

branding. 

The first is content saturation. If AI makes content production easier, the internet may 

become even more crowded with similar posts. Producing more content will not 

necessarily create more attention. 

The second is the risk of sameness. When many brands use similar AI tools and 

prompts, communication may begin to look and sound similar. Distinctive human 

ideas may therefore become even more valuable. 

The third is authenticity. As discussed earlier, audiences may question content that 

appears overly automated. 

The fourth is misinformation. AI can increase the scale of misleading digital content. 

The fifth is privacy. Personalisation depends on information, and consumers may 

become uncomfortable with excessive data collection. 

The sixth is the changing role of professionals. Social media managers, designers, 

copywriters, photographers, editors, public relations professionals, and marketers 
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increasingly need to understand AI tools alongside their existing creative skills. 

Finally, brands face the challenge of maintaining human relationships in increasingly 

automated communication environments. 

  16. The Future of Social Media Branding and Digital 

Communication 

The future of branding will likely be defined by the integration of AI, social media, data, 

creativity, and human relationships. 

AI will increasingly become part of everyday marketing workflows. Rather than 

being a separate technology, it may become integrated into content planning, customer 

service, analytics, design, and campaign management. 

At the same time, the value of human creativity may increase. When automated 

content becomes common, original ideas, distinctive storytelling, real experiences, 

and genuine personalities can become stronger differentiators. 

Social media platforms will also continue to evolve. New formats may emerge, while 

existing platforms may change how content is distributed. Brands therefore need to 

remain adaptable rather than building their entire identity around one platform or trend. 

Community building is also likely to become more important. Instead of focusing 

exclusively on follower numbers, brands can focus on creating groups of people who 

genuinely care about shared interests, values, or experiences. 

In this future, the strongest brands may not necessarily be those that use the most 

technology. They may be those that use technology most intelligently while remaining 

recognisably human. 

17. Conclusion 

Social media branding and digital communication have undergone a fundamental 

transformation in the AI era. Branding has moved from a primarily organisation-

controlled activity toward a more interactive and participatory process. Consumers 

now contribute to brand meaning through comments, reviews, creator content, 

communities, and everyday online conversations. 

Artificial intelligence has accelerated this transformation. It enables brands to analyse 

audiences, personalise communication, generate content, automate routine tasks, and 

make faster decisions. These capabilities can improve efficiency and relevance, 
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particularly when organisations have large audiences and large amounts of data. 

However, technology alone cannot create a strong brand. Branding ultimately 

depends on meaning, trust, relationships, and experience. Research on AI-

generated social media content shows that excessive automation can create 

concerns about authenticity, while research on AI-driven branding highlights the 

potential of AI to transform consumer-brand relationships (Brüns & Meißner, 

2024; Dsouza et al., 2023). 

The central challenge is therefore balance. Brands need to use AI without losing 

human creativity. They need to personalise communication without becoming 

intrusive. They need to use data without ignoring privacy. They need to produce 

content efficiently without sacrificing originality. Most importantly, they need to 

communicate in ways that reflect what they actually stand for. 

The future of digital branding is not simply about machines communicating with 

consumers. It is about humans using intelligent technologies to build better 

communication with other humans. Social media provides the space for that 

relationship, AI provides new capabilities, and branding provides the meaning that 

connects the two. 

Ultimately, successful branding in the AI era will belong to organisations that 

understand that attention can be generated by technology, but trust must still be earned 

through authentic and meaningful communication. 
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Chapter 23 

Artificial Intelligence in Journalism and Mass Communication: The Future of News, 

Automation, Ethics, and Audience Interaction 

Saksham Khurana, Honey Gupta 

1. Introduction 

Artificial Intelligence (AI) has moved from being a largely technical concept to becoming an 

increasingly visible part of everyday communication. In journalism and mass communication, 

its influence can already be seen in news gathering, data analysis, content production, 

translation, recommendation systems, audience analytics, fact checking, and digital distribution. 

Newsrooms are no longer discussing AI only as a distant possibility. They are experimenting 

with it, developing internal guidelines, and incorporating it into routine workflows. The 

Reuters Institute reported that a large majority of surveyed publishers believed generative AI 

was already transforming their newsrooms, while many were exploring AI for back-end 

automation, content creation, personalization, translation, audio, summaries, and conversational 

interfaces (Newman, 2025). 

The development of AI in journalism, however, is not simply a story of technological progress. 

Journalism is a profession built around public trust, verification, editorial judgment, 

accountability, and the responsibility to inform citizens. Therefore, when a machine becomes 

involved in producing or distributing information, an important question arises: who is 

responsible for the information that reaches the public? The question becomes even more 

complicated when AI systems generate content that sounds convincing but contains inaccurate 

information, reproduce biases present in their training data, or create realistic images, audio, 

and videos that never existed. 

AI has therefore created a paradox for journalism. On one hand, it can help journalists work 

faster, analyse enormous quantities of information, identify patterns, translate stories into 

multiple languages, and make content accessible to wider audiences. On the other hand, it can 

increase the scale and speed at which misinformation, manipulated media, and low-quality 

content circulate. The central issue is not whether AI should be used in journalism, because its 

use is already expanding. The more important issue is how it should be used, where human 

judgment should remain essential, and what ethical principles should govern its application. 
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This chapter examines the relationship between artificial intelligence, journalism, and mass 

communication by considering the technological transformation of news production, the 

changing role of journalists, audience interaction, professional opportunities, ethical 

challenges, and the future of AI-enabled media. 

The chapter argues that AI should primarily be understood as a collaborative tool rather than a 

replacement for journalists. The strongest future for journalism is likely to emerge from a 

human-AI partnership in which machines contribute speed, scale, and analytical capability while 

journalists retain responsibility for verification, context, interpretation, empathy, and ethical 

judgment. 

2. The Evolution of AI in Journalism 

The relationship between journalism and technology has always been closely connected. The 

printing press transformed the scale of publishing, radio introduced real-time broadcasting, 

television changed visual storytelling, and the internet transformed distribution and audience 

participation. AI represents another stage in this continuing technological evolution. What 

makes AI different is that it does not merely provide a new channel for communication. It can 

participate in activities that were traditionally associated with human cognitive work. 

Automated journalism existed before the recent explosion of generative AI. News organisations 

had already experimented with software capable of converting structured data into simple 

news reports. Financial results, sports scores, election statistics, weather information, and 

other data-driven stories were among the areas where automation became particularly useful. 

These systems could process structured information and produce standardized narratives at a 

speed that would be difficult for individual journalists to match. 

Diakopoulos (2019) describes this development as part of a broader transformation in which 

algorithms influence the creation, distribution, and reception of news. Importantly, automation does 

not necessarily remove people from the process. Instead, journalism increasingly becomes a 

hybrid activity in which journalists and computational systems perform different parts of the 

work. 

 

The emergence of machine learning expanded this relationship. Instead of simply following 

fixed instructions, machine learning systems can identify patterns in large datasets and make 
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predictions based on previously observed information. In journalism, this can support 

investigative reporting, audience analysis, content recommendation, transcription, 

classification, and information discovery. 

Generative AI has taken the transformation further. Large language models can produce text, 

summarize documents, translate material, generate headlines, assist with research, and interact 

conversationally with users. Generative image, audio, and video systems have also made synthetic 

media increasingly accessible. Consequently, the boundaries between technology as a tool and 

technology as a content producer have become less clear. 

This shift requires journalism to rethink its traditional workflow. Instead of asking whether 

machines can write a story, journalists increasingly need to ask which parts of the reporting 

process are suitable for automation and which require human judgment. 

3. AI and the Modern Newsroom 

The newsroom of the future is unlikely to be completely automated. Instead, it is more likely to 

become increasingly AI-assisted. AI can support journalists at several stages of the reporting 

process. 

During the research stage, AI tools can help journalists search and organise large collections of 

documents. Investigative journalists may have to examine thousands of pages of reports, emails, 

financial documents, court records, or public datasets. AI-assisted systems can help identify 

recurring names, dates, relationships, or unusual patterns. This does not mean that AI discovers 

the truth independently. Rather, it can help journalists locate material that deserves closer 

human investigation. 

Transcription is another area where AI has already become particularly useful. Interviews, 

press conferences, speeches, podcasts, and video recordings can be converted into searchable 

text. This saves journalists considerable time and allows them to concentrate on analysing and 

interpreting the material. 

Translation is equally important in a global media environment. AI-assisted translation can 

help news organisations make stories available in different languages more quickly. However, 

human review remains important because literal translation may fail to communicate cultural 

meaning, political context, idiomatic expressions, or sensitive terminology accurately. 

AI can also assist with headline generation, story summaries, grammar, metadata, and search 



316 

 

engine optimization. The Associated Press, for example, has stated that AI can assist journalists 

with tasks such as early-stage research, document summarization, transcription, translation, 

headlines, summaries, and grammar, while emphasizing that journalists remain responsible 

for editorial judgment and verification (Associated Press, 2026). 

The significance of these applications lies not only in saving time but also in changing how 

journalists allocate their attention. If repetitive tasks can be handled more efficiently, journalists 

may have more time for field reporting, interviews, investigation, analysis, and original 

storytelling. 

However, efficiency should not become the only measure of technological success. A 

newsroom that produces more articles but performs less verification may be technologically 

advanced but journalistically weaker. The purpose of AI should therefore be to strengthen 

journalism rather than simply increase the volume of content. 

4. Automated Journalism and Content Production 

Automated journalism raises one of the most fundamental questions about the future of news: can 

a machine be a journalist? 

The answer depends on what is meant by journalism. If journalism is understood simply as 

converting data into readable sentences, then automation can perform some journalistic tasks 

remarkably well. If journalism is understood as investigating events, evaluating sources, 

questioning powerful actors, understanding human experiences, and making ethical decisions 

about what the public needs to know, the answer becomes more complicated. 

Automated systems are particularly effective when the underlying information is structured, 

reliable, and repetitive. A sports result, financial statement, or weather update can often be 

converted into a standard format. Such stories do not necessarily require extensive interpretation. 

Automation can therefore provide speed and consistency. 

Yet journalism is rarely limited to facts alone. Facts require context. A rise in unemployment, 

for example, may be statistically simple to report but difficult to interpret. A journalist may need 

to speak with workers, employers, economists, policymakers, and communities affected by the 

change. The human dimension of the story cannot always be captured by structured data. 

Carlson (2018) argues that algorithmic judgment should not be treated as equivalent to 

professional journalistic judgment. Algorithms can make selections and classifications, but these 
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decisions are shaped by the data, rules, objectives, and assumptions built into the system. Treating 

algorithms as automatically objective can therefore create a false sense of neutrality. 

The appropriate model is consequently not ―journalists versus machines.‖ It is a division of 

labour. Machines can process information quickly, identify patterns, and perform repetitive 

operations. Journalists can investigate, question, interpret, verify, and provide context. 

5. Artificial Intelligence and Audience Interaction 

AI is transforming not only how news is produced but also how audiences consume it. 

Traditionally, audiences received news through relatively fixed formats such as newspapers, 

television bulletins, radio programmes, and later websites. Digital platforms already changed 

this model by allowing recommendation algorithms to decide which stories appeared in front 

of individual users. 

AI is now making audience interaction more personalized and conversational. 

A reader may no longer need to search through an entire website to understand a complicated 

story. AI systems can provide summaries, answer questions, translate articles, convert text into 

audio, or help users explore an archive through natural language. The Reuters Institute reported 

that publishers were increasingly interested in AI-generated summaries, text-to-audio tools, 

translation, and AI chat interfaces as audience-facing applications (Newman, 2025). 

This creates opportunities for accessibility. A person with limited time may prefer a short AI-

generated summary. A visually impaired user may benefit from audio versions of written stories. 

A reader who speaks another language may access translated material. Students may use 

conversational interfaces to understand complex topics. 

 

Personalization, however, also creates risks. If algorithms repeatedly show users information that 

matches their existing interests, beliefs, or behaviour, they may reduce exposure to different 

perspectives. The traditional news homepage provided at least some common experience 

because many readers encountered the same major stories. Highly personalized systems can 

fragment that shared information environment. 

This problem is particularly significant for democratic societies. Journalism does not only serve 

individual preferences. It also has a public function. Citizens need access to information that may 

not be personally entertaining or immediately relevant but may nevertheless be important 
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for society. 

The challenge for AI-driven media is therefore to balance personalization with public-interest 

journalism. A good recommendation system should not simply ask, ―What will this person click?‖ 

It should also consider whether the information is credible, diverse, relevant, and socially 

important. 

6. The Benefits of AI in Journalism and Mass Communication 

The potential benefits of AI are substantial. 

6.1 Speed and Efficiency 

News organisations operate under intense time pressure. AI can process large amounts of 

information much faster than humans and can assist with repetitive tasks. This can be 

particularly valuable during breaking news events when journalists need to analyse rapidly 

changing information. 

6.2 Large-Scale Data Analysis 

Modern journalism increasingly involves data. Investigations may depend on thousands or 

millions of records. AI can assist in identifying relationships, anomalies, clusters, and patterns 

that would be difficult to detect manually. This can strengthen investigative and data 

journalism. 

6.3 Accessibility 

AI can make communication more accessible through translation, speech synthesis, 

transcription, captioning, summarization, and alternative formats. This can help mass 

communication reach audiences who might otherwise face language, physical, or 

technological barriers. 

  6.4 Personalization 

Recommendation systems can help audiences navigate enormous amounts of information. 

Instead of presenting thousands of stories without prioritization, AI can recommend material based 

on interests and behaviour. 

6.5 Cost Reduction 
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Automation can reduce the amount of time required for repetitive work. For smaller media 

organisations operating under financial constraints, carefully implemented AI tools may provide 

access to capabilities that would otherwise require larger teams. 

New Forms of Storytelling 

Generative AI can support interactive storytelling, data visualization, conversational journalism, 

automated audio production, and multilingual content. These possibilities can expand the 

creative vocabulary of journalism. 

However, these advantages should not be viewed as automatic outcomes. Every benefit depends on 

the quality of the underlying system, data, editorial controls, and human supervision. 

7. Ethical Challenges of AI-Enabled Journalism 

The greatest concerns surrounding AI in journalism are ethical rather than purely technological. 

7.1 Misinformation and Hallucinations 

Generative AI systems can produce statements that appear credible but are factually incorrect. 

This problem is often described as hallucination. In journalism, hallucinations are 

particularly dangerous because the credibility of the news organisation can be damaged even by 

a small number of false claims. 

 

Journalists therefore cannot assume that AI-generated text is accurate simply because it is 

grammatically polished. Every factual claim still needs to be verified against reliable sources. 

The risk is especially serious during breaking news. When information is incomplete, AI may fill 

gaps with plausible but unsupported material. A human journalist may recognize uncertainty, 

whereas a language model may generate a confident sentence without sufficient evidence. 

7.2 Deepfakes and Synthetic Media 

AI has made it easier to create realistic synthetic images, voices, and videos. Deepfakes can depict 

people saying or doing things that never happened. Such content can be used for entertainment, 

satire, fraud, propaganda, or malicious misinformation. 

The danger extends beyond individual fake stories. Deepfakes can contribute to a broader crisis of 

trust. If audiences become uncertain about whether any photograph or video is authentic, 
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genuine evidence may also become easier to dismiss. 

This creates a new responsibility for journalists. Media organisations must not only verify 

conventional information but also develop stronger systems for authenticating digital media. 

7.3 Algorithmic Bias 

AI systems learn from data, and data can contain social and historical biases. If biased data is 

used to train or evaluate an AI system, the system may reproduce or amplify those biases. 

In journalism, algorithmic bias can influence which stories are recommended, which subjects 

receive visibility, how people are classified, and which language is used to describe events. 

Bias can also emerge from the objectives of a system. An algorithm designed primarily to 

maximize engagement may favour emotionally provocative content because such material often 

generates stronger reactions. A system optimized for clicks may therefore prioritize sensational 

stories over less dramatic but socially significant reporting. 

This demonstrates why algorithms are not neutral. Their outputs are shaped by design choices, 

data, objectives, and institutional priorities. 

7.4 Privacy 

AI systems often depend on large quantities of data. In communication industries, that data may 

include search histories, viewing patterns, location information, interactions, demographic 

information, or other behavioural signals. 

The use of personal data creates important privacy questions. Media organisations need to 

consider what information is being collected, why it is necessary, how long it is stored, who 

can access it, and whether audiences have meaningful control over its use. 

Privacy should not be treated as a secondary technical concern. It is directly connected to public 

trust. 

8. The Changing Role of the Journalist 

One of the most common fears surrounding AI is job displacement. If machines can write stories, 

generate summaries, edit text, create images, analyse information, and produce audio, what 

happens to journalists? 
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The answer is unlikely to be a simple disappearance of the profession. Instead, journalism is 

likely to change. 

The journalist of the AI era may need a broader skill set. Traditional reporting and writing skills 

will remain important, but journalists may also need to understand data, algorithms, verification 

techniques, AI limitations, digital security, and synthetic media. 

AI literacy will become increasingly important. A journalist does not necessarily need to become a 

computer scientist, but they should understand enough about AI to recognize its strengths and 

weaknesses. 

The journalist's role may also shift toward higher-value tasks. If AI handles transcription, 

formatting, basic summaries, and repetitive data processing, journalists can spend more time 

conducting interviews, investigating institutions, developing sources, understanding communities, 

and producing original analysis. 

This is consistent with the position taken by the Associated Press, which explicitly states that AI 

should not replace journalists and that journalists remain responsible for reporting, sourcing, 

editorial judgment, and verification (Associated Press, 2026). 

The idea of the journalist as a gatekeeper may also evolve. In traditional media, journalists 

decided which information entered the news system. In digital environments, algorithms 

increasingly participate in selection and distribution. Journalists therefore need to become not 

only producers of information but also critical observers of the systems that determine how 

information travels. 

9. AI as a Co-worker Rather Than a Replacement 

The idea of AI as a co-worker provides a useful framework for understanding the future of 

journalism. 

A co-worker does not necessarily perform the same tasks as another worker. Instead, different 

strengths are combined. AI is strong at speed, pattern recognition, repetition, computation, and 

scale. Humans are stronger in contextual understanding, empathy, moral reasoning, 

interpersonal communication, and responsibility. 

Consider an investigative journalist examining a large dataset. An AI system might identify 

unusual transactions or connections. The journalist then investigates why those connections 
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matter, contacts relevant people, verifies the evidence, understands the social context, and 

decides whether publication is justified. 

The AI has contributed to the investigation, but it has not replaced the journalist. 

Similarly, an AI system can summarize a long government report, but the journalist must 

determine whether the summary is accurate, whether important information has been omitted, 

and how the report relates to the public interest. 

This model also creates accountability. If AI produces an incorrect result, responsibility should 

not disappear behind the phrase ―the algorithm did it.‖ Someone within the media organisation 

must remain accountable for the final publication. 

Diakopoulos (2019) similarly emphasizes the importance of understanding the relationship between 

human work and automated systems rather than treating automation as a simple substitution of 

humans by machines. 

This model also recognizes that different types of media require different levels of caution. AP 

continues to restrict the use of generative AI for creating or modifying news photography, 

demonstrating that not all AI applications carry the same level of editorial risk (Associated 

Press, 2026). 

The AP example illustrates an important principle for other media organisations: AI policy should 

be specific rather than vague. Saying ―use AI responsibly‖ is not enough. Newsrooms need clear 

rules about acceptable applications, human review, disclosure, verification, privacy, and 

accountability 

8. The Future of AI and Journalism 

The future of AI in journalism is likely to involve deeper integration rather than a simple 

technological takeover. 

Reuters Institute research indicates that publishers are increasingly exploring AI for newsroom 

efficiency, personalization, content transformation, and audience interaction (Newman, 2025). 

More recent research also shows that news organisations continue to experiment with AI while 

facing concerns about the effects of AI-generated answers and changing patterns of search and 

news consumption (Newman, 2026). 

One important development will be conversational journalism. Instead of simply reading an 
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article, audiences may interact with it by asking questions. A reader could ask why an event matters, 

request a timeline, compare two arguments, or explore background information. 

Another development will be multimodal journalism. News stories may increasingly combine 

written reporting with automatically generated audio versions, translated formats, interactive 

graphics, and conversational interfaces. 

AI agents could also become part of newsroom operations. They may monitor public datasets, track 

developments, identify potential story leads, organize research material, and alert journalists when 

certain patterns occur. 

However, technological sophistication will not eliminate journalism's fundamental problems. 

Trust, misinformation, political polarization, economic pressure, declining attention, and unequal 

access to information will remain important challenges 

 

10.1 Verification 

AI-generated information should be treated as unverified until checked against reliable sources. 

The more consequential the claim, the stronger the verification should be.  

10.2 Transparency  

Audiences should receive appropriate disclosure when AI materially contributes to content 

production, editing, translation, or manipulation. 

10.3 Media Literacy 

Journalists and audiences both need greater understanding of synthetic media and AI-

generated information. Media literacy will become increasingly important as the distinction 

between authentic and synthetic content becomes harder to identify. 

These principles do not reject technology. Instead, they create boundaries within which technology 

can be used responsibly. 

11. Conclusion 

Artificial Intelligence is changing journalism and mass communication at a fundamental level. Its 

impact extends beyond automated writing. AI is transforming how journalists gather information, 
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analyse data, produce content, distribute stories, and interact with audiences. At the same time, 

it is changing how audiences discover, understand, and respond to news. 

The benefits are significant. AI can save time, process large datasets, improve accessibility, 

support multilingual communication, personalize news experiences, and create new forms of 

storytelling. For journalists, it can reduce repetitive work and create more opportunities for 

investigation and analysis. 

Yet the risks are equally significant. Hallucinated information, deepfakes, algorithmic bias, 

privacy concerns, lack of transparency, and automated misinformation can damage public 

trust. The central challenge is therefore not whether journalism should accept or reject AI. 

The challenge is determining how journalism can use AI without losing the professional and 

ethical values that make journalism socially valuable. 

The future should not be imagined as a newsroom filled with machines where human 

journalists have disappeared. A more realistic and responsible vision is a hybrid newsroom in 

which journalists and AI systems work together. Machines can provide speed, scale, pattern 

recognition, and automation. Humans can provide judgment, context, empathy, verification, 

accountability, and ethical reasoning. 

This distinction is crucial. Journalism is not simply the production of sentences. It is a social 

responsibility to establish facts, challenge power, explain events, represent communities, and 

provide citizens with information they can use to make decisions. Technology can make these 

tasks easier, but it cannot remove the responsibility behind them. 

AI should therefore be treated as a co-worker rather than a replacement. The strongest media 

organisations of the future will not necessarily be those that automate the most. They will be 

those that understand where automation creates genuine value and where human judgment must 

remain central. 

Ultimately, the future of journalism will depend less on whether machines become more 

intelligent and more on whether media institutions become more responsible in using them. 

Technological advancement and communication ethics do not have to exist in opposition. 

With appropriate safeguards, transparency, human oversight, and professional accountability, 

AI can become a powerful partner in building faster, more accessible, and more innovative 

journalism while preserving the credibility and human purpose at the heart of mass 

communication. 
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